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The First Responders Systems Testbed (FiRST) is comprised of a number of interrelated tasks, all with a
focus of addressing the needs of the State of California and Caltrans. This project was conceived as an
attempt to address a number of critical issues that Caltrans and other public agencies will face in the
event of disasters and disruptive events. California needs the capability of responding quickly and
efficiently to any disaster, and its road, communication, and data systems networks will play key roles in
any response. Caltrans will play a significant role in operating and managing the highway infrastructure
during any crisis, whether it be flooding in the central valley, a large earthquake in an urban center such
as Los Angeles or San Francisco, a Tsunami that will take out segments of Highway 101 on the North
coast of California or the Ports of LA or Long Beach, or even a major industrial crisis like that of a failure
at Diablo Canyon Power Plant.

A set cross-cutting cooperative systems is required to respond to any major emergency, the different
tracks developed under the FiRST contract addressed the integration of such systems. It investigated the
significant capability required to manage assets, communicate and share information across jurisdiction
and geographical boundaries, and the ability to access up-to-date information and model possible
consequences of action. This is not a simple task and
often complacency can set in when the return period
for such events can be long. For example, the 1994
Northridge 6.7 earthquake caused considerable
damage, even though it is considered to be a mild
earthquake compared to a 7.5 or greater trembler.
For Caltrans to promote safety, aid in emergency
response, secure roadways, and enhance
maintenance, there are a number of key elements
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that should be addressed. This includes the development of a virtual operations center. In major disasters,
there are no guarantees that operations centers will remain intact or be capable of operating. In several
recent past events, like that in Santa Barbara County, the county’s emergency operation center was at
risk to a major wildfire and had to be closed, making coordinated operations more difficult to control. In
response the county built a new state of the art facility that contains on-line records for all county
operations, is configured to serve as a fully functional command and control center, backup generators
and fuel storage to support the center in times of power disruptions, as well as many other features. But,
such brick and mortar facilities cannot be fully relied upon and it is important to develop the capabilities
to operate a virtual emergency operations center from anywhere. It is also important to develop
communications systems that can cross agencies, handle voice, video, and data, so that managers can
easily communicate, coordinate, and operate their response effectively and efficiently. It is also important
to be able to develop and test approaches for operating a transportation system in a crisis, supporting
both supply and evacuation needs. The citizens of the State rely on Caltrans to ensure safe highway
operations on a daily basis, but even more so in a time of crisis. The FiRST project was designed to address
a number of these needs by developing state-of-the art prototypes and models for possible use in future
Caltrans operations.

This project was defined in terms of four main tracks or Tasks. Each Track addressed a specific component
of emergency operations. Track | involved the development of a prototype emergency operations center.
Track Il was concerned with testing and developing a modeling approach for emergency evacuation. Track
Il addressed a number of needs for interoperable communication and their integration to support those
cooperative systems, and track IV was concerned with investigating the use of wireless sensor and
communication network. Here we emphasized the development of wireless sensor networks that can be
used to improve work zone safety.

This report covers developments of those cross-cutting cooperative systems investigated in all four
tracks. Altogether, this project has accomplished several significant milestones. These include:

= The development of a prototype virtual emergency operations center (VEOC). The VEOC
prototype implemented the Unified Incident Command and Decision Support (UICDS)
architecture originally developed by the Department of Homeland Security (DHS). This effort
was demonstrated during the Golden Guardian statewide exercise in 2012 and 2013, and was
recognized by DHS as the first successful implementation of the UICDS architecture in California.
In addition, this VEOC was designed to integrate and use the Caltrans PeMS data, as well access
to the Caltrans Earth.

= Developed a simulation of a large are evacuation associated with San Luis Obispo. This
simulation utilized PTV VISSIM micro-scale traffic simulation system. Two approaches were
developed, one based upon dynamic trip assignment, and the other based upon fixed trip
assignment. Both approaches were test on a mock contra-flow operations plan as well as a
baseline operations scenario. The mock contra-flow plan was shown to provide substantial
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promise in clearing a large region like San Luis Obispo. This result is important in that this may
form the basis for better levels of service in an emergency for Caltrans assets.

= Surveyed participants in a wildfire evacuation and demonstrated that the number of people
deciding to evacuate and their timing could be estimated by a Rayleigh Probability Model. Our
survey indicated that approximately 10% of the homes had at least one occupant who stayed
behind, even when the neighborhood was engulfed in flames. This fact alone suggests that
emergency managers will have to address a relatively large population who stayed behind.

= Developed a new prototype multi-commodity flow optimization model that can be used as a
potentially fast tool to estimate clearing times and bottlenecks at a meso-scale. This model
could mimic actual routes chosen when tested against actual evacuation data.

=  Developed an emergency equipment and personnel allocation model that can be used to
allocate resources during a major contra-flow event with the objective of placing a contra-flow
plan in action as quickly as possible. This model was not fully tested or developed as appropriate
data was not supplied by Caltrans.

= |ntegrated the on-going national standards development activities to achieve interoperable
communications between agencies using the intelligent transportation systems (ITS), and the
public safety (PS) frequency bands. It developed and documented best field practices for the
deployment of wireless broadband for Caltrans and other first responders.

= |nvestigated multihop networks as an alternative approach for integrating both ITS & PS
networks to enhance wireless services required by first responders.

=  Developed and demonstrated the use of broadband channel emulation technology as a robust
tool for broadband wireless protocol testing and validation in various deployment environment

= Developed a prototype for Hastily Deployed intranet Network (HDiN) nodes. The HiDN
prototype provides different communications technologies to connect to the Internet, and
provides a local intranet to connect cooperating first responders. When connectivity to the
Intranet is restored, it synchronizes itself; it is designed to work when other systems won’t. The
HiDN nodes could be engineered to support the VEOC functionality including the integration of
PeMS, hosting a local copy of Caltrans™ Earth, as well as broadcasting video streams from
selected sources. It is envisioned that the current suitcase size prototype could provide critical
support of Caltrans and other first responders without relying on the availability of the Internet
or the cloud.

= Developed innovative solutions to reduce Caltrans’ worker injuries and fatalities in work zones
using networked wireless sensors. These sensors can be deployed along work sites to monitor
the safety of work zones. It can be deployed on traffic cones and its cost would be relatively low
to fully deploy. Potentially, this technology could also extended to the emerging connected
vehicles environment.

Overall this project was a significant success, providing cutting edge modeling, technology enhancement
and prototype development that can be used by future generations of Caltrans employees. Reports on
each of the project tracks follows in order.



First Responder Support Systems Testbed (FiRST) Cross Cutting Cooperative Systems for Emergency Management

Table of Contents

1 EXECUTIVE SUMMARY ...ttt neissssesessessessessss s ssssssessss s es s s st ssss s st ssssssssnens 3
2 TRACKT - Virtual Emergency Operation Center (VEOC) ....eeneeneenseeseesssessesssssssssssssssssessssssssessnns 6
2.1 VEOC High-Level ArchiteCture......onmnmsssssssssssssssssssssssssssssssssssssssssssssssssssssssssssssssssssssssasssssssases 11
2.2 High-Level Systems ReqUIreMENtS......ccouummmsmsmsmsmmsmsmssssssssssssssssssssssssssssssssssssssssssssssssssssssssssssssssssssssssses 23
2.3 The Golden Guardian Demonstration......———————————— 37
3 TRACKI - Cross Cutting Modeling & Simulation........oceeneenneeneesseeneensessesseessesesssessesseessssssesssesssssns Y |
3.1 Simulating An Evacuation EVENt.......... cssssssssssssss s ssssssssssssssssssssssssssssssssssssssssssssss 54
3.2 Summary of Dynamic Traffic Assignment in VISSIM.........ccummmmmmmsmmsmsssssssssssssss 85
3.3 Cognitively Engineered Evacuation ROULES..ummsmsssssmsssmsssssssssssssssssssssssssssssssssssssssssssssssasssssssssasasssssnss 164
3.3 Modeling the Evacuation DeCiSION.....cmmmsmsmsmsssmsssssssssssssssssssssssssssssssssssssssssssssssssssssssssssssssssssssasssssssns 218
3.4 Planning fOr @ DiSaSTer ... 325
4 TRACK III - Interoperable COMMUNICAtIONS.....iuurriermemsssmesnesmsssessessssssssssssssssssssssssssssssssssssssns T, 432
4.1 Best Practices For Wireless Broadband Deployment.........coomssmmsmmsssmssmsmsssssssssssssssssssssssss 433
4.2 Multihop Networks: An Alternative Wireless Broadband Communications.........sns 467
4.3 Broadband Wireless Channel EMulation.......cssssmsssssssssssssssssssssssssssssssssssssssas 487
4.4 Interoperable Emergency Communications: The HiDN Platform........ccommssn, 513
4 TRACK IV - FiRST Baseline Enhancement & Maintenance........... Jeetesaeee et E b e eranas 549
5.1 Wireless Sensor Networks for Cooperative Work Zone Safety..........ccuvnmnmnmsmssssmsssssssssssssssssssnas 552
5.2 Simulink and Hardware in the LOOP...... s 581
LS T L 4 -1 D00 ', 589



First Responder Support Systems Testbed (FIRST)
Contract # 65A0257
Cross-Cutting Cooperative Systems

TRACK | — Virtual Emergency Operation Center (VEOC)
Final Report

Principal Investigator: Dr. Richard Church
University of California Santa Barbara

Contract Manager: Ramez Gerges, Ph.D., P.E.

Virtual Emergency Operation Center (VEOC): This research was requested by Caltrans to support statewide
multi-agency disaster response operations and management, as well as for day-to-day incident management at
the Districts. The task was to investigate a robust architecture and to develop a standard-based prototype
implementation for a VEOC. The selected VEOC architecture was to be scalable across functional,
jurisdictional, and geographical boundaries.

This effort developed a set of requirements and demonstrated a prototype implementation that is based on the
Unified Incident Command and Decision Support (UICDS) architecture originally developed by the Department
of Homeland Security (DHS). Additionally, it developed for the first time a special software adapter to integrate
the Caltrans’ PeMS data into the VEOC implementation. This effort was demonstrated during the Golden
Guardian statewide exercise in 2012 and 2013, and was recognized by DHS as the first successful
implementation of the UICDS architecture in California.
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1 VEOC Executive Summary

This report presents an operational scenario and a high level architecture developed for the
Virtual Emergency Operation Center (VEOC). A subset of the VEOC architecture has been
implemented using the Unified Incident Command and Decision Support (UICDS). A high-level
comparison between VEOC and WebEOC is described.

The operational scenario developed is intended to demonstrate how the VEOC is able to support
incident management across functional, jurisdictional, and geographical boundaries. The
scenario shows how VEOC enables incident management organizations from various
jurisdictions and performing different incident response functions to interwork transparently as
single integrated virtual incident management organization.

The VEOC architecture is designed to support incident management applications from different
vendors that perform different incident management functions to inter-work across different
jurisdictions and geographical locations. The architecture of VEOC enables it to scale up to
support large incidents and provides an efficient mechanism for communications and
information distribution.

A prototype implementation of a scaled-down VEOC architecture is developed using the
UICDS. The prototype receives information from PeMS and LCS, and analyzes the data in real
time for traffic incidents. When a traffic incident is detected, a UICDS incident is created that
triggers off other incident response actions. A Viewer application is also developed for viewing
incident information and data from PeMS and LCS.
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2 Project Description

2.1 Objectives and Scope

The main objectives of this project are threefold: to identify major high-level requirements for a
virtual emergency operations center (VEOC), to implement a simplified prototype based on the
Unified Incident Command and Decision Support (UICDS) framework to study the feasibility of
essential requirements, and to investigate and compare selected essential enabling technologies.

2.2 Introduction

The project demonstrated the critical impact of the status of the transportation network during
few state-wide exercises, namely the Golden Guardian in handling earthquake scenario.

e Architecture and Prototype
This section describes the high-level VEOC architecture, and a prototype based on
UICDS.

e VEOC High-Level Systems Requirements
This section presents the high-level systems requirements and testing for future
implementation efforts.

10
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3 VEOC High-Level Architecture

The architecture of VEOC is designed to support incident management across jurisdictional,
functional, and geographical boundaries, ranging from small local incidents to large-scale
incidents. The VEOC architecture is organized as a network of systems. Each system connects a
group of incident management applications within the same jurisdiction or geographical area.
Different incident management applications connected to a system may provide different
incident management functions. In addition, different sensors may also be connected to a system
to provide data for monitoring and managing incidents. The systems are interconnected to form a
federation to enable communications and information exchange throughout the entire federation.

Scalability

The network-of-systems architecture enables VEOC to scale up to support management of large
incidents. As the scale of incident response increases to include more jurisdictions or
geographical areas, the number of systems in the federation that are involved in the incident
management also increases. Similarly, as more incident response functions are needed, the
number of incident management applications that are involved in the incident response also
increases.

Information and Communication Model

The VEOC architecture provides an efficient information dissemination and communication
model. Each system in the federation supports information exchange between incident
management applications using the publish-subscribe model. It enables information relevant to
the incident response to be published and accessible by incident management applications
connected to the system. Each incident management application subscribes and receives only
information that is relevant or of interest.

The VEOC architecture also supports information exchange between systems in the federation.
Information is forwarded from one system to the others based on pre-arranged mutual
agreements. When forwarded information is received by a system, it delivers the information to
the local management applications according to their subscription preferences. This approach not
only supports information dissemination across the federation, but also minimizes the amount of
information that is exchanged between systems, as it eliminates pair-wise information exchange
between incident management applications connected to different systems.

UICDS Implementation
The VEOC architecture can be implemented using UICDS. The UICDS architecture (Figure 1)
consists of a network of ‘cores’, with each core connecting multiple clients. Each VEOC system

in a federation can be implemented by a UICDS core. VEOC inter-system communication is
provided by UICDS inter-core communication.

11
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Figure 1: UICDS High Level Architecture

The high-level architecture of VEOC is as shown in Figure. It supports the operation scenario
described in Section 4 that involves incident management across a number of jurisdictions,
geographical areas, and functional organizations. There are four jurisdictions shown in Figure,
namely Caltrans, county, state, and federal jurisdictions. Each jurisdiction is supported by a
UICDS core. Each UICDS core has a number of incident management applications connected to
it. For example, at the state level, the state police and state Office of Emergency Management
(OEM) are connected to the State UICDS Core. Similarly, the County UICDS Core and Federal
UICDS Core have, respectively, county level and federal level incident management applications
connected to them.

12
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Figure 2: VEOC High Level Architecture

Adapters

In Figure, the Caltrans UICDS Core has a number of traffic applications connected to it via
adapters, including PeMS, CHP, LCS, probe data, and roadside video. These applications collect
various important traffic incident information and traffic data that are needed in monitoring and
managing incident responses. In UICDS, these data sources are considered as data sensors. The
functionalities of the adapters that connect these data sensors to the UICDS core include:

e Data and operations adaptation

The adapters connect to the UICDS core and data sensors using APIs and data formats
specified by the UICDS and data sensors respectively. Inside the adapters, mapping of
data and operations is performed between the two data formats and APIs.

e Sensor data retrieval

In the UICDS architecture, sensor data is delivered using an out-of-band approach
whereby incident management applications are notified of sensor data availability by the
UICDS core. The incident management applications then proceed to retrieve sensor data
directly from the sensors. The adapters provide such an interface for the retrieval of
sensor data.

13
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e Incident detection and creation

In addition to receiving data continuously from the sensors, the adapters may also analyze
the data in real time to detect various traffic incidents or events, such as accidents or
congestions. Upon detecting such traffic incidents or events, the adapters register the
incidents in UICDS by creating a UICDS incident in the UICDS core. Notifications are
then sent by the UICDS core to incident management applications to inform them of the
incidents.

Common Operating Picture

In the VEOC architecture, a Common Operating Picture (COP) application is connected to the
Caltrans UICDS Core. The role of the COP application is to continuously collect information
from various sources and create a common operating picture that provides important information
needed for monitoring and managing incidents. Examples of such information include
information about traffic incidents, such as the type, location, time and description of incidents,
and traffic data related to incidents.

Administration Console

The UICDS Administration Console provides the capabilities for managing UICDS cores, such
as managing information sharing agreements and resource profiles.

Standards

UICDS adopts a number of standards related to incident management. The Emergency Data
Exchange Language — Distribution Element (EDXL-DE) is used to encapsulate messages to and
from the UICDS core. EDXL-DE facilitates routing of properly formatted XML emergency
messages to recipients. The Emergency Data Exchange Language — Resource Messaging
(EDXL-RM) is used to provide a set of standard formats for emergency response messages. The
Common Alerting Protocol (CAP) is used to provide the format for exchanging emergency
alerts. Access to the UICDS core is via web services as defined in the UICDS Web Service
Definition Language (WSDL). The Extensible Messaging and Presence Protocol (XMPP) is used
for messaging between UICDS cores.

14
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4 Operation Scenario

In this section, we describe an operational scenario to show how a UICDS-based VEOC can
integrate emerging capabilities with traditional emergency management functions to achieve
integrated cross-organizational emergency management.

Scenario — Concept of Operation
The following describes details of the scenario, and the operation flows:

Creation of an incident in a UICDS core causes notifications to be sent to incident management
systems or applications that are connected to the core. This enables incident management
systems to be informed of the incident and to initiate incident response procedures. Incident
notifications are also sent to other UICDS cores that are involved in the incident management
and that have pre-arranged agreements to share incident information.

a) Incident notifications are sent by the County UICDS Core to local incident management
organizations, namely the local Police Department (PD), Fire Department (FD), EMS,
and HAZMAT.

A UICDS core often connects incident management organizations that are in the same
jurisdiction. When an incident is created in the core, incident notifications are
automatically sent to these organizations, enabling them to respond to the incident
immediately.

b) Inter-core incident notifications are also sent by the County UICDS Core to Caltrans,
State, and Federal UICDS Cores.

In addition, incident notifications are also forwarded to other UICDS cores that have pre-
arranged agreements for information sharing. These other UICDS cores then deliver the
notifications to their local incident management systems. This approach allows the
system to scale up and minimize traffic between cores.

c) Upon receiving the incident notification, the Caltrans UICDS Core delivers the
notification to local incident management systems, namely the Traffic Management
Center (TMC) and the Common Operating Picture (COP) application, to inform them of
the incident and enable them to initiate appropriate response actions. The Caltrans
UICDS Core forwards the incident notification to the local TMC.

d) The TMC detects a traffic incident on the interstate highway from real-time analysis of
PeMS data. The TMC is continuously receiving data from PeMS, and CHP, as well as
live roadside videos. It analyzes the data in real time to detect any traffic incident and
anomaly.

e) The TMC verifies the incident has occurred by cross-correlating the PeMS data with
CHP data and other resources such as live videos. This significantly increases the

15
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2

h)

)

k)

accuracy and timeliness of incident detection. It enables the TMC to verify that the
incident has occurred, and to provide further information on the incident, such as
location, time, and nature of the incident. After verifying the incident, the TMC creates
(registers) an incident in the Caltrans UICDS Core. This enables other incident
management organizations to initiate their response actions.

The TMC creates Sensor Observation Information (SOI) Work Products (WP) in the
Caltrans UICDS Core for CHP data, PeMS data, video, and LCS data.

To ensure the involved incident management organizations stay informed and have
access to latest sensor data from Caltrans, the TMC creates SOI WPs in the UICDS core
for sensor data that is related to the incident. This enables incident management
applications to obtain sensor data needed to support their response action plans.

The TMC associates SOI WPs with the specific incident in the Caltrans UICDS Core.

This creates in the UICDS system an association between the incident and sensor data
that is related to the incident. In this way, incident management applications will stay
informed as they will be notified when sensor data related to the incident is available.

The Caltrans UICDS Core sends incident and WP notifications to the field incident
response team to inform it of the incident and available sensor data.

The Caltrans UICDS Core also forwards incident and WP notifications to the County,
State, and Federal UICDS Core.

Through interconnection and information sharing agreements, the County, State, and
Federal UICDS Cores receive notifications of the incident and available sensor data.
These notifications are then delivered to incident management organizations in the
county, state, and federal jurisdictions, thereby enabling these organizations to
immediately initiate their incident response actions.

Upon receiving incident and WP notifications, the field incident response team through
the COP application requests and retrieves CHP data, PeMS data, and LCD data.

The COP application, using information in the notifications, retrieve data from sensors to
create a common operating picture that contains important information needed for
monitoring and managing the response to the incident, including the type, location, time,
and description of the incident, and traffic data related to the incident.

When the County UICDS Core receives incident and WP notifications from the Caltrans

UICDS Core, it delivers the notifications to incident management organizations in its
jurisdiction, including the local PD, FD, EMS, and HAZMAT.

16
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The notifications inform county-level incident management organizations of the specific
incident and provide them with access to sensor data related to the incident. This enables
county-level incident management organizations to immediately respond to the incident.

1) In case of a wide area emergency that goes beyond a single county, the State UICDS
Core may then receive the emergency notification from the County UICDS Core, it
delivers the notification to the state law enforcement (CHP) and the state Office of
Emergency Management (e.g. CalEMA) to enable them to initiate state-level response.

m) Upon receiving incident and WP notifications from the Caltrans UICDS Core about the
wide area emergency, the State UICDS Core sends the notifications to the CHP and
CalEMA. These notifications from the Caltrans UICDS Core contain more precise and
detailed information on the incident.

Federal State UICDS County Caltrans Probe Video
[UICDSCoreI Core IUICDSCore] [U|CDSCOI’e PeMs § CHP § TMC W venicies | sensors | LS [§ COP

A4.Incident Notification (Plane Disapgearing from Radar)
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Figure 3: VEOC Operation Flow at Caltrans UICDS Core Level
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5 Prototyping

The prototyping work involves implementing a scaled-down version of the VEOC architecture
using UICDS. Figure 4 shows the architecture of the prototype. The prototype involves two
UICDS cores. The UICDS Core 1 connects to the PeMS system, and Historical PeMS system at
FIRST Testbed that contains historical PeMS data. The UICDS Core 2 connects to the LCS

system. Each UICDS core also connects to a Viewer application that provides viewing of
incident and traffic data, and a UICDS Administration Console.

Historical
PeMS LCS
Adapter Adapter
UICDS Core 1 UICDS Core 2
UICDS Admin UICDS Admin

Console
<+—>» UICDS Web Services <«—p Client specific protocol
<+—» SensorData <+<—» XMPP

Figure 4: Architecture of Phase | Prototype

5.1 Components

The components included in this prototype are the PeMS Adapter, LCS Adapter, and Viewer
application. The UICDS Administration Console is provided by UICDS.

PeMS Adapter

The PeMS Adapter is a bridge that connects the PeMS system to the UICDS Core 1. It supports
automatic data retrieval and processing from PeMS through an FTP interface. It also provides
additional data analysis and incident identification capabilities. Upon identifying an incident, the
PeMS Adapter will create a UICDS incident and publish this incident in the UICDS Core 1. The
PeMS Adapter also provides an interface for the Viewer application to access the PeMS data.

The PeMS Adapter also connects to the Historical PeMS system at the FIRST Testbed. When

PeMS is not available, the PeMS Adapter is able to retrieve historical data from the Historical
PeMS system.
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LCS Adapter

Similar to the PeMS Adapter, the LCS Adapter is a bridge that connects the LCS system to the
UICDS Core 2. It supports automatic data retrieval and processing from LCS via an HTTP
interface. It also provides additional data analysis and incident identification capabilities. Upon
identifying an incident, the LCS Adapter will create a UICDS incident and publish this incident
in the UICDS Core 2.

Figure 5: UICDS Administration Console

Viewer Application

The Viewer application is a web-based application that retrieves data from the PeMS Adapter
and LCS Adapter to create a common operation picture of an incident. It provides VEOC users
with a single portal for viewing data from PeMS and LCS, as well as viewing of UICDS
incidents. In this phase, users could view the following data using the Viewer application:

e Loop data from PeMS
e [Lane closure incident data from LCS
e Incident data from the UICDS core

UICDS Administration Console

This is the administration system for managing the UICDS core. Figure shows a snapshot of the
system. The administration functions available include:

e Managing agreements with other UICDS cores, such as creating, rescinding and

modifying agreements. A mutual agreement needs to be established for UICDS cores to
share information with one another.
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e Managing resource profiles, such as creating, deleting and updating resource profiles
e Viewing of incidents, work products, etc.

5.2 UICDS Services

The PeMS Adapter, LCS Adapter, and Viewer application interact with the UICDS core using
web services provided by the UICDS core. These UICDS services include Resource Instance
Service, Resource Management Service, Work Product Service, Sensor Service, Incident
Management Service, and Notification Service. The services accessed by each of the prototype
components are described below.

PeMS Adapter

Using the Resource Instance Service, the PeMS Adapter registers itself with the UICDS core as a
resource instance. It uses the Sensor Service to create a Sensor Observation Information (SOI)
work product. The SOI work product contains information that is needed by other applications to
retrieve the PeMS data directly from the PeMs Adapter. The PeMS Adapter also uses the
Incident Management Service to create and publish UICDS incidents in the UICDS core.

PeMS Adapter also publishes the raw data retrieved from PeMS system to a web-based user
interface.

LCS Adapter

The LCS Adapter uses the Resource Instance Service to register itself with the UICDS core as a
resource instance. It also uses the Sensor Service to create a SOI work product that contains the
information needed for other applications to retrieve LCS data from the LCS Adapter. In
addition, the LCS Adapter uses the Incident Management Service to create and publish UICDS
incidents in the UICDS core.

LCS Adapter also publishes the raw data retrieved from PeMS system to a web-based user
interface.

Viewer Application

The Viewer application uses the Resource Instance Service to register itself with the UICDS core
as a resource instance. It is notified through the Notification Service when incidents or work
products that it subscribes to are created or updated.

Viewer Application publishes the received incident notification messages and associated
information to a web-based user interface.

5.3 Operation Flow

The operation flow of the Phase I prototype is as shown in Figure 6. In this operational scenario,
both the PeMS Adapter and LCS Adapter retrieve data from PeMS and LCS respectively, and
analyze the data in real-time for traffic incidents. The PeMS Adapter detects a traffic incident
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and creates (or registers) an incident in the UICDS Core 1. The Viewer 1 application is notified
of the incident. The incident information is also sent to UICDS Core 2, and then onto the Viewer
2 application. Both Viewer applications then retrieve data from the PeMs Adapter and present it
to users for viewing.

The LCS Adapter detected another incident and creates an incident in UICDS Core 2. The
Viewer 2 application is notified of the incident. This incident is also sent to UICDS Core 1. As a
result, the Viewer 1 application is also notified of the incident. The Viewer applications then

proceed to retrieve data from LCS present it to users.
UICDS N - ; UICDS
| f | uICDS | PeMS I I Historical I Viewer \ Viewer LCS ‘ uiCDS | f \
c?é’nrgéﬁ'e Core 1 Adapter PR PeMS 1 2 LCS Adapter Core 2 cAé’anz')Te

A1.Create Rrofiles B1.Create Frofiles
A2.Register{ } B2.Register
A3.PeM§ Data B3.LCS Data
A3. Historjcal PeMS Dpta >B4. Incident Detected
A4. Incident Detected < B5. Create $OI WP

A5. Create $0OI WP B6. Create Incident

AB. Create Incident B7.Associate WPs to Incident

A7.Associate WPs to Incident B8. Incident/ WP Nofifications

A8.Incident/ WP Notifjcations

A9.PeMS Irjcident/ WP Notificatiol

(2]

B9.LCS Incident/ WP Notifications

B10.PeMS Incident/| WP Notifications

A10.LCS Incident/ WH Notifications

A11.Reqyest/ Receive PeMS Data

A12.Reéquest/ Receive LC$ Data

uiCDS
Operation

Non-UICDS B12.Requept/ Receive PeMS Data
Operation | P

B11.Request/ Receive LCS Data

Figure 6: Operation Flow of Phase | Prototype
Details of the operation flow at UICDS Core 1 are as follows:

Al. UICDS Administration Console creates profiles in the UICDS Core 1 for the PeMS
Adapter and Viewer 1 application.

A2. Upon starting up, the PeMS Adapter and Viewer 1 application register with UICDS
Core 1.

A3. The PeMS Adapter receives data in real time from PeMS. In the event that the PeMS
system is not available, the PeMS Adapter will retrieve data from the Historical PeMS
system which contains historical PeMS data. (non-UICDS operation).

A4. Inanalyzing PeMS data, the PeMS Adapter detects a traffic incident.

AS5. The PeMS Adapter creates a Sensor Observation Information (SOI) Work Product
(WP) for PeMS data.
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A6.
AT.
AS8.
A9.

A10.

All.

Al2.

The PeMS Adapter creates an incident in UICDS Core 1.

The PeMS Adapter associates the SOl WP with the incident.

The UICDS Core 1 sends Incident and WP notifications to the Viewer 1 application.
The UICDS Core 1 also sends Incident and WP notifications to the UICDS Core 2.

The UICDS Core 1 receives (LCS) incident and WP notifications from UICDS Core
2, and sends them to the Viewer 1 application.

The Viewer 1 application retrieves PeMS data from the PeMS Adapter and presents
the data to the user (non-UICDS operation).

The Viewer 1 application retrieves LCS data from the LCS Adapter and presents the
data to the user (non-UICDS operation).

Details of the operation flow at UICDS Core 2 are as follows:

Bl1.

B2.

B3.
B4.
BS.
B6.
B7.
BS.
B9.

B10.

B11.

B12.

UICDS Administration Console creates profiles in the UICDS Core 2 for the LCS
Adapter and Viewer 2 application.

Upon starting up, the LCS Adapter and Viewer 2 application register with UICDS
Core 2.

The LCS Adapter receives data in real time from LCS. (non-UICDS operation).

In analyzing LCS data, the LCS Adapter detects a traffic incident.

The LCS Adapter creates an SOI WP for LCS data.

The LCS Adapter creates an incident in UICDS Core 2.

The LCS Adapter associates the SOl WP with the incident.

The UICDS Core 2 sends Incident and WP notifications to the Viewer 2 application.
The UICDS Core 2 also sends Incident and WP notifications to the UICDS Core 1.

The UICDS Core 2 receives (PeMS) incident and WP notifications from UICDS Core
1, and sends them to the Viewer 2 application.

The Viewer 2 application retrieves LCS data from the LCS Adapter and presents the
data to the user (non-UICDS operation).

The Viewer 2 application retrieves PeMS data from the PeMS Adapter and presents
the data to the user (non-UICDS operation).
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5.4 High-Level Systems Requirements

The high-level systems requirements of VEOC are described in this section.

Generic Functionalities

VEOC-SR 1.

VEOC-SR 2.

VEOC-SR 3.

VEOC-SR 4.

VEOC-SR 5.

VEOC-SR 6.

VEOC-SR 7.

VEOC-SR 8.

System Management

VEOC-SR 9.

Interconnection

VEOC-SR 10.

VEOC-SR 11.

VEOC shall provide a Common Operating Picture (COP) of incidents to
system users and shall keep the COP up to date throughout the incident
management process.

The COP shall support user access through standard Web browsers on
desktop computers, laptop computers and mobile devices.

The user interface of the COP, including presentation, data type and
content, shall be customizable to fit the different user requirements and
user device capabilities.

The COP shall support user-configurable monitoring on authorized and
interested types of incidents.

The COP shall support incident monitoring with user-configurable
threshold values and methods of notification.

The COP shall support multiple options to deliver notifications, including
SMS and email at minimum.

The COP shall support dashboard-like user interface and provide access to
information of system resource and incidents based on user account
authorization and configuration.

VEOC shall support critical communications, such as real-time chatting,
status update, streaming video, streaming audio/voice, between incident
management agencies, personnel, applications and other entities.

VEOC shall provide system management functionalities that include, at a
minimum, system configuration, user account management, access control
system and data back-up, system resource allocation.

The VEOC shall be able to interconnect multiple incident management
applications and entities across all levels of jurisdictions, including local,
state and federal. Examples of incident management entities include traffic
management centers, incident management centers, traffic management
centers, police, fire departments, hazmat, and emergency medical services.

The VEOC shall be able to interconnect geographically distributed
incident management applications and entities.
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Information management and dissemination

VEOC-SR 12.

VEOC-SR 13.

VEOC-SR 14.

VEOC-SR 15.

The VEOC shall support creation of new incident information, update to
existing incident information, and archiving and deletion of incident
information.

The VEOC shall enable incident management applications and entities to
share incident related information.

The VEOC shall be able to disseminate incident information to only a
select group or groups of incident management applications and entities.

VEOC and COP shall provide means to dispatch notifications on COP
dashboard, through Short Message Service (SMS), email, or voice call.

Information types and standards

VEOC-SR 16.

VEOC-SR 17.

VEOC-SR 18.

VEOC-SR 19.

VEOC-SR 20.

VEOC-SR 21.

Incident notification

VEOC-SR 22.

VEOC-SR 23.

VEOC-SR 24.

The VEOC shall support heterogeneous incident information including
binary and structured text data.

The VEOC shall support heterogeneous incident information including
structured and unstructured data, and multimedia content such as voice,
video, and images.

The VEOC shall support dissemination of sensor data, such as data from
video cameras, traffic, weather, environmental sensors, etc.

The VEOC shall support dissemination of traffic information from
existing sources, including California’s PeMS (Performance Measurement
System), CHP (California Highway Patrol), and LCS (Lane Closure
System).

The VEOC shall support dissemination of vehicle probe data based on
SAE J2735 and adopted by IntelliDrive.

The VEOC shall adopt common formats for information exchange
between incident management applications and entities.

The VEOC shall be able to send notification to one or more incident
management application and entity.

The VEOC shall be able to send notification to a select group of incident
management applications and entities, such as those in the same
jurisdiction.

The VEOC shall be able to send notification to more than one select group
of incident management applications and entities, such as those in
different jurisdictions.
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Network

VEOC-SR 25.

VEOC-SR 26.
VEOC-SR 27.

VEOC-SR 28.

VEOC-SR 29.

The VEOC shall adopt the Internet Protocol (IP) as the network layer
protocol.

The VEOC shall be able to operate in both IPv4 and IPv6 networks

Communication within the VEOC shall be fully functional over both
wireline and wireless networks.

Communication between the VEOC and connected incident management
applications and entities shall be fully functional over both wireline and
wireless networks.

The VEOC shall support communication with incident management
applications running on fixed devices (such as desktop computers),
portable devices (such as laptop computers), and mobile devices (such as
mobile phones).

Availability, scalability, and performance

VEOC-SR 30.

VEOC-SR 31.

VEOC-SR 32.

VEOC-SR 33.

Security and privacy

VEOC-SR 34.

VEOC-SR 35.

VEOC-SR 36.

VEOC-SR 37.

VEOC-SR 38.

The VEOC shall be scalable to interconnect incident management
applications and entities from local to national level.

The VEOC shall be able to recover to its prior operating state from partial
or complete system failures.

The VEOC shall have the ability to backup and restore critical system
data.

The COP shall maintain up-to-date incident information, whereby the
latency in updating information shall not be greater than 1 minute.

Incident management applications and entities that connect to the VEOC
shall be authenticated before access is permitted.

Incident management applications and entities that connect to the VEOC
shall be permitted to only access incident information that it has
authorization for.

The VEOC shall refuse unauthenticated Incident management applications
and entities to connect to the VEOC.

Personal identifiable information, if any, disseminated through the VEOC
is strictly accessible only to authorized incident management applications
and entities and on a need-to-know basis.

The VEOC shall be able to control the type of information shared by
different groups of incident management applications and entities, such as
those in different jurisdictions.
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VEOC-SR 39.

VEOC-SR 40.

VEOC-SR 41.

VEOC-SR 42.

VEOC-SR 43.

VEOC-SR 44.

VEOC-SR 45.

VEOC-SR 46.

VEOC-SR 47.
VEOC-SR 48.

VEOC-SR 49.

VEOC-SR 50.

VEOC-SR 51.

VEOC-SR 52.
VEOC-SR 53.

The VOEC shall provide means for authorized personnel to obtain
information stored by the VEOC.

The VEOC shall monitor, detect, report, log, and respond to security
incidents.

The VEOC shall be able to remove access to the VEOC by any incident
management application or entity.

The VEOC shall be able to reinstate access to the VEOC by any incident
management application or entity.

Information exchanged between the VEOC and incident management
applications and entities shall be protected from tampering and
unauthorized access.

The VEOC shall provide a means to authenticate messages originating
from connected incident management applications and entities.

Information exchanged within the VEOC shall be protected from
tampering and unauthorized access.

The VEOC shall be able to authenticate messages originating from
connected management applications and entities.

The VEOC shall be protected against physical intrusion.

The VEOC shall provide physical access control for VEOC system
elements.

The VEOC shall implement management, operational, and technical
security measures to protect assets, elements, and information within the
VEOC.

The VEOC shall provide a means for encrypting and decrypting data.

The VEOC shall provide mechanisms for creating, updating, and revoking
security credentials.

The VEOC shall be protected against Denial of Service (DoS) attacks.

The VEOC shall have at least industry-standard security measures for
protection against cyber security threat such as software virus, malware,
intrusions, and denial of service attacks.
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5.5 Requirements Mapping

A subset of the VEOC high-level system requirements has been implemented in this prototype.
Details of requirements mapping are shown in Table 1.

Table 1: Requirements Mapping for Phase | Prototype

Requirement Phase I Prototype Implementation
VEOC-SR 1. | Implemented
VEOC-SR 2. | Partially implemented. User access is currently

provided through desktop and laptop.

VEOC-SR 3. | Not implemented
VEOC-SR4. | Not implemented
VEOC-SR5. | Not implemented
VEOC-SR 6. | Not implemented
VEOC-SR7. | Not implemented
VEOC-SR 8. | Not implemented
VEOC-SR9. | Not implemented
VEOC-SR 10. | [mplemented
VEOC-SR 11. | [pyplemented
VEOC-SR 12. | [mplemented
VEOC-SR 13. | Implemented
VEOC-SR 14. | [mplemented
VEOC-SR 15. | Not implemented
VEOC-SR 16. | Partially implemented. Structured text data is

currently supported.
VEOC-SR 17. | Not implemented
VEOC-SR 18. | Not implemented
VEOC-SR19. | 18 and L.CS are curtetly supporteds
VEOC-SR 20. | Not implemented
VEOC-SR 21. | [mplemented
VEOC-SR 22. | Implemented
VEOC-SR 23.

Implemented
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VEOC-SR 24.
VEOC-SR 25.
VEOC-SR 26.

VEOC-SR 27.

VEOC-SR 28.

VEOC-SR 29.

VEOC-SR 30.
VEOC-SR 31.
VEOC-SR 32.
VEOC-SR 33.
VEOC-SR 34.
VEOC-SR 35.
VEOC-SR 36.
VEOC-SR 37.
VEOC-SR 38.
VEOC-SR 39.
VEOC-SR 40.
VEOC-SR 41.
VEOC-SR 42.
VEOC-SR 43.
VEOC-SR 44.
VEOC-SR 45.
VEOC-SR 46.
VEOC-SR 47.
VEOC-SR 48.
VEOC-SR 49.
VEOC-SR 50.
VEOC-SR 51.

Implemented
Implemented
Partially implemented. IPv4 is currently supported.

Partially implemented. Wireline network is currently
supported.

Partially implemented. Wireline network is currently
supported.

Partially implemented. Fixed and portable devices
are currently supported.

Not implemented
Not implemented
Not implemented
Implemented
Implemented
Not implemented
Implemented
Not implemented
Implemented
Implemented
Not implemented
Not implemented
Not implemented
Not implemented
Not implemented
Not implemented
Not implemented
Implemented
Implemented
Not implemented
Not implemented

Not implemented
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VEOC-SR 52. | Not implemented
VEOC-SR 53. | Not implemented

5.6 Test Scenarios

The following test scenarios have been defined for the VEOC prototype.

Test Scenario ID

P-001

Purpose

desktop and laptop.

Verify that users can access the COP application through a web browser on a

Requirements Number

VEOC-SR1, VEOC-SR 2 (partial)

Test Action Results
Step
Open a browser on a desktop computer and . o . .
1 type in the URL of the Viewer 1 application Browser displays latest incident information
2 Open a browser on a laptop computer and Browser displays latest incident information

type in the URL of the Viewer 1 application

Test Scenario ID

P-002

Purpose

applications and entities

Verify that VEOC is able to interconnect multiple incident management

Requirements Number

VEOC-SR 10, VEOC-SR 11

Test Action Results
Step
Confirm UICDS Core 1 and UICDS Core 2
1 Start UICDS Core 1 and UICDS Core 2 are running using the UICDS Administration
Console
2 Start Viewer 2 application Viewer 2 application started
3 Start PeMS Adapter PeMS Adapter started
4 Open a browser on a desktop computer and Browser displays incident information or

connect to Viewer 2 application

PeMS data as they become available

Test Scenario ID

P-003

Purpose

incident information

Verify that VEOC is able to support creation, update, archival and deletion of

29




FIRST Testbed

VEOC Final Report: Architecture and Prototype

Requirements Number VEOC-SR 12
Test Action Results
Step
1 Start Viewer 1 application, then PeMS Viewer 1 application and PeMS Adapter
Adapter started
2 Open a brow_ser ona degkto_p computer and Browser displays new incident when it occurs
connect to Viewer 1 application
3 Usmg QICDS Administration Console, close Message confirm incident is closed
the incident
4 Using UICDS _Admlmstratlon Console, archive Message confirm incident is archived
the closed incident
5 Using UICDS Administration Console, delete Message confirm incident is deleted

the archived incident

Test Scenario ID

P-004

Purpose

Verify that VEOC is able to share incident information with a select group of
incident management applications and entities

Requirements Number

VEOC-SR 13, VEOC-SR 14

Test Action Results
Step
Create agreement to share incident
1 information between UICDS Core 1 and Agreement created
UICDS Core 2
2 Open a brow_ser ona degkto_p computer and Browser displays LCS incident information
connect to Viewer 1 application
3 Using UICDS Administration Console, disable | Browser will not display LCS incident

the sharing agreement

information

Test Scenario ID

P-005

Purpose

Verify that VEOC is able to support structured text incident information

Requirements Number

VEOC-SR 16 (partial)

Test
Step

Action

Results

1

Using UICDS Administration Console, select
a work product

XML representation of the work product is
displayed

Test Scenario ID

P-006
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Purpose

Verify that VEOC is able to disseminate information from PeMS and LCS

Requirements Number

VEOC-SR 19 (partial)

Test . Results
Step Action
1 Open a brow_ser ona des_kto_p computer and Browser connected to Viewer 1 application
connect to Viewer 1 application
2 Select PeMS tab, then a district Browser displays PeMS data
3 Select LCS tab, then a district Browser displays LCS data

Test Scenario ID

P-007

Verify that VEOC support common formats for incident information exchange

Purpose between incident management applications and entities
Requirements Number VEOC-SR 21
Test Action Results
Step
1 | PeMS Adapter and LCS Adapter create PeMS and LCS incident information created
incident information in XML format
2 Using UICDS Console, display PeMS and PeMS and LCS incident information displayed
LCS incident information in XML format

Test Scenario ID

P-008

Purpose

Verify that VEOC is able to send notifications to incident management
applications and entities in the same or different jurisdictions

Requirements Number

VEOC-SR 22, VEOC-SR 23, VEOC-SR 24

Test Action Results
Step
Browser displays PeMS incident information
Open a browser on a desktop computer and . N .
1 : L after Viewer 1 application receives PeMS
connect to Viewer 1 application P
notification
Create agreement to share incident Browser displays PeMS and LCS incident
2 information between UICDS Core 1 and information after Viewer 1 application
UICDS Core 2 receives PeMS and LCS notifications

Test Scenario ID

P-009

Purpose

Verify that VEOC operates over a wireline IPv4 network and communicates
with incident management applications running on desktop and laptop
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computers

Requirements Number

VEOC-SR 25, VEOC-SR 26 (partial), VEOC-SR 27 (partial), VEOC-SR 28
(partial), VEOC-SR 29 (partial)

Test . Results
Step Action
Connect a laptop computer to the computer Laptop computer and computer running
1 running UICDS Core 2 using a wireline IPv4 UICDS Core 2 connected by a wireline IPv4
network network
2 Start LCS Adapter and Viewer 2 application LCS Adapter and Viewer 2 application started
on the laptop computer
3 Open a browser on a third desktop computer Browser displays LCS incident information
and connect to Viewer 2 application when it occurs
Test Scenario ID P-010
Verify that the COP application maintains up-to-date information whereby the
Purpose latency in updating information is not greater than 1 minute
Requirements Number VEOC-SR 33

Test Action Results
Step
Browser displays PeMS incident information
1 Open a browser on a desktop computer and when it occurs. PeMS incident timestamp is
connect to Viewer 1 application not older than 1 minute from the Viewer last
update timestamp
Test Scenario ID P-011
Verify that VEOC only allows access by authenticated incident management
Purpose applications and denies access by unauthenticated incident management

applications

Requirements Number

VEOC-SR 34, VEOC-SR 36

Test Action Results
Step
Configure Viewer 1 application with valid . I . .
1 credential for accessing UICDS Core 1, then \c/rlgév:r:t:a? pplication restarted with valid
restart Viewer 1 application
2 Open a browser on a desktop computer and Browser displays PeMS and LCS incident
connect to Viewer 1 application information when they occur
Configure Viewer 1 application with invalid . o . .
3 credential for accessing UICDS Core 1, then \c/rlgév:r:t:a? pplication restarted with invalid
restart Viewer 1 application
4 Open a browser on a desktop computer and Browser unable to display PeMS or LCS
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connect to Viewer 1 application

incident information

Test Scenario ID

P-012

Verify that VEOC is able to control the type of information shared by different

Purpose groups of incident management applications
Requirements Number VEOC-SR 38
;?j; Bt Results
Using UICDS Administration Console, add . — .
o ) ! . o Viewer 1 application restarted with resource
1 incident’ to the list of interests in Viewer file that includes ‘incident’ in the i
resource profile, then restart Viewer 1 Ip_>r0|et at includes ‘incident’ in the interests
application Ist
2 Open a browser on a desktop computer and Browser displays PeMS incident information
connect to Viewer 1 application when it occurs
Using UICDS Administration Console, remove . C .
- . . . R Viewer 1 application restarted with resource
incident’ from the list of interests in Viewer ) g .
3 resource profile. then restart Viewer 1 profile that does not have ‘incident’ in the
urce p ’ interests list
application
4 Open a browser on a desktop computer and Browser unable to display PeMS incident

connect to Viewer 1 application

information

Test Scenario ID

P-013

Verify that VEOC permits authorized personnel to access information stored

Purpose by VEOC
Requirements Number VEOC-SR 39
Test Action Results
Step
Login as administrator to the UICDS console, o .
1 ) : Login is denied
using an incorrect password
Login as administrator to the UICDS console, .
2 ) Access is granted
using the correct password
3 Select an incident Information of the incident is shown in XML

Test Scenario ID

P-014

Purpose

control

Verify that VEOC is protected from physical intrusion and by physical access

Requirements Number

VEOC-SR 47, VEOC-SR 48
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Test . Results
Action
Step

VEOC can only be physically accessed
through a designated door to the secured
room housing the VEOC

Check that VEOC can only be physically
accessed through designated entrances

Check that a physical access credential is A security batch is required at the designated
required at designated entrances door to enter the secured room

5.7 Installation
This section describes the prerequisites and procedures for installing the VEOC prototype.

5.7.1 Prerequisite

Install JRE 6. Installation procedure is available at:

http://www.oracle.com/technetwork/java/javase/index-137561.html

Alternatively, user may install JDK 6. Installation procedure is available at:

http://www.oracle.com/technetwork/java/javase/index-137561.html

5.7.2 Install UICDS core

UICS installation procedures are described in:
UICDS System Installation Plan
UICDS-PLN-SIP-R02C02
September 27, 2010
SAIC

5.7.3 Install Tomcat

Tomcat installation procedure is available at: http://tomcat.apache.org/

Please note that this Tomcat installation is in addition to the Tomcat used by UICDS core. The
path to this Tomcat installation is referred to as [TOMCAT INSTALLATION] in the installation
procedures below.

5.7.4 Install PeMS Adapter

A. An instance of Tomcat is required to support PeMS Adapter. Both software should
collocate on the same computer

B. Unzip the provided pems.zip to get one war file, PemsData.war, and one directory,
“PeMS”.

C. Move the PemsData.war to the [ TOMCAT INSTALLATION]\webapps\
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Go to the unzipped directory and find the configuration file, config.prop.

Update the following parameters according to the PeMS access credential and local
configuration

PemsFtpServer => fully qualified domain name of PeMS FTP site

a
b. PemsFtpUser => User name to access PeMS system

e

PemsFtpPwd => Password to access PeMS system
d. PemsOutputPath => [TOMCAT INSTALLATION]\webapps\PemsData\web\

Install LCS Adapter

An instance of Tomcat is required to support LCS Adapter. Both software should
collocate on the same computer.

Unzip the provided Ics.zip to get one war file, LcsData.war, and one directory, “LCS”.
Move the LesData.war to the [TOMCAT INSTALLATION]\webapps\

Go to the unzipped directory and find the configuration file, config.prop.

Update “PemsOutputPath” => [TOMCAT_INSTALLATION]\webapps\LcsData\web\

Install Viewer Application

. An instance of Tomcat is required to support Viewer application. Both software should

collocate on the same computer

Unzip the provided viewer.zip to get one war file, ViewerData.war, and one directory,
“Viewer”.

Move the ViewerData.war to the [ TOMCAT INSTALLATION]\webapps\
Go to the unzipped directory and find the configuration file, config.prop.
Update the following parameters:

a. Update CoreHostName according to the fully qualified domain name of the
associated UICDS core.

b. Update ViewerOutpoutPath =>
[TOMCAT INSTALLATION]\webapps\ViewerData\web\

5.8 System Startup

This section will outline the procedures to startup the VEOC systems. Depending on the system
configuration, some procedures may be repeated on multiple computers. For instance, if Viewer
application, PeMS/LCS adapter and the associated UICDS Core are installed on separate
computers, Java runtime environment and Tomcat will be needed on each of the computer.
Tomcat instance on each individual computer will need to be activated separately. Please refer to
aforementioned installation procedures for the prerequisite.
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5.8.1

Start UICDS

The procedures for starting UICDS are described in:

5.8.2

UICDS System Installation Plan
UICDS-PLN-SIP-R02C02
September 27, 2010

SAIC

Start Tomcat

This procedure is repeated on all computers running Tomcat. Please note that this Tomcat
instance is different the Tomcat instance used by UICDS, if any of the PemS Adapter, LCS
Adapter or Viewer application is collocated with the UICDS Core.

Verify that Tomcat is not running
Go to [TOMCAT INSTALLATION]/bin then execute “startup.bat”. (Windows
environment)
Verify that Tomcat is running
If a war file of Viewer application, PeMS Adapter or LCS Adapter is deployed in this
Tomcat, you can verify if the data viewing feature is running properly by visiting
different URLs.

0 For Viewer application: http://[HOST NAME]/ViewerData/

0 For PeMS data: http://[HOST NAME]/PemsData/

0 For LCS data: http:/[HOST NAME]/LcsData/

Start PeMS Adapter

Go to [PEMS_ADAPTER INSTALLATIONY]/
Execute the following command to start a PeMS Adapter

O java -jar target\PemsAdapter. jar -lI=pems.log -c=config.prop -r=P
Start LCS Adapter

Go to [LCS_ ADAPTER INSTALLATION]/
Execute the following command to start a LCS Adapter
e java -jar target\LcsAdapter. jar -1=lIcs.log -c=config.prop —r=L

Start Viewer Application

Go to [VIEWER APPLICATION INSTALLATIONYJ/
Execute the following command to start a Viewer application
e java -jar target\viewer. jar -I=cop.log -c=config.prop =V
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6 The Golden Guardian Demonstration

The Caltrans-FiRST Testbed participated in the California Earthquake Clearinghouse (CEC)
shakeout technology demonstrations and exercise on October 2012. The purpose of the exercise
was to demonstrate multi-agency cooperation during an earthquake including two-way
interoperable data exchange of many types created using various applications between different
participating organizations. The California office of emergency services (OES) has now added
UICDS compliance to its requirement.

Caltrans, pioneered the integration of data about the status of the transportation network with
emergency management functionalities in a standard based implementation developed under the
virtual emergency operation center (VEOC) track of the FiRST Testbed research efforts.

The exercise participants were the Cal EMA (OES), Caltrans FiIRST Testbed, US Geological
Survey (USGS), Earthquake Engineering Research Institute, NASA, San Diego County and the
California Geological Survey. The exercise was coordinated by SAIC representing the
Department of Homeland Security (DHS).

The Caltrans' FiIRST Testbed at UCSB has been the first operating UICDS core in California
capable of core-to-core communication with the DHS infrastructure. The FiRST-VEOC core,
demonstrated the capability of processing the Caltrans PeMS data and simulate traffic conditions
and highway closures at the identified hazard areas defined for the exercise anywhere in
California.
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7 Related Systems

This section presents a high-level comparison between VEOC and WebEOC.

WebEOC is an incident management system from ESi Acquisition, Inc. that enables users to
view and post information through a number of status boards. Its functionalities include
monitoring and updating events status, tracking and managing tasks and resources, report
generation, mapping, messaging, and other utilities. WebEOC servers may communicate with
one another through ESiWebFUSION which acts as a communication hub. WebEOC also
supports CAP for alerts.

VEOC enables different incident management systems from different vendors and incident
management organizations to interoperate, share incident information, and monitor and manage
incidents in a distributed and collaborative manner. Its functionalities include creating and
updating incidents, incident command organization structures, and incident action plans; tracking
and managing tasks and resources; mapping; and disseminating sensor data and incident
information.

A major difference between VEOC and WebEOC is that VEOC acts as a middleware to enable
incident management applications from various vendors, and those that perform different
incident response functions, to interwork transparently as single integrated virtual incident
management organization. WebEOC has various incident response functions all built into the
system and allows communications only amongst WebEOC servers. Further, VEOC adopts a
number of open standards related to incident management in implementing the functionalities
and services it provides. These include:

e NIEM for incident management, incident command, incident action plan and tasking
services

EDXL-RM for resource management

OGC SOS for sensor service

OGC WMS and WFS for mapping service

IEPD for LEITSC

CAP for alerting service

It is to be noted that in a wide area emergency such as earthquakes in California, Internet may be
out for days or even a week, and this will render cloud based applications (e.g. WebEOC )
unavailable. A solution has been investigated and partially implemented under Track I1I, where a
portable platform implementing the Hastily Deployed interanet Network (HDiN) will provide
local wireless intranet services in the ITS and Public Safety bands, provide local mapping (e.g.
Caltrans Earth), as well supporting the UICDS based VEOC. When The Intranet is restored the
HDiN will use the UICDS core to automatically synchronize with other incident management
platforms such as WebEOC.
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8 Glossary

API
CAP
CFR
CHP
COP
DDS
EXDL-DE
EXDL-RM
EMS
EPA
FAA
FBI

FD
HAZMAT
IEPD
LEITSC
LCS
NIEM
OEM
0GC
OMG
PD
PeMS
SOI
SOS
T™C
UICDS
VEOC
WES
WMS
WP
WSDL
XMPP

Application Programming Interface

Common Alerting Protocol

Crash and Fire Rescue

California Highway Patrol

Common Operating Picture

Data Distribution Service

Emergency Data Exchange Language — Distribution Element
Emergency Data Exchange Language — Resource Messaging
Emergency Medical Service

Environment Protection Agency

Federal Aviation Administration

Federal Bureau of Investigation

Fire department

Hazardous Materials

Information Exchange Package Documentation
Law Enforcement Information Technology Standards Council
Lane Closure System

National Information Exchange Model

Office of Emergency Management

Open Geospatial Consortium

Object Management Group

Police Department

Performance Measurement System

Sensor Observation Information

Sensor Observation Service

Traffic Management Center

Unified Incident Command and Decision Support
Virtual Emergency Operation Center

Web Feature Service

Web Map Service

Work Product

Web Service Definition Language

Extensible Messaging and Presence Protocol
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Unified Incident Command & Decision Support



FIRST Testbed R&D Efforts

Caltrans Strategic Goal:
Provide the safest transportation system in the nation for users and
workers

Strategic Objective:
To look ahead and evaluate standard based solutions to address
Caltrans' mobility and safety challenges

Partners:

Caltrans — Division of Research Innovation & System Information
(DRISI)

Caltrans - Office of Emergency Management (OEM)

Caltrans - Maintenance Office of Radio Communications (ORC)
UCSB - FiRST Testbed (FiRST.transcal.ucsb.edu)
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Caltrans’ Challenge:

* A statewide standard-based Common Operational Data (UICDS)
* A statewide web-based Common Operational Picture (COP)

* Local continuity of operation with or without Internet access

* Fail-safe operation and synchronization to cloud-based WebEOC

FIRST Testbed Solution:
Hastily Deployed Network (HDN) platform that address
* Emergency Management
* Virtual Emergency Operation Center (VEOC)
* Emergency Communications
* Interoperable Data-Centric Public Safety & ITS Broadband
* Satellite SMS Communicator (anywhere, anytime)
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Emergency Management
Virtual Emergency Operation Center (VEOC)

A standard-based state-wide UICDS compliant implementation:

Support Common Operational Data

Support Common Operational Picture (COP)

Capture incident information without Internet Connectivity
Provide real-time access to Caltrans local & regional resources
Integrate data from PeMS & LCS (Caltrans) & CHP

Support the Common Alerting Protocol (CAP)

Replace the D4-Bay Area Incident Response System (BAIRS)*
Replace the D7-Major Events Response Tracking (MERTS)*
Replace the Responder developed for D3*

Support day-to-day (e.g. urban and rural work zones)
Embedded HDN-UICDS core for wide-area emergencies (e.g.
carthquakes, tsunami, etc.)

* Phase I1: Pending Funding Approval
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Hastily Deployed Network (HDN) Platform

Interoperable Data-Centric Emergency Communications

Broadband-over-Power (BoP) HDN_ITS Station
3G/4G wireless router

Satellite SMS Communicator & GPS

I'TS Radio (5.9 GHz)

Public Safety Radio (4.9 GHz).

Point-Point & Mesh topologies

WSN Gateway (6LoWPAN)

Embedded UICDS Core

Embedded Google Earth Enterprise
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Standard-Based HDN — ITS Station

UICDS /HDN Service

Incident Management Service I3\ WX¢

Incident Command Service NIEM 2.0

Alert Service CAP version 1.1 specification
Map Service OGC WMS, WFS

NIV (=R ELET-{103 a1 aNY=TaV (ol EDXL-RM 1.0 PR3

Sensor Service OGC SOS

High Accuracy GPS (NTRIP)
Wireless Sensor Network
ITS Wireless Broadband

RTCM STANDARD 10410.0
IETF 6LOWPAN

|IEEE 802.11p/1609.x

California Public Safety Radio

Public Safety Broadband Communications (CAPSCOM)
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First Responder Support Systems & Technologies (FiIRST) Testbed
Contract # 65A0257
Cross-Cutting Cooperative Systems

TRACK Il — Cross Cutting Modeling & Simulation
Final Report

Principal Investigator: Dr. Richard Church
Dr. Micah Brachman
Carlos Baez
University of California Santa Barbara

Contract Manager: Ramez Gerges, Ph.D., P.E.
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TRACK Il - Cross Cutting Modeling & Simulation

Models are one of the most effective forms of testing transportation system plans. Such plans could involve the
conversion of a highway lane to a high occupancy/toll (HOT) lane or the operational settings of a series of
signals. The focus of this task was centered on the development and testing of models to support evacuation
planning. This research was requested by Caltrans to support statewide disaster response operations and
management and was directed at the problem of evacuation. Several major concerns have been raised with
Caltrans personnel, including the potential risk from a nuclear power plant disaster at Diablo Canyon, a tsunami
impacting a coastal area such as the northern coast of California, the Ports of LA and Long Beach, and Marina
Del Rey, a major wildfire, flood, or earthquake. All of these events may trigger a massive evacuation along
corridors that may have been compromised by the event. We began this task with a literature review focused on
the issue of disaster response, mitigation, and capabilities. This literature review is given in the enclosed report
called “Planning for a disaster: a review of the literature with a focus on transportation related issues.” This
literature review gives several examples of how California’s capabilities in responding to a crisis could be easily
thwarted. For example, it is documented that many hospitals have limited supplied of drugs and food, existing
on regular, daily shipments for resupply. Without an intact transport system, it is clear that regular care as well
as emergency care would come to a halt. As another part of this work, we developed a prototype evacuation
simulation model for a large scale evacuation involving the Diablo Nuclear Power Plant. The nuclear plant
triggered evacuation was modeled using a state of the art micro-simulation model called PTV VISSIM. The
simulation results demonstrated that a mock plan based upon contra-flow operations could significantly reduce
the time it would take to evacuate San Luis Obispo as compared to a baseline scenario. This is reported in
enclosed document titled “Simulating an evacuation event: a test case involving the Diablo Canyon Power
Plant.” Several elements were raised in the development of this evacuation model, including when will people
make the fateful decision to leave and what route will they take. To better understand the decision to leave an
area being hit with a disaster as well as estimate when individuals might leave, we surveyed people who were
given mandatory evacuation ordered during the Jesusita fire in Santa Barbara. Our results indicated that up to
10% of the people did not evacuate even when they were under a mandatory evacuation order to do so. We
found that a Rayleigh Probability model could be used to estimate the frequency of when people begin their

exodus. This work is reported in “Modeling the evacuation decision.” We also wanted to better understand the
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decision affecting the pathway chosen when someone leaves. Our survey suggested that a number of people
were somewhat sophisticated in the route choice, taking routes not part of their daily routines, but likely to be
ones which avoided traffic jams and thus aiding in them getting out quickly. This survey and work is reported in
“Cognitively Engineered Evacuation Routes.” As a part of this we show that a multi-commodity flow
optimization model can be used to model multiple exit choice, congestion behavior in terms of route avoidance,
and route choice without the need to use a micro-scale traffic simulation model, which can be nearly cost
prohibitive to perform in most areas. One of the tasks that was envisioned as a part of this work was the
evacuation of an area triggered by a Tsunami. Initially, this was selected by District 7 to be the Marina Del Rey
area that is comprised of Venice and the Marina communities. The evacuation flood risk maps show that this
area could be inundated by a large tsunami. At risk I a relative large population, a peninsula comprised of
homes and apartment complexes and even a school where many must travel north on only one of three roads
before heading inland for safety. The second area of interest was the Ports of LA and Long Beach. Either one is
of great interest and of potential significance to California. This final work element was not finished as the
support funds for this project were cut as a cost saving measure by Caltrans. Additionally, the Division of
Research, Innovation, and System Information requested that we make no contact to nay Caltrans Districts for
information or support, even though this work was originally suggested by District 7 staff. Although, we respect
the leadership of DRISI and their decisions this last task element could not be completed without closer ties

with District 7.

Following this introduction, the Track II final report includes the following sections in reverse chronological
order:

1) Simulating an evacuation event: A test case involving the Diablo Canyon Power Plant
2) Summary of Dynamic Traffic Assignment in VISSIM

3) Cognitively Engineered Evacuation Routes

4) Modeling the Evacuation Decision

5) Modeling for Emergency Preparedness Literature Review
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Simulating an evacuation event:
A test case involving the Diablo Canyon Power
Plant

Micah L. Brachman
Richard L. Church
Carlos A. Baez

FiRST Project
GeoTrans Laboratory
Department of Geography
University of California, Santa Barbara
January 31, 2014

This report has been developed as a part of the First Responders System Testbed (FiRST) project
at the University of California, Santa Barbara. The FiRST project investigates the integration of
transportation and communication modeling and simulation to improve understanding and
techniques of emergency preparedness and response. Please cite this report as: Brachman, ML,
RL Church, and CA Baez (2013) “Simulating an evacuation event: a test case involving the
Diablo Canyon Power Plant” (Report #01-2014-01), GeoTrans Laboratory, UCSB, Santa
Barbara CA.
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1. Introduction

Caltrans has two major transportation objectives: 1) improve public safety, and 2) reduce
congestion and improve transportation efficiency. The typical focus is to improve daily
operations of the state and federal highways within the context of safety and efficiency.
However, it is also important to plan for unusual events, like floods, earthquakes, and tsunamis.
Disasters are often accompanied by the need for evacuation. Recent evacuation events in
California include the Station Fire (Altadena, La Canada, Sierra Madre, La Crescenta, etc.), the
Jesusita Fire in Santa Barbara, and the Witch Fire in San Diego. These evacuation events can be
time consuming and life threatening. Figure 1 shows traffic flow on Interstate 15, during a
wildfire evacuation in San Diego County in 2007. An important objective in mitigating an
evacuation event is to develop evacuation strategies that
maximize effectiveness, minimize clearing times, and reduce
risks. Modeling area-wide evacuation has been an important
issue, since the development of evacuation plans for
hurricanes and nuclear power plant disasters. In order to
develop modeling techniques and to test possible evacuation
scenarios, it is important to develop appropriate strategies for
modeling and simulating traffic in an emergency. The Diablo
Figure 1: Evacuation traffic Canyon Nuclear Power Plant was selected as a test case for
evacuation modeling and planning. This test case is somewhat
unique in that a “mock” contraflow plan had been developed. The basic premise was to use the
Diablo Canyon Evacuation Plan (DCEP) as a starting point in which to compare and test
strategies, evaluate modeling approaches, and focus on critical resource and personnel needs. It
should be stated that traffic control in an evacuation event involving state and interstate
highways is under the control of the California Highway Patrol (CHP). In the event that a DCEP
is imposed, CHP would be in charge and Caltrans would be required to support their actions by
providing appropriate levels of equipment and manpower. Supporting an event like a DCEP
should not be undertaken lightly. In fact, the current plan itself appears to lack detailed
instructions as well as estimates of clearing times. That is, current plans are not specifically
geared to clearing the area as quickly as possible, as no comparison of strategies has been
proposed or tested. Even though CHP is in charge of the operation, Caltrans does share
responsibility for ensuring the plan and its possible execution utilizes the latest understanding
and strategies. Figure 2 depicts the region surrounding the Diablo Canyon Power Plant. The
largest center of population is the City of San Luis Obispo and the main traffic corridor is
Highway 101, both shown in the red box in Figure 2.

One of the more notable evacuation events in the US involved hurricane Katrina and New
Orleans. This evacuation operation was very successful for those who did not rely on public
transportation and those who took the storm as a serious threat. Although most of the news about
Katrina and New Orleans involved the stories of those who did not evacuate, the majority of
people were able to evacuate from the region in a timely manner. The reason for the successful
evacuation of the majority of the population of New Orleans was because of the implementation
of a contraflow plan. A contraflow plan involves reversing traffic in a direction leading away
from the event. For New Orleans, this involved reversing the west-bound traffic on I-10 East
(which heads East from New Orleans), reversing East-bound traffic on I-10 West (which heads
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Figure 2: DCEP study area (red box), Diablo Canyon Power Plant location and
surrounding cities

west from New Orleans), reversing south-bound traffic on [-55 (heading North away from New
Orleans), and reversing direction on several bridges (including one causeway across Lake
Pontchartrain). This evacuation plan took considerable resources and personnel to set-up,
operate, and decommission. However, the plan and its operation were considered important
factors in the successful evacuation of hundreds of thousands of people. There are other elements
of this evacuation event which will be discussed at the end of this report that could be addressed
in future work.

Given that contraflow operations can help to increase the effective capacity in a specific
direction, it makes sense to consider at least the possibility of using contraflow operations in
California emergencies. In light of this, District 5 traffic engineers drafted a mock plan that
involves a contraflow operation along the Highway 101 corridor in San Luis Obispo County.
This mock plan demonstrates foresight on the part of Caltrans, as the use of “contraflow”
operations may substantially reduce clearing times in a disaster. But, Caltrans and CHP lack the
appropriate tools to test and compare the existing DCEP with the contraflow based DCEP or the
information in which to support changing the existing DCEP to a contraflow-DCEP. Further,
contraflow plans need considerable resources to set up and operate, and such resources may not
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exist locally within the time frame needed to set up and operate such a plan. The first step is to
propose and develop a mock plan. Subsequent steps must involve testing and comparing the
contraflow plan with that of the existing plan. Such a test would involve the simulation of an
evacuation event using both existing and new plans, and then using the results to help inform of
possible modifications to either the existing plan or the contraflow plan. To test any plan requires
a modeling approach which can help estimate clearing times and bottlenecks.

The next logical step would be to develop a simulation of the base case of DCEP and a
simulation of the contraflow-based DCEP to help give guidance as to whether a plan change
would be valuable. This is one of the objectives of the FiRST project, a collaboration between
Caltrans and UCSB. The FiRST project has begun the development of a modeling framework for
evacuation based upon the use of optimization and simulation modeling techniques. This report
describes the use of a micro-scale traffic simulation model in testing the efficacy of the
contraflow based DCE plan drafted by Caltrans engineers and discusses issues that are
problematic in simulating such events.

There are a number of techniques that can be used to model the efficacy of an evacuation plan.
They involve:

e Simple flow assignment models, where demand are assigned to their shortest route in
evacuating an area. Such approaches can involve simple congestion factors, so that as
traffic is routed on the network, each subsequent assignment can be based upon the
shortest time available route. Such a model is considered ad-hoc as the assignment of
demand to routes is based upon an order that may not occur. This approach often requires
the fewest resources to accomplish, but is also the most unreliable.

e Optimal flow models solved using linear programming. Such models have been
developed for building evacuation and small area evacuation. This approach is useful to
develop a lower bound estimate on actual clearing times. It is also useful in identifying
potential bottlenecks in traffic flow. The main benefit of this approach is that the data
necessary to model and support a given problem is less than what is necessary in a micro-
scale simulation model. An example of this approach has been developed as a part of this
project, but will be presented in a different report.

e Simulate an evacuation event using a traffic simulation model. Traffic simulation models,
like PARAMICS, VISSIM, and MATSim, can be used to simulate an event. Each of
these three software systems are designed with a different underlying set of rules and
scale. For example, PARAMICS is based upon a map database that represents real road
geometry. Vehicle speeds are in part controlled by the curvature of the roadway,
sightlines, and discontinuities in direction. VISSIM, on the other hand, is insensitive to
any geometry of the map shape file and uses speed limits and other parameters entered by
the user to control vehicle speeds. Both systems use an OD matrix of traffic demands and
car following equations. MATSim, uses a different design basis. First, like VISSIM road
geometry is not important. But unlike VISSIM and PARAMICS, MATSim uses a trip
diary for each traveler. The traffic is the sum of the individual trips being made. Whereas,
MATSim can model trip making behavior, PARAMICS and VISSIM model traffic for a
given set of demand represented by an OD matrix. In addition, MATSim models traffic
along a road segment based upon a congestion function. This is used to estimate how
much time a given vehicle will spend on a link, without modeling individual car jostling
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along the link. Consequently, MATSim can model events much faster than the other two
systems.

Thus, there are pros and cons for each of these systems, where one may be ideal for one task
and another may be better for another. In this paper, we report on the use of VISSIM.

2. Data base development

In simulating an event, it is important to capture all elements that will significantly impact the
functions being modeled or estimated. As a starting data base, we acquired NAVTEQ map tiles
from PTV Corporation that covered the San Luis Obispo and Santa Barbara Counties. The main
feature being modeled is the performance of Highway 101, using either the contraflow plan or
Highway 101 without controls (there is a general split of traffic heading north and traffic heading
south, and these splits are based upon the general evacuation plan). We developed a second form
of the NAVTEQ network data by modifying it to match road closures, lane reversals, and route
modifications as specified in the “mock” contraflow plan. The NAVTEQ data base contains
center line information for road ways, lane data, and other attribute data, including the
designation of a street being one-way and turn restrictions. Speed limits are not often given. It is
important that all speed limits and assumed travel speeds be specified as well in the network. It is
also important to capture multi-lane layouts accurately, turn lanes, and other elements. This data
preparation can take a considerable amount of time to set up. In fact, setting up a data base for
micro-scale traffic simulation is a time consuming and detailed task. For, VISSIM, it is
absolutely necessary to have an accurate depiction of the network with respect to the attributes
but not necessarily with respect to the road geometry.

As exact road geometry is not necessary for the simulation per se, one can be somewhat frugal in
the time spent in generating an exact geometry as long as the attributes (like speed limits) are
accurate. An example of this can be seen in Figure 3. Figure 3 depicts a short portion of
Highway 101 and surrounding roads. You will note that the road segments are depicted as
straight line segments drawn in blue. Logical connections are colored with magenta. Logical
connections depict ramps and turn restrictions. This helps to aid in the use of the database in
terms of navigation, supporting the common directions of “turn left” here and “take off ramp on
right.” Note that the road network data (in blue) does not always have a connected set of lines
(i.e. streets). The magenta lines represent turn and route restrictions, and without some of these
restrictions, the network may not be completely connected. It should also be noted here that the
network does not contain many shape points. Shape points are used in line representation to
depict curves in roads. But, shape points are added features that expand the size of the data base.
If one wants to use a database for navigation purposes, exact geometry with significant positional
accuracy is not necessary. Consequently, a database can be reduced in size by keeping the use of
shape points to a minimum, while still retaining enough data in which to provide navigational
capabilities. Also note in Figure 3, that the lanes of the segment of Highway 101 in the figure
are not depicted. The short portion of Highway 101 is depicted as two parallel lines, one
representing the South-bound lanes and the other representing the North-bound lanes. Thus, the
position and number of lanes are not depicted on the map (the number of lanes, however, is
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included as an attribute). This is another element that may or not be resolved in the development
of a traffic simulation model.

Figure 3: An example of road data layout from NAVTEQ where Highway 101 traverses
from the center bottom to the top right corner of the image. The alignment of 101 is
depicted with two parallel lines, depicting the South-bound and North-bound lanes. Each
roadway is depicted with a line associated with a given direction of travel.

To understand this from a graphical perspective, roughly the same section of the map in Figure 3
has been resized and projected using an aerial photo as the background in Figure 4. Each
roadway segment in Figures 3 and 4 is depicted with a line associated with a given direction of
travel. For example, there is a somewhat vertical line segment at the bottom right corner of
Figure 3 which abruptly turns left. This segment is depicted with one line segment, indicating
that there is only one direction of travel. This same roadway can be found toward the center of
Figure 4, where it can be seen that this line represents an off ramp for Highway 101. Note that
this captures a given travel function, but does not accurately depict the roadway as it does not
coincide with the image. In fact, this is not an unusual occurrence. In Figure 4, it can be seen that
many of the road segments do not coincide with the image. Although the section of Highway 101
is represented by parallel lines with a reasonable level of accuracy, the major road crossing
Highway 101 at the interchange is depicted with dual lines that coincide with only one direction
of the separated roadway. Also observe that the intersection at the top center of the image in
Figure 4 captures connectivity, but represents the roads connected to the intersection with less
than what most would be considered reasonable from a graphical perspective. There are methods
to automatically generate road curvatures from navigational databases, e.g. S2P, but such
techniques cannot be relied upon to eliminate all issues in road representation.

One of the reasons why road depiction is discussed here is that micro-scale simulations greatest

asset is the ability to depict vehicle movement along roadways in a realistic image. Such
“moving pictures” of traffic help to visualize a given traffic event. The more an image departs
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Figure 4: A portion of the road network depicted in Figure 3 superimposed on an air
photo. Note the depiction of off ramps and on ramps of Highway 101 in the center of the
image. Note, there is a railroad track that crosses 101 and is parallel to the roadway at the
interchange.

from reality, the more one questions whether the simulation has adequately captured the
movement of vehicles along a road segment. For example, if one simulated traffic along the road
network in Figure 3 on the off ramp using the left angled roadway at the bottom left in the image,
a vehicle would be depicted as taking the “corner” in the ramp at 20 miles per hour, without
stopping! This behavior would quickly come into question by expert and layperson alike.
Therefore, when depicting any event, including an evacuation scenario, one must generate a
reasonable facsimile of the road system that superimposes well over an aerial photograph.

Figure 5 depicts the same image and road system after it has been edited. Editing such a network
is time consuming and tedious work. This process is necessary if one intends to show any
simulation movies on top of images. Consequently, using micro-scale traffic simulators with real
images triggers the need for significant network editing. Such editing may be justified when a
model is to be used on a frequent basis, in traffic operations and planning, but may not be
justified when modeling a one-time event.

3. Estimating evacuation demand
There are a number of elements that make the simulation of an event like an emergency

evacuation difficult to accomplish with any reasonable level of accuracy. One of these elements
1s the estimation of the demand for evacuation as well as the time frame in which this demand is
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Figure 5: A portion of the road network depicted in Figure 3 superimposed on an air photo
after network editing. This editing is required when movies of an event are made
superimposed on an air photo image. In addition, some editing is necessary to eliminate
unrealistic, abrupt changes in direction on a road segment like an off ramp.

exerted. What makes this a complicated exercise is the lack of information concerning whether
an individual will attempt to first return to the area to pick someone up, like an elderly person or
a “latchkey” child. Also complicating the estimate is not knowing daytime and night time
populations of neighborhoods. Often one assumes that an average number of vehicles will depart
per household in each neighborhood. Although this may be somewhat realistic, based upon
average vehicle ownership in a neighborhood, such an estimate must be made given the lack of
specific information about individual behavior during an event. For the exercise reported here,
we estimated demand for evacuation to be one vehicle per household. The total number of
households was identified for each census block. Each block was represented by a centroid and
the total demand for that census block was assigned to the centroid point. The nearest road
segment to the centroid point based upon Euclidean distance was identified. These locations
became inputs for traffic during the event.

It is important to note that the evacuation scenarios modeled here do not make any assumptions
with respect to school children. For example, in a daytime emergency it would be expected that
many parents would want to retrieve their children by going to their schools and picking them
up. In the Diablo Canyon Evacuation Plan children are to be bused to special pick up points, €.g.
a school in Santa Maria in the event of a mandatory evacuation. If parents do not understand all
of the elements of such a plan, there may be a reverse flow in traffic that is generated by parents
making needless trips and needless confusion.
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Another major element that needs to be estimated is the distribution of departures from a
neighborhood. For example, is there an immediate onslaught of traffic generated by people
attempting to flee in a panic, or is there a more organized and deliberate demand in evacuating
over a longer time period? For the estimates here, we assumed that demand for evacuation was
exerted randomly over a two hour period. Data exists for evacuation demand and its distribution
for events such as hurricanes. In an event such as a hurricane, inhabitants often have a warning
which may be hours if not days ahead of the possible disaster. But, for an event such as a nuclear
power plant disaster, the distribution of demand over time is unpredictable. For example, in the
recent case in Japan, the tsunami caused significant damage to all infrastructure including a
nuclear power plant. In some cases, evacuations were not immediate, but took days and even
weeks to accomplish. Whatever the case, it is clear that inhabitants need clear concise
information and guidance. It should be noted that shorter evacuation time periods for the DCEP
results in grid lock.

4. Simulation results for a non-contraflow evacuation plan

We used VISSIM from PTV Corporation to model traffic flow on the network. To generate
information about traffic flow, we placed VISSIM data collectors on each entrance ramp in the
contraflow section of Route 101. Additional data collector sets were defined:

Data Collector set 1: this totals flow per time period leaving the network, having travelled either
south or north on U.S. Highway 101 to a designated point outside of the evacuation zone.

Data Collector set 2: this totals North-bound flow per unit time period on U.S. Highway 101,
having reached Atascadero and a designated point outside of the evacuation zone.

Data Collector set 3: this totals South-bound flow per unit time period on U.S. Highway 101,
having reached Avila Beach and a designated point outside of the evacuation zone.

Data Collector set 4: this totals North-bound flow per unit time period on U.S. Highway 101,
having reached the Highway 58 junction north of Cuesta Grade.

Data Collector set 5: this totals North-bound flow per unit time period on U.S. Highway 101, just
north of the last 101 entrance ramp at Monterey Street.

Data Collector set 6: this totals vehicles per unit time period having entering U.S. Highway 101,
North-bound or South-bound

In addition to vehicle flow data, these collectors also captured vehicle speeds [mph] (maximum,
minimum and average) and queue delay times [seconds] (maximum, minimum, and average).
We also collected data on system wide information like latent demand, average speed and delays.
The position of the non-ramp data collector points are given in Figure 6. Figure 6 depicts the
evacuation region, major roads, and the population density of the region that is outlined in Figure
2. One can easily observe from Figure 2 that the majority of the population in the area being
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Figure 6. Location of special data collectors on Highway 101 and
general region surrounding San Luis Obispo.

modeled resides in or near San Luis Obispo. Although there are communities north of Diablo
Canyon Nuclear power plant that are along the coast (e.g. Morro Bay and Los Osos), these
communities are supposed to evacuate by heading north along State Route 1 and Northeast along
State Route 46 thereby circumventing the use of Highway 101. We assumed that this would be
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the predominating flow pattern here, and because of this we did not include the north coast
communities like Morro Bay and Los Osos. In addition, some eastern portions of San Luis
Obispo are assumed to evacuate on State Route 1 towards Pismo Beach. These flows were not
modeled, as the emphasis of this test was on the role of Highway 101 in an evacuation and on the
efficacy of the design of the mock contraflow plan along the Northern section of Highway 101.
The basic statistics associated with all simulations are given in Table 1. Note that the simulation
exercise involved 260 census blocks in the San Luis Obispo area.

Table 1: Basic statistics associated with the evacuation event

Basic Statistics Basic Statistics

18,040 Total Vehicles evacuating e 1 evacuating vehicle per
household

¢ Vehicles depart at random
uniform time intervals over 2
hours

260 Total Vehicle Input Locations ¢ Input locations are road
segments nearest to census
block centroids

Vehicles are routed based upon ¢ Vehicles will follow a route which

dynamic traffic assignment is updated every five minutes.
This represents the driving
behavior where there is not a
fixed, static route for each user.

e Vehicles will deviate from their
originally defined route choice
based upon continuously
updated traffic conditions.

78.6% of San Luis Obispo
households evacuate using U.S.
Highway Route 101

Households located close to
alternate routes will utilize them
for evacuation

e State Route 1 and State Route
227 are the primary alternate
routes

The evacuation event involved a total of 18,040 vehicles (1 per household). This amount can be
easily changed as it makes sense in a real circumstance to plan using several scenarios (€.g. low
estimate of demand, moderate estimate of demand, and a high estimate of demand). The
departures of these vehicles were uniformly distributed over the first two hours of the simulation
event. This, too, is an important variable. Earlier tests were conducted where all demand
departed in the first hour of evacuation. What resulted was a grid-lock situation in which the
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software could not reach a set of stable routes or pathways, where many vehicles traveled in
circles, as capacity was limited in their movements towards on-ramps. Part of this outcome was
the result of erratic routes generated when vehicles had almost no option as to where they could
head. When pathways were fixed for each neighborhood in travelling towards their “assigned”
highway ramp, this type of problem did not occur, however, significant traffic congestion was
experienced throughout the entire area of San Luis Obispo. Examples of this are given in the
appendix.

The main results generated for the base case of no contraflow options are given in Table 2. As
described above, this simulation involved the use of a calibrated dynamic traffic assignment
model. The results represent tabulations made at the 3-hour time mark, after the evacuation event
started. At the 3-hour mark, 13,292 vehicles of the 18,040 were still in the process of evacuating.

Table 2: Simulation results for the base case (no contraflow sections)

Data type 1 2 3 4 5 6 7
measurement 13292 4159 4923 7.2 23865. 903.87 566

1 Number of vehicles in the network, All Vehicle Types

2 Number of vehicles that have left the network, All Vehicle Type

3 Average delay time per vehicle [s], All Vehicle Types

4 Average speed [mph], All Vehicle Types

5 Total delay time [h], All Vehicle Types

6 Latent delay time [h], All Vehicle Types

7 Latent demand, All Vehicle Types

Furthermore, 4,159 vehicles had successfully reached one of the evacuation exits (Atascadero or
Pismo Beach). Average vehicle speed during the evacuation was 7.2 miles per hour, and the
average delay per vehicle was 4,923 seconds or approximately 45% of the 3 hour period. As
vehicle departures were spread out over the first two hours, an average delay of close to an hour
and a half suggests that most vehicles spend the majority of their trip in some form of delay,
caused by congestion. Note that at the end of the three hour period, 566 vehicles had not yet been
able to depart. Overall, the statistics for the base case evacuation indicate a near grid-lock
situation with significant delays such that a majority could not reach an exit of the evacuation
region within three hours.

Figure 7 depicts the network at the 2 hour time mark. Each arc on the network is coded in a color
that represents the average vehicle speed 2 hours after the evacuation event starts. Note many
sections of Highway 101 have traffic speeds that range from 6-12 miles per hour, and that the
majority of the road network within the City of San Luis Obispo experienced vehicle speeds that
averaged less than 6 miles per hour. Given that the majority of the network within the city close
to Highway 101 experienced such slow vehicle speeds, one can classify this condition as near
grid-lock. When assessing the results of this simulation, one must keep in mind that this is a
highly optimistic result for the base case. First, this does not consider any existing traffic on the
network when the call for evacuation occurs. Second, this does not account for any trip chaining
that may exist in a true evacuation, where a vehicle may leave a home, proceed to another
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Figure 7. Map depicting
congestion on network at the 2
hour time mark in simulating a
non-contraflow scenario. Note
those areas colored in pink
represent traffic speeds of less
than 6 miles per hour.
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location to pick someone up, and then proceed to an entrance route on the highway to evacuate.
Third, demand for those without cars, people with disabilities, the elderly, and those hospitalized
have not been considered. Thus, the results underestimate the demand for those who cannot
evacuate without assistance. Finally, the students who are housed on campus at Cal-Poly San
Luis Obispo have not been included. Adding these other demands would add significantly to the
critical nature of the event and further degrade the traffic flow.

Another way in which we can depict an evacuation is in terms of the number of vehicles that
have successfully reached an outlet (or exit) of the evacuation area per given time interval.
Figure 8 depicts for the base case the number of vehicles that have left the evacuation area for
each half hour time interval (given in seconds). For example, in the first time interval (0-1800
seconds), only a negligible number of vehicles have reached an exit (Atascadero or Pismo
Beach).

Base Case Vehicle Totals
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Figure 8. The number of vehicles successfully exiting the evacuation
area by time intervals in seconds. Note flow totals per interval are
quite low. Part of this is associated with very low average speeds on
Highway 101 and near grid lock conditions in areas close to Highway
101 in the City of San Luis Obispo.

5. Simulation results for a contraflow based evacuation plan

The mock contraflow plan was based upon reversing traffic flow on South-bound Highway 101
at San Luis Bay Drive to North-bound flow. San Luis Bay Drive is south of the City of San Luis
Obispo. Thus, all lanes of Highway 101 through San Luis Obispo are used to handle North-
bound traffic. The end of the contraflow section is at Santa Barbara Road at the southern
boundary of the City of Atascadero. The plan involves blocking specific on-ramps and off ramps
to aid in directing flow for both South-bound and North-bound lanes. Other ramps are reversed
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in direction of use so that vehicles can enter and travel northward on what was originally
designed for South-bound use. Additionally, traffic crossing most overpasses is to be blocked,
forcing traffic that reaches the highway to enter the highway. In preliminary simulations, it was
found that because of a mismatch between demand generated to the east of Highway 101 and to
the west of Highway 101, traffic circulated in an unusual manner that was not realistic. This
situation also made it difficult to calibrate a model using dynamic traffic assignment.
Accordingly, this one element was not modeled as a part of the contraflow plan. The Appendix
depicts a fixed route plan which is amenable to such route closures within the simulation. The
results for the contraflow plan are compared to the non-contraflow plan in Table 3. First, it
should be observed that the contraflow plan resulted in average traffic speeds during evacuation
of 20.3 miles per hour, whereas in the base case speeds averaged 7.2 miles per hour. From this
fact alone, one can assume that evacuation is substantially aided with the use of a contraflow
option. Of the 18,040 vehicles departing San Luis Obispo and evacuating using Highway 101,
only 4,248 vehicles are still on the network at the end of the three hour time mark. This is
substantially lower than the amount of traffic moving on the network at the end of the three hour
time period for the base case (that is, 13,292)! This also means that a majority of the demand
(12,855) had successfully evacuated and left an exit point at the end of the simulation period,
whereas in the base case less than a third of this number had reached an exit in the same amount
of time. Overall, one can observe, that in every category, the contraflow plan appears to
outperform what would be achieved without contraflow operations. One telling statistic is that
the average delay per vehicle for the contraflow plan is 31% of the average delay found for the
base case.

Table 3: Simulation results comparing contraflow with no contraflow sections

Data type 1 2 3 4 5 6 7
Non 13,292 4,159 4,923 7.2 23,865. 903.87 566
Contraflow
Contraflow 4,248 12,855 1,528 20.3 7,262 202.71 0

1 Number of vehicles in the network, All Vehicle Types

2 Number of vehicles that have left the network, All Vehicle Type

3 Average delay time per vehicle [s], All Vehicle Types

4 Average speed [mph], All Vehicle Types

5 Total delay time [h], All Vehicle Types

6 Latent delay time [h], All Vehicle Types

7 Latent demand, All Vehicle Types

Figure 9 shows the number of vehicles that have successfully left the area during different time
segments of the simulation. For instance, in the time interval of 3600 to 5400 seconds (1hour- 1
2 hours) approximately 2,900 vehicles were successful in leaving the evacuation area. Note that
after the first hour the system reaches a plateau in traffic exiting the system and continues
through the third hour. There appears to be a substantial gain in the numbers of vehicles
successfully evacuating in each time period for the contraflow case as compared to the base case,
except for the first half hour in which few vehicles exited the system in either case. The same
caveats hold true for the contraflow case as for the base case, that is, with respect to the issues of
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ignoring existing base-flow of traffic on streets and highways, people without cars, people with a
disability that prevents them from driving, people hospitalized or in convalescent care facilities,
and the student body at Cal-Poly San Luis Obispo.
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Figure 9. The number of vehicles successfully exiting the evacuation
area by time intervals in seconds for the mock contraflow plan.

Figure 10 displays the network at the 2 hour time mark for the contraflow case. Each arc on the
network is coded in a color that represents the average vehicle speed 2 hours after the evacuation
event starts. Some of the sections of Highway 101 have traffic speeds that range from 6-12 miles
per hour, and there are a number of areas within the City of San Luis Obispo that experience
vehicle speeds that average less than 6 miles per hour. If one compares Figure 10 with that of
Figure 7, one will see that the contraflow case appears to result in fewer areas of the City and
fewer sections of Highway 101 experiencing extremely slow speeds in contrast to the base case.

In a general comparison between the base case and the contraflow case, it is clear that a majority
of the residents of San Luis Obispo are able to evacuate within three hours under contraflow, but
are not with base case operations. It is important to note that the results for each case might
dramatically change given a different departure histogram. For example, spreading demand over
a larger time frame may result in better traffic flows in comparison to restricting all departures to
be made within the first two hours. Further, if such a model were to be used in fine-tuning an
evacuation plan, then a number of different scenarios would need to be run in order to both fine
tune a plan as well as identify major bottlenecks that might need traffic control. It is also
important to note that there may be specific road issues that are part of a local knowledge base
(local transportation engineers and traffic control officers) that need to be included in the traffic
simulation. This “local” knowledge cannot be easily recreated and consequently, it is important
that local experts be involved in such planning.
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Figure 10. Map depicting
congestion on network at the 2
hour time mark in simulating a
mock contraflow scenario. Note
those areas colored in pink
represent traffic speeds of less
than 6 miles per hour.
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6. Discussion of results

Charts and screenshots both indicate significant queues building over time on many sections of
the transportation network for the base case. Areas within the City of San Luis Obispo have the
longest queues and slowest vehicle speeds which is to be expected given the high population
density and corresponding travel demand (traffic inputs). The base case (no contraflow) queuing
and congestion may be the primary reason that only 1/3 of the vehicles on the network make it to
'safer' areas away from the Diablo Canyon power plant in the time frame that was modeled. In
contrast, the contraflow example yields demonstrably better results, where the majority of
vehicles make it to an exit point of the evacuation area and where the average vehicle speed is
nearly three times faster. Overall, the “mock” contraflow plan appears to be very promising.
Although this is only a “mock” evacuation plan, there are appealing features to this plan in that
the capacity to handle traffic heading away from San Luis Obispo has been significantly
enhanced. However, there are elements in the mock plan that deserves further scrutiny. They are:

e Alternate routes should be fully utilized for evacuation, most notably State Route 1
(Northwest area of network) and State Route 227 (East area of network). This may mean
that more traffic should be diverted from San Luis Obispo and Highway 101, or vice
versa. Such an analysis would need to be based upon the DCEP plan and a micro-scale
traffic model.

e The mock contraflow plan does not allow vehicles to utilize Highway 101 over- or
underpasses, whereas the simulation model results reported here do allow that traffic to
occur. This helps to relieve some disparities in travel demand between those
neighborhoods on the east of Highway 101 and those on the west of Highway 101.
Selected crossing locations can help to balance traffic demand entering Highway 101,
fully utilizing the contraflow section and the regular flow section of the highway.

e The simulation model does not consider the possibility of trip chaining, where an
individual may start at their place of work, return to their home, pick up someone and
proceed to evacuate. This is a more realistic situation in an emergency, and such behavior
cannot be captured in this modeling approach.

e The mock evacuation plan is far from complete. One can consider this as an exercise in
thinking forward to a possible emergency. Such plans can be complicated and the
requirements to fully support such a plan have not been fully analyzed within the context
of setting up a contraflow segment. Operating a contraflow plan in Louisiana during
hurricane Katrina took a considerable amount of state resources and time to set up. In the
case of Katrina, state troopers and parish police had a considerable amount of advanced
warning and time to set up the road system for contraflow operations. In a nuclear plant
disaster, there may be little warning and the personnel needed to setup a contraflow
system may take time to amass.
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7. Limitations

The simulation presented here is a best-case type simulation. Traffic is likely to be worse as there
are a number of assumptions that have been made. First, the simulation results are based upon 1
vehicle departing per household. This is likely to be a lower bound on the average number of
vehicles being used in evacuation. Second, we have assumed that departures times are random
with the first two hours of the event. Random uniform departures from traffic input points over
the 2 hour window may not reflect trip departure timing during a real evacuation. This
assumption does not necessarily match what might be expected in actual behavior, as little data
has been collected for such events and a complete understanding has yet to be developed.
Although, demands for major evacuation events like hurricanes are better understood, these often
happen over larger time frames, and such events do not necessarily represent the urgency that
might be present for a wildfire, tsunami, or nuclear disaster. Third, special demands like
hospitals, nursing homes, the homeless, those who don’t own cars, and those living at Cal-Poly
San Luis Obispo have not be included. The bottom line is that a contraflow plan for this area
appears to be beneficial, aiding in substantial increases in average travel speeds and in larger
numbers of vehicles leaving considerably earlier than what happens in the base case (do
nothing).

8. Suggested Future work

The objective of this project was to capture the essence of a mock contraflow plan involving an
emergency at the Diablo Canyon Power Plant. Although many of the main problem elements
were captured to the point that a simulation model could be applied, there are a number of
remaining issues that should be considered in any future improvements to the VISSIM model
addressing. They include:

1) Current traffic inputs should be overlaid on aerial imagery and the placement be assessed.
It may be possible to move these inputs to correspond better with the actual locations of
housing within each census block.

2) Highway 101 entrance ramp daily traffic counts supplied in the appendix of the Caltrans
plan could be used to calibrate traffic flow. These counts could essentially serve as a
scaling factor to help determine how heavily each entrance ramp will be used.

3) Network geometry should be corrected using aerial imagery. Only selected intersections
at Highway 101 were corrected. This may not materially change the results of the model
as the attributes of the links dictate use in a simulation but improve its use in
visualization.

4) Traffic signal timing should be implemented, and reduced speed areas and conflict zones
defined for the entire network. Also, fine tuning of merging behavior is necessary. Both
tasks can be very time consuming. Collecting signal settings for the city and integrating
them would help to close many of the remaining gaps in the model developed here.
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5) Plume spread model(s) could be integrated with the traffic simulation model to assess
radioactive material exposure risk during the evacuation.

Beyond the work involved with the simulation effort using VISSIM, there are several problems
that should receive attention. The first of these is the development of a model that helps estimate
the time it will take to amass resources and set up a contraflow plan in an emergency. In fact,
Caltrans should develop supply models which estimate how much time it would take to reach
any part of their system with a prescribed set of equipment and trained personnel. A second
problem of major importance is the development of models which can estimate the demand for
evacuation on the part of those not using personal vehicles and those requiring assistance (e.g.
those who need public transit). Further work should also involve modeling when evacuation
demand is exerted during an emergency. Finally, more accurate methods should be developed for
determining the location of individuals by time of day. The simulation here is based upon the
assumption that everyone starts at their home and evacuates. This is clearly a poor assumption
during daytime hours, when many people are at school or work. Models like SimAgent may be
employed for this purpose.
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Appendix: Simulation for a contraflow evacuation plan using fixed routes

Evacuation modeling can be accomplished using linear flow models. This type of modeling
technique has been used in building egress models as well as wide area evacuation, including
emergency evacuation planning zones around nuclear power plants. Perhaps one of the most
widely accepted approaches is one based upon paths. As an example, one form of that has been
used to generate an estimate of evacuation effectiveness is the following:

1) Generate for each leaving vehicle a departure time.

2) For the vehicle that has not yet left and has the earliest departure time, identify the
shortest path to leave based upon an estimate of congestion generated by those who have
already left and chosen a route. Assign this vehicle to that path which is the shortest
according to current trip assignments.

3) Have all vehicles left? If yes, stop and tally the times vehicles reached an exit to the
evacuation region. If not, then return to step 2.

This approach can be used to give a rough approximate of the effectiveness of an evacuation
plan. An alternate form of this is to define fixed routes for sets of individuals in leaving an area.
For example, in the San Luis Obispo area there were 260 different individual neighborhoods that
are used for sources of vehicles leaving the area. For each of these 260 neighborhoods (or census
blocks) we can define a route that those vehicles will take to leave the area. We assume here that
people will not make dynamic route changing decisions, but use what looks to be logically the
route of first choice. This type of option is supported in the PTV VISSIM software as well. In
order to perform a simulation using this option, it was necessary to code a fixed route for each of
the neighborhoods. The simulation is then used to model congestion associated with the fixed
route plan. This approach is just as efficacious as the path based model described above. In fact,
in many ways it can be considered to be better than that approach as it more accurately depicts
individual route congestion. In this appendix, we present the results of a simulation based upon
fixed routing for each census block.

The assumptions used in the example presented here are the same as those presented in Table 1,
with the exception that each of the 260 neighborhoods have a defined route for exiting the area
and that all demand is set up to leave in the first hour of the simulation. Whereas, the dynamic
traffic assignment results presented in the main section of this report are specified for evacuation
demand spread out over two hours, we assumed for the fixed route analysis a more intense,
shorter duration of evacuation demand.

At the end of the first hour of simulation, 2,005 vehicles (11.2%) have passed Cuesta Grade. This
represents flow that has passed safely over the grade heading to Atascadero. At this same time
6,226 vehicles (34.9%) have passed the last entrance ramps on Monterey Street in San Luis
Obispo. This means that in the first hour, approximately a third of the traffic demand has reached
a point where they have merged onto Highway 101 and are traveling north from San Luis
Obispo.

The evacuation event can be analyzed from the perspective of each onramp and sections of
Highway 101. Rather than show details of each highway element, data in this appendix is
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summarized for all ramps, those on the freeway north of Cuesta Grade and those on the highway
north of the Monterey Street onramps. Figure 11 presents a chart which gives the distribution of
vehicles reaching the northern most collector point over the time of the simulation. This depicts
the number of vehicles having reached north of Cuesta Grade per minute. Note that the time lag
in traffic reaching this collector point is approximately 22 minutes. After 22 minutes the traffic
reaching this point begins to increase until it averages a flow of approximately 60 vehicles a
minute. To serve approximately all 18,000 vehicles would take up to 4 hours. Figure 12 gives
this same distribution for those cars passing just north of the Monterey Street exit at the northern
boundary of the City of San Luis Obispo). This figure shows that the number of vehicles having
merged onto Highway 101 and begin their trip to Atascadero starts with almost no lag in time
from the beginning of the evacuation event. The traffic volume per minute quickly ramps up to
an average that is between 100 and 110 vehicles per minute. Much of this volume is predicated
on the number and capacity of entrance ramps as well as the time in which it takes to merge into
the traffic lanes on Highway 101.
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Figure 11: Total vehicles per minute passing data collector on Route 101 at end of
contraflow section

Figure 13 depicts the number of vehicles merging onto Highway 101 per minute over all
entrance ramps. This shows that the number of vehicles entering the system quickly ramps up to
180 vehicles per minute, but as congestion starts on Highway 101, the entrance flow begins to
decline. After the first fifteen minutes the traffic entering onto Highway 101 declines to an
equilibrium rate of approximately 110-115 vehicles per minute.

As the traffic begins to increase, average vehicle speeds on Highway 101 begin to decrease. This
phenomena can be understood by calculating the maximum delay that is experienced by any one
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vehicle entering the system. Figure 14 depicts the maximum queue delay faced by those vehicles
reaching the end of the contraflow section. Note here that queue delays for cars reaching this
point reach 1500 seconds at the end of the hour. This means that of the cars reaching this point,
the maximum queue delay experienced was approximately 25 minutes.
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Figure 12: Total Vehicles per minute passing data collector on Route 101 after the last
entrance ramp at San Luis Obispo heading north.

Figure 15 depicts a similar trend for the maximum queue delay faced by vehicles having passed
the Monterey Street onramp, except that the maximum delays begin to ramp up from zero almost
immediately after the start of the evacuation event. Here the maximum delay experienced by any
one vehicle reaching this location at the end of the first hour is 50 minutes. That is, almost all of
the travel experienced by that vehicle in that hour was queue delay! This means that there is
considerable delay experienced by drivers in reaching Highway 101.

To understand where congestion occurs during the evacuation event and the fixed route scenario,
maps were produced for three times: 20 minutes, 40 minutes, and 60 minutes. The images
produced by VISSIM show the average speed [mph] of each vehicle on the network after 20
minutes, 40 minutes, and 60 minutes of simulation time. Highest speeds are indicated by green
colors and lowest speeds by purple, with yellow at the midpoint. Figure 13 depicts the status of
the system after 20 minutes. Note that the average speeds on Highway 101 are principally
colored yellow, indicating that the speeds averaged 21-30 miles per hour. There are some
locations on Highway 101 which experienced larger delays and are colored brown to red. In the
City of San Luis Obispo, delays on a number of arterials are colored magenta or red. This means
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that speeds on these streets ranged from 0 to 6 mph (magenta) and 6-12 mph (red). Thus, the
traffic in the city is congested even after the first 20 minutes over many of the major streets.
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Figure 13: Total Vehicles per minute passing data collectors on all Highway 101 entrance
ramps.
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Figure 14: Maximum queue delay time on Route 101 at the end of the contraflow section
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Figure 15: Maximum queue delay time on Highway 101 after last entrance ramps
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Figure 16: Maximum queue delay time on all Highway 101 entrance ramps

80




Figure 17: Vehicle speeds 20 minutes after evacuation begins
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Figure 18: Vehicle speeds 40 minutes after evacuation begins
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Figure 19: Vehicle Speeds 60 minutes after evacuation begins.
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Figure 18 gives the view of traffic congestion at the 40 minute time period. Here it can be seen
that the traffic speeds on Highway 101 have not materially changed, but congestion in the City
has increased, where many street segments that were coded as red at the 20 minute mark are now
colored in magenta at the 40 minute mark, indicating that traffic has been further slowed down.
Note that some street segments colored in yellow at the 20 minute mark are now colored in
magenta at the 40 minute mark. Also note that congestion has spread to outlying streets in the
city. This pattern of congestion extends even further when moving from the 40 minute mark to
the hour mark (Figure 19). It should not be a surprise that the constraints on fast evacuation are
associated with the capacity of the highways to carry that traffic as well as the ramp capacities in
accommodating inflow traffic. One must note that such patterns of congestion would have
advanced faster with higher levels of congestion within the city without a contraflow setup.

It is important to note that this appendix presents results for a fixed route plan for all residents.
This mimics the type of modeling that has been done in the past with fixed routes (without
dynamic traffic assignment). The results here differ from the contraflow plan generated for
dynamic travel assignment in one principal way: travel demand is spread out over one hour and
not two hours. In either case (dynamic or fixed), a complete evacuation can be accomplished in
approximately four hours. This estimate, of course, ignores possible delay effects of trip
chaining, ignores populations needing assistance, does not include the impact of Cal-Poly San
Luis Obispo, and ignores current traffic levels on streets and highways. What is important is that
there appears to be a very real benefit to designing a contraflow plan, assuming local resources
are ready and available to support such a plan.
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1. Introduction

In this summary, we will cover the use of Dynamic Traffic Assignment (DTA) in
transportation systems modeling with VISSIM®. Roughly speaking, DTA is the modeling of
the interaction between a transportation network and its users (network agents) with
special consideration to how these interactions evolve through time. This is in contrast to
the Static Traffic Assignment (STA) modeling approach which does not take into account the
temporal aspects of transportation network-network agent interactions in that either the
nature or impact of these interactions is limited or more simply, time is omitted from the
model altogether. The difference between the dynamic and static approaches will be
highlighted throughout this report and presented in the context of modeling evacuations in
the VISSIM environment.

1.1 Scope

The scope of this summary will be that of a general introduction as to how DTA operates in
VISSIM and a general guide in how to implement DTA in VISSIM. No prior knowledge will be
assumed about DTA; however, some prior knowledge about using VISSIM is required. The
goal here is to allow a beginning VISSIM user with a limited background in transportation
modeling to: develop an intermediate understating of how DTA works in VISSIM, know how

to implement DTA in a modeling project, and how to interpret the output of the DTA model.

1VISSIM is a transportation modeling software product created by the PTV Group.
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The understanding of the DTA process and its output will be the main emphasis of the main
text while the implementation of DTA in VISSIM will be left to the appendix of this report.
1.2 Sources

Our main sources of information include the 2011 PTV VISION VISSIM 5.30-05 user manual?
and the author’s experiences working with the Mission Canyon and Diablo Canyon
evacuation models in VISSIM. Thus, the bulk of the material can be presumed to have

originated from the PTV manual unless otherwise noted in the text.

2. Foundations of Transportation Networks in VISSIM

Transportation system modeling in VISSIM takes place using a micro-scale simulation
approach whereby discrete network agents (such as individual vehicles, bikes, buses,
people, etc.) interact with each other on a transportation network, which consists of a set
of locations and the set of connections between them (such as roads, bus lanes, bike lanes,
etc.). The micro-scale simulation aspect of this modeling entails that the interaction
between network agents is modeled at a fine resolution in terms of: 1) time, 2) the individual
behaviors and attributes of the network agents (agent heterogeneity),® and 3) the
context/state/environment of the transportation network as it relates to the network
agents. We now explore these concepts in further detail.

2.1 Network Agents

At the core of transportation system models in VISSIM are network agents. Fundamentally,

the network agents are realizations of abstract entities whereby the realizations are the

25,30 represents a compromise for the VISSIM 5.xx versions and, unless noted, the concepts and procedures
described in this summary should be compatible with and 5.xx version after 5.20.

3 In contrast, coarser approaches (such as macro or meso scale modeling) do not consider individual
interactions but rather consider the aggregate behavior groups of homogeneous network agents, usually
with analytical functions.
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actual individual objects that move within the modeled transportation network during the
simulation. The abstract entity on the other hand, simply refers to the vehicle type, which
specifies the range that the attributes of a realization can take. In VISSIM, the default vehicle
types are (other types exist)* cars and heavy goods vehicles (HGVs). As such, a simulation
using the default vehicle types for generating network agent realizations will populate the
transportation model simulation with realizations of cars and HGVs in accordance with
parameters set by the modeler regarding the total number realizations needed and the
specified proportions of each vehicle type. In VISSIM, one does not declare the population
size of each vehicle type individually, but rather declares the number of desired realizations
for the simulation and uses a vehicle composition, which is a collection of vehicle types, to
specify the proportions of vehicle types. Furthermore, one is not limited to using the default
vehicle composition of one standard car and one standard HGV vehicle type as vehicle
compositions are neither restricted to only two vehicle types or to only standard cars and
HGVs. In fact, additional vehicle composition classes can be generated whereby each vehicle
composition can possess more, fewer, or different entity classes. Furthermore, multiple
instances of a particular vehicle type are also allowed in a vehicle composition, although
typically each multiple of a vehicle type possess different value ranges or distributions for
single or multiple entity attributes, which are defined as the set of characteristics that are
pre-specified (often by default or by the modeler) and immutable for all network agents.

In other words, all realizations of network agents are assigned a specific value for every
entity attribute it possess® and the specific value assigned to each network agent (and for
each of its attributes) is based upon the specifications of its vehicle type. Although these
specifications are pre-defined for all entity attributes in terms of the allowable value

ranges and how the allowable entity attribute values are distributed, the range and

4 For example, busses, trams, bicycles, and pedestrians can be modeled in VISSIM.
5> All vehicle types possess the same set of entity attributes.
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distribution of values can be readily modified by the modeler.

It should be noted that the specific entity attribute values assigned to all network agent
realizations, regardless of entity class, are always independent of the actions or
characteristics of any other network agents and of other transportation network
components with which the network agent might interact.® The entity attributes include:
the desired speed of the vehicle,’” vehicle length (an attribute not modifiable by the
modeler), the weight of the vehicle, max and desired acceleration, vehicle width, vehicle
occupancy, and the power of the vehicle. In all, the ability to create multiple vehicle types
allows for different geographic areas or time periods to have varying populations of
vehicles and occupancy. Beyond entity attributes, another fundamental aspect of network
agents are their behaviors which we define as the rules guiding how network agents react
with other network agents, to certain events or components of the transportation
network or components located on it. Similar to entity attributes, many parameters of
driver behavior can be modified, although, unlike entity attributes, rather than having to
specify them for every entity class, driver behavior affects all entity classes in a similar
way. How these behaviors are imparted to network agents is discussed in Section 2.2.1.
Examples of some driver behaviors include the look-ahead distance, lack of attention,
looking back, lane changing, and inter-driver co-operation. By and large the
implementation of these behaviors are pre-defined by VISSIM although a variety of
implementation options are offered and, in some cases, they can be modified by the
modeler in terms of the behavior’s extent or its propensity to occur. As to how the
behaviors and attribute ranges and distributions are determined for each class is beyond

the scope of this report. VISSIM provides default attributes and behaviors to the standard

6 This is in contrast to the ‘state’ of an entity, which describes characteristics of entities that are subject to
change.

7 This is the speed that a vehicle of this type would travel as if it was unencumbered by traffic or the nature
of the road it was traveling along.
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vehicle types, but again, whether these values are appropriate is up to the modeler to
decide. It suffices to say however, that the model parameters are typically selected in
order to either reflect the attributes and behaviors of the network agents from a
transportation system being modeled, or parameters can be selected to produce scenarios
of interest. Whatever the justification for the specific parameter assignments, however,
the importance of this task should not be underestimated as these parameters essentially
guide every network agent’s decisions during the simulation and thus play a large role in
determining the nature and outcomes of interactions between agents. This is readily
apparent considering that a network agent’s attributes will largely guide how they will
move through the transportation network subject to their behaviors when such agents
encounter other agents. Typically these interactions are non-linear and thus there is a
possibility that the aggregate behavior can be sufficiently non-linear (or even chaotic®) in
nature such that our general understanding of the model is diminished. As a consequence,
our ability to make predictions is diminished given the uncertainty surrounding how
attributes and behaviors affect aggregate behavior. This is not meant to imply that every
model will be problematic, but rather a strong recommendation to carefully assign
attributes and behaviors to network agents despite the availability of default behaviors
and attributes when conducting micro-simulations in VISSIM. This comment is especially
important with systems that are large and complex or when fine measures about the

network agent travel behavior are desired.’

8 Chaos entails 3 behavioral characteristics of a system, however for DTA modeling typically include only two
specific characteristics of chaos, and whether they are exhibited in the model, are of interest. These
characteristics include: a sensitivity to initial conditions and instances where very different initial conditions
produce the same outcome. A common example in transportation modeling is a minor event such as
merging into a lane resulting in a huge traffic jam.

9 If there is not sufficient information to guide the assignment of behaviors and attributes, performing
extensive validation and verification procedures is advisable. Visual examination of the experiments and
sensitivity analyses of parameters are commonly used in cases where information is scarce.
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2.2 The Transportation Network

In dynamic traffic assignment, the transportation network is first and foremost the domain
where interactions between network agents occur and thus the network must be defined
accordingly. To model transportation networks, VISSIM uses a graph approach. The main
components of a graph are vertices and edges, whereby the vertices represent a particular
location of interest on the transportation network (such as the end of a street, beginning of
an intersection, transition point between a street and road, etc.) The edges represent a
connection (such as roads, bike paths, or bus lanes) between vertices. Thus, when creating
an abstraction of our transportation network graph (TNG) in VISSIM, links are created to
explicitly represent the edges as well as vertices. Additionally, VISSIM allows for the creation
of logical connectors, which are used to connect links and are often used in modeling an
intersection or turn restrictions along a route. It is only on these three components that
network agents can be located, travel through, or interact with other network agents given
that all network agents are constrained to the transportation network until they “exit” the
transportation network.'® There are special elements, called nodes, that will be discussed
below which allow, for example, one to define a controls for an area. Nodes are objects that
are distinct from the network vertices. This could be a point of confusion that arises with
people who are familiar with network models, as the terms vertices and nodes are often
used interchangeably. In VISSIM, nodes are NOT to be confused with vertices. Vertices are
points of connection for edges or simply endpoints of edges. Nodes may not necessarily
represent network features, but serve a wider function.

Another important aspect of the transportation network is that VISSIM’s simulation

approach allows for the TNG’s links and connectors to dynamically influence network agent

10 Exiting the network usually occurs in one of two ways: network agents can “drive off” the network if the
last link on their route is not connected to any other link, or they disappear from the network. The latter
usually this occurs due extreme congestion not permitting a network agent to enter a new link or general
transportation network after a substantial amount of time.
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decisions or actions as they move through the network. All of these objects can be assigned
attributes and behaviors that can affect the actions of network agents that interact directly
or indirectly with any of them. The non-link and connector network objects of interest in
this report includes nodes, markers, and routes given their role in Static Traffic Assignment
(STA) and Dynamic Traffic Assignment (DTA). The first object of interest, a node, is simply a
component that has a defined boundary, which can be as small as an area including a
subsection of a link or connector or as large as a collection of links and connectors. Its
functions include inducing temporary changes in certain behaviors of network agents as
they travel through such a node, with the node type determining the behavior to target.
Markers are objects located at specific points in a network and can influence network agents
at a distance or as they approach the object. They can also be used to specify source points
for vehicle instantiation. Finally, routes are objects that can be overlaid on links and
connectors and perform the function of routing network agent’s from a set origin to a set
destination via fixed (i.e. fixed or static) routes. A final note on network objects is that
beyond simply influencing network agent behaviors or actions, many components also serve
functions related to the way VISSIM operates in general. For instance, certain nodes help
determine the ultimate topology of the graph that VISSIM will use for the simulation. Both
markers and nodes are used to introduce and remove vehicles from the TNG. More details
will follow in their respective sections.

2.2.1 Links and Connectors

The first way in which links and connectors influence network agents is that they can possess
many attributes that directly affect the movement or travel decisions of network agents.
The most obvious one is the physical capacity of the link or connector, which is a function
of the number of lanes that they have and their length. In VISSIM, links and connectors have

no immediate maximum length restrictions however, with respect to lanes, connectors are
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limited to a single lane,! whereas links can be created with up to 20 independent lanes.
Further, link and connector attributes include: cost, gradient, lane closure status, lane
change permissibility, and lane-width, all of which affect the actions of network agents as
they travel through the links and connects, or, in a more indirect way, by influencing the
decision making of network agents as they plan their trips. As with the entity attributes,
default link and connector attributes are provided by VISSIM but many can be modified by
the analyst. Lastly, links and connectors can influence network agents through their
behavior type, an attribute that modifies the driver behavior of each vehicle agent as they
make contact with the link or connector by traveling on it. These modifications to the driver
behavior remain with the network agent as long as they remain on the same link or
connection. If a subsequent link or connection is reached but shares the same behavior type
as the previous link or connection, then the driver behavior will remain the same.
Otherwise, the network agent will adjust its behavior to that of the new link or connection
it has entered.

2.2.2 Nodes

To reiterate, nodes are non-point behavior changing objects or indicators located
throughout the TNG. Even though links and edges are similar with respect to the graph,
nodes are not analogues of vertices of a TNG. Whereas vertices are created when an edge
is specified, nodes are created at specific locations in the transportation network. Nodes are
used to coordinate special types of interactions between agents, directly manage the
actions of agents, and/or temporarily modify the behaviors of individual network agents
within the influence area of the node. Often Nodes indicate critical decision-making
points/areas of the transportation network. Lastly, Nodes can be used to help VISSIM

manage the topology of the TNG in an efficient manner. In the remainder of the report we

11 Connectors join links by associating lanes of two links rather than just associating the links themselves.
Also, a single link lane can connect be to multiple link lanes on both the ‘incoming’ and ‘outgoing’ end.
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will refer to a specific Node object by capitalizing ‘Node’ 2. The rationale for this is that
there are a multitude of objects in VISSIM that are conceptually viewed as nodes but are
not named or recognized as nodes by VISSIM® thus impeding a clear, concise discussion
about the structure of transportation networks in VISSIM.'* Issues of semantics aside, the
three types of nodes that exist in VISSIM are zonal, indicator, and decision point nodes. This
includes objects such as parking lot zones, yielding zones, conflict zones, and reduced speed
areas. We will concentrate our discussion here to parking lot zones and the use of nodes in
STA and DTA in VISSIM.

Parking lots zones'> (PLZs) are used to specify the origin, or a location on a TNG where
network agents can enter the network and often, to also specify the destination or network
exit point for network agents. The idea behind this is that during simulation runs, VISSIM
will search for paths that can be used by the network agent to get from its designated origin
to its designated destination, a process more extensively discussed in Section 3.4.2. In
VISSIM, Nodes are essentially indicator nodal objects that are used to manage the topology
of the complete TNG. The first way in which it accomplishes this is by assisting VISSIM in
determining the topological relationships between non-link/non-connector network
objects on the TNG. Its second and largest role, particularly when working with massive
TNGs, is that nodes can help reduce the complexity of the complete TNG by transforming it
into a more topologically simple abstract graph. This will be discussed in section 2.4.1. The
size of such Nodes can be as small as that needed to cover a simple fork in a road, which

would include a segment of one link’s end and those of the two other links, or, their size can

2 The specific object ‘Node’ will always be capitalized while the conceptual class node will never be
capitalized beyond the location of this footnote.

13 This is because VISSIM organizes and names its objects mainly by their designated function. Thus, many
conceptually similar objects end up being scattered throughout the many program menus.

14 The segregation of conceptually similar objects arguably leads to many redundant descriptions,
explanations or references.

15 The parking lot zones are used for modeling parking lots, but in VISSIM they also serve the function of
designating origins and destinations for network agents.
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as large as would be needed to encompass a massive cloverleaf freeway interchange
structure, which usually are modeled with a large number of links and connectors.
Regardless of the “apparent” size of a Node, they viewed as a “vertex” within the TNG*®
when VISSIM complies the TNG for a given simulation.

2.2.3 Markers

The marker of interest is predominantly!’ that of the vehicle input marker (VIM) whose role
is that of designating a location on a link in the TNG from which vehicles can enter. The
parameters of this type of marker include a set of time intervals whose number and length
are defined by the modeler.'® Furthermore, each time interval is loaded with information
about the volume of network agents that will leave within a particular time interval and the
vehicle composition of the vehicle types that will leave that node. Purposely excluded as a
VIM attribute, however, are parameters with information about the destination of the
vehicles emanating from the VIMs. As previously stated, this is a function that can be
handled with PLZ nodes.

2.2.4 Routes

Routes function by forcibly routing network agents, of selected vehicle types, through an
entire fixed (or static) route upon entering the route, but only if the network agent’s point
of entry was the route’s origin. Furthermore, similar to Nodes, on certain junctions of the
TNG, routing decisions maybe placed whereby network agents can diverge to different
connected static routes according to proportions set by the modeler.'® Also, the vehicle

types that are allowed on the routes can be restricted, including places where network

16 One exception to this is that nodes can either be aggregated into a single polygon node or maintained as a
collection of link segment nodes. Although both nodes have the same function, the latter approach allows
for more control over the model by allowing certain nodes to be ignored for information collecting purposes
or as a decision point in DTA. Furthermore, it is possible to convert between these two types if needed.

17 Other types of markers include things such as stop signs and desired speed decision markers

8 Note multiple vehicle input nodes can be placed and share the same time intervals

¥ The vehicle type proportions can be set to vary with time.
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agents can diverge to different paths.

2.3 Network Agents and the Transportation Network Graph

In the previous sub-sections, much of the relationships between network agents and TNGs
have been discussed. To summarize, a TNG can directly and indirectly influence network
agents via the attributes of links and connectors. Furthermore, since TNGs are the only
place where vehicles are allowed to be located we can expect network agent-to-network
agent interactions to occur here as well, with the outcome of these interactions being
dependent on the behavior, state, and attributes of the interacting network agents as well
as those of the relevant TNG links and connectors. Lastly, additional objects can be located
on the TNG (such as nodes, markers and routes) that can further extend the influence of the
TNG in a variety of ways, including how vehicles are controlled in routing. Discussion on the
issue of routing and guidance on selecting between the VIM and PLZ approaches is
presented in Section 3.4. Nevertheless, we can begin to introduce some of the issues
surrounding the PLZ and VIM paradigms by looking further into how TNGs are processed by
VISSSIM.

2.4 Compiling Transportation Network Graphs

Before the micro-simulations phase of the model begins, VISSIM must first compile the TNG,
as well as any associated network components, into an abstract TNG, which is a secondary
TNG that VISSIM uses during the simulation phase for a variety of purposes.?® Exactly how
the abstract TNG is compiled and eventually used, however, is largely dependent on
whether a VIM or PLZ modeling approach was selected. To explain how they differ with
respect to the compilation process, and the implications of these differences, we begin the
discussion with the PLZ approach, as the compilation of the TNG is extremely critical for its

implementation.

20 It should be noted despite the creation of an abstract TNG, all direct Network Agent-Network Agent or
Network Agent-Network interactions occur strictly on the original TNG.
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2.4.1 Parking Lot Zones and Network Compilation

When using PLZs there are two general issues that must be addressed due to the very nature
of PLZs. First, although PLZs have explicitly defined origins and destinations for every
instantiated vehicle, there are no routes that are provided beforehand by VISSIM in order
to guide vehicles from their origin to their destination. As a result, VISSIM must somehow
provide these vehicles with some mechanism to find routes (if they exist at all!) in a process
that can be computationally challenging. Second, even if the set of routes between an origin
and destination are known, the attractiveness of routes (or general cost - in the unattractive
sense) relative to others must be established. This is further complicated when costs beyond
distance are considered, such as travel time or tolls or when certain vehicle classes are
subject to different restrictions.

Routes and Parking Lot Zones

Consider a sufficiently large and/or complex network with a non-trivial number of PLZs. In
this case, routing can be an extremely daunting task as the set of all possible paths between
an origin and destination, or even just the subset including only reasonable paths, might be
incredible in size and thus making the route search process computationally infeasible
considering an incredible amount of computational power would be required to find and
search through an enormous set of possible routes, and not to mention, the amount of
memory that would be required to store these route sets would be extremely large. This is
further complicated by the fact that since not all vehicles leave at the same time or from
the same place, a naive approach to routing becomes more impossible as the number of
modeled vehicles increases. In order to reduce the severity of these computational issues,
during compilation, the PLZ approach attempts to reduce the complexity of the route issues
by forming a less complex, and thus more computationally manageable, abstract TNG via
vertex and link reductions. The goal here is for the abstract graph to retain only the

information from the original TNG that is needed in order to efficiently find and store
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routes.’'To reduce the vertex set size for the abstract TNG, rather than having vertices
where every link begins and ends (following the VISSIM’s graph approach), vertices are
limited to locations where critical routing decisions occur and around certain network
components, which can potentially obstruct routes (such as PLZs). As hinted to in Section
2.2.2, this process involves the use of Nodes, which are created on critical decision points,
such as over intersections, or they simply surround the network component —such as is the
case with PLZs.

As for the link reduction procedure, it largely follows the vertex reduction as VISSIM will
merely combine a series of sequential links segments, from the TNG, that connect two
Nodes in order to create a new link, known as an edge, for the abstract graph. Thus, when
searching for routes or storing them, only the edge information will be analyzed or
recorded. Therefore, after this graph reduction procedure, the resultant abstract graph
should contain far fewer vertices and links than the original TNG which in turn should result
in a set of paths that is also smaller. This, in turns, reduces the computational burden.

Route Attractiveness

Within VISSIM, the issue of keeping track of route attractiveness is largely addressed by the
use of the abstract TNG. In addition to simplifying the TNG by generalizing it to a set of
routes through the use of edges, the abstract TNG maintains information about the
generalized costs/ attractiveness of these edges. Thus, as the simulation unfolds, the edge
information is continually computed and updated so as to reflect the most current state of
the various parts of the network, which in turn will assist vehicles in navigating efficiently
through the network.??

2.4.2 Vehicle Input Markers and Network Compilation

21 The exact way in which these routes are found are discussed in Section 4.
22 The process of agents (vehicles) choosing between routes and the manner in which edge cost are
calculated is presented in more detail in Section 3 and 4.
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In contrast to the PLZ modeling approach, VIM (Vehicle Input Marker) is the least
complicated in terms of compiling the TNG. With the VIM approach, VISSIM will depend
mostly on the topology of the original TNG?? rather than an abstract TNG during the
simulation phase. This is mainly due to not having any destination explicitly specified. This
eliminates the need for VISSIM to find an explicit route set, and their associated general
costs, for any vehicles starting from a VIM. In fact, in this paradigm VISSIM will simply release
vehicles onto the TNG and then leave it to other network objects (such as paths) to guide
vehicles, but only if such network objects happen to interact with the VIM instantiated
vehicles. In fact, in the absence of any interaction with a network object capable of routing
vehicles will aimlessly travel through the network until it somehow exits the network, or

disappears from the network due either severe congestion or it reaching a dead-end.
3. Transportation System Modeling with Traffic Assignment?

Formally, a transportation system model consists of the three parts: a supply component, a
demand component, and a component concerning how these two components interact
with each other - the component of traffic assignment. The first component, supply, consists
of the structure of the transportation network to be modeled and how such a network
responds to congestion generated by the vehicles.?> The demand component on the other
hand, is concerned with the task of modeling vehicular trips, which includes the trip origin,
destination, and departure times. Also, part of the demand component involves
determining the general routing preferences of drivers within the model. As such, the traffic
assignment component then consists of primarily of how vehicles will select their routes

from an origin to a destination given the preferences and decisions made by the agents

23 Assuming no origin and destination PLZs are used in the model.

24 This section is based heavily on the book Transportation Systems Analysis: Models and Applications (2009)
by Ennio Cascetta and the FHA’s Traffic Analysis Toolbox Volume X1V (2012).

2> Some authors refer to this as the level of service attributes.
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(vehicle drivers). It is important to note that the nature of each component of the model is
in some way largely driven by the intended scope of an associated transportation project.
In turn, the transportation project’s scope is often the outcome of negotiations between a
variety of stakeholders, which may have different goals or visions for the project — often
because of some vested interests related to the project. Without knowing the scope of a
project beforehand, it is rather difficult to generate a set of general guidelines. For instance,
the level of effort that should be devoted to defining certain aspects of components is one
aspect that can widely vary from project to project. Some projects might call for an extreme
amount of detail and accuracy of a certain aspect of one component, while other projects
might see the very same aspect as an unimportant. Therefore, the discussion of each
component in this report will try to focus on outlining the general characteristics of each
component rather than attempting to describe a plethora of special circumstances about
them. For this section, the goal is for this guide to serve more as a starting point rather than
a solution manual.

3.1 Supply Models

In relation to the other two components, the supply model can be thought of as a
foundation for the other two components in the transportation systems model. While the
relationship with the traffic assignment component is trivial, the modeling focus begins with
recognizing the organization of the supply model as it will serve as an input for the demand
model, both for functional reasons and in order to determine how the demand model can
be structured. Unless a transportation network is planned and built from scratch, it is
difficult to make sense of the nature of the demand component of the model. This is not to
say that every other aspect of the supply model should be specified before addressing any
issues of demand, such as determining the relationship between link capacity/type and
travel times, but nonetheless, without first understanding the organization of the

transportation network, understanding any of the other model’s components, let alone
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determining what they should look like, is an arduous if not impossible task. Finally, it should
be noted that the modeling of supply can be conducted with one of two approaches, that
is, from a prescriptive approach or through a descriptive approach.

3.1.1 Network Information

The core components of a supply model are the network topology and geometry and thus,
acquiring or constructing a representation of the network is the first order of business. The
network is generally based on information from one of three sources: a GIS database, data
from existing models, or from aerial or ground level photography. In the first two cases, a
network representation can be obtained from a variety of sources ranging from public
institutions ranging from Federal institutions to more local ones, such as city or regional
planning departments, often for little or no cost. Alternatively, academic institutions and
commercial entities can also provide either GIS databases or model data but often at a
price. In either case, the advantages of pre-existing data sources are such that much less
effort is often needed to produce a supply model, although the quality of the data can be
a serious issue if the data is outdated, incomplete, or is flawed in that key networks
connections are absent or that the data is simply inaccurate.

The photography option allows the modeler to directly digitize a transportation network
to the modeler’s specifications. Even though the topology may be easily digitized from an
aerial photograph, it is still necessary to acquire a large amount of ancillary data, including
speed limits, sight lines, turn restrictions, etc. Much of this can be collected manually,
increasing the level of effort required, or be acquired from a third-party source. Another
key component of the transportation network involves the control data, which includes
information about traffic signal information, stop sign locations, and ramp meters.
Compared to the other required pieces of information, control data can be extremely
difficult to obtain due to the fact that such information is often held only by the

jurisdictions or agency managing the signal. Even if the agency grants access to control
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data, the quality or type of the information delivered might pose problems. Some
databases might be easy to access, but they can also be difficult to use or simply absent or
outdated thereby limiting their utility.2®

3.1.2 Network Capabilities

Many of the types of network objects and their characteristics were previously discussed in
Section 2 and section 3.1.1. Most capabilities of the transportation network are described
by the characteristics of network links, traffic controls, and the pricing mechanism used to
charge for use of certain components of the transportation network. As for link
characteristics, the most important attribute is the capacity, which is closely associated with
its speed limit as well as the number of lanes involved. Other factors include whether link
lanes have any use restrictions, such as with HOV lanes or when trucks are restricted to use
the right-most lanes. These characteristics are particularly crucial to encode in the network.
Although they may have little influence on traffic at free-flow, when a significant amount of
congestion occurs their role is greatly increased with respect to helping maintain the fidelity
of the model.

Traffic controls, too, are important, especially for critical components of the network.
Missing or incorrectly specified signal controls for instance can undoubtedly affect the
behavior in unintended ways. If a key set of signal controls or a sufficient number of signal
controls are missing from the network or when they are incorrectly specified, the
transportation network’s behavior may not be consistent with the existing transportation
flow. In this case, any decisions concerning network development may be misguided. The
final key component of supply models involves pricing. The appropriate pricing scheme

needs to be implemented as it will principally manage the key parameter of this component

26 This issue is often addressed with the use of local knowledge or with software solutions provided in
transportation system modeling software.
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of the supply model — the cost of using the corresponding network link(s).?” The different
price schemes include: fixed pricing whereby cost remains constant; time-based pricing
which adjusts the cost according to time of day; and dynamic pricing, a system in which the
cost of using a link depends on the demand for using it with higher demand translating to
higher costs (and vice-versa).

3.1.3 Spatial Dimensions of Supply Models

The spatial dimensions of the supply system are defined by the geographical area involved
and the scale at which every identified feature is represented. The spatial domain of a model
and spatial scale of the features modeled within the domain are critical in that they largely
determine the overall structure of the transportation system model. Overall, the scope or
requirements of the project control the definition of the domain and necessary scale in
order to create a model with a suitable level of fidelity.

Spatial Domain

The task of delimiting the spatial domain of a transportation network, which we refer to as
the primary study area,?® includes many considerations of not only the features of interest
but also those which interact with them either directly or indirectly. In the transportation
modeling context this includes identifying the locations and characteristics of relevant
transportation network routes and of relevant geographic areas which may contain
facilities, locations, or services that directly or indirectly affect the transportation network
of interest, or vice versa. With respect to transportation routes, routes located outside the
primary study area that are significant alternatives to any routes inside the primary study
area, and vice-versa, should be included. Without including such alternative routes, a
significant choice is being excluded for the purposes of routing thereby increasing the

possibility of incorrectly assigning volumes or routes to vehicles. Furthermore, in sufficiently

27 Note that these parameters can be modified for demand model related reasons, which are discussed later
in Sub-section 3.2.
28 We use this term out of pure convenience.
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complex transportation networks, the magnitude of the distortions and/or their
characteristics might not be readily obvious thereby casting doubts on the scope and validity
of the model. Similarly, places where queues or congestion can potentially spill out of the
model’s spatial domain should be included. Moreover, in models that do not prioritize the
generation of unbiased routing behavior, it is important to consider a domain that captures
all relevant components, which might control overall performance. Likewise, interfering
with queuing behavior by poorly defining the spatial domain can result in distorted volume
measurements, which in turn can result in biased transportation network performance
measurements or biased route choices. As for determining which geographic areas to
include or exclude from the primary study area, areas that serve as either barriers (whether
natural or administrative) or as significant traffic sources or sinks should be seriously
considered when determining the spatial domain of a project. Significant omissions can
result in measurement biases and thereby complicate the interpretation or applicability of
model results. From a more practical standpoint, knowledge of these factors are also
important as data often also dictates a project’s feasibility and the scope of the results
produced by its models.

Spatial Scale

For micro-scale transportation models, the spatial scale is a key focal point and involves the
fine details within the model. This involves a combination of capturing detailed
transportation network geometry and topology, capturing interactions between highly
granular model elements and capturing the interaction between these two facets by adding
spatial context to the model. The motivation for such a high level of model granularity is
that it provides the ability to capture a variety of potentially significant interactions. For
example, a detailed topological representation of an intersection can reveal a high level of

queuing in a single turning lane in what would otherwise be a moderately congested link at
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a larger scale.?? Likewise, a model of a highway in a city might attempt to include complex
and subtle behaviors such as acceleration behavior and aggressive or hesitant lane-changing
behavior in an attempt to capture the effects or outcomes of these behaviors, which can be
equally - if not more - complex than the behaviors themselves. There is a great interest in
capturing the resulting vehicle behaviors and interactions in and around traffic “conflict
zones” such as on and off ramps. Here the heavily congested environment and the
significance of the location (with respect to role in the transportation network) allows for
the actions of one or a few vehicles to have potentially large effects on operations.3°

The availability of the appropriate data can pose a significant challenge to modeling efforts.
When considering the extensive costs of collecting data itself (let alone highly detailed data)
and the technological/methodological limitations of data collection efforts, the scarcity of
high-resolution data should be of no surprise. Without having data at the appropriate
resolution or the ability to compute a model at a high resolution, problems of model bias
arise.

3.1.4 Temporal Dimensions of Supply Models

The essential question in resolving the temporal dimension is whether the structure and
characteristics of a transportation network are static or dynamic through time. Examples of
varying transportation network characteristics through time include having a network link
with varying speed limits or toll charges that depend on the time of day or the level of
congestion. Another example is a network link capacity that can change when restricting

access to certain lanes depending on vehicle type and/or the time of day. These types of

29 To further elaborate on this example, a right turn lane on to a popular avenue might be congested while
the rest of the lanes, incapable of making a right turn, are rather free. In a coarser model with no lanes, the
model representation would assume all lanes could turn right, or at least, more vehicles would be able to
turn right than is actually possible.

30 The example of a single vehicle causing an entire traffic jam might be hyperbolic for this discussion, but
undoubtedly, single vehicles can have a significant impact on traffic flow as when a driver has to break in
order to accommodate aggressive driving which in turn affects other vehicles or vehicle-vehicle interactions
and so forth.
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changes are commonly the result of operational policies, as is the case with lane
management, or it can be legal in nature as with “Cruising Laws” which can result in the
shutting down of entire streets or boulevards. In contrast to the previous examples, the
temporal nature of the transportation network’s structure often defined over longer time
periods with the addition of new links to the transportation network or the removal or
reconfiguration of existing links. The length of the analysis dictates the nature of the
network characteristics with shorter analysis periods being more static than longer term
analysis. That is, models with short analysis periods (< 6 Hrs.) tend to be focused on the
modeling of homogeneous periods such as either off-peak or high-peak periods. In contrast,
models with longer temporal domain (> 6 Hrs.) often vary network characteristics in
recognition that different times of days require different management strategies and
policies. Lastly, in terms of modeling structural changes to the transportation network,
scenario-based approaches are used whereby a set of either short or long-term analyses are
conducted and compared in order to understand the nature of the current transportation
network and the effect of structural changes.

3.2 Demand

Transportation demand models have two main components, one addressing the willingness
of individuals to make trips between different locations and the other, concerning how trip-
makers establish their route preferences. Moreover, these components include the
motivation for trips, trip frequency, the time at which these trips occur, the destination of
these trips, the mode by which the trip will take place, and the route that will be taken to
the destination. In all, demand models attempt to connect information about vehicle trips
(including their origin and destinations, and departure times) and route preferences with
that of the characteristics of trip makers and the transportation network. Although much
information is available about the characteristics of trip-makers, data about travel demand

is problematic as it is difficult to obtain and also, the nature of available trip-maker and
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travel demand data complicates modeling efforts. First, in terms of data availability, direct
collection of disaggregate travel data is desirable; however, such efforts are limited by high
costs, issues of time,3! and technical and methodological constraints. Furthermore, when
trip-maker characteristic data and travel demand data is available it is usually in an
aggregate form thereby making it difficult to establish any relationships between the
characteristics of trip-makers and travel. Nonetheless, many methods and models have
been developed to cope with these challenges. These alternatives, however, also possess
their own set of requirements and limitations, which must be compatible with the goals of
the modeler, the data that is available, and the nature of what is being modeled.

3.2.1 The Spatial Dimensions of Demand Models

Defining the spatial dimensions of a demand model requires that both the spatial extent of
the model be defined and that a spatial scale be determined. Here we take the spatial
extent of the model to be the as previously defined for the supply model while the spatial
scale refers to both the size of features that will be included in the demand model and to
the extent to which the location of included features is generalized.

Spatial Domain

The definition of the spatial domain of the demand model is similar to that of the supply
model. To reiterate, the study area must: include routes that interact with the primary study
area (as well as significant alternatives), acknowledge significant physical and/or
administrative barriers, and consider the locations of any facility, area, or service that might
significantly interact with the primary study area in a direct or indirect manner. As a result,
the spatial domain of the demand model should be equal in size to the supply model as the

supply model has already taken into consideration the elements of the demand model. If

31 Large and detailed data sets are often produced; however, there is a significantly large time period
between when the data was collected and when the data is in a condition to be used in models. This delay
precludes the data’s use in projects that require relatively recent data (such as real time modeling projects),
or in projects that are modeling a constantly changing environment or one that has sufficiently changes since
the data collection.
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they do not match however, two possible outcomes include the modeling of features that
are not relevant to the model or the exclusion of significant features in the supply or
demand model.
Spatial Scale

In defining the spatial scale of the demand model, the process is more complex as itis largely
dependent on the spatial scale of the features in the supply model. We note that it is often
the case that it is not possible to collect data at the desired scale. This typically implies that
the demand data is not sufficiently detailed in terms of location as a result of data
aggregation. It is possible to proceed with the modeling effort in this case; however, the
model is likely to produced biased results and with much uncertainty surrounding the
nature of the bias. This uncertainty can be reduced via external measurements, such as with
the use of traffic counts, but without changing the demand data, the bias cannot be
mitigated.

In the case that finer demand model elements are desired, the demand data must be
disaggregated via some defined process with a general aim of reducing the amount of
locational generalization and also, to have the new disaggregate demand features to be
more reflective of the demand they represent. As previously discussed, this process is also
potentially problematic in terms of bias and uncertainty. However, this issue can also be
lessened in this case with the use of external measurements. One such example is the use
of land-use or parcel data, which can used to estimate how vehicle trip origins are
distributed in a more detailed way. Another case about scale and demand data to consider
is when demand data requires aggregation.?? This process, as with data disaggregation, can
increase the amount bias and uncertainty in the demand data. Furthermore, the amount of
uncertainty surrounding the bias can be reduced in a similar fashion with the use of external

data sources. Unlike the disaggregation process however, bias cannot be reduced as it is

32 This is often the case due to issues of privacy or the lack of computational resources.
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inherent to the aggregation process although it can be managed to a large extent. The
essence of bias minimization is to establish a high degree of homogeneity of demand within
the new aggregated features in terms of the aggregated demand collectively possessing
very similar locations, land uses, and accessibility to the transportation system, services, or
facilities. None-the-less, the effectiveness of this technique is limited by the ultimate
resolution of the demand data. This is particularly evident when considering the relationship
between the supply model and the demand model whereby coarse demand data can
produce heavily distorted traffic patterns because of the generalization of the locational

aspect of demand data.

3.2.2 The Temporal Dimensions of Demand Models

Defining the temporal dimensions of a demand model requires specifying the set of time
periods we are interested in for the study of a transportation system (whether directly or
indirectly) and the relationship between these periods. More precisely this includes
declaring the specific periods of time that allow us to understand the system being studied
(the model period) and also, the set of all model periods relevant to the understanding of a
transportation system (the analysis period) and their relationship to each other. We note
that the analysis period can contain multiple model periods within it and that these periods
do not necessarily have to occur sequentially. Generally, the size of the analysis period is a
function of the motivation for studying the transportation system and the nature of what is
being studied. In other words, the study might require data about a short period or it might
require data that covers an extended amount of time. For instance, an assessment the
economic impact of the project over its lifetime might require an analysis period decades
long whereas a performance assessment of a new on-ramp during rush hour might only
require an analysis period of a few hours. Furthermore, the nature of the project itself can

also determine the length of the analysis period. For example, if a new on-ramp’s impact
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over time were to be studied but it happened that it was to be opened in increments over
an extended amount of time, the length of the analysis period in this case would likely be
considerably larger. As for the general criteria for determining the time-frame of the model
period, the observed (or assumed) level of the variability in the transportation system’s
behavior and characteristics are of particular interest. This typically includes variations in
the system’s parameters, the nature of supply, demand, and how they interact, and the
variables exogenous to the system. In all, if these behaviors or characteristics are observed
or assumed to be stable, we consider the system to be stationary. Conversely, if only some
behaviors or facets are observed or assumed to be stable, the system is considered to be
dynamic. If a system is found to be stationary, it can be taken as a sign of the existence of
an equilibrium of supply and demand within the system (in the broadest sense). In turn, this
implies that a short model period can be used to generate results about a transportation
system that are equally valid to those produced by a longer model period as the measured
characteristic of the system and the time at which they are measured are independent of
each other. Furthermore, it also implies that the results from a short model period can also
be extended or extrapolated to any sized period including the entire analysis period.
Alternatively, if a system is found to be dynamic, the system is assumed to have a partial
system equilibrium. Here some of the elements of supply and demand remain in equilibrium
while other elements change as the result of endogenous or exogenous factors.3?

3.2.3 Route Choice

The role of route choice models in the demand model is to establish how routes are selected
by trip-makers. In all, this component is concerned with the process by which route

preferences are established rather than the actual routes that are used. Moreover,

33An example of the difference between full and partial equilibrium is a comparison of peak-hour traffic
models with and without peak spreading. In both cases, the same number of cars is present during the
model period, and supply and demand are in equilibrium. The key difference then is the dynamic nature of
demand in terms of departure times.
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depending on the objectives of the modeler and the trip data that is available, the decision-
making model in this component can consist of simple or naive route-selection mechanisms
or they can comprise a collection of sophisticated processes that model complex decision-
making behaviors. Regardless of the complexity of the route choice model that is selected
or the parameters that are used, the models consist of two basic components: route
preferences that are established by a set of route attributes and characteristics and the
information that is available to trip-makers regarding the network and its state. A variety of
modeling dimensions can be defined for each of these components including: the inclusion
of stochastic or dynamic model elements, the frequency of events and the order in which
they occur, and the mechanisms by which the model is implemented. In terms of selecting
a route choice model, their utility is, again, largely dependent on the nature of what is being
modeled, the objectives of the modeler, and the limitation imposed by the lack of
computational resources or data. As such, we limit the discussion of route choice models to
that of a brief discussion of several key model facets: probabilistic decision-making, the
nature of information about the transportation network, and trip planning and re-routing
behavior. The first of these facets considers whether decisions are to be stochastic or
deterministic in nature. In general, the stochastic approach is preferred as it more
representative of decision-making that occurs in the real world and because it provides a
more flexible modeling framework. More specifically, with respect to the latter point, in a
stochastic framework, alternative choices can be more easily accommodated into the
decision-making process, in both a practical terms and conceptually, in comparison to their
implementation in deterministic frameworks. A drawback about stochastic approaches is
that they can require substantial computational resources. The second model facet
concerns determining the data that informs routing decisions and the nature of such data.
For route choice modeling, the most relevant and important pieces of knowledge are that

of the structure of the transportation network and that of the state of the network. The
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extent of knowledge of these features must be specified for all trip-makers. Furthermore,
the nature of this knowledge must also be indicated particularly with respect to whether it
can be updated and its availability. In general, the principal factor for determining the extent
and nature of knowledge about a transportation network is the ability of trip-makers to
learn about a transposition system or to possess historical knowledge about its structure
and operations. The third issue, trip-planning and re-routing behavior, mostly addresses a
combination of issues presented in the first two facets, however, it also adds an element of
time. This has significant implications for the other two facets. For example, consider the
addition of en-route route planning to a route choice model with stochastic decision-
making. Without en-route planning, a stochastic route decision model will have trip-makers
use different routes according to some probability distribution that is based on the relative
attractiveness of the various route choices. With en-route planning, however, the stochastic
nature of the route choice model is practically eliminated if the route adjustments are
always adhered to. Also, if an efficient route has been found and learned, what would be
the purpose of route planning technology? To conclude, the key components of route
choice establishes a preference for routes, and the extent and nature of the knowledge of
trip-makers with respect to the transportation system. Furthermore, it is possible to
implement a variety of behaviors into a route choice model, however, the impact of the
additions are often closely tied to other aspects of the model. Consequently, the
development of general rules/guidelines for building or evaluating route choice models
without knowledge where they will be applied is extremely difficult.

3.2.4 Demand Modeling Data and its Collection

Traditionally, trip data was collected through the use of massive survey studies where
participants were asked for information about their trips. This data usually contained
information about trip origin, destination, and trip-type and was used to create origin and

destination (OD) matrices at the scale of transportation analysis zones (TAZs). Such surveys
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however were plagued by their high cost, were difficult to implement, and if data was
collected, its uses and scope were very limited. In light of these limitations, other methods
were developed in an attempt to measure or estimate OD matrices. One general approach
involved the collection of traffic data whereby various traffic-measuring instruments were
placed throughout a transportation network. Then upon the collection of sufficient traffic
data (in terms of both volume and locational coverage), the collected data was directly used
to produce “synthetic” OD matrices using a set of techniques known as Origin and
Destination Matrix Estimation (ODME) Techniques. A second approach is the development
of OD matrices via the use regional travel demand models. Here, coarse OD matrices are
extracted from the travel demand model3* and are then disaggregated with the use of traffic
data. Finally, regardless of the approach that is taken, after the initial OD matrices are
created they require calibration of some form to ensure that the OD matrices (or their more
refined derivatives) can be relied upon for use in transportation models. The details of this
process are covered in Section 4.2, however, we note here that this process often requires
the collection of additional data. Depending on the calibration approach that is taken the
data collection efforts might include: OD matrices generated by other models, traffic
datasets not used in the OD matrix generation process (including those generated by
different studies or with different technologies), or the collection of new traffic data. In
terms of new data collection, we note that attempting a traffic-data collection effort similar
to the initial one is an option, however, other alternatives exist and might often be more
appropriate. In contrast to trip data, data for route choice models was both easy and difficult
to collect. Data about the attractiveness of routes can be derived from the attributes and
characteristics of their links. This data would then be assessed in a cumulative manner and

then compared to the assessment of a different route.3® As a result, the data requirements

34 The coarseness of the OD data is the result of the scale of regional demand models.
35 For instance, some methods calculate a weighted sum of a route’s travel time and the costs associated
with traveling and compare them to one or more route alternatives in a standardized way (so as be able to
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for basic route choice models (those that only consider travel time and travel cost) are easy
to meet. Enhancing these models is also possible through the use of econometric techniques
and discrete choice models in order to establish the relative importance of each link
attribute and property, as well as other factors. This requires additional data and might not
be easily procured. The most difficult aspect of route choice model building involves
collecting data about the knowledge of trip-makers concerning the structure and
operational performance of a transportation network as well as the use of route planning
technologies. Without survey data about the trip-makers in the study area, either existing
datasets can serve as a proxy to generate an estimate or assumptions can be made about
the use of route planning technology.

3.3 Traffic Assignment

The traffic assignment stage of the transportation system model is where we model the
interaction between the components of supply and demand. More specifically, this involves
the actual routing of vehicles on the network - a process that is subject to the trip demand
(the trip origin, destination, and departure time), the structure of the network, and to the
routing preferences and choices of the trip-makers. Traffic assignment models estimate the
present state of a transportation system or some component of it (such as the levels of
travel demand and its spatial nature), or attempt to measure the potential impact of
changes in land-use or in transportation system. Underlying traffic assignment is the
concept of an assignment equilibrium, which for now can be simply thought of as a stable
pattern of vehicle routing, in the transportation system as a whole, which emerges after
routing choices from trip-makers become gradually more consistent. The theoretical
significance of assignment in equilibrium is that these patterns develop as the result of all

trip-makers finding their best and stable route choices. This then allows modelers to

establish the relative attractiveness between paths). The path that had the lowest total weighted sum is
considered the most attractive.
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measure the impacts of changes to the supply or demand by simply comparing the
difference between systems when they are at their respective equilibrium.

3.3.1 Equilibrium in Traffic Assignment

Although the concept of equilibrium provides a solid theoretical foundation for
transportation system analyses, there are various types of equilibrium that can occur given
the nature of what is being modeled and the nature of the model itself. The implications of
this is that a lack of knowledge about the relationships between what is being modeled, of
how the model was constructed, or the modeling methods can result in the
misinterpretation of a model outcome or simply result in the generation of a meaningless
outcome.

User-Equilibrium and System-Equilibrium

The first important concept about equilibrium is to recognize the difference between user-
equilibrium and system-equilibrium. The latter is based on the premise that maximizing the
performance of a transportation system is the ultimate goal and as such, routing policies
must be followed by trip-makers to achieve system equilibrium. Since compliance is
expected from trip-makers, a regular pattern of vehicle routing occurs from which no one
deviates, thereby forming a condition of equilibrium.

To understand the significance of this, consider that the underlying premise of user-
equilibrium is that users are allowed to change their routing decisions so that route
selection maximizes their own interests/utility. Consequently, this implies that in a user-
equilibrium, a stable pattern will only develop once every trip-maker has made a routing
decision such that no single trip-maker has an incentive to change their route choice. In
other words, in user-equilibrium any unilateral®® switch to another route by any trip-maker
can only result in the trip-maker being at best no worse off. System-equilibrium requires

the development of a routing policy, a very challenging task, in which the cooperation of

36|t is assumed here that coordination and cooperation (even between two trip-makers) is not possible.
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trip-makers is required. This is unlikely due to incompatible incentives (trip-maker might
be better off by deviating from the routing policy), and because of this it is not a model
framework that is present in most transportation systems. Thus, we shall focus on user-
equilibrium throughout the rest of the report with the exception of one particular model.
Static and Dynamic User-Equilibrium

The simplest version of user-equilibrium is formalized in Wardrop’s User-Equilibrium
principle®” which states that given a connected transportation network and a set of trips
that correspond to the transportation network,8 for all trips that have the same origin and
destination, the generalized cost associated with their route choice will all be equal. Also,
that cost will also be the lowest possible cost and no user will be able to unilaterally switch
their route choice so as to lower their trip cost.

We note that in Wardrop’s User-Equilibrium principle there is no mention of time despite
the fact that this principle can be extended into transportation networks with a temporal
dimension. In effect, the issue of time in relation to Wardrop’s User-Equilibrium principle
results in the emergence of two conceptually distinct modeling approaches, Static User
Equilibrium (SUE) and Dynamic User Equilibrium (DUE), with the latter approach
incorporating time in Wardrop's principle and the former approach excluding it.

As previously mentioned, DUE incorporates time into Wardrop’s principle through the
addition of a temporal dimension to the transportation network.® This is achieved by
appending temporal information to the transportation network by creating additional sets
of nodes that represent the original nodes through time. This allows the possibility of trip-

makers occupying the same location without co-locating by simply being there at different

37 Wardrop, John Glen, and J. |. Whitehead. "Correspondence. Some theoretical aspects of road traffic
research." ICE Proceedings: Engineering Divisions. Vol. 1. No. 5. Thomas Telford, 1952.

38 Meaning that trips have a one defined origin node, one defined destination node, and that both of these
nodes are located on the transportation network.

39 50 long as the temporal network is logically connected (e.g. no time travel, etc.) Wardrop’s principle also
holds as we can simply solve an isomorphic atemporal graph.
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times. As for links, the atemporal spatial links between nodes are removed and replaced
with forward directed spatio-temporal links that preserve the spatial connection but only
after crossing some time-period. This type of networks is commonly referred to as
diachronic networks.

As for the Wardrop’s principle through time, we only need to amend the principle to state
that the experienced travel time would be the same for all trips that depart from the same
location at the same time and that have the same destination. In other words, the trips leave
from the same place at the same time and they arrive at the same destination at the same
time.

Static and Dynamic Traffic Assignment

Although the SUE and DUE assumptions describe a condition of equilibrium regarding the
route choices of the trip-makers and the associated costs of certain trips, they do not
completely characterize, respectively, static traffic assignment (STA) and dynamic traffic
assignment (DTA). In particular, they fail to either highlight or provide context about the
some key aspects about the nature of traffic assignment in both models. Concerning static
traffic assignment, one significant aspect about it is that ultimately the assignment of traffic
occurs as if all trips happened simultaneously and instantaneously. The implication of this
set up is that travel demand is inelastic thereby precluding changes to arrival or departure
times. Furthermore, in terms of solving a STA problem with SUE, uncongested and
congested networks can prove to be problematic. On one hand, if the network is
uncongested in such a way that volume has no impact on link costs or travel times, an all-
or-nothing assignment would be appropriate as it would assign all vehicles with the same
origin and destination to the same (and shortest) route. On the other hand, using the SUE
approach for STA with congested networks can also prove to be challenging as traffic
assignments are sensitive to the levels of demand. This is problematic as increases in

congestion result in the path costs or travel times determined by the SUE being less
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reflective of the actual experienced travel time of the trip. Lastly, this issue is further
complicated as STA generally does not generate unique solutions in terms of path flows*®
which creates uncertainty as to how vehicles are routed. With dynamic traffic assignment
with DUE, there are two key properties that are integral to its approach: the treatment of
travel time and the implications of DUE for determining route choice. In DTA with DUE, trip-
makers are allowed to postpone their departure without incurring any penalties (costs or
time) as result of an emphasis on the experienced travel time rather than the amount of
time. Thus, the travel times/costs generated by DTA and DUE are likely to closely
approximate the “true costs” of the trip. As to how DTA with DUE is able to operate is
through the use of consistent reevaluations of path costs which are in part calculated by
anticipating the actions of trip-makers and the use of historical data about the
transportation system as a whole. This leads to improved predictions about the
transportation system’s performance however not without the use of significant
computational power.

3.3.2 The Process of Traffic Assignment

Independent of the traffic assignment approach that is adopted, traffic assignment
consists of three general phases — route search, assignment of trips to paths, and trip
loading. In the route search phase, there is a search for the shortest path between all
origins and destinations pairs of interest. This search process is repeated every time the
network traffic data is updated. Subsequently, the second phase attempts to assign traffic
to paths with the objective of establishing an equilibrium. Many methods have been
developed to establish equilibrium in a variety of situations. In DTA, these methods

include the Frank-Wolfe Algorithm, method of successive average (MSA), and gradient

projection. The final phase, trip loading, is tasked with evaluating the traffic assignment

40 SUE however does produce unique solutions for link flow values if the link cost functions are strictly
monotonic.
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from the previous phase and determining if the assignment has converged to equilibrium,
or whether further iterations of traffic assignment are required.

To measure convergence in DTA, the relative gap measure is commonly used. This
measure functions by comparing the current path assignments to ideal path assignments,
which consists of the shortest possible route that the trip could have taken. Then, if the
cumulative difference between the assignments is below a certain pre-specified tolerance,
the traffic assignment is assumed to have converged and no further iterations of traffic
assignment are conducted. Alternatives to the relative gap method include other
measures that are indicative of stability in the transportation network but not necessarily
convergence to some equilibrium. Accordingly, these alternative approaches are necessary
for the analysis of transportation systems experiencing certain conditions or exhibiting
erratic behaviors. Examples of these conditions and behaviors include heavy congestion
(including gridlock) and highly unstable travel times.

3.3.3 Non-Equilibrium Dynamic Traffic Assignment

The approaches to traffic assignment discussed above were all founded on some principle
of equilibrium, however, there are many situations where traffic equilibrium would not be
appropriate. Two prominent examples of this are models of unexpected events that require
trip-makers to react to such events with limited guidance as to what to expect and also,
models in which trip-makers have to make route choices solely based on their experience
or on navigation devices. In the first situation, equilibrium cannot be established as there is
inherently no information available that would enable trip-makers to anticipate future
traffic patterns and behavior. Instead, the trip-maker is left to rely on limited and potentially
useless information, such as historical traffic patterns, or is left to react constantly to
developments in transportation system. As for the second situation, equilibrium is implicitly
not desired by the model (at least in an immediate sense) as it is designed to study situations

where the development of equilibrium is either gradual, limited, or prevented. More
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concisely, the conceptual underpinnings of non-equilibrium DTA are that route choice is
dynamic, in the sense that routing decisions are re-evaluated by a trip-maker at some phase
of his or her trip, and that the information that is provided for the route (re)evaluation

cannot be used to anticipate the future state of the network.

Developing Non-Equilibrium Dynamic Traffic Assignment Models

The development of a non-equilibrium DTA model begins with the identification and
characterization of the event to which trip-makers will react.** This process includes
specifying the location of the event, the time at which it will transpire, and how it will occur.
The latter aspect includes determining the nature of the stimuli that will trigger the event,
as well as, how the supply model might change. For example, an event can result in the
closing or the shutdown of a lane (as with a car accident) or an entire highway. Alternatively,
heavy automobile traffic on a freeway might prompt a designated lane to be repurposed for
general use. Subsequently, the next tasks include outlining how the various aspects of the
demand model will be affected by the event, including the nature of the traffic knowledge
and information travelers will possess or have access to, and then determining how the
impacts will be handled within the model. For this phase, it is difficult to establish what
specific issues will require attention and what the mitigation plan, if required, should look
like. None-the-less, insofar as general guidelines go, they include identifying any pre-existing
or new modeling conflicts, such as those related to event induced changes to the model,
and also, implementing solutions that are reasonable and consistent with both the nature
of the event and with a larger plan about how any and all changes will be handled,
particularly those affecting the demand model. For example, an event might result in an

origin and a destination becoming disconnected thereby creating an unsolvable traffic

41 |n the case that there is no explicit event that occurs (such as in models that have trip makers gradually
learning the nature of a transportation system), the event of interest is simply the introduction of the
subjects to the transportation system.
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assignment problem unless the destination is moved to a location that is accessible to the
origin. If so, the location should then be, again, consistent or compatible with the nature of
the event and the reaction to this change. For instance, consider a model of an evacuation
related to a sudden and severe natural disaster. In the case that a citizen was driving home
but could no longer reach it due to highway damage resulting from the disaster, that
citizen’s new destination should follow the evacuation plan rather than a different home
(the logic being that the trip’s motivation should remain unchanged) unless there is a strong
reason to believe that the citizen will not follow the established plan. Non-equilibrium DTA
models can begin with any type of traffic assignment approach or with the lack of one.
Furthermore, each assignment approach can have some type of equilibrium conditions
associated with it. In contrast, the traffic assignment procedures of non-equilibrium models
lack any type of equilibrium conditions and furthermore, these assignment procedures are
mostly all the same or at most, closely related. This is because most non-equilibrium DTA
models use a one-shot assignment or a derivative. Fundamental to one-shot assignment is
that information about the shortest paths in the network is continually being updated but
that the updates are only “assigned” to travelers that enter the network at the time that
the update was created. As a result, only newly generated vehicles possess the more recent
traffic/shortest path information. Furthermore, the information assigned is derived from
information about state of the transportation network exclusively from the very instant that
the new traveler enters the network. The paths derived from this process are known as the
instantaneous shortest paths. The reasoning behind this type of approach is that before
departing, travelers would receive a final update about the state of the transportation
network and use that to choose a route. Likewise, if the traveler was already on some path
and some event occurred that required re-routing, the traveler would use the knowledge of
the state of the transportation network just prior to the event to make route decisions. In

light of recent advances in technology as well as the prevalence of many advanced
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navigation instruments (such as smart phones and in-car navigation systems), the
assumptions of a “one-shot” assignment have been questioned. Consequently, some
refinements have been developed in order to relax the “static” nature of route
“assighment”42 by allowing travelers to update their knowledge about the transportation
network’s “current” shortest paths at decision nodes located throughout the transportation
network. Furthermore, such decision nodes should be located at points in the network
where at least two distinct feasible paths emanate from that point and lead to a destination.
Thus, this node would be a point a where the traveler could refresh his or her knowledge
about the state of the transportation network and then have the option to adjust their route

V(s

choice. These two facets form the basis of “dynamic” “assignment” although the procedure
as a whole is referred to as “Dynamic Assignment (with Feedback) in a One-Shot

Simulation.”

4.0 Transportation Model Validity, Calibration, and Validation*

The focus of this section is to give an overview of issues and methods related to detecting
and correcting errors in our models (model verification), ensuring that the models we
created are able to legitimately and accurate represent the system being modeled (model
calibration), and lastly, testing the reliability and robustness of the model (model
validation). Although many of the issues and methods could be presented in a more
inclusive manner with respect to other transportation system modeling approaches, this
section will concentrate on Dynamic Traffic Assignment and Micro-scale Simulation.
Nonetheless, many of the principles discussed here will have applicability beyond these

two modeling approaches.

42 The terms are quoted here as they are widely used transportation terms that, unfortunately, are
homonyms of other common transportation terms.

43 This section is based heavily on and the FHA’s Traffic Analysis Toolbox Volume XIV (2012) and Traffic
Analysis Volume [l (2004).
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4.1 Model Verification

The ultimate goal of model verification is to minimize the number of errors related to setting
up and running a transportation model. Furthermore, this process is the first step in
determining the quality of the model and of the results that it generates. If a model is beset
with numerous or significant errors, there is little reason to trust or rely on the outputs that
are generated, particularly if the nature of these errors are unknown. In modeling traffic
assignment, there are multiple points where error can be introduced. These errors can be
categorized into three main classes, which are based on when the error occurred in the
modeling process. The three classes include errors that occurred during the data collection
or preparation stage, errors related to the coding of the model, and errors that result from
bugs present in software used to run the transportation model.

4.1.1 Errors from the Data Collection and Management Process

The first point where mistakes can enter into the modeling process is when data is being
collected or managed. Common errors here include recording incorrect measurement
values, which includes forgetting to record them, conducting improper data conversions (in
both a mathematical and computational sense), and lastly, mismanaging data in terms of
properly maintaining and documenting its collection, editing, and storage.

At this phase, the most effective way to address these issues is to have well-developed plans
about data collection procedures and how to handle any collected data. Then, it simply
becomes a matter of carefully executing these plans and being vigilant about any
irregularities than might arise.

4.1.2 Model Coding Errors

At this point, we presume that the data the modeler receives is correct and that any errors
are due solely to mistakes in the coding of the model. As a result, the verification of model
coding only requires that erroneously entered parameters/measurements or incorrectly

constructed model elements be rectified. The following discussion shall cover some

125



First Responder Support Systems & Technologies

(FIRST) Testbed
TRACK Il - Cross Cutting Modeling & Simulation
Summary of Dynamic Traffic Assignment in VISSIM

significant mistakes that commonly occur or that can be significant enough to cause
concern.

Errors in Supply Models

The coding errors that occur in supply models are generally related to the connectivity of
the network or the result of assigning incorrect properties to links. To begin, the most
common types of connectivity errors include the omission of an existing connection, the
addition of a connection that does not exist, and that of incorrectly setting the directionality
of an arc. The effect of the first two is rather evident, however, that of directionality errors
depend on the nature of the mistake and the software that is being used. One outcome is
that there is simply not a connection where one is supposed to exist and another is that an
irregular and non-existent connection is established. Connectivity errors, can (and do) occur
in any part of a network, however, extra scrutiny should be placed in areas of the network
that have complex or uncommon geometry and also, areas of the network that experience
high volumes of traffic. Examples of the former include intersections and transition zones
where the number of lanes increase or decrease. It is often easy to overlook connections in
and out of highways, such as off and on ramps and connections with major arterial roads.
The assignment of correct properties to links is often a difficult task given that links often
contain numerous properties, and because the number of links in a model can be very large.
As such, the complete assessment of all links in even a moderately sized network can be
extremely time consuming or resource intensive for a modeler. Thus, to use time and other
resources in an efficient manner, a modeler could place a greater emphasis on verifying the
more critical properties of links and limit the verification efforts to the links that are most
significant to the operation of a transportation network.

For modeling dynamic traffic assignment, the most important link properties are those that
are strongly connected to the travel times/costs in traveling along a link as these can affect

which route will be chosen as the shortest path when making a trip assighment. Thus, the
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link properties that should be inspected thoroughly are that of its speed limit, its use
restrictions and the vehicle classes affected by such restrictions, the number of lanes it has,
and lastly, the presence of any traffic control devices (such as stop signs and traffic lights)
on it and the properties of such devices. Finally, areas that experience a high volume of
traffic, major intersections, and areas where congestion can have a significant impact on
traffic flow should be prioritized for scrutiny.

Errors in Demand Models

The verification of demand models is comprised of two main tasks: 1) verifying the OD
matrix; and 2) verifying the characteristics and behavior of vehicles. Common errors
associated with specifying an OD matrix include loading the wrong OD matrix and entering
the wrong locations for the origin or destination. The former is typically a problem when
multiple time-periods are being tested and the wrong matrix is sometimes loaded by pure
chance. Likewise, the latter is generally the result of a random error.

In both of these cases, these errors can be identified with a careful review, however, when
working with large OD matrices this can be a cumbersome task. Thus, if time or resource
budgets are limited, the verification of origin (and destinations) with a high number of
outgoing (incoming) vehicles should be prioritized focused on origins and destinations with
greater traffic. As with the OD matrix, vehicle attributes and behavior data should also be
reviewed via a close inspection. This is likely to require considerable effort as OD each OD
pair needs to be verified in relation to the amount and types of vehicles that would make
such a trip. Finally, if the OD matrix is large, verification efforts would likely have to be
limited to those origins and destinations associated with high traffic volumes (or

passengers), areas sensitive to traffic volume, ** and areas with a significant number of

4 The scrutiny of areas sensitive to traffic congestion should include those origin and destination areas
associated with trips that contribute to the congestion. The problem here is that the identity of these
additional ODs that should be investigated might not be immediately obvious without information about
traffic assignment.
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special vehicles (such as large trucks or high occupancy vehicles).

4.1.3 Model Errors Resulting from Software

Modeling software oftentimes includes bugs that might produce errors in the model results.
The nature of these bugs can range from the improper implementation of algorithms to
those that result in the model terminating early because of a programming bug. For the
bugs related to the operation of the software (as opposed to the operation of the model),
not much action can be taken besides contacting the software firm to receive assistance or
in the case of an open source program, attempting to find the bug and fix it. With bugs that
affect the model however, many steps can be taken to identify bugs. The first is to find the
software’s page concerning known issues about the software. This step allows the modeler
to avoid these problems and often, to learn about workarounds. The next step then, is for
the modeler to test the software. One possibility is to run simple test cases on the software
and observe whether any undesirable behaviors or incorrect results are observed or
generated. These tests can be tailored to test issues that commonly arise when modeling
traffic or to test issues known to plague the modeling software, as well as other rival
programs. Again, depending on the nature of the bug, there might be a workaround or if
not, the firm or programmers associated with the software will have to fix the issue.

4.1.4 Model Review with Simulation

This phase of the model verification involves the use of visual inspection of various types of
model runs (simulations) in order to identity errors that might have eluded detection in the
earlier phases. The visual and animated components of this process are particularly valuable
as they allow us to identify many issues that would not be readily recognizable by
extrapolating from model outputs. Furthermore, they allow for a more broad verification of
many of the model’s components by visually scanning the model simulation.

It should also be pointed out that this phase is a critical part of the verification of the model

as it is the last review before the calibration phase begins. If mistakes manage to avoid
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detection here, they might be detected only after a substantial amount of time-consuming
calibration, and possibly, after validation work has been completed. Such circumstances
would require the re-calibration of the model to take place thus causing the modeling
project to incur significant delays.

Model Review Tests

Two general types of tests exist for evaluating simulation models: single-run testing and
iterative-run stress testing. The data inputs for these tests include the transportation model
data. It is encouraged to use additional datasets (either real or synthetic) in order to reduce
the chance that any error remains undetected. As for the difference between these two
approaches, it is rather minimal as they employ similar methods, however, because of how
the tests are ordered and structured, they will ultimately allow different analyses to be
performed.

Single-run tests consist of running a series of iterations of the DTA model. This begins by
using only a small fraction of the traffic from the DTA model with subsequent iterations
using ever-larger proportions of vehicles. A key exception in this procedure is when a
network coding error is found. Under such a condition, the coding error would first be
corrected. Then, the process would start all over again, beginning with a small fraction of
traffic to be assigned. In all, this process is repeated until the traffic levels reach the same
level as that of the transportation model. In other words, the single-run test ends when an
iteration of the model simulation has handled all demand and is completed error free. The
design of the single-run test is set up in such a way that the more simple and obvious coding
errors are caught in the early iterations. Because early iterations only use a fraction of the
traffic from the full model, finding these errors early on saves a substantial amount of time.
Furthermore, because of the number of iterations involved in this process, by the time that
demand levels approach full demand, most (if not all) links and potential paths should have

already been used in some iteration. Thus, if no errors are identified by the last iteration, it
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is almost a certainty that all obvious network-coding errors have been eliminated. With
respect to the less obvious issues, the single-run test emphasizes carefully observing the
loading and full clearing of the transportation network, and watching for traffic flow that is
unusual in nature. During the network-loading phase, the main behavior or condition to
search for is where queuing or excessive congestion forms. It is not that these situations are
inherently an error, but they are of interest because their formation at this stage of the
model is often an indicator of a coding error related to the capacity of a transportation
network or to the level of demand assigned to the area in terms of volume or the rate at
which vehicles enter the network. While the latter can be easily rectified by correcting
demand parameter values, the lack of capacity is very problematic as its impact often
includes significant delay in vehicles entering the network. Moreover, some modeling
software simply prevents the entry of a vehicle into the network if its entry into the network
is sufficiently delayed. Just as attention during the network-loading phase is focused on
observing proper vehicle entry onto the transportation network, during the network-
clearing phase, attention is focused on observing whether there is proper exiting of vehicles
from the network. This is typically indicated by vehicles that remain within the network for
an unreasonably long time and by vehicles avoiding routes that seem reasonably superior
to the actual route choice. Often, unusual routing behaviors in the network-clearing phase
are indicative of connectivity errors that reduce access such as a missing link error or the
misconfiguring of a link such that it is render inaccessible or unattractive to the point that
the link is not used. Also, vehicle behavior in route choices should be collected so as to
determine the location of the network coding errors. The final component of single-run
testing is to monitoring the network for unusual traffic flow. Situations consistently
exhibiting congestion for unnecessarily long periods are of interest here and in particular
are those that only begin clearing at a relatively late point in the simulation. Such situations

are indicative of a connectivity error.
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In comparison to single-run testing, iterative-run stress testing can be thought of a test of
longer-term behavior. The basis of the model is to monitor a network for unusual behavior
all the way through the development of an equilibrium condition. At this point, the model
simulations do not stop but rather continue while looking for any unusual traffic behavior.
Essentially, the objective of the iterative-run stress test is to assess whether unusual
behaviors are short-term artifacts of the ongoing assignment process or a more long-term
event resulting from a coding error. Thus, while conducting an iterative-run stress test it is
important to be observing when the transportation model converges into equilibrium and
to observe whether any unusual congestion remains despite the equilibrium conditions.
Only when equilibrium is confirmed and unusual congestion remains significant can events

be concluded to be the result of a coding error.

4.2 Model Calibration

The process of model calibration can be defined as a process that seeks to determine the
set of model parameters which best allow the corresponding transportation model to
reproduce the observed behavior of a transportation system of interest. Furthermore, the
selected model parameters should also be able to replicate other instances of the
transportation system’s observed behavior in a statistically significant manner. In the
context of a DTA, model calibration is very similar to that of other transportation models in
that the calibration process considers links flow measures, including speed and volume, and
the amount of queuing that occurs, as well as its intensity. However, because of the nature
of DTA, additional measures related to trips are also considered. These measures include a
trip’s departure time and the route choice. Furthermore, the calibration of DTA models
requires a more extensive consideration of spatial scale. As with any transportation model,
a DTA model requires the modeling of an area of interest (the primary area). However, as

previously discussed in Section 3, DTA models also require that areas outside of the primary
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area of interest (secondary areas) also be modeled if the interaction with the primary area
and any secondary areas is significant. The implication for the calibration process is that
data concerning the secondary area is not as detailed in comparison to that of the primary
area. As such, the calibration efforts will be required to consider the nature between these
two areas in light of this type of situation. This, however, is not meant to imply that the
secondary area should always be further developed to compensate for the lack of fidelity or
that the secondary area should also be calibrated. Rather the calibration effort only requires
that the interaction be reflective of the interaction that is observed.

4.2.1 Defining the Scope of Calibration

The definition of calibration listed above emphasized two general goals for the
transportation mode: 1) the model be able to reproduce the observed behavior of a
transportation model as best as possible; and 2) the model should be robust enough to
reproduce observations of the transportation system for periods following the observations
used in the calibration process and also of the periods preceding such observations. Such
goals however, are rather vague without an accompanying framework. In the discussion
below, we offer a rough framework for determining the scope of the calibration process.
This framework has two main components: 1) determining the objectives of calibration
process, and 2) identifying and selecting the performance measures by which the
transportation model’s performance will be evaluated.

Calibration Process Objectives

The process of establishing the scope of a calibration procedure begins by first defining the
objectives of the project and using these principles to develop a set of validation objectives
for the calibration process. In all, the structure of calibration framework is geared to
ensuring that the objectives of the calibration process all directly support the objectives of
the project and that there are procedures developed to verify the calibration process itself.

Furthermore, the calibration process objectives are evaluated in terms of whether they are
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compatible with the objectives of the project stakeholders. This process might require that
the calibration objectives be revised if objections are raised by stakeholders against certain
aspects of these plans. Nonetheless, once these calibration objectives are approved, then
the more specific aspects of the calibration process can be determined. This task would
include specifying the performance measures to be used, the spatial and temporal
dimensions of the calibration procedure, and the methods by which performance
measurements would be evaluated.

Identifying and Selecting Performance Measures

The first step toward determining what performance measures will be used in the
calibration process is to determine whether a performance measures can be measured in
the field and whether the modeling software being used can produce them as part of the
model output. Simply put, the performance measure must be both collectable and a part of
the model output in order for it to be a part of the calibration process. Without field
measurements of the performance measure, the model output’s measurements cannot be
evaluated. Formally, if a candidate measure satisfies the requirements and is compatible
with the project and stakeholder objectives, the measure is adopted. Once plausible
performance measures are identified, the final step is to determine how the performance
measures that were collected are to be compared to the results produced by the model’s
output. In selecting the method to perform this task, it is important to keep in mind that an
exact agreement between the model and the field observations is highly unlikely, if not
impossible, due to the stochastic nature of models (including DTA) and the natural variability
of the data that is collected from the field. As such, the degree of variability in field data is
first determined and then statistical tools are employed in order to establish amount of
error or variability that would be tolerated in the transportation model.

4.2.2 The Calibration Strategy

The primary task of the calibration process is make adjustments to a model which so that it

133



First Responder Support Systems & Technologies
(FIRST) Testbed
TRACK Il - Cross Cutting Modeling & Simulation
Summary of Dynamic Traffic Assignment in VISSIM

is better able to reproduce the observed behavior of the transportation system. Once the
calibration processes’ objectives, priorities and evaluation criteria are decided, the rules and
a general guide to this task are established, then the calibration process to begin. However,
because of the complex nature of DTA and transportation models in general, many issues
often persist that require further guidance in order to address them effectively. The goal of
this section is then to provide one possible framework for calibrating DTA models. To begin
this discussion, we being by recalling that DTA is a complex model that requires an extensive
amount of information, a large part of which consists of the characteristics or parameters
of many of the features in the model. Consequently, the sheer number of parameters would
greatly hinder any effort to calibrate every parameter and furthermore, the complex
relationships between parameters, as is usually the case in DTA, would make any such
attempt effectively impossible (with the exception of small or trivial cases). In spite of these
circumstances however, DTA can still contribute to the understanding of a transportation
system. Through the careful selection of model parameters to focus on and the
development of a coherent and systematic calibration process, the challenges facing
calibration can be greatly reduced.

Selecting Parameters to Calibrate

One starting point for evaluating model parameters for the calibration process is to
eliminate from consideration those parameters that are known to be set correctly with a
high degree of confidence. This approach allows for a greater amount of attention to be
allocated to parameters in which there is less certainty about them being set correctly. In
addition, it should be noted that this policy could be adopted in a flexible manner in that
not every parameter of a certain class needs to be excluded. For instance, features located
in a critical point in the transportation network can have all their parameters examined but
the same feature located in an isolated area can forgo having some of its parameters being

reviewed.
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Another point to consider is the nature of DTA in that it is very sensitive to parameters
dealing with traffic flow (link capacity and traffic speed) and route choices.*® Thus, one
potential strategy would be to prioritize the analysis and adjustment of parameters that
most likely to affect or interact with these two parameters. Furthermore, this could also be
extended to prioritizing facilities that can have a large impact on traffic flow or route
choices. A potential downside to this approach however, is that overly emphasizing traffic
flow can reduce the robustness of a model by ignoring other factors that are also important
in DTA. For instance, travel times are a main determining factor in route choice in DTA and
thus should often be checked in conjunction with traffic flow. Thus, when applying the
method listed above, it is important to recall that in DTA, congestion is only important in
terms of how it affects travel times and route decision. Finally, it should be noted that before
correcting parameters related to route choice, all adjustments to link capacity should be
performed first given that path-choice is largely dependent on traffic speed.

Calibrating Traffic Flow Parameters

As mentioned above, traffic flow is vital to the DTA and the calibration process for system
performance. In addition, route choice is very closely tied with traffic flow. However,
calibration is a complex process that requires an understanding how these parameters are
collected and how to manipulate them directly within the context of DTA. To begin, the
collection of traffic flow information for calibrating DTA models should be large enough to
capture the extent of the data’s variability, including periods of congestion and free-flow.*®
Furthermore, the data collection efforts should be focused on collecting information at key
points and should be consistent with the type of location or facility at which the

measurements are made. For instance, the measurement of capacity at a signalized

45 Given their importance, these two parameters are discussed in more detail below.

46 |n a technical and practical sense, a link can have the same amount of flow despite there being different
levels of congestion. This again is related to the principle that in DTA process congestion is only important by
itself but rather in how it affects travel times and route choices.
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intersection must be based upon vehicle movement through the intersection as well as
information about the signal parameters. In contrast, non-signalized intersections and
facilities (such as highways and rural areas) simply require identifying where queues form
and measurements of the rate at which the queue dissipates at specific times of the day.
With respect to determining the maximum possible flow rate of a location or facility within
a model, the process is based on manipulating input demand traveling through a link in
order to measure the maximum possible flow rate of that link. The process simply requires
the development of a queue by temporarily increasing the input demand of areas that are
upstream for the location of interest. The necessary queue length will depend on whether
the location is signalized or not. The process of calibration of capacity then requires that the
modeled maximum possible flow rates and that the congestion in a model run are in
agreement with field observations. Two types of complications however, can arise in a
model run related to the presence or absence of bottlenecks that result from a
misconfigured capacity parameter. In the first case, the model run does not show a
bottleneck occurring where one should occur. To fix this, the input demands of the model
are further increased until the bottleneck occurs and at which point the capacity calibration
resumes. These increases must be removed before any route calibration occurs. Conversely,
when bottlenecks occur when they have not been observed in the field, the local capacity
has to be increased. It is important that no false bottlenecks remain after the capacity
calibration process.

Finally, to measure the overall fit the model with respect to capacity a variety of statistical
methods can be employed. One such approach is the use of goodness-of-fit tests that
compare simulated and observed modeled speed estimates. Alternatively, one can use the
mean squared error of the difference between the maximum achievable flow rates
estimated through the model and the capacity measurements observed in the field as a

measure of goodness.
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Calibrating Route Choice

The calibration of route choice is largely driven by the assumptions made about how drivers
make routing decisions in general and about how they assess specific routes. The first facet
includes the decision paradigm used by drivers for route decision making. An example would
be utility maximization that only takes into account travel time and cost. Further
considerations include whether some type of equilibrium is required (such as start or
dynamic user equilibrium), the nature of information about traffic conditions accessible to
drivers, and how any traffic information will be used by drivers for path choice decisions.
Examples of different approaches to information include access to real-time information
when making the decision and along the route or only allow route planning to occur before
the trip. The approaches that are selected should produce global route choice behaviors
that correspond to those observed in the field. As for the assessment of routes by drivers,
the calibration is both global and local in nature. On the global scale, the considerations
include setting the parameters for utility or generalized cost functions that result in cost or
travel times that match those measured in the field. For the more local scale, the route
selection from the model can be compared to that of actual route choices observed in the
field. This is a particularly important step if local knowledge plays a large role in the route
decision-making process. In addition to visual inspections, goodness-of-fit test or mean
squared error test of model generated and observed link volumes can be used to evaluate
the model calibration.

Calibrating Origin and Destination Matrices

Before discussing the process of calibrating OD matrices, the nature of such matrices must
be established. Up to this point, references to origin and demand matrices have mostly
referred to static OD matrices, which include ODT matrices. Dynamic OD matrices have been

discussed (albeit not directly) within the context of some traffic assignment approaches.
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The fundamental distinction between static and dynamic OD matrices lies in the fact that
dynamic OD matrices are not fixed whereas in the static case they are fixed. For the dynamic
case, trips are allowed to vary in terms of their departure times.

Dynamic OD matrices are important as they are required for models implementing a
dynamic user equilibrium approach. The implementation of such matrices is complicated,
however, no general procedures have yet been developed that can be used with a wide
range of matrices in terms of size and congestion behaviors. Consequently, many of these
matrices are calibrated using procedures developed for static matrices but in an iterative
process that moves the trip departure times forward or backward until the DTA model
convergences. The nature of these algorithms and other aspects of the convergence process
are beyond this paper. With this said, we now turn our focus to the calibration of static OD
matrices.

The calibration of static OD matrices begins with the estimation of these matrices. In this
process, the objective is to produce an OD matrix from data that produces traffic patterns
similar to those that are observed. Potential data sources for this process include raw traffic
data or other OD matrices. Subsequently, the OD matrix is implemented into an assignment
procedure and the results are compared to traffic measurements collected from the field.
Then, adjustments are made accordingly to the OD matrix and the process is repeated until
a good fit is developed. Although this process can be conducted manually, many methods
typically automate this procedure. The process is commonly referred to as origin and
demand matrix estimation.

System-wide Performance Calibration

The final step of the calibration process is to ensure that the system as a whole behaves
according to the recorded observations of the transportation system. In the discussion
above, many parameters were discussed in relation to calibration; nonetheless, many other

parameters might need calibration for which guidelines could be developed. The issue with
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developing general guidelines, however, is that they can vary drastically depending on the
nature of the parameter. Instead of describing many specific situations, we shall discuss a
situation that is more general in nature: the use of performance measures to calibrate
system-wide performance. Performance measures are the criteria by which to evaluate the
model, in addition to standard measures such as traffic flows and route choice.

The calibration objectives should be selected in accordance with the project and
stakeholder objectives. The importance of the calibration objective is that it specifies what
deviations are acceptable when comparing the model generated performance measures
and the observed field measurements. Depending on the nature of the performance
measure, the process of attempting to meet these tolerances might affect the calibration
efforts of other measures — most importantly those of traffic flow and route choice.

4.3 Model Validation

The final aspect of the model evaluation process is to determine the robustness of the
model itself. Often, despite efforts and every intention to maintain a wide model scope, the
assumptions adopted in the model, the inclusion/exclusion of certain parameters, or the
nature of the calibration efforts might restrict any applications of the model beyond the
situation it was designed to address. In any case, before a judgment of robustness can be
made, the model must be tested with a scope defined. Tests of robustness simply need a
second comparable and compatible dataset that was not used to calibrate the original
model. Then, depending on the results of the new model outcome, the test can support the
robustness of the model or not.

We note that the scope can also be limited to the exact situation for which the original
model was developed. In such case, validation can be seen as an extension of the verification
and calibration process in that it can provide additional feedback for improving the
parameters used in the model. By using a second dataset, it is possible that a situation

develops within the model that highlights a previously unknown error, or it can also suggest
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parameters that result in a better fit. A serious obstacle for these efforts however, is that
additional high-quality datasets are not very common given the difficulty of collecting data.
In contrast, high-quality historical datasets are often available and barring issues of
incompatibility, they can be a part of the model’s validation process. Moreover, if a model
is able to replicate the behaviors of the present and the past, they are highly desirable. If a
model can consistently replicate past system’s behavior, then this is indicative of a model’s
ability to predict.

5. Traffic Assignment Modeling in VISSIM

In this section, we consider the development of both static and dynamic traffic assignment
models in VISSIM. For purposes of brevity, it is presumed that the previous sections have
been read, however, some concepts and definitions will be revisited in order to place them
in the context of traffic assignment.

5.1 Supply Models

In Section 2.2, we discussed the construction and nature of the transportation network in
VISSIM. To reiterate, both the transportation network and how it responds to congestion is
largely exogenous to our transportation system model. However, pseudo-endogenous
modeling of the supply network can be implemented in VISSIM by using an iterative
modeling approach. Here, the outcome of a simulation run would be used to make changes
in the subsequent iteration. Similarly, many modeling elements (such as Nodes and
markers) that affect the TNG can be adjusted in an iterative matter.

For DTA modeling, VISSIM’s approach to supply modeling allows for the construction of a
very detailed transportation model, and consequently, calibration efforts must be very
targeted and specific. However, both of these tasks can be very burdensome as some link
parameters cannot be adjusted directly as they are defined in terms of driving behaviors or
vehicle characteristic as outlined in Section 2.2. Therefore, to induce specific changes to a

link, driving or vehicle parameters must constantly be adjusted until the desired behaviors
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are produced in the model. In addition, because driving behaviors or vehicle characteristics
are defined for classes, changes to specific links require the definition of a new driving
behavior or vehicle class, which is potentially very time consuming to accomplish if many
links require specific changes. Conversely, system-wide changes to links are trivial as any
changes to driving behavior or vehicle classes automatically apply to all relevant links.

5.2 Demand Models

The core components of demand are the origin and destination (OD) information and the
route choice mechanism. The first includes the trip departure information for all trips taken
while the latter determines how route preferences are determined and how routes
selections are made. In VISSIM, the selection of the traffic assignment modeling approach
is dependent on how each core demand component in represented within VISSIM.
Additionally, the modeling approach selection for the OD information largely drives the
selection of the route choice modeling approach. As such, both modeling approaches are
selected simultaneously.

OD information can be inputted into VISSIM by the user through one of two previously
discussed ways — one using VIMs and the other with PLZs. The fundamental difference
between these two approaches is that with the VIM approach, only origins are explicitly
defined whereas with the PLZ approach, both the origin and destination are explicitly
defined. The information about origins and destinations is exogenous*’ in VISSIM and any
adjustments to this component performed manually.

Similar to OD information, route choice criteria is also largely exogenous and its
parameters must be defined by the modeler. In turn, the adopted OD modeling approach
determines the type of parameter that is required. With the VIM approach, vehicle routes

are predetermined and thus no route preference parameters are defined. Some

47 Technically, dynamic traffic assighment can have the demand component of the model determine
departure time endogenously, but in VISSIM, departure time is exogenous (although stochastic in nature).
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parameters are required to be defined however, if stochastic routes are implemented with
VIMs. These parameters define the proportion of vehicles that will adopt a route if they
enter the route as described in Section 2.2.4. In contrast, the PLZ approach requires the
definition of a general cost function to evaluate the desirability of a route. Three
parameter values are required in this function to specify the relative weight of travel time,
travel distance, and financial costs within the general cost of a route. Also, if a route has
any financial costs associated with traveling over one of its links, these parameter values
must be specified as well. As for how route choices are established with PLZs, VISSIM uses
a stochastic utility based approach based on the Kirchhoff distribution formula. In this
calculation, the lower the general cost of a route, the higher the probability of that route
being chosen, all else being equal. This formula includes an exogenous parameter, |,
where u >0, which determines how sensitive the function is to differences in utility. Values
of wapproaching 0 imply that the relative differences in utility between routes are
increasingly irrelevant. Conversely, larger p values imply that any relative differences in

utility between routes increasingly matter.

5.3 Traffic Assignment

In VISSIM, the most basic type of traffic assignment possible is static routing. Here,
information about every vehicle’s origin, destination, and route choice is known and is
directly implemented in VISSIM. The nature of a static routing model is that vehicles are not
allowed to respond to changes in the state of the network, including levels of congestion,
during a simulation or any other simulation thereafter. Vehicles are simply to follow the
routes they were assigned. This is not to say that static routes can never factor in congestion
or other network state criteria into determining route assignments. It is only that with a
static routing approach such considerations must be made outside of the model. For

example, empirical route choice data from commuters is likely to reflect route decisions that
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consider congestion due to commuters being familiar with an area’s congestion pattern. In
any case, static routing models inform us about how trips will unfold in terms of travel times
and where congestion developed in the network, but they cannot explain how or why
without more information or a model. While this limited scope is fine for many applications,
other uses require more explanatory power. For the modeling of traffic, traffic assignment
models provided that capability.

5.3.1 Static Traffic Assignment in VISSIM

Static traffic assignment (STA) as previously defined (Section 3.3.1) is not readily feasible in
VISSIM due to the incompatibility between the assumptions of STA’s of instant and
simultaneous path selection and VISSIM’s simulation based modeling approach. STA could
be implemented in VISSIM but it would require determining the route choices outside of
VISSIM. Solving STA requires the calculation of the instantaneous shortest paths and a
mechanism to establish route assignments that collectively possess a static user equilibrium
property but neither of these are features are accessible in VISSIM. One plausible alternative
to STA is using a static routing model with routes determined by a shortest path calculation,
a model known as all-or-nothing traffic assignment. This approach would lack SUE however,
and although reaching SUE could be attempted with an iterative assignment method, the

tedious nature of this process negates STA’s biggest advantage — its simplicity.

5.3.2 Dynamic Traffic Assignment in VISSIM

In contrast to static traffic assignment, dynamic traffic assignment (DTA) allows for the
consideration of time in trip departures. As a result, DTA represents relaxing STA’s
assumptions that all vehicles leave at the same time and are comprised of fixed route
choices, thereby providing a more flexible modeling framework. For example, by relaxing
both assumptions, DTA allows for traffic assignment approaches with immediate feedback

in which vehicles are constantly aware the congestion in the network and update their route
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choice accordingly (a route guidance model). Such a model is used to model a transportation
system where vehicles are equipped with devices that have access to real time information
about congestion. Other possibilities include DTA models with a deterministic user-
equilibrium, which is essentially the same as dynamic user equilibrium only that departure
times are fixed, and non-equilibrium models that, as explained in Section 3.3, are used to
model situations where sudden events occur which require drivers to react by rerouting .
In VISSIM, all three models listed above can be built, calibrated, and validated.

From a practical perspective, DTA also has its advantages. For one, VISSIM includes an
automated DTA procedure that spares the modeler from manually coding route information
— a significant issue in complex and/or large networks. Moreover, the assignment process
can have the route assignments move towards converging and with minimal effort from the
modeler. All that is required is that the modeler enters a few parameters regarding
convergence. Such capabilities come at a heavy price however. Assuming non-trivial route
choice criteria and non-trivial transportation networks, modeling with dynamic traffic
assignment is computationally difficult due to the dynamic nature of the interaction
between the supply and demand components of the transportation system. For instance, in
the route selection process, a set of path choices from an origin to a destination must be
created and evaluated in order to select a route. Given a sufficiently large network, the path
set for an origin and destination can be enormous. Furthermore, the path creation process
is complicated by the fact that the state/properties of the paths (i.e. cost, congestion) is a
function of the path choices of other network agents or vehicles and how these paths
interact through time thus introducing an even greater amount of complexity into this
approach. Ultimately, as previously discussed in Section 3, the modeler must assess the
tradeoffs between simplicity and complexity and decide whether DTA is appropriate or

necessary to model the transportation system at hand.
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5.4 The Evaluating Dynamic Traffic Assignment Models in VISSIM

For the tasks of verifying and calibrating models, VISSIM provides a platform and an array
of tools that facilitates finding common errors. One of its most significant aids is simply being
able to visualize the transportation network, particularly during the simulation phase. It is
possible to catch many errors here simply by scanning the network and looking for unusual
behaviors. Furthermore, VISSIM provides a couple of visualization tools and viewing modes
that accelerate the verification and calibration process. The Route Visualization tool for
instance, allows one to visualize the assigned paths between an origin and destination pair,
as well as the path’s detours and non-converging paths. This feature facilitates the search
for connectivity issues or links with faulty parameter values as the tool highlights missing
paths and obviously incorrect path volume and cost information.

In terms of information reporting data, VISSIM is able to provide an extensive amount of
information about system, path, or vehicle measures. It is able to report information, such
as traffic counts or average speeds, from specific points as well as over intervals of various
lengths (e.g paths and links). Additionally, VISSIM provides information in both an
aggregate and disaggregate form thereby allowing the analysis of the transportation
network at different scales.

All output data can be generated in a text format or in a database format. The information
remains mostly accessible although the size of the dataset can make analyses more
difficult without data analysis tools. For a variety of measurements, VISSIM provides a tool
(Analyzer Reports) that collects and presents model measurements in a simple and
organized document. One downside to VISSIM is that it lacks the capability to visualize the
collected data as a map overlay even though this capability exists while the simulation is
running. In all, VISSIM provides most, if not all, the tools needed to conduct the non-
software related verification and calibration recommendations laid out in Section 4.1 and

4.2 without any issues or special considerations. Furthermore, its data collection tools
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allow for a wide variety of analyses to be performed with littler effort. Finally, the
provided visualization tools are limited in some respects and yet, the included visualization
tools in conjunction with VISSIM’s simulation approach are beyond adequate for detecting

errors and calibrating DTA models.
6. Setting up Traffic Assignment in VISSIM

The directions in the guide below are written to provide an overview of the set-up for a
static routing model, as well as, a dynamic traffic assignment model. This guide attempts to
touch on all general principles and sacrifices detail for brevity. The reasoning behind this
decision was that including additional material would almost amount to re-writing the
manual. As noted in the introduction, the instructions are for VISSIM version 5.30 and
although they might be compatible with subsequent versions of VISSIM, significant changes
in VISSIM’s platform might require that these instructions be altered.

A. Introduction

For the following sections, we presume that the transportation network graph is
complete, in terms of having all links and connectors are located, connected, and loaded
onto VISSIM. We also assume that all relevant type of vehicles classes for this model have
already been constructed in VISSIM. For information on the coding the network please see
Section 6.3.1-2 in the VISSIM manual and Section 6.4.1 for information about vehicle
classes.
B. Static Routing
I.  Thefirst step here is to place vehicle input markers at the all origin locations for
vehicles.
1. Thisis accomplished by first visiting and clicking the Vehicle Inputs button
located in the button toolbar [the button looks like a car stacked on a truck] in
order to enable the editing of vehicle input data. One is now in Vehicle Inputs

editing mode.
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2. Visit the link where vehicles will enter the network during the simulation
process.

3. Right-click a particular point on the targeted link, where vehicles will actually
enter, to locate the vehicle input marker. We recommend locating this point as
close as possible on the beginning of the link (that is the side opposite from
where vehicles would leave the link when they travel on it).

4. Repeat steps ii toiii until all locations where vehicles may originate from have a
vehicle input marker.

[I. Next, the volume of departing vehicles and when they depart must be set for all
vehicle input markers.

1. Confirm that one is still in Vehicle Inputs editing mode (see section A.a.i if
unsure about this).

2. To see the temporal and volume data of all vehicle input markers right click any

point out the VISSIM network. This is the Vehicle Inputs box

a. Double clicking a link that contains vehicle input markers will display the
temporal and volume data of only the links located on that link.
3. The time intervals for which vehicles are to leave from are to be created.

a. First locate the Time subsection on the far right side of the Vehicle Inputs

box.

. This subsection contains the sets of intervals for which vehicle
volume and vehicle composition information can be entered for all
vehicle input markers.

e The top number on the list represents the beginning of the first interval

and the subsequent number below marks the end of the interval.
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b. To add a time interval, right-click inside the Time subsection and select
‘New’ from the context menu that appears after the right-click. A new line
should appear at the end of the list of the Time subsection.

c. Enter avalue in this new line in order to create a new interval break value.

e [f the new interval break values is greater than all values in the Time
subsection, a new interval beginning at the former highest value in this
section will be created and reflected on the subsection to the left of
the Time subsection.

e Otherwise, if the new interval break value (M) is between two existing
interval break values (L and H where L<M<H), two new intervals will be
created.

e One of the new intervals is characterized by L as its lower
bound and M as its upper bound while the other new interval
has the lower bound M and an upper bound H.

e Note: new values cannot be equal to any of the values already existing

in the time subsection

d. Editing of time values can be accomplished by selecting the time value to
change with the mouse, typing in a new time to this line, and pressing
enter.

e The possible values for new edited value are restricted to a range equal
to the interval break values that were immediately lesser than and
greater than the interval break value that was modified.

e. To delete intervals select the start time of the interval to be deleted, press
delete, and confirm this decision with the prompt asking for confirmation.
e Multiple intervals can be deleted by holding CRTL and selecting

multiple interval values before pressing delete.
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4. Once the time intervals are developed, the volume and type of vehicles leaving
the vehicle input markers must be defined. The vehicle type of the vehicles
entering the network must be defined in order for volume to be defined.

a. To edit volume information select find the row corresponding to the vehicle
input marker of interest by finding the link number of the link that the
marker is located on.

e Note: if there are multiple input vehicle markers on the same link,
there will be multiple rows for each link granted that they all have at
least 1 time interval where vehicle composition differs from all other
input vehicle markers on that link.

e Vehicle markers with similar vehicular composition

throughout all intervals will be condensed into a single

b. Find a time interval column that is to be modified belonging to the target
row selected in the previous step.

e Click on the upper box of row within this time interval column and enter
desired volume information is entered.

c. While remaining on the same time interval column, click on box below the
volume information. This produces a menu where the vehicle composition
of the vehicles leaving is determined.

d. Repeat steps 2-3 for all relevant time intervals columns for current row.

e. Repeat this process for all rows present in the Vehicle Inputs box.

Ill.  Next, we create routes and routing decision procedures.
1. This begins with the creation of a route

a. First we must enter Routes mode which is done by clicking on the Routes

button [resembles a blue snaking line] in the button toolbar.

b. Click on the link or connector where the beginning of the route will be.
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c. Right-click on a point on the targeted link or connector where the new
route is actually to begin. This should create a red bar (also known as a

routing decision point) on the selected point and a Create routing decision

box should appear.
e Atype of route will be need to be selected at this point. The two types

of interest are Static and Partial Routes. Understanding their function

requires more information about the route design process and thus,
they will be discussed in Step XXX of this subsection.

° To edit the location of the routing decision point left-click the link where
this point is located, left-click on the routing decision point, left-click on
the destination link, and left-click on the desired location

d. Select a destination link or connector for where the route will end.
e. Right-click on a point on this new targeted link or connector where the new

route is to end — a green bar should appear (a route destination point). If a

connection exists between the selected route decision and destination points, a
highlighted consecutive sequence of links representing a possible connection
will appear®.
° If no consecutive sequence of links or connectors exists, no links will be
highlighted.

° Note: A vehicle is committed to the route belonging to the first route
decision point that it encounters until it reaches a route destination
point that corresponds to this route decision point. Thus if another route
decision point* is encountered before reaching the correct route

destination point, the second route decision point will be ignored.

48 Routes are defined as a fixed consecutive sequence of links and connectors which contain a routing
decision point and at least one destination point that is accessible from the origin point of the route.
49 The exception here is partial routing points — a point discussed in Section 8 of this subsection.
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However, once a matching route decision point-destination point is
completed the vehicle can now commit to a new route.
[Optional] Editing a route emanating from a route destination point

e Right-clicks outside the network and bring up the Routes window.

° Double click on the routing decision belonging to the target route to
highlight the target route.

° Single right click an intermediate point on the highlighted route.

° Move the intermediate point to some position in a new link and
allow VISSIM to recalculate the link sequence. Note: Intermediate
points can be repositioned by dragging them to a new position

° Accept the changes with a single left click outside the highlighted
route.

[Optional] Multiple routing destinations points can be created for a routing

decision point by selecting another link after establishing the first route

destination point and again right-clicking somewhere in this link to place an
additional route destination point.

° Same rules apply regarding connection feasibility.

° To manage vehicles when there are multiple destinations, once all

destinations have been created, we bring up the Routes window.

° Now select the tab at the top corresponding to the type of route

we selected (Static or Partial)

° Then we find the routing decision point of interest and click on it.

This should update the boxes under the Decision box.
° Define the proportion of vehicles that are to be headed to each

possible route destination point associated with the routing
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decision point of interest by filling the box in the time interval
column that corresponds to the every route destination point.

° [Optional] If these proportions are to vary through time, it is
possible to add additional time intervals to allow the distribution
of route destinations to vary through time.

° Repeat for all routing decisions in both the Static and Partial tabs.

g. Repeat Steps 2-6 as needed. However, if a new routing decision point is
to be defined, double click on the network before proceeding Steps 2-6.

h. Note: The difference between a Static route and a Partial route is
essentially that while Static routes ultimately control the origin and
destination of vehicles, Partial routes are allowed to reroute any
vehicles, that encounters the partial route’s decision point, over a set of
routes regardless of the route the vehicle might be committed to or the
vehicle’s destination so long as the detour allows the vehicle access to
its original route. This is as once the vehicles exit at the Partial route’s
destination point, the vehicles then continue to their original route.

i Routing decision points and destination points can be deleted from the
Routes window by simply selecting wither of the points and pressing
delete.

IV. Simulation

Our model is complete and ready for simulation. To commence the simulation,

press the ‘Continuous’ option in the ‘Simulation’ menu.

V. Post-simulation analysis

A variety of analyses can be performed using VISSIM. Here we present an

abridged list of useful evaluations and its general type. For reasons of brevity,

no instructions on their set-up will be included. See Section 11 of the VISSIM
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manual for more details about setting-up each analysis.

a. Travel Times — Travel time over an interval defined by two
locations

b. Delay Times - Congestion over an interval defined by two or more
locations

c. Data Collector — Aggregate vehicle data at a point

d. Queue Counter and Vehicle Stops — Aggregate congestion at a
point

e. Vehicle Record — Individual vehicle data over a time interval

f.  Link Evaluation — Aggregated vehicle data over a link

g. Node Evaluation — Aggregated vehicle data over an interval
starting at a node

h. Network Performance Evaluation — Aggregated vehicle data over
time interval

i.  Vehicle input — Individual vehicle data over time interval

C. Dynamic Traffic Assignment
I. The first step in setting up a Dynamic Traffic Assignment Model is to develop
the Origin-Destination (OD) matrices and then enter them into VISSIM.

1. The OD matrices used by VISSIM are stored in a “matrix file format”
with the extension (.FMA). Thus an OD file would be named [file
name].FMA.

2. Comments in the .FMA files begin with a “*”

3. Information required in the file is:

a. The time interval for which the OD matrix will be used (hh.mm).

This time interval is defined in absolute time. In other words,
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although 0:00 can represent any time of the day, it represents
the beginning of the simulation (unless the absolute start time is
changed).

b. A scaling factor that can be used to scale the matrix globally

c. The number of locations that are origins or destinations (zones)

d. Anindex for all zones present in the OD matrix

e. A matrix describing for each zone the destination volume of
vehicles that will depart within the time interval defined for the
OD matrix.

f. Example file:

*

0.00 1.50

1.0

1234

0156
7023
21009
9360

An example reading from file above is: Between 0:00 and 1:50,

seven vehicles will depart from zone 2 for zone 1.
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g. Note: Multiple OD matrices can be developed for a model and
the time intervals than they are relevant for can overlap.
4. Once the OD matrix files are done they must be imported into VISSIM
a. Select the TRAFFIC menu in the VISSIM task bar. Here DYNAMIC
TRAFFIC ASSIGNEMENT will be an option in the drop down menu
and should be selected.

b. Upon the appearance of the Dynamic Assignment window,

check the matrices option.

c. Select New to load a directory menu and locate your matrix file

in your system. The file should now appear in the Matrices box.
e Matrix files can be deleted by simply selecting the target
file in the Matrices box and press the Delete button.

d. Ensure that the Traffic composition is the correct one. If not click
the target matrix file and press edit to modify the Traffic
composition.

e Note: Desired speed attributes for the traffic created by
the matrix will not adopt the values corresponding to the
Traffic composition specified here but rather by the
properties of the corresponding to the actual node/zone
(the Parking Zone in this case) which vehicles emanate
from.

/. After the OD matrix files are loaded, the transportation network graph has to
be amended with parking lot zones (PLZs) and Nodes. PLZs will serve as origin
and destination points for vehicles and Nodes are required for the of the
abstract transportation graph.

1. Identify location for PLZ
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a. PLZ will be located on a link edge
b. Routes cannot be established through PLZs

e Try establishing Nodes on border of network.

e |f they must be located in the interior of the network,
construct a link that is connected to the network and
place PLZ on this link

2. Create Node
a. Enter Nodes mode
b. Create Node on the link the PLZ will be located and next to the
specific location for PLZ

e Right click in Nodes mode just above the link on which
the Node and PLZ will be created and drag mouse to
second point just below link.

e Double right click on a third point located on the same
edge next to where the PLZ will located

e Ensure Node Evaluation and Dyn. Assignment boxes are

checked

c. Create second node next to PLZ opposite to the first Node.
Remain on the same edge.
3. Creating PLZs
a. Enter Parking Lot mode (blue icon with a P).
b. Select a link with a left click.
c. Create PLZ by right clicking on a link at the desired location and
dragging the mouse

d. Only one PLZ can be located between two Nodes.
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4., SetupPLZ
a. Note the No. and Name parameters. These are the nominal
identifiers of the PLZ, not an origin and destination zone
identifier.

b. Select Zone connector or Abstract parking lot for Type.

e Zone connectors allow vehicles to exit the network

without slowing down whereas Abstract parking lots
require that vehicles make a complete stop before they
exit the network.

c. The number in the Zone box within the Dyn, Assignment section

corresponds to the zone number from origin and destination
matrix.
5. Check Nodes and Edges for errors
a. Enter Nodes mode
b. Select Edit menu and click on Check Node/Edges option
c. If error box appears, correct error.

Ill.  The next step in constructing a DTA model is to specify the temporal
parameters of the simulation. They will control how long the simulation will last
and how often the network is to be evaluated.

1. Set up Simulation Period
a. Select the Simulation menu
b. Select the Parameters option
c. Adjust simulation time parameters
e Period — length of simulation

e Start time — the nominal start time of the simulation
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e Simulation resolution — Time step(s) per simulation

second

e Simulation speed — Simulated seconds per second

d. Click OK
2. Set up an Evaluation Interval
a. Select the Traffic menu

b. Next to Evaluation interval select a time interval (the units are in

simulation seconds)
e This interval value should depend on the output
measurement detail that is required
e Should be no more than half the size of the Simulation
Period’s length
c. Click OK
Before we can begin our calibration phase, we need to specify the way in which
routes are searched and the way route costs are evaluated.
1. Set-Up Route Costs
a. Cost Coefficients for Travel Time, Distance, and Link Cost
determine the general cost of a path. Each vehicle class is
assigned a unique set of parameters.
e Select the Base Data menu
e Select the Vehicle Types option
e Select the vehicle class of interest
e Press the Edit option
e Move to the Special tab

e Under Dynamic Assignment select Cost Coefficients

e Enter the desired cost coefficients
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e Repeat for all relevant vehicle classes
b. Link costs have to be set on a link-by-link basis. Charges are set
per km traveled on the link and they have up to 2 fixed
surcharges.

e Enter Links and Connectors mode

e Double click on link of interest
e Click on the Other tab
e Select the Cost button
e Set parameters accordingly
e Repeat for all relevant links
2. Set-up Route Search
a. Route Guidance is a feature that allows a vehicle to reconsider

their route decision at a fixed interval.

e Select Traffic menu

e Select the Dynamic Assignment option

e Select the Route Guidance button at the bottom left

side of the box
e Keep new route to destination parking lot option

e Set Offset and Route guidance interval to desired

interval
e Select the second Route Guidance if needed
The initial calibration effort consists of developing a collection of paths to be
evaluated by vehicles. VISSIM requires that they be found by vehicles and as
such, we will adjust the model’s path related parameters to encourage path
search for now. Also, we need to store these costs so that we have path cost

information to go along with the paths.
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1. Path Search
a. Select Traffic menu

b. Select the Dynamic Assighnment option

c. Store Costs
e Check Store cost option is on

e Select Exponential smoothing or MSA approach and

enter the desired parameter
e  Exponential smoothing and MSA are two
methods that use previous cost information to
generate new path cost estimates
d. Store Paths (and volumes)
e Ensure Store paths option is on
e Alter Kirchhoff exponent is required
e. Search new Paths

e Ensure Search new paths is checked

e Select the Dynamic Assignment option

e Press Extend button next to Search new paths

e Reject paths with total higher costs higher by than the
total cost of best path is off

e Search for paths for O-D pairs with zero volume is off

e Stochastic edge penalization for alternative paths search
is on

f. Correction of overlapping paths is on

g. Avoid long detours is off

2. We are almost ready to run. The following settings are going to allow

the network to load slowly. If the network is fully loaded, the path
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search process becomes more difficult. Thus we start with a small
amount of vehicle and gradually increase the volume until we reach full
demand
a. Scale Volume and run model
e Select Traffic menu

e Select the Dynamic Assignment option

e Scale Total Volume to is set to desired level

e Press OK

e Goto

e Select Simulation menu

e Select the Multirun option

e Enter desired Number of runs and Dynamic Assignment

Volume Increment parameter

e Press Start
VI. Once this set of model runs is completed, we begin the main calibration
process. At this point, we expect to have all the route information that we need
and thus can stop searching for new routes. Furthermore, we need to define
the convergence criteria will use in the model and the data outputs we want.
1. Turn off route search options
a. Undo all steps from step C.iv.4
b. Undo all steps from C.v.1
e The exceptions here are: C.v.1.f and C.v.1.e.v; they stay
the same
2. Set Convergence Criteria
a. Select Traffic menu

b. Select the Dynamic Assignment option
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c. Click the Convergence button

d. Select desired convergence criteria and parameter
3. Scale Volume

a. Select Traffic menu

b. Select the Dynamic Assighment option

c. Scale Total Volume to is set to 100%

4. Evaluations
a. Select the Evaluation menu
b. Select Files option
c. Select relevant measurements
e Consider those listed in B.v.1
e Paths Evaluation — Aggregate vehicle data over a path
e Convergence Evaluation — Aggregate vehicle data
(required if looking to have model converge to an
equilibrium)
5. Run Model
a. Select Simulation menu
b. Select the Multirun option

c. Enter desired Number of runs

d. Set Dynamic Assignment Volume Increment parameter to 0

e. Press Start
VII.  If convergence is being sought, the multirun will stop at the iteration that
reaches equilibrium. A message box will appear and ask the user if they wish to
continue. Otherwise, the model will continue running until all iterations are
complete. The convergence statistics in this case can be inspected by opening

the Convergence Evaluation file.
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In terms of calibration, the model can be further evaluated to verify whether
traffic patterns match or whether set performance criteria were met. The
general procedures to follow are discussed in Section 4. As for the analysis of
model data, this process will depend greatly on the nature and scope of the

project. Such discussion is beyond the scope of this guide.
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Cognitively Engineered Evacuation Routes

Micah Brachman

Introduction

After deciding to evacuate, the next choice an evacuee must make is which route to take.
The presumed goal of each evacuee is to select a route that moves quickly and safely out of
harm’s way. The cognitive processes that enable an evacuee to meet this goal are complex
and may differ for each individual. Yet in order to determine the best routes out of a
hazardous area for an entire neighborhood, we must consider the route choices that all
individuals make. One approach that a transportation engineer may take for determining
the best evacuation routes out of a neighborhood is to formulate a mathematical model.
Such models can represent the physical characteristics of a road network with great
accuracy, but may use assumptions about evacuee route choice behavior that lead to
inaccurate representations of traffic flow on a system of evacuation routes. One such
assumption is that evacuees will choose the shortest distance route from their route origin
to the nearest exit out of their neighborhood.

A network flow model that explicitly accounts for evacuee cognition may represent a

system of evacuation routes during an event with greater accuracy than a model based

164



First Responder Support Systems & Technologies

(FIRST) Testbed
TRACK Il - Cross Cutting Modeling & Simulation
Cognitively Engineered Evacuation Routes

solely on behavioral assumptions. In this paper, we first use empirical evacuation routes
from a survey of wildfire evacuees to test common assumptions about evacuee route choice
behavior and to determine which wayfinding strategies evacuees actually used. Next, we
formulate a Cognitively Engineered Evacuation Routes (CEER) model, which can measure
how the cognitive processes of wayfinding and environmental perception might impact
traffic flow on a system of evacuation routes. By allowing the parameters of this model to
vary stochastically, we can determine the locations of potential traffic flow bottlenecks
while accounting for the uncertainties associated with individual route choice behavior. In

the process of building and solving this model, we address the following research questions:

1) Do evacuees take the shortest distance route to the nearest exit?
2) What characteristics of the environment influence evacuee route choice?

3) Can a model that accounts for evacuee cognition represent a system of

evacuation routes with greater accuracy?

4) How does behavioral uncertainty impact this system of evacuation routes?

This research paper represents a hybrid approach for modeling traffic flow during an
evacuation. We borrow heavily from the conceptual and methodological frameworks of
hazards, transportation engineering, and cognitive science. This approach allows for
flexibility in both the questions we ask and how we answer them, with Geographic

Information Science and spatial analysis providing the basic foundation. We hope that the

165



First Responder Support Systems & Technologies

(FIRST) Testbed
TRACK Il - Cross Cutting Modeling & Simulation
Cognitively Engineered Evacuation Routes

results of this research can inform the design of future evacuation routing models, and assist
emergency managers in the development of evacuation plans and implementation of traffic

management techniques.
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Literature Review

1. Hazard Perception and Behavior

Within the discipline of Geography, the subfield of Hazards provides a basis for
understanding human interactions with the environment. One goal of the hazards approach
is to better understand the variability in perception of hazards to help determine the best
response (Kasperson and Dow 1993). The environment is both a source of hazards as well
as a resource (White 1945), thus perception of a hazard and its potential impact may be
central to understanding human behavior under risk and uncertainty (White et al. 1958).
The hazards approach often rejects models of decision-making based on strict economic
rationality, but rather takes a behavioral approach in which perception and awareness
dictate the boundaries on a range of choices (White 1961). This does not necessarily imply
that people behave irrationally when faced with a hazard, but rather that the ability of people
to understand the world around them and choose from appropriate courses of action is
dynamic and uncertain (Simon 1957). While modern communication and geospatial
technologies have given people access to extensive information about hazards that may
help them make decisions (Iwan et al. 1999), psychology under conditions of risk and
uncertainty still plays a critical role in determining the course of action they will take

(Stone 2006, Coleman et al. 2011).
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2. Wayfinding

Wayfinding is the process of determining and following a route between an origin and
destination (Golledge 1999). Determining and following a route may be influenced by how
people perceive the environment around them (Golledge et al. 1995), thus they may use
one or more wayfinding strategies to simplify the route planning process (Hirtle and Garling
1992). Laboratory and field research have suggested some general wayfinding strategies,
including shortest distance, least time, and movement in the direction of the destination
(Golledge et al. 1995), as well as choosing straighter routes rather than routes with many
turns (Bailenson et al. 1998, Bailenson et al. 2000). These wayfinding strategies may allow
people to find good routes when they lack the knowledge or capacity to find the best route
possible. A study of wayfinding behavior for people trying to solve the classical traveling
salesman problem found that their heuristic solutions were very close to mathematically
produced optimal solutions (MacGregor and Ormerod 1996). One unique characteristic of
emergency evacuations is the additional stress that evacuees may be under. Stress can
interact with variables in the physical environment to influence cognition, but the specific
role of stress in the wayfinding process is unclear (Evans et al 1984). Experiencing a certain
amount of stress during an evacuation may actually allow individuals to process
environmental information more effectively, but excessive stress may lead to distortions in
information processing that can hinder route choice (Ozel 2001). Mathematical models of

different wayfinding strategies can be used to study emergency evacuations (Lovas 1998),
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and can be formulated to account for the impact of environmental variables such as limited
visibility due to the smoke produced during a fire (Jeon et al 2011). Other models have been
used to measure how cognition may impact route planning (Rahman and Mahmood 2008)
and have shown how environmental conditions may lead to more complex exit and route
choice behavior when compared with a shortest distance strategy (Veeraswamy et al. 2009).
There have been few studies that measure the impact of environmental variability on
evacuation wayfinding in human subjects. One such study found that the presence of smoke
and limited exit sign visibility have a significant impact on the routes chosen by people
evacuating from a building fire, and concluded that empirical data plays an important role

in developing explanations of evacuation wayfinding behavior (Kobes et al. 2010).

3. Network Flow Modeling

Determining the routes evacuees choose is one of the fundamental problems in evacuation
planning (Yuan and Wang 2007), and network flow models are frequently used to estimate
the amount of traffic flow on a system of evacuation routes. These models are often built
on Wardrop's (1952) principles of route choice, thus use the assumptions that all evacuees
will take the shortest available route (Hobeika et al. 1994, Yamada 1996) and that evacuees
will always choose a less congested route if the shortest path route becomes too congested
(Chalmet et al. 1982, Hobeika and Kim 1998, Langford 2010). Network flow models
utilizing these basic assumptions are commonly used to generate “best case” evacuation

routes and clearing times; thus, they are suited more for planning purposes than for the
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study of specific evacuation behaviors.

Researchers have addressed behavioral uncertainty by considering multiple objectives

such as minimizing both the length of an evacuation route and the risk associated with using
it (Alcada-Almeida et al. 2009), and tried to minimize evacuation time while accounting
for the needs of priority evacuees whose limited mobility make them more socially
vulnerable (Hamacher and Tufekci 1987). Other models have been used to examine the
impact of egress points on network clearance time (Kalafatas and Peeta 2009), determined
how to optimize traffic flow during staged evacuation (Liu et al.

2006b), and assessed the impacts of different behavioral response curves (Ozbay and Yazici
2006). Researchers have also attempted to account for the non-linear processes inherent in
an emergency evacuation by allowing arc capacities to vary (Choi et al. 1988), developed
algorithms to improve model solution time for large networks (Lu et al. 2005, Mitchell and
Radwan 2006, Tan et al. 2009), and assess the impact of data uncertainty by testing models
on random networks (Miller-Hooks and Sorrel 2008). One promising advance in network
flow modeling is an explicit accounting for how physical hazard characteristics, such as the
depth of floodwaters, may influence evacuation behavior (Liu et al. 2006a). Very few
network flow models seek to address the uncertain nature of route choice during an
emergency evacuation. This uncertainty has been attributed to both the inherent behavioral
characteristics of evacuees (Fahy 1995) and to the geophysical characteristics of the hazard

and road network (Yuan et al. 2006).
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4. Cognitive Engineering

Cognitive engineering uses the principles of cognitive psychology and related disciplines
to inform the design of person-machine systems (Norman 1986). Also known as cognitive
systems engineering (Hollnagel and Woods 1983) and cognitive ergonomics (Jorgensen
1990), this set of principles has principally been applied to the design of interfaces for
computers (Gerhardt-Powals 1996) and other electronic devices. Recently, it has been
argued that cognitive engineering principles should be applied to the design of geospatial

decision support tools as well:

"Useful and usable solutions to people’s geospatial problems
can only be found by considering people’s cognition, abilities,
and strategies brought to the problem-solving process."

(Raubal 2009, p. 2).

One of our research goals is to use the CEER model to produce solutions to the problem of
evacuating a neighborhood quickly and safely that are useful for both academic researchers
as well as the fire, police, and emergency management professionals responsible for
evacuation traffic management. The conceptual model shown in Figure 1 clarifies what we

hope to gain by using the principles of cognitive engineering to design a system of
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evacuation routes. Most current approaches to modeling a system of evacuation routes
consider either the route choice behavior of individual evacuees (i.e. user goals) or

the physical characteristics of the road network and the hazard being evacuated from (i.e.
physical system). The CEER model bridges the gap between these two approaches by
considering the wayfinding strategies that evacuees may use to execute a safe evacuation in
conjunction with the network flow models that academic researchers may use to evaluate
the potential effectiveness of an emergency evacuation plan. By using the principles of
cognitive engineering to design our CEER model, we hope to produce solutions to the
problem of representing a system of emergency evacuation routes that accounts for the goals
of both evacuees and those responsible for planning and managing the evacuation process.

Figure 1: Theoretical basis for the cognitively engineered evacuation routes
approach, adapted from (Norman 1986).
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B. Data

1. Jesusita Fire Evacuation Routes

Our evacuation route dataset was collected using an online survey of people in Santa
Barbara, CA who were affected by the 2009 Jesusita wildfire. Respondents were presented
with an interactive map interface and asked to click each road segment that they traveled
on when evacuating from the fire (Survey Question QPATH). This map interface was
followed by a text box in which evacuees were asked to write a turn-by- turn description
of their evacuation route (Q23)'°. In order to develop a consistent dataset of evacuation
routes, we established a set of rules to determine the validity of the evacuation routes
provided by respondents. Our starting dataset of 141 routes includes every survey response
where the respondent clicked at least one segment on the interactive map. We used two
additional survey questions to help determine route validity. The first was an interactive
map interface where we asked respondents to click on the road segment on which they live
(QWHERE). The second was a text box where respondents were asked to enter the name

of the street on which they live (QSTREET).
Route validity was determined by three basic rules: a) the route must have a valid origin

node, b) all nodes in a route must be connected by a series of single links thus forming a

completely connected path, and c¢) the route must have a valid destination node. Route origin
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was determined by applying the following four specific rules to our initial set of 141 routes:

1) If QPATH contains QWHERE, QWHERE is the route origin

2) If QPATH contains QSTREET, QSTREET is the route origin

3) If QWHERE is the first street named in Q23 or connects directly to the
first street named in Q23, QWHERE is the origin

4) If QSTREET is the first street named in Q23 or connects directly to the
first street named in Q23, the segment of QSTREET that connects directly

to the second street named in Q23 is the route origin

These rules effectively limit selection of evacuation routes to respondents who evacuated
from their current place of residence. One important group of respondents that is excluded
using these selection criteria is evacuees who moved to a new place of residence after the
fire, a group that includes evacuees whose homes were damaged or destroyed. To account
for these people, we introduced one additional rule to establish a valid route origin:

5) If the first street named in Q23 is in QPATH, the first street named in Q23

is the route origin

The next set of rules was used to connect routes that had segments missing. Many
respondents reported some difficulty zooming in and out with the interactive map interface,

thus did not click very small street segments. These segments are needed to

have a fully connected route; thus, we added these segments to the route if they meet

the following criteria:
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6) The sum of QPATH segment distances is greater than or equal to 80% of
the sum of all segment distances needed to fully connect the route

7) Each gap in QPATH can be filled by adding no more than two segments

We generated 61 fully connected routes using these criteria. Many of the remaining
unconnected routes had gaps that exceeded the 80% distance and two link criteria, thus we
used the turn-by-turn route description provided by respondents in Q23 to connect these

routes using the following rules:

8) If the first or second street mentioned in Q23 directly connects to the route
origin, the link of that street that directly connects to the origin is added to
the route

9) If the next street mentioned in Q23 directly connects to the street added in
the previous step, the first link of this street and any intermediate links

needed to connect these two streets are added to the route

The previous step is repeated until either the streets mentioned in Q23 do not directly

connect or a terminal node of our study area network is reached. Forty-seven routes were

modified using these rules. A final set of rules were used to remove street segments that

175



First Responder Support Systems & Technologies

(FIRST) Testbed
TRACK Il - Cross Cutting Modeling & Simulation
Cognitively Engineered Evacuation Routes

were accidentally clicked by respondents.

10) If an arc is not connected to any other arcs in the evacuation route, it is
removed.
11) If a route contains branching arcs, these arcs were removed unless they

were explicitly named by the respondent in Q23.

After applying this set of rules to our original survey responses we identified ninety-

seven evacuation routes.

2. GIS Data

We collected several GIS data layers in order to assess environmental and physical road
network characteristics present during the Jesusita Fire evacuation. Several fire perimeter
polygons representing the location of the Jesusita Fire at different points in time were
obtained through the County of Santa Barbara online GIS data catalog. These polygons
were generated while the Jesusita Fire was burning by personnel from the California
Department of Fire and Forestry Protection. To determine elevations in our study area,
we acquired the United States Geological Survey 7.5-minute Digital Elevation Model
(DEM) covering Santa Barbara. This DEM was produced as part of the National Mapping
Program, and has 30 by 30 meter grid cells. We also obtained a shapefile showing private

roads in our study area from the Santa Barbara County Department of Planning and
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Development, and a road shapefile with street names, address ranges, and

speed limits from the Santa Barbara County GIS office. Finally, in order to estimate the
population of our study area we obtained a cadastral shapefile from the Santa Barbara

County assessor's office.
C. Methods

1. Route Comparison

The first research question we address is whether Jesusita fire evacuees took the shortest
distance route to their nearest exit. We used Dijkstra's algorithm to calculate the shortest
distance route from each evacuee's origin node to each of three different potential network
exits. The network exits we selected represent the intersections of major roads in our study
area (Figure 2), and were the three most heavily used exits based on our Jesusita fire survey
data. We selected the shortest of these three routes for comparison to our empirical Jesusita
Fire evacuation routes. Twenty-eight (29%) evacuees took the shortest distance route to
their nearest exit, while sixty-two evacuees (64%) took evacuation routes that were longer

than the shortest distance route to their closest exit.

The remaining seven evacuees (7%) selected network exits at a minor side street, thus

traveled shorter distances than if they had selected one of our three designated network
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Figure 2: Jesusita Fire study area road network
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exits. Of'the sixty-two evacuees who took routes that were longer than the shortest distance

route to their nearest exit, sixteen (26%) choose the nearest exit but took a longer route to

get there while forty-six (74%) choose an exit that was not the nearest to them.

From this analysis we can conclude that a majority of Jesusita Fire evacuees did not take
the shortest distance route to their nearest exit, and that the primary reason for this was that
evacuees selected an exit other than the closest exit to their starting location.

Why might evacuees choose a more distant exit? One factor that may have contributed
to the choice of a more distant exit is traffic congestion. Although we do not have direct
empirical measurements of traffic congestion at the time of the evacuation, we did ask

evacuees about their perception of traffic congestion with the following survey question:

How would you describe the traffic conditions you experienced
while you were evacuating?

a. Gridlock

b. Heavily congested

c. Moderately congested

d. Lightly congested

e. Free flowing

f. Don't recall
Our analysis of responses to this question shows little evidence that evacuee perception of
congestion contributed to selection of a more distant exit. Overall, 69% of evacuees

characterized traffic conditions as 'Free flowing' or 'Lightly congested' while only 15%

characterized traffic conditions as 'Heavily congested' or 'Gridlock'. Of our evacuees who
129
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did not choose their closest exit, 74% characterized traffic as 'Free flowing' or 'Lightly
congested' and 9% as 'Heavily congested' or 'Gridlock'. Evacuees who choose their closest
exit selected 'Free flowing' or 'Lightly congested' 68% of the time and the later two
categories 18%. Of course the implicit assumption in this analysis is that evacuees would
select a different exit node while evacuating if they experienced heavy traffic congestion.
In our survey we asked evacuees if they changed their route while evacuating, and found
that 84% did not.

Another factor that may have contributed to evacuees choosing a more distant exit is
elevation. Our study area is in the foothills of Santa Barbara and there is a wide elevation
range, with a high point of 309 meters above sea level and a low point of 70 meters. We
hypothesize that evacuees selected exits that are at a lower elevation than their closest exit.
One possible reason for selecting a lower elevation exit is that these exits connect to the
major arterial streets of Santa Barbara, thus providing evacuees more routing options to
their final destination. Another possible reason is that like many wildfires, the Jesusita Fire
started at a higher elevation then spread downhill towards more densely populated areas.
Evacuees may have perceived lower elevation exits to be safer because they seemed further
from the fire. To test this hypothesis, we assigned each exit node the elevation value of the
DEM grid cell within it falls. We find that on average, evacuees select exits that are 4.2
meters lower than the nearest exit. Although this difference is small, a one sample t-test
reveals that it is statistically significant (p- value < 0.001), thus we can conclude that
Jesusita fire evacuees selected exits at lower elevation than their closest exit.
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The last hypothesis we tested is that evacuees selected exits that were further away from
the fire than their closest exit. We used shapefile polygons showing the location of the
Jesusita fire to calculate the distance from the fire to each survey respondent's exit node
at the time of their evacuation. On average, evacuees chose exits that are 30 meters further
from the fire than their closest exit. A one-tailed t-test indicates that this difference is not
statistically significant (p-value > 0.1). One reason that this difference may be statistically
insignificant is that evacuees choose exits based on their relative distance from the fire
rather than their absolute distance. We determined relative fire distance values by
calculating how much further away each exit is than the exit closest to the fire at that time
period. Comparison of these relative values reveals that on average evacuees prefer exit
nodes that are 42% further away from the fire than the exit closest to the fire. These data
do not follow a normal distribution, thus we performed a Wilcoxon signed rank test, and
determined that this difference is not statistically significant (p-value = 0.11). Based on
these tests we can reject the hypothesis that evacuees will select exits that are further away
from the fire than their closest exit.

The selection of an exit is a critical step in determining the route an evacuee will take. We
can see from the analysis presented above that during the Jesusita Fire, the elevation of
exits may have been an influential factor in the route selection process. We can visualize
the impact of exit selection on evacuation routes by comparing two maps. The first map
(Figure 3) shows all routes used by Jesusita Fire evacuees aggregated to each street

segment in our study area.
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Figure 3: Jesusita Fire evacuation routes
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This map indicates a relatively even distribution of evacuees to destination nodes, as well
as an even distribution of evacuees on the roads leading into these nodes. The second map
(Figure 4) shows the shortest distance routes to each evacuee's nearest exit, again
aggregated to the street segment level. We see that the distribution of evacuees to exit
nodes is not balanced, but rather favors the exits at Foothill Rd and Alamar Rd (39% of
total evacuees) and Los Olivos (47%) over the exit at State St and Alamar Rd (13%).
The distribution of evacuees on the roads leading into these nodes is not balanced either.
Perhaps most striking when comparing these two maps is the differences in traffic flow
on many streets throughout the road network. Thus, it is important to investigate not only
the exit node selection process for Jesusita fire evacuees, but the street segment selection
process as well.
We have established that a majority of Jesusita fire evacuees did not choose their closest
exit. Therefore, it makes little sense to investigate the street selection process using the
shortest distance routes to their nearest exit. We used Dijkstra’s algorithm to calculate each
evacuee's shortest distance route to their chosen exit. Separating out the exit node selection
process may allow for a less biased measurement of factors that influence the selection of
street segments along an evacuation route. Of the ninety-seven evacuation routes obtained
from our survey respondents, forty (41.2%) are not the shortest possible in travelling from
their origin node to their chosen exit node. The greatest distance difference between an
evacuation route and a shortest distance route is 1072 meters, and the average distance

difference between an evacuation route and the shortest distance route is approximately
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158 meters.

Figure 4: This map shows the shortest distance routes to each evacuee’s
nearest exit.
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Figure 5: Jesusita Fire evacuation routes and shortest distance routes. The grey
bars show the length of shortest distance routes, and the black bars show the
additional distance traveled by evacuees who did not take the shortest distance route
to their chosen destination.
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A plot showing the distance of each evacuation route and its corresponding shortest
distance route (Figure 5) reveals that a majority of distance differences fall below this
average, with a few outliers where this difference is significantly greater. From these data
we may infer that most survey respondents who did not choose a shortest distance
evacuation route did choose a route with a slight distance difference. It is important to
note that multiple shortest paths may exist between an origin and destination, thus it is
possible that evacuees chose a route that utilized completely different links and nodes than
the single shortest path route we calculated with Dijkstra’s algorithm. While it would be
possible to assess evacuee link and node choice and determine if alternate shortest paths

were used during the evacuation that is beyond the scope of this analysis.
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Why do evacuees choose a route that is longer than the shortest distance between their
origin and chosen exit? One of the most intuitive answers to this question is that evacuees
prefer routes that may get them to their destination more quickly than the shortest distance
route. While a majority of the streets in our study area have a posted speed limit of 25
miles per hour, several of the major arterials have speed limits of 35 mph. We
hypothesized that evacuees chose routes that have a higher posted speed limit than the
shortest distance route. To test this hypothesis, we obtained speed limit data for every
street segment in our study area using both GIS data and field observations. We then
calculated the average speed limit for each evacuation route and compared it to the average
speed limit for each corresponding shortest distance route. On average evacuees select
routes with a speed limit that was 0.4mph greater than the shortest distance route. This
difference may seem small, but a one-sample t-test reveals that it is statistically significant
(p-value <0.01). We can accept the hypothesis that Jesusita fire evacuees chose routes
with a higher posted speed limit than the shortest distance route.

Another factor that may influence evacuee route selection is the direction of travel.
Evacuees may favor street segments that lead them directly away from the fire rather than
street segments that are moving perpendicular or towards the fire. We tested this hypothesis
by calculating the azimuth of each street segment in our study area. An azimuth of
O°represents a street segment that points due north while an azimuth of 180° is due south,
while azimuths of 270° and 90° are due west and due east, respectively. A map of the

earliest recorded Jesusita fire perimeter (Figure 6) shows that fire was north
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Figure 6: Jesusita Fire location on the day the fire began
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(0°) to northeast (45°) of our study area. It follows that evacuees might choose routes that
utilize street segments heading due south (180°) to southwest (225°) to move directly away
from the fire. The average azimuth of routes chosen by our evacuees is 210.5°, while the
average azimuth of the shortest distance routes is 211.3°. A t-test reveals that the difference
between these azimuths is not statistically significant (p-value > 0.1) thus we cannot

conclude that the direction of street segments influenced the route selection of Jesusita Fire

cvacuceces.

One unique feature of our study area road network is that there are both public and private
roads. Public roads are owned and maintained by the City or County of Santa Barbara and
are freely accessible to anyone. Private roads are owned and maintained by private
landowners, and may feature physical barriers to entry such as locked gates or perceptual
barriers to entry such as 'private road' or 'no trespassing' signs. Some of these private roads
provide the only connection between homes or subdivisions and the public road network,
thus evacuees had no choice but to drive on them. Other private roads pass through private
party but connect two or more parts of the public road network. Private roads of this later
type can theoretically be driven on by anyone, provided that there are no physical barriers
to entry or egress. Yet, many people might be unaware that these private roads actually
connect two public sections of the road network, or might be dissuaded from driving on
them by warning signs or other perceptual barriers.

We believe that utilization of connecting private roads may influence whether an evacuee
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takes the shortest distance route between their origin and exit. Two such roads in our study
area are Glendessary Lane and Mission Park Drive. Glendessary Lane connects to Mission
Canyon Road, a major arterial route through our study area. Multiple signs are posted at the
entrance to Glendessary Lane indicating that it is a private road and a dead end, but there
are no physical barriers. While it is indeed a private road, Glendessary Lane actually
connects to Mission Park Drive, another private road which in turn is connected to a public
street, Puesta Del Sol Road. Three Jesusita Fire evacuees chose to drive on Glendessary
Lane and Mission Park Drive, and two of these three evacuees chose the shortest distance
route from their origin to exit. Perhaps more striking is that four evacuees who did not take
their shortest distance route could have if they had chosen to drive on these two private
roads. These four evacuees could have traveled a total of 371 meters less if they had used
Glendessary Lane and Mission Park Drive. While the sample size for private road
utilization is too small to test for statistical significance, we believe that it is important to

consider the impact of private road utilization issue when modeling evacuation traffic flow.

2. Network flow

In the previous section, we uncovered several wayfinding strategies that evacuees may
have used during the Jesusita Fire. It is clear that while distance remains the primary factor
when choosing an evacuation route, the elevation of road network exits, speed limits on
street segments, and utilization of private roads all may play a role. Our previous analysis

was focused on understanding the evacuation route choice process for an individual or
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household. These results help us develop the Cognitively Engineered Evacuation Routes

model (CEER), which can be used to predict evacuation traffic flow at the aggregate level.

While many aggregate approaches consider only distance or travel time, our approach is

unique in that we account for the individual wayfinding strategies used by Jesusita Fire

€vacucecs:
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The objective of this model (1) is to minimize the total cost for evacuees traveling along
the road network, plus the total traffic congestion cost. The conservation of flow constraint
(2) ensures that all traffic flow on the network leaves the origin nodes, passes through any
intermediate nodes, and arrives at one of the destination nodes. Our next two constraints
(3,4) insure that a congestion cost is imposed when flow on an arc exceeds a specific
percentage of that arc’s total capacity. No negative traffic flow is allowed, nor can traffic

flow exceed the total capacity of a given arc (5).

This formulation is similar to many linear cost multicommodity network flow models
commonly used in operations research (Kennington 1978). Along this vein, the

'commodities' are the set of wayfinding strategies K in our model, and the cost of traveling
along an arc, Cij ,varies depending upon which wayfinding strategy is used. The addition

of a congestion cost Ci,.to the travel cost allows us to model how traffic congestion may

cause evacuees to change their wayfinding strategy. This piecewise- linear (Wagner 1975)
approach to modeling costs accounts for the decreasing returns (Glover et al. 1992)
associated with choosing an evacuation route as congestion becomes heavier. To our
knowledge, there are no emergency evacuation modeling approaches that combine
multicommodity network flow and piecewise-linear costs. The CEER model represents a

novel approach to modeling traffic flow during an emergency evacuation.
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While results from our survey indicated that most evacuees did not change their route while
evacuating, most survey respondents also reported that they experienced little traffic
congestion. Most people in Mission Canyon had at least 24 hours to evacuate before the

Jesusita Fire directly impacted their neighborhood, thus evacuation departures

were generally spread out, reducing traffic congestion. Future wildfires could force people
to evacuate in a much shorter time period; thus, it is important to account for the congestion

that may occur.

We tested the applicability of the CEER model by applying it to the study area of our
Jesusita fire survey. The goal of this model is to predict evacuee traffic flow at the aggregate
level. The first step is to determine the total amount of evacuee traffic flow in our study
area and the origin locations. We used the cadastral shapefile and results of from our
Jesusita fire survey to calculate these data. First, we selected all tax parcels from the
cadastral shapefile that have their centroid within the boundaries of our study area. We
then used the property classification field to determine the amount of flow from each
parcel. Parcels classified as single-family residences, condos or rancho estates were
assigned one unit of flow, and residential income parcels with 2-4 units were assigned three

units of flow.

This preliminary calculation assumes that one vehicle (ie. one flow unit) evacuates from

each housing unit in our study area. Our Jesusita Fire survey results indicate that many
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households utilized more than one vehicle when evacuating. Our evacuee flow calculation
should be adjusted to reflect this. We asked survey respondents how many people
evacuated from their household. Replies to this question indicated that an average of 1.8
vehicles departed from each household, with a minimum of one vehicle and a maximum
of six. The simplest way to account for these additional vehicles would be to multiply this
average by the amount of flow from each parcel. Alternatively, we could randomly
multiply each unit of flow by a value drawn from the empirical distribution of the number
of vehicles used by survey respondents. This method allows us to avoid the conceptually
difficult assumption that 1.8 vehicles evacuate from each household. Rather, between one

and six vehicles depart from each household, with a mean of 1.8.

Finally, we assigned the vehicular flow from each parcel centroid to the closest (Euclidian
distance) node on our road network. After this nearest node assignment we have a total
flow (&) of 2638 vehicles evacuating from our study area. For nodes that are neither an
evacuation route origin or destination the total flow is set to zero, forcing any traffic flow
which enters these nodes to leave them. Each of our three destination nodes can handle

the entire flow on our network, allowing the evacuation routes to resolve endogenously.

By using this method of determining evacuee traffic demand we assume that all housing
units are occupied, that all residents are home at the time of the evacuation, and that all

residents will obey a mandatory evacuation order. We used this approach because it is
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unlikely to underestimate the total evacuee traffic flow from a residential neighborhood.
Emergency evacuations are by nature wrought with uncertainty, thus it is critical to have

a traffic flow estimation method that can be applied quickly and that will generate an upper

bound on the amount of traffic flow to expect.

We used the comparison of Jesusita Fire evacuation routes to shortest distance routes to
inform the design of our wayfinding strategies K. While distance remains the most
important factor in determining an evacuation route, speed limits and knowledge of private
roads may influence the decision of which roads to take. We developed the following
general evacuation wayfinding strategies:

k, = shortest distance

k, =shortest travel time according to posted speed limits
k, =shortest distance with limited private road use

k, =shortest travel time with limited private road use

We calculated a different arc cost Cijk for each wayfinding strategy:
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The cost of using an arc for evacuees using wayfinding strategy k; is simply the distance
of that arc. For strategy kK, , the arc cost is an adjusted distance which reflects the potential

decrease in traveling time when driving on arcs with a 35mph speed limit rather than arcs

with a 25mph speed limit. We assigned two different arc costs for evacuees

using heuristic kK, : if the arc is on a public road, the cost is the same as distance, while if

the arc represents a private road, the cost is a very large number M. Because the objective
of our model is to minimize the total cost, assigning a very high cost to private road arcs

will effectively prevent flow on them except for evacuees who must use a
private road to leave their origin node. The arc cost for wayfinding strategy K, is identical

to k; except that our cost for public roads is adjusted to account for speed limits as in kK, .
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The next model parameters we set are the capacity for flow on each arc ( 4 ). These

capacities are calculated using the following formula, which is based on the Highway

Capacity Manual:

The basic saturation flow rate for an arc (S | ) is 1800 passenger cars per hour. This

value is adjusted based on the number of lanes on an arc (nlanes;; ), and adjustment

factors based on the width of the lane ( f ) and the uphill or downhill grade ( fg“ ). The

final part of this formula ( % ) is the green time ratio, which we use to account for the
ij
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reduction in arc capacity at controlled intersections. For arcs that end at an uncontrolled
intersection the value of this ratio is 1, and for arcs that end at a stop sign it is 1/2. There is
only one actual traffic signal in our study area, and we determined this ratio observing this

signal from 4pm to 5pm on a weekday afternoon and timing the cycle time (C; ) and

duration of the green period ( g; ).

We choose a set of arc congestion levels L that reflects the traffic conditions a driver may
experience during an evacuation:

|, = free flowing
|, = moderate congestion

I, =heavy congestion

The impact of these different levels of congestion is modeled by setting different traffic

congestion costs:
c;' =0
L
Cij* =0

I3 —
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We also set our capacity breakpoints ( ;A ! ), which determine the amount of traffic flow

on an arc at which the congestion cost will increase. These breakpoints may vary for

individual evacuees based on their driving style and knowledge of the road network. We

i i
set each of these three values at %for the initial instance of our CEER model, then

allowed them to vary stochastically for later solutions to reflect the uncertainty associated
with the differences between individual evacuees. This method of modeling congestion is
linear, and therefore it may not capture traffic dynamics such as queuing or lane changing
behavior. We believe this simpler representation of congestion is a good approximation
of a highly complex phenomenon, and has the benefits producing a fast model solution

time while accounting for behavioral uncertainty.

D. Results

We solved the CEER model using LPSolve on a Dell Precision T3500 with 12GB of RAM
and a quad-core 2.4 Ghz processor. The initial instance of our CEER model was solved to
optimality in 57.09 seconds. For this solution, average distance traveled by an evacuee
was approximately 1,328 meters and the total distance that all evacuees traveled along
private roads was 7,928 meters. After solving the initial instance of our model, we

allowed the capacity breakpoints ( ‘A I ) to vary stochastically to reflect the uncertainty

associated with how evacuees will react to traffic congestion. We randomly sample three
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values from a uniform distribution of capacity breakpoints, with a minimum value of 0.01
4, and a maximum value of 0.98 #,. Together these breakpoints must sum to the total
capacity of each arc (1,). We solve 1,000 instances of the CEER model, each with a
different set of capacity breakpoints. The average distance traveled by an evacuee for all
1,000 stochastic instances of the model is 1,318 meters, and the average total distance that
all evacuees traveled along private roads was 8,211 meters. Next we examine two specific
stochastic model instances: the minimum total distance and the maximum total distance
traveled. These solutions are of special interest as they can be thought of as the 'best-case'
and 'worst-case' scenarios. For the minimum total distance solution, the average distance
traveled by an evacuee was approximately 1,295 meters and the total distance that all
evacuees traveled along private roads was 8,612 meters. These values for the maximum
total distance solution were 1,380 and 7,928, respectively. The final stochastic model
instance we generated is the maximum distance traveled on private roads. The total
distance traveled on private roads is 13,736 meters and the average distance traveled by
an evacuee is 1,352 meters. The complete parameters for these results are shown in Figure
7 below. We also created traffic flow maps based on these results (Figure 8), which allow

for a more intuitive visual assessment.
In the earlier comparison of Jesusita Fire evacuation routes to the shortest distance routes,

we found that evacuees choose exits at a lower elevation than their nearest exit. The potential

influence of destination node elevation is not explicitly accounted for in the first version of
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our CEER model, thus we develop a second version that accounts for elevation by limiting
the flow capacity of our destination nodes. In the previous section, we observed that the total
amount of evacuation traffic flowing to each of our three network exits was more balanced

(32%, 38%, 30%) than the amount of flow to each exit for the
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Figure 7: CEER model parameters and results

Average Total
Model instance | 74 A4 ‘4 distance private road
traveled by an distance (m)
A, evacuee (m)
Initial solution 33, | 33u, | 334, 1,328 7,928
Maximum
34 04, | 624, 1,380 7,928
distance
Minimum
79 07w, | 144, 1,295 8,612
distance 1,
Maximum private 24 .05 '“U 71 'HU' 1,352 13,736
road distance 1,

shortest distance to nearest exit routes (39%, 13%, 47%). We used this information to set

the amount of flow into our three network destination nodes:
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Figure 8: Maps showing results of the CEER model. (1) is the initial model
instance, (2) is the maximum total distance, (3) is the minimum total distance,
(4) is the maximum total distance on private roads. Thicker lines indicate more
traffic flow, percentages indicate amount of total flow into each destination node.
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The first term represents an equal allocation of the total traffic flow & to each of our

three destination nodes, then the second term represents an adjustment of this flow
demand based on how much the elevation of a given destination node elev; differs from
the mean elevation of all destination nodes (€eleV,,;). By applying this equation to our
study area data we allocated 31%, 39%, and 30% of the total traffic flow to our three
network exits, respectively. These values are very similar to the values we observed in
the survey results. While limiting the flow capacity of destination nodes may impose
unnecessary constraints on the results of our model for our specific study area, we believe
that the above methodology may be important for calibrating the CEER model if applied
to other road networks. As with the previous version of the CEER model, we solved an
initial instance of the capacitated destination version of the model and then solved 1000
model instances with stochastic variation of the capacity breakpoints. The results of these

model instances are shown in Figure 9.
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Figure 9: Capacitated destination CEER model parameters and results

Model instance

Average distance

Total private road

ALl 74 | 741
4144 traveled by an distance (m)
evacuee (m)
Initial solution 33 1.331.33 1,342 7,928
Maximum distance 34 1.04 |.62 1,352 7,928
Minimum distance .79 1 .07 | .14 1,321 7,928
Maximum private road | .24 | .05 | .71 1,344 8,940

distance
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These results and the associated maps have considerably less solution variability than our
the first formulation of our model, which allowed destination nodes to have unlimited
capacity. We believe that it is important to produce a wide range of model solutions given
the dynamic and uncertain nature of emergency evacuations, and therefore do not consider

the capacitated destination version of the CEER model for the remainder of this report.

E. Discussion

In discussing the implications of our research, it is useful to refer back to the research

questions posed at the beginning of this report:

Do evacuees take the shortest distance route to the nearest exit?

It is clear from our assessment of Jesusita fire evacuation routes that a majority of survey
respondents did not take the shortest distance route to the nearest exit. When we compared
the actual evacuation routes to the shortest distance route to each evacuee's chosen exit, the
assumption of shortest path routes is reasonably accurate. Based on this finding,
understanding how evacuees choose an exit becomes a critical factor for modeling

evacuation routes for a given study area.

What characteristics of the environment influence evacuee route choice?

The answer to this question can be split into two parts. Elevation is the characteristic of the
environment that influenced the choice of an exit for the Jesusita fire evacuees. We believe

that traffic congestion and distance from the fire may have influenced the choice
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of an exit as well, but there was insufficient statistical evidence to show that these other
factors were significant. Speed limits are a characteristic of the environment that
influenced the choice of roads for Jesusita fire evacuees, and knowledge of private road
'shortcuts' may be an important factor as well. Direction of travel, road gradient and width,

and intersection control type are all factors that should be further analyzed in future studies.

Can a model that accounts for environmental perception represent a system of

evacuation routes with greater accuracy?

To answer this question is it useful to refer back to Figure 3, which shows the actual Jesusita
fire evacuation routes taken by our survey respondents. Comparison of this map to the
fourth map produced by our CEER model (Figure 8, bottom right) shows that the modeled
traffic flow pattern is similar to the actual flow pattern. When compared to the traffic flow
pattern produced when one assumes that all evacuees will take the shortest path route to
their nearest exit (Figure 4), we can see that our CEER model, which accounts for
environmental perception, is more accurate. These results are specific to our study area and
the Jesusita fire, thus additional research is needed to better define the role of environmental

perception in evacuation route modeling.
How does behavioral uncertainty impact this system of evacuation routes?

We can see from Figure 8 that a system of evacuation routes can have very different traffic
flow patterns depending on the wayfinding strategies and response to congestion

of evacuees. Much of the behavioral uncertainty during emergency evacuations is due to
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their infrequent occurrence and difficulties in collecting data. Often the default modeling
approach is to assume that people will behave the same way during an evacuation as they
do during normal vehicular travel. Other evacuation modeling approaches may assume that
people will panic and behave irrationally. We believe the truth lays somewhere in between
these two extremes, but this cannot be confirmed without additional empirical data on

emergency evacuations.

These answers to our initial research questions are valuable for future studies, but additional
analysis is needed to help evacuation planners and emergency managers make use of our
CEER model results. To address this need, we produce a new set of maps (Figure 28)

showing the ratio of traffic flow volume to capacity (v/c) for each arc on our network:

These maps can be used to identify 'hotspots' on the road network, where a high volume of
evacuation traffic flow may lead to long queues and bottlenecks. Displaying the results of
our CEER model in this manner is useful because certain areas of the network are likely to
become congested regardless of the wayfinding strategy and response to congestion of
evacuees. A composite map (Figure 11) showing the average volume to capacity

ratio across all four of the maps in Figure 10 clearly identifies these 'hotspot' areas.
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Figure 10: These maps show the volume to capacity ratio for the four iterations of
the CEER model from the previous section. The thickest black lines indicate that
volume is greater than 50% of capacity, and thinner black lines show volumes

between 25% and 50% of capacity.
(1) (2)

@) (4)
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Figure 11: Composite volume to capacity ratio for CEER model results. The
thickest black lines indicate that volume is greater than 50% of capacity, and
thinner black lines show volumes between 25% and 50% of capacity.

Cheltenham Rd

Foothill Rd

ﬁMission Canyon Rd

Alamar Rd

The potential for bottlenecks on Cheltenham Road, Tye Road and upper Mission Canyon
Road are of particular concern as these roads are located in steep, heavily vegetated terrain
in which a wildfire can spread quickly. The westbound section of Foothill Road is of

concern as well, although evacuees have the option of turning left onto Alamar Road to
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reduce congestion on these links. Downstream congestion on Alamar Road and lower
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Mission Canyon Road are of lesser concern because a wildfire is less likely to spread

quickly into these areas.

Although a model that incorporates wayfinding can represent a system of evacuation routes
with greater accuracy than a model based on simpler behavioral assumptions, it is still
difficult to fully account for the unique behaviors of individual evacuees. The CEER model
is intended to represent aggregate traffic flow in our study area, thus by design cannot fully
represent individual choices and decision-making. In addition, some routes taken by
Jesusita fire evacuees simply defy what any researcher might reasonably expect. Figure 12
shows two examples of such routes.
Figure 12: Unexpected routes taken by Jesusita fire evacuees. Black lines show

the actual evacuation route and thick grey lines show the shortest distance route.
The circle is the route origin node, the black square is the route destination node.

) (2)
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In the first map, the evacuee chose a route that was 747 meters longer than the shortest
distance route between the same origin and destination. Even more surprising is that this
evacuee drove uphill and in the direction of the Jesusita fire, which had spread into the
northern most sections of our study area at this evacuee's time of departure. One possible
explanation is that this evacuee wanted to get a closer look at the fire before leaving the
area. In the second map, the evacuee chose a route that was 1,072 meters longer than the
shortest distance route. One possible explanation for this choice is that the evacuee wanted
to avoid Tunnel Road, which intersects Mission Canyon Road , one of our identified traffic
congestion 'hotspots’. These routes represent complex evacuation behavior that would be
difficult to account for in any generalized, aggregate traffic model. Future research
directions include developing models that can better reflect individual evacuee choice, as
well as collecting the additional evacuation data that is needed to make generalized claims
about evacuation behavior. Further exploration into evacuation psychology is also needed,
perhaps by incorporating more open-ended questions in future surveys or conducting
follow-up interviews with survey respondents. The survey comments left by the two
evacuees whose routes are mapped above exemplify the complexity of evacuation process:
Comment 1:

" | first received information regarding the fire from high school friends
that lost their home in the tea fire. He heard about the fire over his cb
band and called me to get out. We saw smoke right behind our homes and

got out as it was windy and hot and it seemed likely to spread as the fire
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personnel have no access to water drop equipment in Santa Barbara any
longer. Sometimes neighbor helping neighbor is the most effective early
warning system. | alerted my 85 year old neighbor who was sleeping and
had not heard the warnings yet. Being a good neighbor and clearing your
brush and being aware of each other is important when you live in a high
risk area. | grew up in this home and this was my lifetime 5th evacuation
and the one that came the closest to taking my home with it."

Comment 2:

" 1. When the winds blow look to the hills.
2. Keep looking.

3. Install a 1 1/2" fire hose line. "
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Modeling the
Evacuation Decision

Micah Brachman

1.0 Introduction

Emergency evacuations are essential for protecting people from hazardous events such as
wildfires, tsunamis, hurricanes, industrial accidents, and terrorist actions. One way to assess
the effectiveness of an evacuation plan is through mathematical models that represent the road
topology, population characteristics, and hazard conditions of a specific geographic area.
Current emergency evacuation models are often based upon assumptions about spatial behavior
that may poorly represent human actions during an actual evacuation. In this paper we address
the issue of when and whether a resident may decide to evacuate. Most evacuation modeling is
based upon assumptions as to when people will decide to evacuate. The assumptions as to when

people will flee have a great impact on the outcome in modeling an evacuation event.

The stay-or-go decision of people living in a mandatory evacuation area is of critical importance
to emergency managers. One of the objectives of this part of the research was to develop a
better understanding of spatial behavior during an emergency evacuation. Collectively, such

behavior may either cause gridlock or may be manageable.
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2.0 Research Design, Data and Methods

On the afternoon May 5th, 2009 a wildfire began in the foothills above Santa Barbara,
California. Named the Jesusita Fire after a popular hiking trail in the area of ignition, this fire
burned nearly 9,000 acres, destroyed 80 homes, and caused 30 firefighter injuries. An
estimated 30,500 people were ordered to evacuate due to the danger posed by this fire, and
29,000 people were warned that they might be ordered to evacuate on short notice. The
analysis of the Jesusita Fire evacuation presented in this paper is the outcome of a natural
experiment. We rely on observations of variables related to the natural environment, the
population at risk, and the wildfire itself in several neighborhoods in Santa Barbara that were

impacted by the Jesusita Fire.

Emergency evacuations are infrequent, dynamic processes, and thus it is extremely difficult
to control specific variables or be certain that variables are independent. Although this natural
experiment does not have the inherent reliability of a controlled study, we attempted to
collect data in a way that allows for the contribution from all variables to be measured. Given
the paucity of empirical data from emergency evacuations, we believe that both our analysis
and the data collected to perform it represent an important addition to the body of scientific

knowledge related to this complex process.

2.1 Jesusita Fire Survey

We developed an online survey instrument to assess household behavior during the Jesusita
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fire for an approximately two square mile study area covering the Mission Canyon and Oak
Park neighborhoods in Santa Barbara (Figure 1). There were a total of 57 items that can be
split out into four general categories: risk perception, information flow, travel behavior, and

demographics.

Most risk perception items used a Likert scale, while questions covering information flow and
demographics were generally closed-ended with an open-ended ‘other’ response. Travel
behavior was measured through simple yes/no questions and other closed-ended questions such
as a novel map interface that allows respondents to trace the evacuation route they took. Many
critical questions are asked twice using both open-ended and closed-ended formats, allowing
for cross-checking validation of answers as well as the possibility of obtaining responses we
did not anticipate. The two methods used to recruit survey participants were door hangers placed
on the front doorknob or fence and an email list provided by the Mission Canyon Association.
We distributed approximately 2,000 door hangers covering 857 houses, 324 condos, and 40
apartment buildings between November 19th and November 24th, 2010. Six hundred current
and former residents of Mission Canyon were recruited via email on November 23rd. These
potential respondents voluntarily provided an email address to the Mission Canyon Association,
but do not necessarily still reside in the neighborhood. The internet-only English language
instrument effectively limited participation to Anglophones with Internet access and basic

computer skills. There were 264 total responses to the survey.
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2.2 Secondary data

We collected several GIS data layers that allowed us to assess environmental and physical road
network characteristics during the Jesusita Fire evacuation. Several fire perimeter polygons
representing the location of the Jesusita Fire at different points in time between May 5 and May
7, 2009 were obtained through the County of Santa Barbara online GIS data catalog. These
polygons were generated while the Jesusita Fire was burning by mapping personnel from the
California Department of Fire and Forestry Protection. To determine elevations in our study area,
we acquired the United States Geological Survey 7.5-minute Digital Elevation Model (DEM)
covering Santa Barbara. This DEM was produced as part of the National Mapping Program, and
has 30 by 30 meter grid cells. We also obtained a shapefile showing private roads in our study
area from the Santa Barbara County Department of Planning and Development, and a street layer
from the Santa Barbara County GIS Office with numerous data fields including street names,
address ranges, and speed limits. In order to estimate the population of our study area we obtained
a cadastral dataset from the Santa Barbara County assessor's office. We also downloaded data
from three weather stations located near our study area. Access to this historic weather station data

was provided by the weather underground website (http://www.wunderground.com).
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Figure 1: Red roads show the Jesusita Fire survey study area.
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2.3Methods

The methods used for this research are statistical analysis and hypothesis testing based upon
survival analysis. Primary data and secondary data are used extensively in the application
each of these methods. In this paper our focus is on the evacuation decision: Will people
choose to evacuate from a wildfire, and if so, when will they depart? We use survival
analysis to measure the impact of risk perception, distance from the fire, and environmental
conditions on this decision. The results of our survival analysis inform the design of a
generalized Rayleigh probability model, which can predict the departure timing of

evacuccs.

3.0 Modeling the Evacuation Decision

The critical decision faced by an individual when confronted by a fast-moving wildfire in
the woodland-urban interface is composed of two interrelated but distinct questions: Will
I evacuate? If I decide to evacuate, when shall I go? We believe that many of the same
factors affect the answer to each of these questions, thus we use the term evacuation
decision to encompass both. Despite being an area of active research across diverse
disciplines such as psychology, sociology, geography, and engineering, much remains to
be learned about the evacuation decision. The infrequency of evacuations as well as the

variability of affected populations and the hazard itself makes generalization of research
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findings especially difficult. Our contribution to the body of knowledge on the evacuation
decision presented in this paper should thus be considered in the proper context. We study
the evacuation decision for a single wildfire event for several neighborhoods in Santa
Barbara, CA that are within or near the wildland-urban interface. Despite the specificity of
this research project, we hope that our findings will contribute to a better understanding of

the factors that affect the evacuation decision for wildfires and other hazards as well.

The basic question we address with this research is: What factors influence the wildfire
evacuation decision? We believe that numerous factors influence this decision, many of
which are difficult or impossible to observe or measure. It is thus important to narrow this
basic research question into specific hypotheses that can be tested using factors we are

able to measure. The four research hypotheses we test are:

1) People who receive a mandatory evacuation order are more likely to evacuate,

and will evacuate earlier than people who do not

2) People who believe the fire posed a high risk are more likely to evacuate, and

will evacuate earlier than those who believe the fire posed a lesser risk

3) People who are close to the fire are more likely to evacuate, and will evacuate

earlier that people who are further away

4) Environmental factors such as high temperature and high wind speed increase

the likelihood of evacuation at the time of their occurrence.
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The factors considered in these hypotheses are interrelated and may be codependent. For
example, it is unlikely that someone would receive an evacuation order unless they were
within a certain distance from the fire. We attempt to control for this potential
covariance in our analysis to the greatest extent possible, and thus treat these factors as

independent variables with an implicit understanding of the limitations of this approach.

This paper is structured as follows: First, we review the literature related to both the
evacuation decision and the methods we shall use to address it. Next, we present both the
primary and secondary datasets used in our analysis. We then describe the use of survival
analysis to determine the significance of various factors in the wildfire evacuation decision,
and develop a generalized modeling framework for predicting when evacuees will depart.
We conclude by discussing the implications of our results, the limitations of this study, and

possible directions for future research.
3.1Literature Review

Statistical Models of the Evacuation Decision

Statistical models are often used to test research hypothesis related to the evacuation
decision and identify new factors that may be significant. A properly specified statistical
model needs an underlying conceptual framework, such as representing specific evacuation
behaviors as a binary ‘yes/no’ decisions. The most useful output of such models is often an

assessment of which variables correlate with the evacuation decision and/or an estimate of
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when people will depart which can be used to represent travel demand in traffic engineering
models. The discrete choice model is frequently used to represent such decision making,
and can be used to address problems such as choosing an exit from a building during a fire
(Ren-Yong and Hai-Jun 2010) or estimating the probability that a household will evacuate
during specific time periods before a hurricane makes landfall (Fu and Wilmot 2004). A
model of evacuation decision making during a hazardous materials spill in Nanticoke, PA
found the timing and content of warning messages that evacuees received were significant
factors in their departure timing (Sorensen 1991). Another model of the evacuation decision
involving the 2004 Indian Ocean tsunami showed that distance to nearest seashore,
education level, and local knowledge were significantly related to household evacuation
timing (Charnkol and Tanaboriboon 2006). Research focused on the Three Mile Island
nuclear power plant accident found distance from the plant and the actions of friends and
neighborhoods to be significant factors in the decision to evacuate or not (Zeigler et al. 1981,
Cutter and Barners 1982). A study of people affected by Hurricanes Hugo and Andrew
found prior evacuation experience and perception of high risk to be important variables in
the decision to evacuate or stay home (Riad et al. 1999). Researchers studying wildfires in
parts of Australia found distance from the fire and the number of vehicles owned to be
significant household-level predictors of the decision to evacuate (Alsnih et al. 2005), and
receipt of voluntary and mandatory evacuation orders has also been positively correlated
with the decision to evacuate from a wildfire in the woodland-urban interface (Mozumder et

al. 2008).
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Survival Analysis

One alternative to discrete choice models is survival analysis. This statistical method for
studying the occurrence and timing of events is well suited to analysis of longitudinal data
with censoring and time-dependent covariates, which can be difficult to handle using
traditional statistical techniques (Allison 1995). The method has been adapted to analyze
time series data in numerous fields, including epidemiology (Hagan et al. 2004),
engineering (Christian et al. 1994), economics (Burton et al. 2003), and political science
(Berry and Berry 1990). Survival analysis has been used in the general field of
transportation, but seldom in studies of emergency evacuations to date. Hensher and
Mannering (1994) applied survival analysis to several transportation problems such as how
long commuters delay trip departures to avoid traffic congestion and how long travelers
may wait before trying a new mode of transportation. Other researchers have used survival
analysis to compare the duration of trips for the purposes of shopping, personal business,
or free time between men and women (Niemeier and Morita 1996). The scheduling of
different travel activities has been addressed through survival analysis as well, accounting
for both the duration of the work-to-home commute (Bhat 1996) and the amount of time
spent at home (Mannering et al. 1994). One potential output of such analyses is a time-
dependent simulation that can forecast travel activities independently of the data used in
the initial survival models (Auld et al. 2011). Survival analysis is well suited to evacuation

decision data, which is often right-censored (people evacuate before the end of the study

227



First Responder Support Systems & Technologies

(FIRST) Testbed
TRACK Il - Cross Cutting Modeling & Simulation
Modeling the Evacuation Decision

period) and can have time-dependent factors such as an individual's distance from the
hazard. Despite this fit, the only published survival analysis of the evacuation decision that
we found during a thorough literature search (Fu and Wilmot 2006) uses a Cox Regression
model (Cox 1972) and a piecewise exponential survival model to estimate dynamic travel
demand during a hurricane evacuation, accounting for factors such as receipt of an
evacuation order and distance from the storm. To our knowledge there is no published
survival analysis of wildfire evacuation data, although there is an interesting application of
survival analysis to assess the relationship between the age of wildfire fuels and the

probabilities of wildfire occurrence (Moritz et al. 2004).

Rayleigh Probability Distribution

Survival analysis and other statistical modeling techniques are very useful for assessing
the significance of specific variables on the decisions made by individuals. These methods
can also be used to forecast the behavior of individual based on the values of these
variables. One drawback to the use of these models for forecasting is that they produce
estimates of the decision outcome for each individual that are specific to the event or
process being studied. This makes generalization of these forecasts difficult, especially
for events such as emergency evacuations, which vary significantly depending on the
characteristics of both the hazard and the population at risk. The Rayleigh probability
distribution has been used to model wind velocity (Corotis et al. 1978), predict ocean

waves (Ochi 1978), and has been applied to numerous other natural processes.
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Transportation applications using this distribution include modeling how airline traffic is
effected by weather and other uncertainties (Jinwhan et al. 2012) and improving vehicle
fuel efficiency using adaptive cruise control systems (Khayyam etal. 2011). Tweedie et
al. (1986) used the Rayleigh probability distribution to model evacuee departure times for
a nuclear power plant evacuation. Many evacuation researchers have since adopted this
approach to model evacuation travel demand for other hazards such as hurricanes
(Duanmu et al. 2011) and tsunamis (Mas et al. 2012). It is important to select evacuation
travel demand models that can accurately replicate traffic conditions during actual
evacuations in an area of study (Yazici and Ozbay 2008). One advantage of using a pre-
specified probability distribution to model travel demand rather than an event- specific
statistical model is it may be possible to move towards a generalized forecasting model of

evacuation travel demand.
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3.2Data used in the evacuation decision

Our primary data is from a survey of Santa Barbara residents we conducted following the
May 2009 Jesusita wildfire. The complete survey can be found in the appendix section of
this rep ort. The secondary data we utilize include GIS data layers downloaded from the
Santa Barbara County GIS website (http://www.countyofsb.org/gis/) and weather data

downloaded from three weather stations near our study area.

Primary Data

Several survey questions were used to establish that respondents were in Santa Barbara and
living in our study area during the Jesusita fire. The survey question below was asked of

all respondents who met the previous criteria:

Question 7. Did you evacuate during the Jesusita Fire?

(Yes, No, Don’t Recall)
Only respondents that responded yes or no were considered for further analysis. These
data were transformed into a binary variable (evac), with 1 = Yes and 0 = No. We asked
all respondents who indicated that they evacuated during the Jesusita Fire to provide the
time and date of their evacuation. The interface we used to collect these data allowed
respondents to select a one-hour time period from midnight on May 5 until 11pm on May
11™, The official start time of the Jesusita Fire was 1pm on May 5 and nearly all mandatory

evacuation orders were lifted by 10am on May 10. All of our survey response fall into this
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time period, with the exception of 10 respondents who gave an evacuation time that was
before the fire started. We assumed that these respondents may have made an error
when indicating their time period of evacuation, thus we excluded them from our analysis.
The last evacuation time given by a survey respondent was 3pm on Saturday May 9th, thus
we have 99 total one-hour time intervals between when the fire started and when the last
respondent evacuated. Each respondent who answered yes to the evacuation question is
thus assigned a value from 1 to 99 indicating the 1-hour time period in which they

evacuated.

Many factors may influence the decision to evacuate. For the purpose of hypothesis testing
it is convenient to split these factors into several general categories. Notification is one
category of factors that may influence the decision to evacuate, and includes variables such
as whether an individual was told to evacuate and how they received information about the
evacuation and the hazard. Variables that measure distance from the hazard form another
important category, as well as variables that assess the risk perception of affected people.
We use data from our survey to develop variables in each of these categories. The complete

survey can be found in the appendix section of this paper.

We also asked additional questions related to demographics, housing tenure, and previous
evacuation experience. Demographics questions include sex and age, housing tenure

questions asked how long respondents had lived in Santa Barbara and whether they rented
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or owned, and our evacuation experience question asked whether respondents had ever
evacuated from a fire or other hazard prior to the Jesusita Fire. These factors are not
included in our research hypotheses as it is difficult to predict how they will influence the
decision to evacuate if at all. We include these variables to test for any emergent,

unexpected relationships that could be further assessed in future research.

Secondary Data

The GIS data layers we downloaded include basic study area features such as road topology,
tax parcels, and census block groups as well as fire-specific variables such as polygon layers
that show the extent of the Jesusita Fire and the boundaries of mandatory evacuation zones
at several time periods. We also downloaded data for several weather and environmental
variables from three weather stations located near our study area. By matching these
secondary data to the locations given by survey respondents, we can generate several

additional notification and distance variables.

4.0 Methods

4.1 Geolocation of Survey Respondents
Survey respondents must first be assigned a location before GIS variables can be calculated.
Based on advice received from the UCSB Human Subjects Institutional Review Board, it
was determined that the greatest location precision we could ask respondents was the city
block they lived on. We believe that it is more intuitive for people to identify their location

by street name than block number, thus we used ArcGIS to split each street in our study
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area into segments that correspond to the length of a block In our survey we asked
respondents to indicate their location by clicking the street segment they lived on using an
interactive GoogleMaps interface, and also asked that they type in the name of the street
they lived on in a text box. We began with an initial set of 234 survey responses, which
includes all respondents who indicated that theyeither did or did not evacuate during the
Jesusita Fire and typed in the name of the street on which they live. Of these 234
respondents, 151 clicked on a street segment using the GoogleMaps interface. Many
respondents indicated difficulties using the GoogleMaps interface in the comments section
of our survey, which may explain the discrepancy between the number of responses to the

text-based and map-based location questions.

The first method we used to geolocate respondents was to simply match the street name
they entered in the text box to the street name of the segment they clicked on the map.
We corrected text box entries to account for misspellings, abbreviations (e.g. Dr/Drive),
and commonly used alternate street names (e.g. Highway 192/Foothill Road) and were
able to assign 134 respondents to street segments using this method. Six respondents
who did not click a street segment on the map provided an exact address (house number
and street) in the text box. The location of these respondents was generalized to the
street segment level. We removed nine responses from our original dataset that could
not be matched to any street segment in the study area. These respondents did not click

a street on the map, and either entered a street name in the text box that was not in our
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study area or provided only a numeric house number but no street. In this initial round of
geolocations we matched 140 out of the 225 valid surveyresponses to a street

segment in our study area.

The remaining 85 survey respondents entered a street from our study area in the text box
but did not click a street segment on the map. It is important to assign these respondents
spatiotemporal variables thus we develop a method to geolocate them that accounts for the
lack of geographic precision inherent in their survey response. For each of these
respondents we matched the street name they entered to a random street segment of the
same name in our study area. This method certainly introduces a degree of uncertainty
regarding the accuracy of assignment of our spatiotemporal variables, but we believe this
uncertainty is mediated by several factors. Many streets in our study area are less than four
blocks in length, thus a randomly assigned location that is three blocks away from the
respondent’s true location still provides an acceptable approximate location within our
study area. Uncertainty is inherent to most spatiotemporal data, and the fire perimeter and
evacuation zone polygons that we use to generate variables for our survey respondents are
not an exception. We believe that the uncertainty associated with this pseudo-random
geolocation method is mitigated by maintaining an acceptable standard of location
precision, and should not ultimately bias our results due to the uncertainty inherent in all

geographic data.

To generate our GIS variables we first calculated the midpoint of each street segment
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assigned to a survey respondent. These street segment midpoints are used to represent the
place of residence of each survey respondent. We downloaded polygon layers showing the
boundaries of mandatory evacuation zones at 22 specific points in time, thus we can
determine if the place of residence of each respondent was located in a mandatory

evacuation zone. We use these data to generate a binary variable (mangis).

For evacuees who were in a mandatory zone at or before their time of evacuation are
assigned mangis = 1, for those who were not mangis = 0. For non-evacuees mangis = 1 if
their house was in a mandatory evacuation zone at any time period fromt =1 to t =99, and
0 if not. The second GIS variable we calculate is the distance from the fire for each
respondent from t =1 to the time of their evacuation (fdist). Respondents who did not
evacuate have a distance from the fire from t =1 to t =99. We first downloaded polygon
layers showing the boundaries of the Jesusita fire at 10 specific points in time. We then
calculate the cartesian distance from each street segment midpoint to nearest point on each
fire perimeter polygon at these 10 points in time. To generate hourly distance measurements
for each respondent, we interpolated between observed fire time periods (

fdist") using the formula below:

fdist',,,—
fdist',
n

fdist,,, = fdist',+
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This linear interpolation gives a rough, inexact measure given the non-linear nature of
fire spread, but we believe this method is preferable to assuming a static fire location
over time.
We also used the survey respondent locations to assign weather variables. We calculated
the Euclidian distance from each street segment midpoint to each of the three weather
stations, and assigned each midpoint to its closest weather station. Two of these weather
stations are located on the western boundary of our study area near the intersection of
Foothill Road and Alamar Avenue, and the other is located further south, approximately

300 meters away from the eastern boundary. These data are unique compared to our

other in that we have non-interpolated measurements for each survey respondent at each
time period leading up to their evacuation (or from T=1 to T= 99 for non-evacuees).
Observations were recorded at approximately 10 minute intervals for two if the weather
stations and at 5 minute intervals for the third, so the data needed aggregation to match
the 1-hour evacuation intervals from our survey. For four of our weather variables, air
temperature (temp), wind direction (winddir), wind speed (windspd), and humity (hum)
we simply took the average of all observations at each weather station within each one
hour time period. For our fifth weather variable, maximum wind speed (windgust) we

took the maximum value observed at each weather station during each time period.

Our final set of location-based variables are used to indicate the unique geographic areas

in which survey respondents were located (Figure 2). Our first geographic area (zonel)
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encompasses the part of our study area north of Foothill Road (i.e. Highway 192). This
area is the location of Mission Canyon and is unique for its steep, mountainous terrain and
the limited egress options out of the neighborhood during evacuations. The second area
(zone2) between Foothill Road and Mission Creek is significantly flatter and has many
more egress point. Our third geography zone (zone3) is south of Mission Creek and covers
an area that is generally considered safe from all but the most extreme wildfires. These

variables are simply coded as one or zero depending on the location of the respondent.
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Figure 2: Geographic zones in the Jesusita Fire study area.
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4.2 Survivor Function Comparison

Survival analysis is a way to model the time it takes for events to occur. One of the most
prevalent uses of this methodology is to examine time until death for recipients of different
medical treatments, hence the term ‘survival’. The event we are concerned with is
evacuation from a wildfire, thus ‘survival’ in this analysis should be thought of as ‘time to
evacuation.” Everyone who evacuated from the wildfire is considered to be a ‘survivor’,
which makes sense intuitively as evacuation is a typical response when people are faced

with exposure to a natural hazard that may result in injury or death.

The first step in our survival analysis of the Jesusita Fire evacuation is to generate a
survivor function. Let T represent the time to evacuation, a random variable with a
cumulative distribution function P(t) = Pr(T <t) and a probability density function p(t) =
dP(t)/dt. The survivor function S(t) is the probability that a survey respondent evacuated
after time t, where t can be any time period from the start of the fire until all mandatory
evacuation orders were lifted. This is simply the complement of the distribution function
1 — P(t). Survey responses for people who did not evacuate are considered to be right
censored since observation of these respondents is terminated at t =99. All evacuations
occurred at or before t =99, and all non-evacuees are censored at t =99, thus our survival
data set can be described as single right censored. We used the Kaplan-Meier method to

estimate the survival function for our data. For each observed event timet=1,2,3...99 we
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simply divide the number of evacuees by the total number of responses (208). For our

non-evacuees the Kaplan-Meier estimate is undefined.
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We believe it is more intuitive to think of an evacuation survival function in terms of the
percentage of people who have evacuated over time, thus we simply subtract each Kaplan-
Meier estimate from one and multiply by 100 to calculate this percentage at each time
period. The survival curve produced by the Jesusita Fire evacuation survivor function is

shown in Figure 3 below.

Figure 3: Jesusita Fire Evacuation Survival Curve
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There are several distinct time periods at which a majority of the evacuations occurred.
They are May 5™ from the start of the fire at 1pm until 9pm, May 6™ from noon until
6pm, and May 7 from 1pm until Spm. At the end of our study period at 3pm on the 9t

of May, 30 (or 14.4%) of a total 208 survey respondents had not evacuated. The presence
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of these distinct evacuation clusters is not surprising as a majority of wildfire events in
Southern California are driven by Santa Ana winds which generally begin in the afternoon
and continue until twilight. This environmental factor is closely linked to the speed at
which the fire spreads, and is taken into account by emergency managers when deciding
to issue an evacuation warning or mandatory evacuation order. Many Southern California
residents living in the wildland-urban interface understand that Santa Ana winds
contribute to rapid spread of wildfires thus may have a heightened sense of danger when
these conditions exist. Examination of the Jesusita fire evacuation survivor function can
provide preliminary clues as to which factors may influence the timing of the decision to

evacuate.

One method for preliminary testing of our research hypotheses is to determine whether
there is a statistical difference in the time to evacuation (i.e. survival times) for different
groups of evacuees. We can formulate the hypothesis test as follows:

H, :h(t)=h,(t)=...=h,(t)forallt
H, :hi(t,) h;(t,)for all least one pairi, j and timet,

Let:

t, = times when people evacuated
d,. = the number of evacuations from group Kk at time't;

Y. = the number of peoplein group k that had not yet evacuated at timet; These
d; = AJ—: 1 d; j

Yi: Y..

j=1 " ij
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We compute the vector Z, where the k™ element is

b d .
Zk =2\ d ikY:Y
izl

and also compute the covariance matrix A andtheteststatisticX>=Z'A ~'Z.

Under the null hypothesis, X*followsa & distributionwith ndegreesoffreedom,

. 2 2 .
thusif X~ > c_‘?_a’df:}ive reject I3| .

The first groups we compare are those who reported receiving a mandatory evacuation
order and those who did not. We find significant support (p-value < 0.001) that there is a
difference in evacuation times for these two groups. We can plot survival curves for each
of these groups, which allow us to visually assess how these evacuation times differ. As
seen in Figure 4 the survival curves for these two groups are similar for the first few hours
of the evacuation but then diverge at approximately Spm on May 5. This initial similarity
can be attributed in part to people evacuating soon after seeing flames and smoke in the
foothills, before they actually received an official evacuation order. The similarity may
also be explained by the phone tree system set up in Mission Canyon where residents warn
each other of a wildfire outbreak, but which may not be considered a “mandatory
evacuation order” per se. The later divergence of the survival functions for these two
groups lends support to the hypothesis that people who receive a mandatory evacuation

order evacuated earlier than those who did not.
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Figure 4: Mandatory Evacuation Order Survival Curves
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At the end of our study period a greater percentage of people who received a mandatory
evacuation order had evacuated than those who did not, supporting the second part of our

hypothesis, which states that receipt of a mandatory evacuation order increases the

likelihood of evacuation.

Second we compared two groups of evacuees based on their perception of the risk posed

by the fire. These groups are defined using the responses to five risk perception

244



First Responder Support Systems & Technologies
(FIRST) Testbed
TRACK Il - Cross Cutting Modeling & Simulation
Modeling the Evacuation Decision

questions. We first calculated the mean response value to the five questions for each
evacuee. Respondents with mean values that fall above our neutral risk score of zero
generally agreed that the Jesusita Fire posed a high risk, thus were assigned to the high-
risk group. Respondents with mean values that fall below our neutral risk score were
assigned to the low risk group. Again we found significant support (p-value < 0.01) that
there is a difference in evacuation times for these two groups. The survival curves for
these two groups (Figure 5) show divergence throughout the entire evacuation time
period, with a higher percentage of respondents who perceived that the Jesusita Fire
posed a high risk deciding to evacuate. This comparison supports the hypothesis that

people who perceived a high risk evacuated earlier and were more likely to evacuate.

The last groups of survey respondents we compared are those who reported being one-
quarter mile or closer to the Jesusita Fire and those who reported being further away than
one-quarter mile. These groups are split at one-quarter mile because that was the median
answer to this question among all survey respondents. There is significant support (p-

value < 0.001) for a difference in evacuation times for these two groups.
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Figure 5: Risk Perception Survival Curves
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The divergence in survival functions of these groups (Figure 6) shows support for the
hypothesis that people who are close to the fire are more likely to evacuate, and will
evacuate earlier than people who are further away. It is important to note that the
question we asked was “Estimate how close the fire was to your place of residence at
its closest point”, not “Estimate how close the fire was to your place of residence when

you evacuated.” Despite this temporal discrepancy, we believe that this question still
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may capture the effect that distance from the fire had on the decision to evacuate. While
it is likely that the fire had not yet reached its closest point to a given respondent’s
residence at the time that they evacuated, it is also likely that they perceived that the fire
would get close based on wind direction, smoke, ash, and other environmental clues. Fire
distance can be thought of as a more indirect, proxy measure that may interact with

perception of danger or other variables to influence the decision to evacuate.

Figure 6: Fire Distance Survival Curves
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4.3 Environmental Time Series

We used a graphical method for preliminary testing of the influence of environmental cues
such as air temperature and wind speed on the evacuation decision. Unlike the variables
we tested by comparing survival curves, we can measure the change in these environmental
factors at very short time intervals. This temporal variation and the fact that most evacuees
likely experienced similar environmental conditions at a given time makes it difficult to
define different groups based on these factors. We developed a simple plot (Figure 7)
showing the number of evacuations during each time 1-hour time period along with the
average air temperature and maximum wind speed at the time period. This plot shows
similar diurnal cycles for all three measurements. Temperature, maximum wind speed,
and the number of evacuations reach their lowest value at night, and reach their peaks in
the early to mid-afternoon. This pattern should come as no surprise to one who is familiar
with the Southern California wildfire season and the Santa Ana winds that usually preclude
it. This plot provides visual support for the hypothesis that environmental factors such as
high temperature and high wind speed increase the likelihood of evacuation at the time of

their occurrence.
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Figure 7: The number of evacuations in each time period plotted with
wind and temperature data
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4.4 Cox Regression Models

To further assess the influence of these variables on the decision to evacuate we developed
two Cox Regression Models. The Cox Regression is one of the most widely used survival
analysis modeling techniques, and the most commonly used Cox regression is the
proportional hazards model, which uses a hazards function to represent the distribution of
survival times. The hazards function h(t), which for our purposes can be thought of as the
instantaneous risk of evacuation at time t conditional on not having yet evacuated, is

defined as follows:

Pr[t T t+ )T t]

h(t) = lim
to t

_tm
~S()
One unique feature of the Cox Proportional Hazards model is that it does not require

choice of a particular probability distribution to represent survival times. We can leave

the baseline hazards function <x(t)=logh,(t) unspecified, allowing us to assess which

factors influence the decision to evacuate even if the actual evacuation survival
distribution is unknown. We do know the survival time distribution for the Jesusita Fire
evacuation, but this distribution appears to be non-parametric and thus would be difficult
to fit using the commonly used Gompertz or Weibull distribution. While the baseline
hazard can take any form, the covariates enter the model linearly thus the model is

c onsidered semi-parametric. The general form of the Cox Proportional Hazards model
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1S:

logh(t)= ar(t)+ X+ 2Xip +ot 1 X

This model can be estimated using the partial likelihood method, which allows for the
estimation of f§ coefficients without having to make an arbitrary assumption about the form
of the baseline hazard function. One assumption that is inherent in this model is that the
hazards are proportional. This implies that the hazard of evacuation for any individual is
a fixed proportion of the hazard for any other individual, thus the ratio of hazards is
constant over time. This model formulation allows us to implicitly account for any
unmeasured time-dependent covariates, and thus more accurately assess the influence of
our measured variables on the evacuation decision over time.

The focus of our Cox Proportional Hazards Evacuation Planning model is on factors that
may help emergency managers and other decision makers plan for a faster, more orderly
evacuation from a future wildfire event. The factors we test using this model are based
on a priori knowledge about the population at risk. These static factors that may influence
the evacuation decision fall into several general categories:

4.1 Information access
4.2 Demographics

4.3  Geographic location
4.4  Risk perception

4.5  Previous evacuation experience
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Of course these factors are not truly static is the sense that many of them can change for
an individual over time. Rather they are static in the sense that emergency managers can
have knowledge of these factors well before a wildfire occurs, and they are unlikely to
change at the same time scale as the wildfire itself. In generating the data for our model
we simply have one row for each survey respondent that answered each survey question
under consideration (n = 200). We first formulated this model using 22 variables from our
primary and secondary data sets that fit into the categories defined above. We then
finalized the planning model using backward elimination, by which we start with all
candidate variables and delete any that are not statistically significant at a p-value <0.1.

The variables included in the final planning model are shown in the formulation below.

logh;(t)= <x(t)+ ,mand, + , personal; + ;neighbors; + ,residence; +
sprevevac; + ,sb; + ,zone3,
All variables are significant at p-value < 0.05 (Figure 8). Receipt of a mandatory

evacuation order (mand) is positively correlated with the decision to evacuate, as is
perception that the fire posed a high risk to a respondent’s personal safety (personal) or
place of residence (residence). Previous evacuation from a wildfire or other event
(prevevac) is also positively correlated with the decision to evacuate. This relationship
may be explained in part by the large number of long-term residents of Mission Canyon
who responded to our survey, which is the part of our study area most frequently threatened
by wildfires. One geographic zone indicator variable (zone3) is negatively correlated with
the decision to evacuate, which makes sense given that this zone was the furthest from the

fire and was only partially under a mandatory evacuation order.
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Figure 8: Planning Model Results

Variable Coefficient Standard Error  P-value
mand 0.59485 0.25686 0.020564
personal 0.29278 0.12090 0.015451
neighbors -0.41083 0.15458 0.007867
residence 0.37689 0.11749 0.001337
prevevac 0.62329 0.16527 0.000162
tsb -0.20645 0.07499 0.005903
zone3 -0.74788 0.30207 0.013293
Likelihood ratio test= 95.53 on 7 df, p=0

Wald test = 80.44 on 7 df, p=1.121e-14

Score test=87.3 on 7 df, p=4.441e-16

Perception that the fire posed a high risk to neighbors (neighbors) is negatively correlated
with the decision to evacuate. This finding may be counterintuitive for researchers who
believe that the people around them heavily influence an individual’s decision making.
There are many possible explanations for this counterintuitive finding. One is that an
individual decides whether to evacuate or not well in advance of the occurrence of a
wildfire, thus is not influenced by any effect the fire may be having on people nearby.
Another more nuanced explanation lies in the fuzzy definition of ‘neighbor’, which can
be interpreted as ‘the people next door’, ‘the people down the street’, or the ‘people who
live in the same neighborhood as me’. Given the irregularity with which fire my affect
individual homes and/or property in a neighborhood, it is possible that while survey
respondents recognized that other people in the neighborhood were at high risk,

personally they felt safe. The number of years the respondent has lived in Santa Barbara
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(tsh) is also negatively correlated with the decision to evacuate.

This finding can also be interpreted in a number of ways, but may lend support to the

notion that people make up their minds whether to evacuate or not well in advance of the
actual event. Long term residents of our study area may have experienced wildfires
before, and thus created defensible space or purchased personal firefighting equipment

such as hoses and sprinklers in preparation to ‘stay and defend’ their home.

As mentioned earlier, the central assumption of the Cox Proportional Hazards model is
that the hazard for any individual is a fixed proportion of the hazard for any other
individual. Checking for violations of this assumption is important for assessing how
well the fitted model describes our data. One way to check for violations of
proportionality is to calculate the Schoenfeld residuals for each covariate and plot them
against time. The Schoenfeld residual is the covariate value for each individual that

evacuated minus its expected value. The expected value at t;is an average of the

covariate weighted by the likelihood of failure for each individual in the risk set at t;:
JER(t; )

Sresidual =Xik A Xjk pj
i=1
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The plot for each covariate should show residuals to be randomly distributed throughout
time, and the line fitted to these residuals should be horizontal. The plots in Figure 9
show clustering of residuals around the earlier time intervals of our study period, which
is not surprising given that most of our observed evacuations occurred then. In the plot
of residuals for our mandatory evacuation order variable (mand) the fitted line deviates
from horizontal and we see additional clustering of residual values beyond the early
time intervals. We thus consider the hazard for this variable to be non- proportional. In
the second set of plots (Figure 10), variable prevevac and variable zone3 both show
departures from the horizontal fitted line and clustering of residuals that indicate non-
proportionality. Although the slope of the fitted line for variable tsb varies considerably,
its overall trend is approximately horizontal and the residuals are well scattered.

One way to account for non-proportional hazards is to include interactions between the

offending covariates and time in the Cox regression model.
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Figure 9: Schoenfeld Residuals (1)
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Figure 10: Schoenfeld Residuals (2)
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We can then examine the coefficient of these interaction terms to assess if the hazard of
the covariance does indeed change over time and determine how this may impact the

ability of our model to fit the data. For instance:
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logh;(t)= <x(t)+( , + ,t)mand, + ,personal, + ,neighbors; + sresidence, +
( ¢+ ,t)prevevac,+ ¢tsb;+( o+ ,,t)zone3,

The interaction variables (for mand, prevevac, and zone3, respectively) are all highly

significant (p-value < 0.01) and each has a negative coefficient indicating a

declining effect over time. The signs for the coefficients of the original mand and prevevac
variables are positive, thus one way this trend could be interpreted is that people who
decided not to evacuate stuck with this decision despite receipt of a mandatory evacuation
order or a previous evacuation experience. The original coefficient sign for zone3 is
negative, thus the corresponding interaction term may reflect the increased number of
people evacuating from zone 3 as the fire moved closer and threatened this part of our
study area. Although these three variables appear to violate the assumption of proportional
hazards, the reason for these violations makes sense in the context of the process we are
trying to model. The coefficient estimates for original non-interacted terms can be
considered to represent the average effect over the entire study period, thus we maintain

the original formulation of our planning model.

A secondary assumption made in the Cox Proportional Hazards Model is that the
parametric part of the model is linear in form. We can test for nonlinearity by plotting
the Martingale residuals against each non-dichotomous covariate. The solid line that we
fit to these data should exhibit little or no deviation from the horizontal dashed line if the

parametric part of the model is indeed linear. We can see in Figure 11 that this is the case,
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thus we can be confident that the functional form of our planning model is linear and thus

correctly specified.

Of course the most intuitive test of model fit is how well the model generated survival
curve matches our empirical data. As seen in Figure 12, the evacuation time distribution
produced by our planning model fitted values appears to approximate our empirical
evacuation time distribution well. The planning model overestimates the number of
evacuees during the evening of May 6", which may be attributed to the fact that a small
but significant number of survey respondents decided to remain in their homes beyond
this point in time despite receiving a mandatory evacuation order and being well aware
of the high risk posed by the fire to their personal safety and their property. Despite this
divergence the empirical data is very close to being within the 95% confidence interval
of our modeled data for this section of the curve, thus the planning model can be

considered to be a good representation of our Jesusita Fire evacuation time series.
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Figure 11: Planning Model Martingale Residuals
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Figure 12: Planning Model Survival Curve

%? 1L —— Empirical Survival Curve
! Planning Model Survival Curve
95% Confidence Intervals
= |1
S
o~

40%
|

60%
l

Percent Evacuated

80%
]

100%

| [ [ [ | [ | [ |

1pm 1am 1pm 1am 1pm 1am 1pm 1am 1pm
May 5 May 6 May 7 May 8 May 9

Date and Time

The second Cox model we developed is focused on evacuation operations. Evacuation
operations refers to actions taken by emergency managers, police officers, and other
personnel who are responsible for managing the logistics of an emergency evacuation after
the onset of a hazardous event. We use this model to assess dynamic, time-dependent

factors that may influence the evacuation decision with the goal of helping emergency
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managers respond to changing conditions on the ground after the start of a wildfire. Unlike
our planning model these factors are difficult or impossible to measure before a wildfire
starts, and can change at rates similar to those at which the fire changes. These dynamic
factors include:

4.6  Distance from fire

4.7  Location in mandatory or voluntary evacuation zone
4.8  Wildfire impact on homes and property

4.9  Weather

This model incorporates time-dependent variables, so it requires a different data structure
than our planning model. We have one row for each survey respondent at each 1-hour
period of time from the start of the fire until they evacuated. Respondents who did not
evacuate have 99 rows, the number of hours covering the entire study period. This model
is first formulated using 19 variables from our survey and GIS data that fit into the
categories defined above. The general form of this model is very similar to the Cox
Proportional Hazards model, with slight adjustments needed to account for both time

dependent and non-time dependent variables:

loghi(t)= ce(t)+ Xy + 2% ()4t (X

We finalized this operations model using backward elimination and deleted any variables
that are not statistically significant at a p-value < 0.1. The final form of the operations

model is shown below:

logh(t)= c(t)+ temp;(t)+ ,windspd,(t)+ dI; + ,d2, + szone2;
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Each of the variables in our operations model is significant at p-value < 0.01 and is
positively correlated with the decision to evacuate (Figure 13). This positive correlation

makes intuitive sense for environmental factors such as air temperature (temp) and wind

Figure 13: Operations Model Results

Variable Coefficient Standard Error  P-value

temp 0.13442 0.03724 0.000306
windspd 0.28973 0.04340 0.000000
di 0.87636 0.32590 0.007166
d2 0.70748 0.21855 0.001207
zone2 0.94503 0.20144 0.000002

Likelihood ratio test=92.26 on 5 df, p=0
Wald test =74.1 on 5df, p=1.432e-14
Score (logrank) test = 88.26 on 5df, p=0

speed (windspd) which are often indicative of increased wildfire severity and faster fire
spread. The positive correlation of a geographic zone indicator variable (zone2) also
makes sense given that this zone was the next closest to the fire after Mission Canyon (i.e.
zonel) and was under a mandatory evacuation order. The destruction of a respondent's
home (d1) by the Jesusita fire is also positively correlated with the decision to evacuate,
as is damage to a respondent's home (d2). While these variables are static and thus we
cannot know exactly when their place of residence was impacted, we believe this variable

may serve as a proxy measure of the overall impact of the fire on the built environment.
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Despite the similarity in form of the operations model to the planning model, the
operations model is not a proportional hazards model. The time-dependent covariates in
the operations model will change at different rates for different individuals, thus the ratios
of their hazards cannot remain constant. We can ignore the test for proportional hazards
and proceed directly to the test for non-linearity to assess the fit of the model. In the plot
of Martingale residuals against our two non-dichotomous covariates temp and windspd,
(Figure 14) the solid line that we fit to the data shows no deviation from the horizontal
dashed line. We can therefore be confident that the functional form of our operations

model is linear and correctly specified.
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Figure 14: Operations Model Martingale Residuals
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The final and most important check for the fit of our operations model was to plot the
modeled survival curve against our empirical evacuation data. As seen in Figure 15, our
operations model significantly under predicts the number of evacuees for most of our study
time period. A great majority of our empirical survival curve falls outside the 95%
confidence intervals for our modeled data. This means that our operations model can be

considered to be a poor fit for our empirical evacuation data.

Figure 15: Operations Model Survival Curve
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One possible reason for this poor fit is the large number of records in our dataset at where
evacuation does not occur. The data structure required for this type of model has one row
for each time period t from the start of the fire until the time at which an evacuee departed.
Survey respondents who did not evacuate have 99 rows. Of the 6,504 total observations
at which evacuation is possible there are only 178 at which an evacuation actually occurs
(evac = 1). Thus even though some of the factors may in fact correlate with the evacuation
decision over time, there may simply be too few non-zero response variables to establish
a good model fit. One possible method for dealing with this issue would be to exclude
the time periods from the dataset where no one evacuates, or to introduce time-lagged
variables into the model formulation. This is beyond the scope of our current analysis but

could prove useful for future modeling efforts.

Despite the poor fit of our operations model we believe that the covariates considered do
play some role in the decision to evacuate. Two ordinary least squares regressions of the
form
Yi= ot 1 X+
confirm the likelihood of this relationship. In our first regression model the number of

evacuations per hour is the dependent variable and the average air temperature average is

the independent variable. We find that air temperature accounted for 16% of the variance

in the number of evacuations per hour (R* = 0.16) and is highly significant (p-value <
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0.001). The second regression also has evacuations per hour as the dependent variable,
with average wind speed at each hour as the independent variable. Average wind speed
accounted for 46% of the variance in the number of evacuations per hour (R* = 0.46, p value
< 0.001). The relationship, if any, between the decision to evacuate and our two 'fire
impact' variables d1 and d2 is less clear. Not surprisingly, every respondent whose house
was damaged or destroyed by the fire decided to evacuate. Due to the design of the survey
questions we cannot know the time at which these respondent's homes were damaged or
destroyed for comparison to the time at which they evacuated. Given the results of our
survival curve comparison we believe these variables may be important, but should be

measured differently for future modeling efforts.

4.5 Rayleigh Probability Model

We used the results of our survival analysis to inform the design of our Rayleigh
Probability Model. While survival analysis is useful for assessing the influence specific
variables may have on the evacuation decision, we prefer to use a model based on the
Rayleigh Probability Distribution to actually forecast evacuation travel demand because it
may be easier to generalize for additional wildfire evacuation datasets. In our earlier
comparison of survival curves we determined that receipt of a mandatory evacuation order,
perception of the risk posed by the fire, and distance from the fire at its closest point are
variables that influence the evacuation decision. Our Cox proportional hazards planning
model confirms the significance of these variables, but also indicates that having previous

evacuation experience and the amount of time one has lived in Santa Barbara may be
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influential as well. Although the overall fit of our operations model to the empirical data
is poor, our post-analysis reveals that the environmental factors of wind speed and air
temperature are positively correlated with the number of evacuations in a one-hour time
period. These factors are considered in the formulation of our Rayleigh Probability Model
for evacuation travel demand. Let,

p3,if the fire has burned homes
f = 2,if the fire poses a significant threat to homes

J,if the fire poses a minimal threat to homes

p3,1f wind speed and air temperature are extreme

f, =12, if wind speed and air temperature are above average
7,1f wind speed and air temperature are at or below average

p3,if allresidents have been ordered to evacuate
f, = 2,if some residents have been ordered to evacuate

J,noevacuationorderissused
(f+f+f)

_ —+—2 3
bar =
3

Rayleigh Probability Model:

P = exp(—T Alear / 50)
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The three factors that influence the probability of evacuation P,,. are analogous to the
significant variables from our survival analysis. The first factor f, is intended to capture the
effect of distance from the fire on the evacuation decision. We believe that quantifying
distance using the impact on homes as a proxy for an actual distance measurement may be
more intuitive for the emergency managers and traffic engineers that may use our model. In
addition, accurate distance measurements can be difficult to obtain in lieu of the smoke
generated by a wildfires and the steep, mountainous terrain on which they often occur.
Similarly, our second factor f, allows for anestimation-based measurement

for environmental factors which can vary locally but whose overall effect is usually quite
obvious. The third factor f, refers to the number of residents of a wildfire-prone neighborhood
or subdivision who have been notified that an emergency evacuation order is in effect. In our
formulation T is a vector of sixteen elements that are simply the whole numbers 1,2,3... 16.
These numbers represent the sixteen half-hour time steps that occur in an 8-hr time period,
the length of time of a typical shift for police officers and other personnel often responsible
for managing traffic during an emergency evacuation. It is important to note that the
significant factors from our survival analysis related to the perception of danger, previous
evacuation experience, and the length of residency in Santa Barbara are not included in our
Rayleigh Probability Model. These variables are difficult to measure without the use of a
comprehensive survey and may vary significantly for different portions of a neighborhood.

We believe they should be left out of the model in the interest of generalizability.
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5.0 Results
We tested the applicability of the Rayleigh Probability Model for evacuation travel demand
using both our primary and secondary datasets related to the Jesusita Fire. This model can
only represent travel demand during a single eight hour time period. Using our survey data
we calculated the number of evacuations per hour from the start of the fire (May 5th at
Ipm) until 9pm on May 5th. The empirical evacuation time distribution that we used to

test model fit is shown in Figure 16.

Figure 16: 8hr Empirical Evacuation Time Distribution
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We determine the appropriate value for f2 by comparing weather conditions for our eight
hour study period to both the conditions over the five day time period of the Jesusita Fire
evacuation and the normal conditions experienced during early May in our study area. The
mean wind speed for our eight-hour time period was approximately 3mph, while the value
for our entire five-day time period was approximately 2.3mph. The corresponding values

for air temperature are 77.0° F and 76.0° F, respectively. These values are similar, but
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when compared to the values for average weather conditions in our study area in early
May' (61.3° F, 1.7mph), we see a considerable difference. Based on these differences we
determined that wind speed and air temperatures were above average but fell well short of

the extremes for the five day Jesusita Fire evacuation time period (101.2°F, 10.4mph).

This lead us to assign f = 2.

One way to determine the appropriate value of f,is to calculate the percentage of
evacuees from our eight-hour time period who reported receiving a mandatory evacuation
order. Of our one hundred evacuees from this time period, eighty-five reported receiving
mandatory evacuation order (85%). In addition, all evacuees located in geographic zone
one (n=83) were under a mandatory evacuation order by 5:45pm on May 5th, while

e vacuees from zone two (n =17) were not officially ordered to evacuate until May 6%°.

The appropriate value for f,is 2, indicating that some residents have been ordered to

evacuate.

"We downloaded the seven-day averages from May 5th - May 12th for 2007 through
2012 from the same weather stations used to download data for our weather variables.
These values are simply the mean of the seven-day average for all years.

* The timing of these mandatory evacuation orders was obtained from the official
press releases from the Santa Barbara County Emergency Operations Center.
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The value for foar using the variables defined above is 2. Overall, this average can be

thought of as indicative of a 'moderately risky' wildfire event, with homes being
threatened, substantial but not extreme wildfire weather conditions, and a segment of the
population of interest officially ordered to evacuate. The results of our Rayleigh

Probability Model can be seen in Figure 17.

Figure 17: Rayleigh Probability Model Results
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The evacuation probability curve generated for our 'moderate risk' wildfire event is an
excellent match for our empirical data. We generated two additional curves with our
model that correspond to a 'high risk' wildfire event ( f,,, = 3) and a 'low risk' wildfire
event ( f,,, = 1). It should be noted that these additional curves are purely hypothetical

and have not been compared to any empirical evacuation distributions.

6.0 Discussion

The evacuation decision encompasses two critical questions: will people evacuate, and if
they choose to evacuate, when will they depart? The success of an emergency evacuation
is heavily dependent on having accurate answers to these questions. Survival analysis can
be used to model the both of these evacuation decision questions simultaneously, but has
been used infrequently in the fields of hazards and emergency management. We believe
that survival analysis is an intuitive and powerful method for modeling the evacuation

decision and should be used more often by researchers.

The findings of our survival analysis suggest that receipt of an evacuation order, distance
from the fire, and risk perception are important factors for people faced with the evacuation
decision. While impact of these factors has been well documented in past emergency
evacuation research, comparing the survival curves for different groups of people allows
for simple visualizations of how each factor effects the evacuation decision over time. The

Cox Regression framework allows us to determine the relative influence of multiple
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factors while implicitly controlling for any unmeasured variables. Measuring every
variable is nearly impossible for events as complex as an emergency evacuation, thus the

Cox Regression is particularly useful.

One drawback to survival analysis as well as many other statistical modeling techniques is
that they require large, detailed datasets that can be difficult to obtain. A Rayleigh
Probability Model utilizing simple, easily estimated data can be used to forecast the rate of
evacuations over an 8-hour time window. The Rayleigh function is very similar to the S-
curve function, which is widely used to forecast evacuation departure timing for hurricanes
and other hazards. To our knowledge, no research has shown that the S-curve or Rayleigh
function can be used to forecast evacuation departure timing for a wildfire. Models of this
type may be preferable to event and place-specific statistical analysis because they are
more easily applied and tested for other emergency evacuation datasets.

One of the major limitations of the current formulation of our Rayleigh Probability Model
is that it does not account for people who did not evacuate. One could infer that non-
evacuees are of little interest when trying to manage the logistics of an emergency
evacuation. Yet because California firefighters must protect people who choose to stay in
homes that are threatened by a wildfire, there is both an in-flow and out- flow of traffic
during an evacuation that must be managed. Understanding who is likely not to evacuate

and why a critical question left is largely untouched by our research.
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Besides the aforementioned study of non-evacuees, there are several other directions for
future research. The Rayleigh Probability Model should be tested on additional emergency
evacuation datasets to determine if it is indeed suitable as the basis of a general framework
for forecasting evacuation travel demand. Currently there is a paucity of empirical data on
emergency evacuations, thus additional survey research should be undertaken to develop
new datasets. Finally, new methods of collecting data on emergency evacuations should
be employed. Approximately two-thirds of our survey respondents reported using a cell
phone immediately before or during their evacuation, thus the increasingly advanced
capabilities of mobile technologies could be harnessed to generate data that builds a better

understanding of the evacuation process.
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Appendix

The complete Jesusita Fire survey as seen by online respondents can be seen below.
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Preface

The spectrum of possible emergency events ranges from natural events like floods, pandemics
and earthquakes to human activity-based disasters like terrorism, train accidents, and nuclear
power plant failures. Because disasters do not happen very often, most people become
complacent about risks, such as floods and earthquakes. But when one does happen, like
hurricane Katrina hitting New Orleans, it is easy to tell when a system response is inadequate.
The value of advanced planning and modeling can help to reduce the likelihood of inadequate
response to an emergency. It is the responsibility of public agencies to be prepared to deal with

such disasters.

Although this report for the most part does not focus on specific types of disasters it is important
to understand that there are major risks to the population of California across a wide spectrum of
specific types of events. Some events could be particularly disastrous. For example, a study
concluded that a terrorist strike on a chlorine tank car along a major railroad route in the
Washington, D.C. area could produce a toxic cloud 4 miles by 41 miles and kill and injure up to
100,000 people (Jay Boris, Naval Research Lab). The risk in a number of cities in California is
equally great. Even accidents involving bulk shipments of chlorine are dangerous. In 2005 a train
accident near Graniteville, S.C. involving a chlorine tank car killed 8 and hospitalized 240
people due to a toxic cloud. Although the probability of such an event has been lowered as some
cities have switched to using bleach and other more stable forms of chlorine or other methods of
disinfection for water and sewage treatment, this risk is a major issue in the United States.
Another example of risk is flooding in California’s Central Valley. The system of levees in the
Central Valley is considered old and inadequate. In a recent report to the California Department
of Water Resources (Independent Review Panel Report (2007)), it is stated that the “the outlook
for the future under business-as-usual is grim.” The reasons for this prognosis are based upon the
current state of the levee system, a better understanding of possible seismic events, the prospect
of large and more frequent storms based upon climate change, and the growth of communities
and infrastructure within the flood plain. The fact is that major roads and highways may be cut
off by floodwaters, reducing the capabilities of emergency response for large areas of the Central

Valley.
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Even frequent and well planned for events such as wildfires can present transportation
challenges. The May 5, 2009 Jesusita Fire constituted a grave threat to the city of Santa Barbara,
necessitating the evacuation of nearly 30,000 residents. By most accounts, the threat posed by
this hazard was handled well: firefighting resources were allocated efficiently, citizen
evacuations went smoothly, and loss of property and life was minimized. Yet during the Jesusita
Fire, mandatory evacuation zone boundaries were drawn to specifically exclude nursing homes,
hospitals, and other facilities with large evacuation assistance needs. While people remained in
these facilities, most major arterial routes in Santa Barbara were extremely congested due to
evacuation traffic. Had the winds shifted and these facilities been threatened, could emergency

response personnel have moved in and successfully evacuated these vulnerable populations?

Federal agencies such as the Department of Homeland Security (DHS), the Federal Emergency
Management Agency (FEMA), and State agencies such as California’s Office of Emergency
Services have a primary goal to ensure safety, plan to respond in the event of a disaster as well as
promote plans and regulations that will decrease risk, increase safety, and reduce possible
damages. In a recent report (State of California: Emergency Plan (Draft, Nov. 2008)) all state
agencies, including Caltrans are assigned functions associated with responding to an emergency.
Agencies such as Caltrans must be prepared for their roles in disaster/incident response. To do
this requires a great deal of advanced planning and analysis, for the risks of not planning and
responding too late with too little are great and the benefits of making the appropriate response in

a timely manner are considerable.

The goal in planning for major emergencies is to plan for the extraordinary. It is important to
develop advanced plans whenever possible as well as support research into model development
and data collection that can support real time event tracking and mitigation. It is also important
to make the best use of limited resources by maximizing the benefits provided to an area
undergoing a disaster, whether that be in providing supplies, inspecting damaged infrastructure,
or guiding people in an evacuation. The best response to an emergency is based upon advanced
planning and research, frequent emergency drills, and maintaining appropriate levels of

resources that may be needed in an emergency. This report presents a review of the literature
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associated with techniques that have been developed to support disaster planning, response,
management and mitigation as well as discuss how some of these techniques can be used

specifically for transportation analysis and planning.

Preface Notes: Data or material in preface references the following reports or papers

The data on chlorine based toxic cloud deaths was calculated by Dr. Jay Boris of the Naval
Research Laboratory in Washington, D.C. He testified that a worst-case scenario for that city
could result in up to a hundred thousand fatalities. An independent Homeland Security Council
report on possible scenarios estimated that a ruptured chlorine gas tank car could kill as many as
17,500 people and injure an additional 10,000.

Independent Review Panel Report (2007) “A California Challenge — Flooding in the Central
Valley,” Department of Water Resources, State of California, Oct 15, 2007.

State of California Emergency Plan, Office of Emergency Services, Nov. 20, 2008. (Draft)
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1. Introduction

Mitigating the impacts of a disaster, like a wildfire, flood or earthquake, rests on doing a number
of things right. One can think of all of the elements in disaster planning and operations as links in
a chain, in which any link can prove to be crucial and compromise the other elements. To
mitigate the impacts of a potential disaster requires considerable forethought, training, and
resources. Recent events like 9-11, Hurricane Katrina, and the Oakland Hills fire have
demonstrated that many problems can arise requiring quick decisions, crucial information, and
plans that can be successfully implemented. In this report, our objective is to review the
scientific literature on emergency disaster preparedness, ranging from advanced planning and
resource allocation to real-time operations during a disaster. The major objective of this review is
to focus on specific tools and modeling approaches that an agency, such as Caltrans, should

consider developing or using in emergency management operations.

It is important to recognize that many governmental agencies, like the California Emergency
Management Agency (CalEMA), and private organizations like the American Red Cross already
play a significant role in disaster planning and mitigation. For example, in California each county
is required to set up contingency plans for a wide variety of possible disasters. It is also
fundamentally clear that in many circumstances, current systems respond with the necessary
capabilities in a timely fashion and gain high marks in subsequent public review. Further,
planning drills and mock emergencies also help to focus on critical issues of communication,
coordination, and training. Also, modeling tools are being developed which may make it easier

to make critical decisions in terms of which roads to close and how to best help an area evacuate.

Past success in dealing with emergencies should not make anyone complacent, as there is still
room for improvement in both planning and operations response. For example, there still exist
problems of communication between agencies based upon equipment protocols, and the
capability to transmit timely event data often doesn’t exist. To highlight this issue, one only
needs to look at a recent article in the Santa Barbara Sound that focused on the lack of timely
information available to the public associated with the July, 2008 Gap wildfire. Fire maps that

were posted on public kiosks were often several days out of date. Traffic information about road
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closures was often misleading, leading to more congestion than necessary. Perhaps the most
egregious issue raised in the article is that the City of Santa Barbara cable TV channel posted
road closure and other fire information about the 2007 Zaca Fire but not the Gap fire of 2008
while the Gap fire was in progress! As a further example of the possible lack of preparation on
the part of emergency services in California, it was found in a recent audit by the City of Los
Angeles Controller that the city lacks an overall strategic plan to respond to an emergency such
as “an earthquake, fire or other calamity” (LA Times; July 15, 2008). The internal audit
identified that 16 of the city’s emergency preparedness plans have not been updated for at least

three years, and that one of the fire department plans had not been updated since 1992.

Preparedness should begin with a list of needs to be addressed in the event of an emergency. For
each need, specific methods should be outlined in terms of how this need is to be met during the
emergency. Do resources exist to meet the emergency demand and how much time will it take in
order to respond? What techniques will be available to monitor the event and determine exactly
where such resources should be allocated? When the demand for a resource outstrips supply, is
there an approved priority defined approach to allocate this scarce resource optimally? Managers
of state and county agencies need to ensure that their departments have developed contingency
plans so that after an emergency has happened, the agencies are noted for their effective

response.

Key factors in any emergency include understanding which infrastructure elements are still
functional to support emergency response and possible evacuation, the ability to communicate to
those involved as to the actions they need to take, the capability to collect and share real time
data about the event among agencies, the capability to respond with support teams and resources,
and the restoration of immobilized services as quickly as possible. For a transportation agency or
public works department, this entails having enough personnel trained and available to inspect
infrastructure, support special communication and transportation needs, and develop and

implement an evacuation or emergency response plan.

The major focus of this report is on modeling techniques than can aid in emergency management

operations. When there exist a multitude of issues and competing needs for resources, models
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can be a significant aid to decision makers before, during, and after an emergency. The basic
premise is that many problems are difficult to address without good models and appropriate data.

Using such tools and data may help smooth operations and avert tragedy.

This report has been developed as a part of the First Responders System Testbed (FiRST) project
at the University of California, Santa Barbara. The FiRST project investigates the integration of
transportation and communication modeling and simulation to improve understanding of
emergency preparedness and response. The report is organized as follows: We begin by defining
key terminology commonly used in the academic literature on emergency management. The next
section is a detailed examination of emergency evacuation modeling at multiple scales, with
special focus on contraflow lane reversal. Disaster preparedness in California is then examined
via analysis of state and county emergency plans, followed by several model formulations that
may help planners locate emergency warning systems and shelters optimally. Next we cover
emergency response, with a specific focus on models that help allocate personnel and resources
where they are needed most. One technique that can greatly aid emergency responders is the pre-
positioning of resources in preparation for a disaster, thus we cover this topic in detail as well.
We examine the issue of infrastructure fragility, and then conclude with a series of

recommendations.

2. Defining terms

This section is devoted to defining the terminology that is used within the field of disaster
management. Throughout this section we use issues associated with Hurricane Katrina to
underscore specific points. We begin with the term disaster. In the most general sense, a
disaster occurs when a natural or human-caused event exceeds the capabilities of our respond to
it, resulting in an adverse outcome. One of the better definitions of disaster found in the
academic literature is “an event, concentrated in time and space, in which a community
experiences severe danger and disruption of its essential functions, accompanied by widespread
human, material or environmental losses, which often exceed the ability of the community to
cope without external assistance (Smith 2004).” It is further possible to subdivide disasters into

natural and human, with the former referring to a physical earth process beyond human control
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and the later referring to an event caused directly by human actions. This distinction is not
absolute, as exemplified by the extensive flooding of New Orleans by Hurricane Katrina that

resulted from a natural storm surge overtopping man-made levees.

Underlying any disaster is a hazard, which is any natural or technological threat to people or
things they value (Cutter 2001). In the case of Katrina, the major hazard was the hurricane itself
with storm surge, high winds, and inadequate levee systems as sub-hazards. RISK is nearly
universally defined as the product of the probability of a hazard occurring and the vulnerability
of the people affected by this hazard (Mitigating natural disasters: phenomena, effects and
options. A manual for policy and planner, 1991). For example, the people of New Orleans faced
a high risk of being adversely affected by Katrina due to the increasing probabilities that it would
hit the city (Hurricane Katrina Probabilities Report Number 15 & Hurricane Katrina Probabilities
Report Number 21, National Hurricane Center) and the dual vulnerabilities of living in a

floodplain and not having the means or desire to evacuate to higher ground.

Vulnerability is defined as the potential for loss, with physical vulnerability

encompassing the interactions between nature and society and social vulnerability composed
of the demographic and economic characteristics of different population groups. Put simply,
physical vulnerability is the likelihood of exposure to a given hazard while social vulnerability is
the likelihood of adverse outcomes (Cutter 1996). These two types of vulnerability are not
mutually exclusive and depend heavily on the underlying geography of a place. For example, the
physical geography of the New Orleans city site lies at the root of vulnerability, which is a city

occupying a very low area that relies on a levee system and pumps for protection.

There are several important geographic parameters for any hazard that help determine physical
vulnerability. These can also be thought of as “environmental parameters for human response”
(Burton, Kates et al. 1993), as they also largely determine how people may respond when faced
with a hazard and thus are a component of social vulnerability as well. Magnitude can be
generalized as a measurement of the energy released by a given hazard. For example, Katrina

had sustained winds of 110 knots when it first made landfall on the gulf coast, thus was classified
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as a Category 3 hurricane according to the Saffir-Simpson Hurricane Scale (Knabb 2006). Other
familiar measures of magnitude include the Richter scale for earthquakes, the Fujita scale for
tornados, and could include the surge height of a tsunami or speed of movement of a wildfire
front. Frequency is how often an event of this magnitude occurs. Katrina was a Category 5
storm shortly before landfall, and the frequency of the formation of a Category 5 hurricane
forming in the Atlantic basin is on average once every three years (Atlantic Tracks File, 1851-
2007, National Hurricane Center). Over 80 tsunamis have hit the California coast since 1850,
thus the frequency of such an event is approximately once every 2 years (The Tsunami Threat to
California, CA Seismic Safety Commission). Duration is how long the event persists. As an
example, Katrina produced hurricane force winds in New Orleans for less than 24 hours, but the
subsequent floodwaters inundated the city for weeks afterward. The Gap Fire in the Santa Ynez
Mountains near Santa Barbara began on July 1, 2008 and was declared fully contained on July
28™h (InciWeb, Gap Wildland Fire). Areal extent is space covered by event, which ranges from
relatively small such as the 9,443 acres burned by the Gap Fire to very large in the case of
Katrina, with hurricane force winds at one point extending 90 nautical miles from the storm’s
center. (Knabb 2006) Speed of onset is length of time between initial event appearance and
its peak. Katrina was classified as a tropical storm five days before reached its peak category 5
strength, thus giving this event a much slower speed of onset than a tsunami (a few hours at
most) or an earthquake (instantaneous). Spatial dispersion is the pattern of distribution over
the space in which the event can occur. Hurricane wind speed and earthquake intensity decrease
with distance from the event center, while a wildfire front may jump large areas or change
direction in an unpredictable fashion. Temporal spacing is the sequence of events. A simple
timeline for the events in New Orleans surrounding Katrina could be storm surge, levee
breaches, flooding, while a timeline for an earthquake could be ground shaking, building
collapse, structure fire, aftershock. Time periods are also an important component of temporal

spacing, particularly when planning evacuations or search and rescue operations.
Understanding the unique history of social vulnerability in New Orleans is essential to

forming a complete picture of the Katrina disaster. Land value in the city is greatest on the

highest ground, not surprising given the geographic advantage of being the last to flood and the
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first to dry out. African-Americans have always inhabited the lowest laying land, with Jim Crow
laws and redlining practices perpetuating slavery’s legacy of racial segregation (Colten 2002).
When floods strike, the poorest citizens suffer most, perpetuating the cycle of poverty and
vulnerability. The geographic variation in social vulnerability requires different mitigation,
response, and recovery actions — the one-size-fits-all approach is ineffective (Cutter, Emrich et
al. 2006). Living in the most flood prone areas is only one component of the social vulnerability
of New Orleans’ marginalized populations. With poverty comes limited access to resources,
with the inability to secure private transportation playing a significant role in the Katrina tragedy.
Mistrust of authority grows out of inequality, leading to a significant communication gaps
between government and impoverished citizens. One method that allows emergency
management officials to focus disaster mitigation efforts is to identify ‘hotspots’ of vulnerability.
For example, Rashed and Weeks (2003) use a Geographic Information System (GIS) to identify
census tracts in Los Angeles County that are vulnerable under historic earthquake scenarios. In
each scenario, vulnerability is calculated as a function of both the physical geography and
socioeconomic population characteristics of affected places. This spatial multicriteria analysis is
combined with fuzzy logic to produce a methodology that takes into account the inherent
uncertainty in measuring vulnerability, providing a more robust analysis of susceptibility to

earthquakes in Los Angeles.

The four stages of emergency management commonly used in the United States are

mitigation, preparedness, response, and recovery (Waugh and Hy 1990). Mitigation actions
reduce the long-term risk of vulnerable populations, including but not limited to zoning
decisions, building and safety codes, insurance, and hazard mapping. In assessing the extensive
building damage caused by Katrina, the FEMA Mitigation Assessment Team concluded that the
lack of a building code not only contributed to residential damage but also to essential facilities
including hurricane evacuation shelters, police and fire stations, hospitals, and Emergency
Operations Centers (FEMA 2006). Inhabitants of areas along the wildland/urban interface are
generally advised to create defensible space on their property to prevent a wildfire from
spreading from natural fuels to man-made structures. Preparedness activities build

operational capability for disaster response and include emergency operations planning,

personnel training, and emergency warning systems and communication networks. One of the
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few positive outcomes of Hurricane Katrina was the successful development and execution of a
contraflow evacuation plan which involved switching the direction of travel of one the I-10
freeway segments to accommodate heavy traffic flow in one direction. This procedure is
examined in detail in a later section of this report, but it is important to note that during the
Katrina evacuation nearly all persons with access to private transportation were able to escape

the city well before hurricane landfall and in less time than anticipated by planners (Wolshon,
Catarella-Michel et al. 2006). Prepositioning of emergency supplies and locating emergency

warning systems are two preparedness activities of particular relevance in California, both of
which are further discussed in greater detail. Actions taken in the immediate time periods
before, during, or after a disaster fall under FreSPONSE, encompassing warnings, evacuations,
sheltering, and search and rescue. Preparedness largely determines response capabilities, which
were severely limited during Katrina by the inadequate allocation of vehicles and emergency
shelters. New Orleans city buses picked up residents and transported them to the Superdome,
which was only stocked with enough provisions to feed 15,000 people for 3 days. 30,000
evacuees crowded into the Superdome, which lost electrical power and was completely
surrounded by water. 500 school buses that could have been utilized to evacuate vulnerable
residents were flooded and immobilized, and the national guard barracks and the high water
rescue vehicles they contained were flooded as well, forcing guardsmen to concentrate on saving
themselves (Smith 2005). A mutual aid agreement allows emergency responders in California to
solicit assistance from other agencies, whose help is often critical to appropriate response to
large hazards (Akella 2008). ReCOVery activities are focused on restoring vital systems that
expedite the return to normal life, such as setting up temporary housing, clearing debris, and
rebuilding or repairing damaged infrastructure. The Army Corps of Engineers unit based in New
Orleans was concerned about the levees, yet had no external monitoring equipment for them and
had to rely on media reports to find out if they were functioning. Since roads and canals were
inaccessible, the Army Corps had to rely on helicopters for the levee repairs necessary to hold
the water at bay. It took over a month for the combination of levee repair and pumping to finally
dry out the city (Penry-Davey and Chinn 2005). A study of recovery from the 1994 Northridge
earthquake found that socially vulnerable populations such as the poor, elderly, and ethnic

minorities often rely heavily on non-governmental organizations (NGOs) to met disaster relief
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needs (Bolin 1998). The four stages of emergency response are distinct but clearly interrelated,

as the following conceptual model from Lindell and Perry (2004) shows.

Emergency
Preparedness

*

Hazard Hazard Emergency
Mitigation < Analysis > Response

v

Disaster
Recovery

The final key term that we will define in this section is Interoperability. Soon after Katrina
made landfall, electricity, land lines, cellular networks, and local media outlets failed, leaving
emergency officials completely unaware of the extent of damage and the massive flooding that
had begun in the city’s ninth ward. This massive infrastructure failure contributed to the inability
of public safety responders to communicate, but the use of different communication technologies
operating on separate frequencies by the multitude of agencies responsible for emergency
response looms much larger. Communications interoperability allows personnel from various
emergency management agencies to talk seamlessly over one radio and data system across a
wide geographic area such as a metropolitan region or state. While achieving interoperability
has been a long-standing goal of law enforcement, fire and rescue agencies, funding, governance,

and cooperation remain major obstacles to implementation (Mountjoy 2005).
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3. Evacuation

Modeling the complex spatial interactions between people and their environment that occur
during an evacuation is an important step in developing a successful emergency plan. Despite
recent advances in technological capabilities and modeling techniques, coordinating the
movement of large numbers of frightened people through a confined space in a short amount of
time presents a daunting challenge for researchers. This problem is inherently geographic in
nature: spatial and temporal scales are what define the complexity of the evacuation process and
dictate the appropriate modeling technique. Spatial scale is important in accounting for the
location and characteristics of populations that must evacuate, the layout of the transportation
network, and the area affected by a hazard when formulating an evacuation plan. Temporal scale
is crucial as well, as event speed of onset largely dictates the start and end times of an
evacuation. This scale-based approach has its roots in two classic problems, a large-scale
evacuation due to a nuclear power plant accident and the small-scale evacuation of a building.
Building evacuation is of great importance even in transportation as techniques developed first
for building evacuation now form the basis for most evacuation models in transportation.
Disastrous fires such as the 1977 Beverly Hills Supper Club (Southgate, Kentucky), which killed
165 people forced building engineers and fire departments to determine appropriate safe routes
from buildings, establish maximum occupancy standards for rooms and change materials to
retard the spread of fire. Although the scale of a building is different from a neighborhood or

town many of the same issues underlying safe evacuation are present.

Before discussing the nuclear accident and building evacuation problems, it is important to
define what is meant by a model. In the simplest construct, a model is a simplified version of a
real world process, system, phenomenon, or entity. For our purposes this model must include
one or more mathematical equations, thus allowing for a solution through enumeration, an
algorithm or a heuristic technique. Often models are solved many times with varying input
parameters, thus producing a host of solutions to give researchers a better idea of how certain

inputs can affect model results. Introducing an element of randomness in a model can produce a
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stochastic simulation, which accounts for uncertainty within the underlying process. When
geography is explicitly accounted for in such a model it generally will fall into the classification

of spatial optimization or spatial statistics.

Back to the question at hand: how best to model evacuations due to a nuclear power plant
accident or building fire? Since these problems are fundamentally different in scale, the best
approaches for modeling them are different as well. To get the most accurate representation of
how people may behave when leaving a building, each person should be individually represented
in the model. This technique is known as agent-based modeling or microsimulation, and is best
suited to problems of limited size due to the computational complexity of representing individual
people and their interactions. Microsimulation can also refer to the modeling of individual
vehicles on a transportation network, but the essential small-scale characteristic of such an
approach remains. At the other end of the spectrum is the large-scale evacuation required in the
event of an accident at a nuclear power plant. Here the goal is to move thousands of people
away from the accident site as quickly as possible, thus the inherent size of the problem makes
microsimulation less feasible. Macro-scale models group population into larger units, which can
then be moved through the transportation network under different starting conditions producing a
generalized evacuation plan. The benefit of such an approach is that it can simplify the complex
interactions of large groups and thus be solved quickly, which is essential to real-time modeling
for decision support. One downside is that the further away one moves from the reality of
individuals as independent actors, the greater the likelihood of individuals or groups of people
being unaccounted for in the model. Between these two approaches is the meso-scale model,
which is neither microscopic nor macroscopic but rather borrows elements from each. A meso-
scale model will not represent people individually but may aggregate them into relatively small
population units, unlike the macro-scale model, which seeks the largest feasible unit. The spatial
extent of meso-modeling can be at the neighborhood or community level, or the entire area

affected, e.g. hazardous material cloud or a plume of radioactive material.
Choosing the appropriate modeling scale to use is an important question that extends beyond the

narrow scope of evacuations. One way to aid in making the choice of scale is to group potential

hazard responses into a typology of disaster management decisions (Wallace 1985). Using this
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framework, a micro-scale model is considered best suited to an operational decision such as a
neighborhood evacuation occurring at a small spatial and temporal scale. A strategic disaster
management decision is made at a large temporal and spatial scale, thus a disaster preparedness
tactic such as resource pre-positioning is best modeled at the macro-scale. Tactical operations
incorporate both operational and strategic decision making processes, while meso-scale models
are often used for location-routing problems at a medium temporal scale such as providing EMS
coverage. Now that these different modeling scales have been defined, we will examine how

researchers have used them to model evacuations in response to hazards.

Quantitative modeling is an important compliment to the various qualitative studies of
emergency evacuation. The partial meltdown at the Three-Mile Island Nuclear facility in 1979
spurred survey-based research on the geography of evacuee behavior, examining route
preferences and travel distance (Zeigler, Brunn et al. 1981) and the spatial distribution of social
vulnerability (Cutter and Barnes 1982). Many evacuation modeling approaches are based on the
groundbreaking research of Dial (1971), who developed a method to account for the fact that
drivers will often choose routes that are not the shortest distance to their destinations. This
approach better reflects the dynamic and unpredictable flow of traffic during an evacuation.
Other researchers have built on this framework and introduced an element of random route
assignment that represents driver behavioral decisions under conditions of distance and network
topology uncertainty (Daganzo and Shefti 1977). Estimation of network clearance time emerges
as the central focus of evacuation modeling, thus most of the current research has its roots in a
modeling approach that can calculate clearance times given variability in network characteristics,
intersection control and design, and evacuation strategies. One of the first examples of this is
NETVACI, which uses the mathematical relationships between flow, speed, density, queuing,
and other traffic measures to estimate clearance time on a node/arc network representation
(Sheffi et al. 1982). Applications of this model to simulate evacuations around several nuclear
facilities demonstrated that it could efficiently handle relatively large networks, an important

consideration even with the development of faster and more capable computers.

An early example of a decision support system designed to craft an evacuation plan is the

Transportation Evacuation Decision Support System (TEDSS), which allows planners to
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estimate network clearance times for various evacuation scenarios for nuclear power plants
(Hobeika, et al. 1994). Another important component of an evacuation plan is where to house
evacuees. Yamada (1996) solved two network transportation problems, a shortest path problem
and minimum cost network flow problem, with the goal of allocating residents to places of
refuge during a simulated evacuation in Yokosuka City, Japan. Results show that the classical
shortest path (Dijkstra 1959) solution results in a more uniform evacuation plan and shortest
average distance, while the minimum cost solution will split evacuee flows forcing some
residents to go to a place of refuge that is not their closest. One interesting theoretical outcome
of this research occurs when evacuees are instructed to go to a location further away than the
nearest shelter: the greater the disparity between shortest path and maximum network flow
solutions, the greater the potential problem of non-compliance by evacuated populations,
resulting in an event which will take longer to clear and where a few shelters are likely to be

overwhelmed.

Many early models of building evacuation use a network flow formulation similar to those
discussed above. Chalmet and Francis (1982) present some of the first research to address
problems such as bottlenecks that may occur during the emergency evacuation of buildings.
They present a simple model that can efficiently allocate evacuees to exits, thus helping prevent

bottlenecks from occurring. For a given building, let:

k= total number of people to be evacuated
n= total number of exit routes

J = index of exit routes

X ;= people using exit route ;

t;(x;)= time for x, people to clear exit route /

We can then allocate people to exit routes to minimize the time that it takes the last person to get

out of the building using the following formulation:
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Minimize Z= max(t y (X j): Jj=1,..., 11)
subject to:

DY x,=k

2) X,...,x,20

This model seeks to minimize the maximum amount of time it takes a given group of people to
evacuate using a given exit, while ensuring that the entire building is evacuated. The two major
assumptions of this model are that each evacuee has access to every exit route, and that the time
to clear an exit route relies only on the number of people using it. Comparison of the estimated
clearing time of an eleven story building generated by a related but more complex model to
empirical measurement of an actual evacuation showed that the model was overly optimistic,
largely due to the inability to account for queuing and inefficient evacuee movement through
stairwells. This model weakness is due to a linear equation structure that assumes all flows
along arcs between origin and destination nodes are constant. This is the very feature that is
faced when evacuating an area, where the speed of traffic decreases as the density or number of

vehicles per lane mile increase.

A way to account for this weakness is to introduce nonlinear side constraints to the model which
allow dynamic evacuee movement to be accounted for (Choi et al. 1988). Models of this type
can often be solved expeditiously for small scale building evacuations, but otherwise offer little
advantage when compared with agent-based microsimulation. EXIT89 is an early example of a
high-rise building microsimulation model which allows stochastic variation in individual
evacuee behavior, queuing, and evacuation speed to be represented, thus producing a result more
closely in line with actual emergency conditions (Fahy 1995). The ability to model individuals
can be incorporated into a Geographic Information System (GIS) to create valuable tools for

emergency planners.
Most evacuation based decision support systems are base upon a model integrated with a

Geographical Information System (GIS). These computer programs use the topology and feature

attribute capabilities of GIS in conjunction with location decisions and simulation runs produced
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by models to assist in the decision processes of emergency planners. One of the first systems
designed specifically for emergency evacuations is CEMPS, the Configurable Emergency
Management and Planning System (Pidd et al. 1996 and de Silva and Eglese 2000). In this
system, the GIS is used first to map the terrain and identify the population to be evacuated.
These data are stored in a database, which is accessed by a discrete microsimulation model that
is used to assess various routing schemes for moving the evacuated population to designated safe
areas. The major limitations of most of this earlier work are due to the inability of the
microsimulation model to account for dynamic route selection due to congestion, traffic effects
such as ‘scrunching’, and the behavior of emergency vehicles. Many of these issues have been
addressed by subsequent microsimulation research, greatly improving realistic representation of

traffic conditions during evacuations.

One novel approach of representing traffic dynamics is to adopt methods commonly used in
physics (Helbing 2001). Using models analogous to micro-scale (particle-base), meso-scale (gas-
kenetic), and macro-scale (fluid-dynamic) approaches, physicists have concluded that it is
possible to simulate complex traffic interactions and develop natural laws that explain driver
behaviors under a multitude of traffic conditions. Of particular interest is a model that
incorporates both macro-scale and micro-scale approaches that is well suited to the traffic jams

and bottlenecks that may occur during an evacuation.

Rapid housing development and population growth in fire prone areas is of particular concern to
California evacuation planners. Most evacuations at the wildand-urban interface occur at the
neighborhood level, thus are well scaled to commercial microsimulation software. (Cova and
Johnson 2002) developed a modeling approach that incorporates a custom evacuation scenario
generator, GIS, and an off-the-shelf microsimulation package to estimate the time it would take
each household to evacuate under a multitude of conditions. Using individual household
evacuation times allows planners to assess the spatial variability of vulnerability to a hazard and
provides a much greater level of detail compared to traditional evacuation measures such as
network clearing time. This enables plans that are tailored to the specific needs of a community

and thus have a greater probability of successful execution.
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Timing of evacuations is another important problem that must be addressed by emergency
managers, especially when a large population must be relocated on short notice. Inefficient
scheduling can lead to traffic gridlock, impeding the evacuation procedure and increasing
evacuee risk of being affected by a hazard. Issues of temporal scale were examined in a
microsimulation of a large-scale evacuation of San Marcos, Texas, where researchers found that
staged evacuations are more efficient than an all-at-once evacuation for densely populated areas
with a grid street network (Chen and Zhan 2006). Recent research in modeling of the process of
passenger loading and unloading of planes identified that the fastest method of loading and
unloading occurred when people are staged, but also separated (e.g. every third row). Thus, it

may be possible to show in simulation that staging with separation may aid in evacuation as well.

Many evacuation modeling approaches rely on the delimitation of an emergency planning zone
(EPZ). Cova and Church (1997) point out that defining an EPZ in advance is problematic for fast
moving hazards where the population that will need to evacuate is unknown in advance.
Because of this they developed a critical cluster model (CCM) to identify neighborhoods that
may face transportation difficulties if forced to evacuate. As previously noted, most evacuation
modeling addresses either macro-scale events like a hurricane or micro-scale events such as a
building fire. The Cova and Church model is among the first to address neighborhood, or meso-
scale, evacuation vulnerabilities. The first step in finding a vulnerable neighborhood, or critical
cluster, is develop a network representing flow capacities along with attaching estimates of the
population needing to evacuate at each node of the network. The next step is to apply the CCM
to find clusters of contiguous nodes that have the highest average population per exit lane. This
problem is closely related to the graph partitioning problem, and can be defined using the

following notation:
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N= set of all nodes
N, = contiguous partition of nodes containing 7*
N, = nodes connected to N
7= index of nodes
J =1ndex of nodes connected to 7
a,= weight of node 7 (population)
c; = cost of arc 7/ (lanes)
5= maximum size (in nodes) of N
= index of root node € N,
1, if node 7is in V,

o 0, otherwise

{l, if node 7is in N, and node jis in N,
Yi=

0, otherwise

Using this notation, we can formulate the model as:

Z az'Xi
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2265,

i J

Maximize Z =

subject to:
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This model maximizes the total population relative to the capacity of the exit lanes, defined as

those links connecting selected cluster nodes and nodes directly outside the cluster.

model was applied to data of the Santa Barbara area and each node was assigned an evacuation

vulnerability value (associated with the worst case cluster in which that node was a member)

resulting in an evacuation vulnerability map of Santa Barbara. The results of this application
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clearly showed that evacuation difficulty varied from area to area. Transportation planners
already recognized some of the more vulnerable areas, but other areas that were identified were a

surprise to many.

Church and Sexton (2002) use a different methodology to research evacuation vulnerability at
the micro-scale. The Mission Canyon neighborhood in Santa Barbara was previously identified
as a critical cluster due to a sizeable population base reliant on a limited number of routes for
evacuation. This neighborhood also lies in the urban-wildland interface and is especially
vulnerable to wildfires propelled by sundowner winds moving down canyon with great speed.
Previous work had estimated evacuation time for such areas by comparing the total vehicle
demand to the number of lanes leaving the neighborhood. This research tests the assumptions of
this macro-scale approach by modeling different evacuation scenarios using micro-scale traffic
simulation. Running multiple simulations allowing the number of vehicles, number of exit
routes, road capacity, and level of traffic control to vary, Church and Sexton found that major
evacuation problems might occur without a significant coordinated traffic control effort and
extensive resident education. Several interesting problems arise from this microsimulation,
including the inability of the software to model vehicles that back out of driveways. During
times of high fire risk, emergency officials recommend that people back into the driveway (so
they are facing the street) to speed up evacuations, but this recommendation is rarely followed.
Another interesting problem is that drivers are given dynamic feedback during the
microsimulation, thus mimicking the effect of a special radio channel broadcasting real time
information on crowding along specific evacuation routes. This assumption speeds up the
simulated evacuations, but may not reflect the actions of drivers (turning on the radio) or local
broadcast or information gathering capabilities. Overall, they find that while macro-scale
evaluation provides similar evacuation time estimates as microsimulation, neither approach can
fully account for driver behavior or the behavior of what might happen during an accident or

blocked exit (e.g. people abandoning their vehicles on the street causing a relatively permanent

roadblock).
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One assumption that is frequently made in evacuation modeling is that drivers will behave
rationally. Among these assumed behaviors are that evacuees will understand the instructions
given them by officials coordinating the evacuation, follow these instructions exactly and obey
all posted speed limits and traffic laws. While it is often necessary to make assumptions in order
to limit the size and complexity of models, the fear and panic that often occurs when people are
threatened should not be overlooked as it may severely affect their decision making. Pel and
Bliemer (2008) help account for this uncertainty by introducing a model that explicitly
incorporates driver behavior when assessing both voluntary and mandatory evacuation plans.
Their three-stage model includes travel demand, travel choice, and network loading components,
with the travel choice module capable of modeling the behavioral responses of the evacuees
towards evacuation instructions such that they can be followed fully, followed in part, or rejected
completely. Models such as these represent an important advance for researchers who seek to

produce the most accurate representation of an evacuation situation possible.

Another problem faced by emergency managers is compliance with a mandatory evacuation
order. Dow and Cutter (2002) report that only 65% of South Carolinians ordered to evacuate in
response to Hurricane Floyd actually did so, thus greatly compounding the problem of keeping
people safe from the storm. A related problem is ‘shadow evacuation’, which occurs when
people decide to evacuate despite not receiving any official instructions to do so. This may
contribute to traffic delays and emergency resource shortages, impeding the safety of those who
are directly threatened by the hazard. Research based in Long Island, NY concluded that
evacuation planning areas should be expanded in response to the high likelihood of shadow
evacuation in the event of a nuclear accident (Johnson 1985). While this approach may help
traffic planners design better evacuation models, it does not address the underlying causes of a
shadow evacuation. Environmental cues, such as high winds and smoke during a wildfire, can
prompt people to evacuate even if they are not directly threatened. A more troubling cause of
shadow evacuations is mistrust of information or the authorities who provide it (Lindell and
Perry 2004), a problem that may be addressed by providing the most accurate hazard information
as quickly as possible to people in an effected area.  Although shadow evacuations have been
modeled using microsimulation (Cova 2008), further research on this problem through

mathematical modeling techniques may be of great benefit to evacuation planners.
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The successful evacuation of New Orleans prior to the arrival of Katrina was made possible
through the use of contraflow. Contraflow involves reversing the direction of traffic for a set of
lanes along a route, so the capacity of a route to handle traffic in a desired direction is enhanced.
The success of using contraflow is highlighted in the following statement by Kathleen Blanco

(Former Governor of Louisiana):

“Before Katrina came, | developed a new evacuation plan that includes contra-
flow, where both sides of the interstates are used for outbound traffic. I am proud
that we rapidly moved over 1.2 million people - some 92% of the population - to

safety without gridlock or undue delay prior to Katrina.”

Contraflow lane reversal is a valuable option in emergency evacuations by increasing the
outbound traffic capacity of a given road or freeway. The first large scale implementation of
contraflow occurred in Georgia and South Carolina for Hurricane Floyd evacuations in 1999, and
a majority of hurricane threatened states have now adopted contraflow plans (Urbina and
Wolshon 2003). As the quote above illustrates, contraflow can be very effective in efficiently
moving a substantial proportion of the population in areas threatened by large-scale disasters.
Yet the tragic aftermath of Hurricane Katrina shows that it is not a ‘magic bullet’ solution for
evacuation planning, especially in places like New Orleans with large populations without access
to private transportation. While the vast majority of contraflow evacuation plans are hurricane-
specific, many characteristics could be generalized and implemented for other large-scale

disasters.

The state of Florida revised its contraflow evacuation plan in response to the busy 2004
hurricane season. With 4 major hurricanes prompting the evacuation of nearly 10 million
people, the Florida Division of Emergency Management and the Florida Department of
Transportation determined that an improved contraflow plan was necessary given the probability
of its implementation for future hurricane evacuations. Some essential components of the

updated plan are daylight only contraflow implementation, pre-positioning of traffic coordination
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and emergency response vehicles along the contraflow route, and clear delineations of agency
roles and means of communication. Specific routing recommendations include assigning the
same number of lanes for contraflow exit points as the contraflow route itself has and keeping
highway shoulders open for disabled vehicles and emergency responder use. (Contraflow Plan

for the Florida Intrastate Highway System, 2005)

Empirical assessment of contraflow evacuation plans utilized during hurricane events shows
substantial improvements in vehicle capacity yet also clearly illustrates drawbacks. During the
2000 Hurricane Floyd evacuation, the South Carolina Department of Transportation (SCDOT)
measured a 67% increase in the number of vehicles evacuated per hour with four outbound
freeway traffic lanes when compared to the standard two inbound, two outbound configuration.
Safety, accessibility and cost emerge as the most pressing problems during a contraflow
operation. Freeways are generally not designed to handle opposing flow, thus confusing signage,
inadequate collision barriers and limited exit ramp accessibility can lead to accidents and
breakdowns that may further traffic delays. Contraflow plans can reduce or eliminate inbound
traffic, limiting the ability of emergency service personnel to assist those left behind. Manpower
requirements can be substantial, with more than 70 personnel needed for an 18 interchange
contraflow plan in North Carolina (Wolshon 2001). These empirical results provide a basis for
modeling and simulation-based research, which can address the challenges of contraflow

evacuations in a controlled setting.

Microsimulation of contraflow for hurricane evacuation of New Orleans showed how suboptimal
entry point design and location could limit the number of evacuees able to leave the city
(Theodoulou and Wolshon 2004). A North Carolina coastal evacuation simulation showed
extensive queue formation at contraflow termination points, highlighting the need for further
research on optimal access points and interchange functionality (Williams, et al. 2007) Another
challenge in modeling contraflow is the increased size of network flow problems that must
account for each individual lane rather than representing roads as a single arc. Tuydes and
Ziliaskopoulos (2006) use a tabu search heuristic to address the computational complexity of
modeling a contraflow evacuation on a large urban network. Although most research has been

directed towards hurricane evacuation, contraflow can be incorporated into traffic management
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models for other large-scale disasters. Research comparing different evacuation strategies for
downtown Minneapolis, Minnesota also shows that access to a contraflow corridor is a critical
determinant of overall effectiveness. By increasing capacity of key entrance ramps, evacuation
time was substantially reduced for an evacuation simulation that included more than 50,000

spectators at a major sports venue. (Kwon and Pitt 2005)

Lane-based traffic routing can improve traffic flow during an evacuation by eliminating
congestion at critical intersections. When Los Alamos, New Mexico was evacuated in response
to the 2000 Cerro Grande wildfire, a lane-based routing plan helped 11,000 residents escape this
isolated mountain community using the one available exit in under 4 hours (Mynard, et al. 2003)
The essence of a lane-based plan is that it restricts lane changes and directs traffic to make turns
at intersections in order to avoid cross traffic. Cova and Johnson (2003) use a lane-based
routing model to simulate traffic during an evacuation of downtown Salt Lake City, generating a

40% improvement in network clearing time when compared to no routing plan.

A new and promising approach to contraflow modeling is taken by (Meng, Ling et al. 2008).
The optimal contraflow lane configuration problem (OCLCP) and the optimal contraflow lane-
scheduling problem (OCLSP) are addressed by combining the linear programming and
microsimulation methods. First, the linear program is used to determine a feasible lane-reversal
plan that minimizes total travel time in the central business district of Singapore. This plan
becomes an input to a microsimulation model developed with PARAMICS software that mimics
the response of drivers to these lane reversals. This methodology allows researchers to
systematically evaluate each contraflow plan by providing instant data on traffic flow rates and

queuing via the microsimulation software.

Although contraflow under emergency evacuation conditions is not implemented as part of their
routing plan, it could be incorporated under a similar modeling framework. This unification of
traffic routing methods has the potential to further improve network clearing times for mass
evacuations, especially if used to address the access point and queuing problems of contraflow

operations. There remains a central question that has not been answered by any of the above
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models: What evacuation routes will drivers actually choose? Route choice behavior is largely
based on the assumptions of rational driver behavior under perfect information, both of which
are questionable in emergency evacuation situations given a large-scale disaster. Chiu and
Mirchandani (2008) propose a dynamic feedback information routing system, in which
evacuation routes are updated according to the current traffic conditions. Such a system could be
implemented using existing traffic monitoring and mass communication technologies, and can

significantly improve evacuation effectiveness through real-time management.

Spatial and temporal scales are crucial geographic factors in determining the evacuation
modeling approach best suited to a given hazard. Individual (micro), aggregate (macro), and
intermediate (meso) spatial scale models all have specific strengths and weaknesses which
should be carefully considered based on both the capabilities of researchers and the needs of
agencies. Timing is critical: a contraflow evacuation plan requiring 5 hours of lead time for
placement of signage and personnel is of little use in the face of a levee that breaks without
warning. With careful consideration of these factors, modeling can prove invaluable to the
formulation of a successful evacuation strategy. The contraflow operations in New Orleans prior
to Hurricane Katrina and lane-based routing of evacuees from the Los Alamos, New Mexico
Cerro Grande Wildfire provide two examples that demonstrate the benefits in modeling

evacuations.

4. Disaster Preparedness

Counties and state organizations are tasked with the development of disaster plans, involving a
coordination of agencies and nongovernmental organizations. Such planning documents often
list possible emergencies (from chemical spills to flooding), areas of vulnerability (from high fire
risk areas to nuclear power plant evacuation zones), and plans for addressing such emergencies.
Typically, counties plan drills that are used to train and test for the ability to respond to an
emergency. They often are based upon an emergency scenario, bringing a wide variety of
emergency personnel in handling a mock disaster drill. These drills are used to identify
weaknesses in plans, strengthen ties of communication and promote a focus on coordination and

team building.
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The role of Caltrans as defined in a November 20, 2008 draft of the State of California
Emergency Plan presents several logistical issues of particular interest to researchers affiliated
with the First Responders System Testbed project. The first Caltrans responsibility of interest is
the classification of state property suitable for use as temporary emergency housing. Selecting
suitable sites can be thought of as a function of accessibility via the existing transportation
network, proximity to populations in need of temporary shelter, and cost effectiveness in the
transportation and support services necessary to meet the needs of affected people. Another
Caltrans role is the support of fire-fighting efforts though traffic control via lane-closures or
special OES requests such as movement of emergency supplies. Closure of a lane for
emergency-only use or allocation of HOV lanes may provide the extra traffic capacity necessary
for fire personnel to respond quickly to a dangerous wildfire, and likewise enable the efficient
and timely transport of emergency supplies to places of need. Caltrans responsibilities for
dealing with hazardous materials and radiological substances also present opportunities for
research. Restoring contaminated highways and other state transportation facilities is essential to
maintaining efficient and safe traffic flow. Traffic routing with differing network capacities
under emergency conditions and allocation of assets before an emergency event occurs emerge
as pervasive themes that can be addressed through various modeling techniques to improve

Caltrans disaster preparedness.

Responsibility for emergency management in California counties falls under the auspices of each
county office of emergency services (OES). A brief survey of county OES websites shows wide
discrepancies in the quality, quantity, organization, and accessibility of various types of
emergency information that is provided to the public. For example, the San Luis Obispo County

Office of Emergency Services website (http://www.slocounty.ca.gov/OES/) is well organized,

with a direct link to the general county emergency operations plan, dam and levee failure
evacuation plans and maps of potential inundation areas, and Diablo Canyon Nuclear Power
Plant emergency planning information including potential evacuation routes. In contrast,
emergency management information for Alameda County, site of the disastrous Oakland Hills
wildfire of 1991, is scattered throughout various county agency websites including county sheriff
and county emergency medical services. While these websites contain specifically targeted
information, including how day care centers should prepare for an earthquake and special

considerations for evacuating medically fragile persons, the lack of a single disaster information
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clearinghouse appears to be a glaring deficiency. Also missing from any of these web resources
is a map showing evacuation routes. This omission may be due to scale discrepancies between
the size of the county itself and the areas that may be evacuated or the variable nature of the
routes that may be implemented depending on the geographic characteristics of a specific
disaster. Whatever the cause of the omission, a simple map directing people to their optimal
evacuation route could be extremely valuable to overall preparedness. Added to this is the fact
that the web site is probably updated occasionally, rather than being designed to give up to date
information during a disaster. This is not a particular criticism of the Alameda county web site

but a general criticism of most web sites.

Unfortunately, there still are noticeable problems in coordination for large area disasters. Despite
performing mock drills at an airport or some other type of disaster, there has been too little focus
on the sum of all emergency capabilities in responding to a major disaster. This issue was
recently discussed by Haji and Lewis (2006) in their study of disaster preparedness of hospitals
in Los Angeles County. It should be first noted that a hospital by itself is not designed or
operated to handle a large-scale emergency. Hospitals normally operate within given bounds of
patient flow and emergency demand. Government programs such as Medicare and private
insurance companies reimburse hospitals based upon realistic estimates of costs. Beds not
occupied by patients add to a hospitals cost of operations, but do not add to revenue. Insurance
companies reimburse for patient care and not for maintaining unused facilities. Since hospitals
do plan for fluctuating levels in patient care, this means that bed occupancy is not always at
100%. But just how large should a hospital be, or regionally, how large should the combined
capacity of hospitals be in order to handle an emergency event? Given that hospitals by
themselves are encouraged to operate at a size which matches average demand plus some surge
capacity, it would not be surprising to see that many hospitals are at capacity a certain percentage
of the time. When that happens they have little flexibility in handling a large surge based upon an
emergency. The economics of hospital operations today has probably pushed the operating
envelop toward being at 100% capacity a minimum percentage of the time. One can argue that if
a hospital never reaches 100% bed occupancy, then it is too large and is not as efficient as it
needs to be in the current operating and reimbursement environment. What this means is that

hospitals are not rewarded in maintaining surge capacity for the unlikely event of an emergency.
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Haji and Lewis surveyed a sample of hospitals in Los Angeles County in order to assess
emergency preparedness. Their survey involved 45 hospitals (each interviewed by telephone as
well as being the object of a personal visit). This sample represented more than 50% of the
existing hospitals in LA County. Their findings are not surprising in light of the economics of
hospital reimbursement discussed above. First, only 29% of the hospitals in the survey had a
surge capacity that exceeded 20 beds. It was stated that all hospitals maintained an emergency
medical supply of at least 3 days, but they did not state that this supply included all elements,
including food and water (for both patients and staff). Less than half of the hospitals maintained
more than 10 isolation rooms. Fewer than half of the hospitals maintained stockpiles of chemical
antidotes and antibiotics. Finally, 60% of the hospitals diverted patients to other hospitals more
than 20% of the time. Altogether, this means that 20% of the time a majority of the hospitals
lacks the capacity to handle emergency patients. Although it is possible to immediately cancel
elective procedures, it is necessary to identify average patient volumes involving elective
procedures in order to estimate the level of emergency capacity. Also, since many procedures are
now handled in outpatient surgery centers, it may be that the total surge capacity of the hospital
system in LA is woefully lacking, especially in terms of beds in satisfying demand in an
emergency. But this issue of preparedness could be surveyed across a number of organizations
and services. In a recent issue of the LA times (Jan 25, 2009), it was noted that over the last
decade the number of pediatric hospital beds in California had declined by 19%, even when the
child population has increased. This has resulted in hospitals moving very sick children from
their hospitals in order to make way for even sicker children due to the lack of free beds. The

lack of capacity to handle anything out of the norm has been lost.

The fact is that hospitals operate as an independent unit in a larger system. The lack of a system
wide perspective may mean that emergency capabilities are less than desired. This same issue
may be true for a wide variety of critical needs, ranging from bridge inspectors to fuel storage for
emergency vehicles. For example, do the highway patrol and Caltrans maintain resources to
supply their workers in the event of an emergency, e.g. water, fuel, and food? Are methods in
place to track personnel during an emergency? Is there capability to set up a field unit to support

an effort oriented at maintaining quarantine or supporting an evacuation? Should agencies such
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as Caltrans train people to assist organizations like the Red Cross and local search and rescue

groups in an emergency?

It should be noted that the list of local emergency capabilities can often be expanded
significantly by mutual aid agreements, which is a common strategy for fighting large wildfires.
Through mutual aid agreements, many cities and counties from across a region may donate
needed equipment and crews for a lengthy time to fight a large uncontrolled wildfire. But what is
less understood is the capability of handling a large demand locally when it would take too long
to respond with mutual aid or when an emergency exists that stretches the ability of an agency to
cope with an emergency when no mutual aid agreement exists, or when the time taken in seeking
and getting outside aid has exacerbated the initial problem. For example, if the lack of hospital
beds and associated care is in short supply, patients may need to be transported long distances to
other hospitals or it may be that temporary tent hospitals should be erected. But what is the
length of time needed to address this need and can it be accomplished in a timely manner?
Regardless of which action is taken, contingency plans for such an outcome need to be made, if

an event is to be handled effectively.

Given the many overlapping responsibilities of Caltrans in the event of an emergency,
coordination and cooperation with state, county, and local agencies and officials is essential to a
successful and efficient response. While divergent planning and capabilities among agencies can
make this task seem overwhelming, research such as the Los Angeles County hospital survey can
help identify strengths and vulnerabilities within a wide variety of systems and infrastructure
critical to emergency management. Regional planning via mutual aid agreements and other
predetermined coordination can greatly improve the ability of statewide agencies respond to
disasters that often transcend jurisdictional bounds, ultimately protecting critical infrastructure
and personal property and saving lives. For example, developing a real time equipment inventory
and tracking system for Caltrans may help in responding to large scale events that requires a
response involving a larger than average amount of equipment. This type of problem should be
modeled within the context of analyzing the time it would take to respond to a place in the state

with a level of response that equals or exceeds some pre-specified response.
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5. Warning System Location

For some emergencies, timing is so important that it is obvious that a warning system needs to be
implemented. The classical approach for doing this is to use a set of warning sirens. For
example, many cities and counties in the Midwest have warning sirens, so that people can be
alerted to an impending tornado. A warning siren is designed to be loud enough to disrupt
virtually everyone within its vicinity, alerting them to take some type of evasive action. More
recent systems include the reverse 911 systems, where phones within a target area are called with
a prerecorded message for some type of issue like “evacuate immediately, wildfire approaching”
Reverse 911 systems are now in vogue as they can be easily targeted to a specific area and can
be used with a specific message. The coverage of a reverse 911 systems is based upon homes
that have landline telephones as well as those people who have registered their cell phones with
system operators. During the recent Tea fire in Santa Barbara County, some people stated that
either they didn’t get a 911 call or the call was very late in terms of the value of the warning.
Thus, warning sirens have a continued role in emergency warning. Siren systems are used
extensively throughout California' to warn people of hazards such as a tsunami, dam failure,
nuclear accident, or campus emergency. FEMA guidelines dictate that a state or local emergency
operations plan should explicitly include the location and geographic reach of warning sirens
(FEMA September 1996). One of the fundamental questions when designing an emergency siren
warning system is where to locate them so that the configuration of sirens meets the population

coverage requirements of an emergency plan.

One of first research papers to deal specifically with emergency siren location is a case study of a
tornado that hit Kalamazoo, Michigan in 1980 (Hodler 1982). While tornados are rare enough in
California that it is not essential to design siren systems to warn against them, several important

transferable findings emerge from this research. The first and most relevant is that geography

! There are a number of examples in California involving the use of warning sirens. For example, Crescent City uses
a warning siren to alert people to a tsunami risk. San Luis Obispo County operates a system of 131 sirens to warn
of an accident at Diablo Canyon Nuclear power plant. Ventura County operates a system of 11 sirens to warn of a
dam failure at Casitas Reservoir. Cities such as Coronado and Alameda maintain siren systems for emergencies like
wildfire, flood, chemical spills etc. and universities like UC Berkeley and UC Riverside maintain campus warning
systems. Even industries operate warning sirens. For example, Union Pacific has a warning siren system associated
with their operations near Roseville, CA.

358



matters: Due to the downwind location and scarcity of sirens, more than two-thirds of residents
surveyed in the area of town struck first by the tornado reported not hearing them at all. Another
interesting finding is that seventeen percent of all survey respondents did not know the meaning
of the sirens, despite the fact that they were tested once a month. These results indicate that
optimizing the location of sirens is essential to effective warning, as is communication with

populations they are intended to protect.

Another important factor in developing an emergency siren warning system is cost. Budget
limitations often dictate the type and amount of equipment that is available, thus affecting the
spatial extent of siren coverage that planners may work with. Set covering location models can
be used to determine where to locate a predetermined number of sirens such that they cover the
most population, thus implicitly accounting for cost restrictions. Models of this type allow
planners to assess the tradeoffs inherent in using different technologies, siting scenarios, and
policy options and can be redeployed to account for changes in population distributions and in
the transportation network (Current and O'Kelly 1992). The Current and O’Kelly model can be

defined using the following notation:

i = an index used to refer to a small area of population, like a neighborhood

J =an index used to refer to a site for possible siren placement
O, = {j |an omnidirectional siren placed at j can be heard at area i }

R = {j | a rotating siren placed at j can be heard at area i }

(6]
Cj

the cost of locating an omnidirectional siren at site |

o
Il

the cost of locating a rotational siren at site |

= |L if site jis selected for a rotating siren
| 0, if not

o |1, if site jisselected for an omnidirectional siren
b0, if not

Using the above notation, we can define the siren placement model of Current and O’Kelly as

follows:
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Minimize Z =) c{X{ +) ci X

jeO jeR
subject to :
) D X?+> XT=>1 foreacharea i
j€0; jeRy
O -
2)  X{elol foreach j €O
3) XjR € {0,1} foreach jeR

The above model is a form of the well-known Location Set Covering Problem that was originally
defined by Toregas et al. (1971). Essentially, this model selects both the types and locations of
the sirens so that the cost of the siren system is minimized while ensuring that all areas are
“covered” or are within the warning zone of at least one siren. The objective function minimizes
the total costs of the selected sirens. The first constraint establishes that each small area has at
least one siren site selected that is within the siren warning zone. There is one such constraint for
each area. This is a relative small and compact integer-linear optimization model. It can be
applied to relative large regions involving thousands of sites and small areas. General purpose
software packages exist which can be used to solve this problem over a range of options or
scenarios. Overall, this type model can be used to design a warning system for a region or for a

corridor like a highway or coastline.

Another modeling approach for locating emergency sirens is the p-center location problem,
whose objective is to minimize the greatest distance of all population units from their nearest
warning siren. This problem can be conceptualized as having the smallest possible warning
radius around all sirens, given a set number of sirens and people to be served (Suzuki and
Drezner 1996). Integrating models such as these into GIS can provide a robust platform for
planners seeking to locate warning sirens optimally. Accurate measurement of siren coverage is
largely a function how well population is represented, thus current research is focused on
comparing points, regions, and polygons as population representation units. In a study locating
emergency warning sirens in Dublin, Ohio, researchers found that the optimal solution for each
representation used the same number of sirens, with region and polygons best suited to situations

where complete population coverage is necessary (Murray, O’Kelly, and Church 2008).
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The massive toll of the December 26, 2004 Indian Ocean tsunamis served as a chilling reminder
of the danger posed by these hazards. In response to that event, the California Seismic Safety
Commission published a report citing the great danger posed to the state by tsunamis and finding
that public education, warning systems, and evacuation plans were lacking (CSSC 2005). Sirens
are a critical component of a tsunami warning system since they can warn both permanent
residents and the transient populations that crowd California’s beaches during the tourist season.
One important consideration is that warning systems must be designed to withstand the effects of
the hazard: a siren will be completely ineffective if toppled by the earthquake that triggers a
tsunami (Darienzo, et al. 2005). Likewise, even the most robust siren system depends on public
knowledge. If people do not understand the meaning of a siren or are not aware of an appropriate
evacuation route, the warning will fail to protect them. It is possible to incorporate warning
systems, risk perception, and human response into risk management models that simulate
hazards. Research on managing risk associated with volcanic eruptions in New Zealand, along
with other associated projects, has led to the development of a five-step approach for effective

early warning systems (adapted from Leonard, et al. 2008):

1) Develop event detection and public notification infrastructure

2) Plan organizational responsibilities, evacuation routes, and communication channels

3) Organize communications between government agencies, local emergency managers,
scientists, media and the public

4) Educate emergency staff and populations at risk

5) Perform simulations and exercises

The above steps should be viewed as a continuous feedback loop with any one step informing the
others at any stage of warning system development. Methodologies such as these that emphasize
human considerations can be used in conjunction with geographic location models to design

early warning systems that can better protect the public from disasters.

Warning sirens, reverse 911, and other methods of alerting the public of an impending hazard
remain valuable resources for many emergency management agencies. Yet it is important to
consider changing communication technologies, personal transportation choices, and hazard

vulnerabilities when choosing the appropriate warning system. Increasing intraday travel and
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frequent variation on the traditional home to work (or school) travel path require the ability of a
system to warn people of hazards based on personal proximity rather than assuming their
location at a given point in time. While emergency sirens traditionally fill this role, decreased
testing and gaps in public knowledge and awareness often render these systems less effective
than would be otherwise. Dependence on land line-based reverse 9-1-1 calls presents obvious
pitfalls in an era of ubiquitous cell phone use, and non-compliance with voluntary cell phone
registration for these calls may leave a large segment of the population uncovered. — One
promising new warning technique is an automated system that sends out warning tones and
messages to all cell phones within range of cell phone towers in areas likely to be affected by a
given hazard. Such a system has been proposed for the State of California by Lt. Governor John
Garamendi (it is also called for national implementation in the WARN act. (Christian Science
Monitor; May 15, 2007)) Used in conjunction with an automated radio and television-based
system, this hazard warning infrastructure could be used to direct threat-specific instructions to a
vast majority of threatened people. Dynamic generation of area-specific evacuation routes send
via text message is one example the myriad of research projects made possible by this
technological advance. Perhaps the ideal system is a combination of warning sirens, reverse 9-1-
1 phone and emergency radio broadcasts. In the recent Tea fire (2008) in Santa Barbara,
residents of mission canyon complained that the warning given by reverse 9-1-1 was too late or

didn’t happen and asked why a siren system had not been considered.

Siren systems have been set up in California for a number of purposes. It is important to
recognize that as a community grows it may also outgrow the region covered by the system and
render the system less than effective. Thus it is important to monitor the coverage of such
systems to ensure that they meet the original goals of warning all residents. Identifying specific
areas of hazard vulnerability in the state such as tsunami prone coastal highways can help locate

warning sirens optimally.

6. Emergency Shelter Location

Locating emergency shelters to meet the needs of people impacted by a disaster is a very

important step in the preparedness phase of emergency management. The Louisiana Superdome
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and New Orleans Civic Center served as emergency shelters for people displaced by Hurricane
Katrina, but inadequate stores of food, water, and medical supplies and the unexpected extent of
flooding, among other factors, turned these shelters into the site of disaster itself. Although the
academic literature is relatively sparse when addressing emergency shelter location, there is both
theoretical and technical research that can help us locate shelters so that future humanitarian

disasters may be avoided.

In determining how to locate emergency shelters it is important to first understand a few
theoretical concepts so that the problem can be appropriately addressed. Earlier in this report we
define social vulnerability, a concept that can readily be applied to the shelter location problem.
Bolin’s (1991) analysis of sheltering in the wake of earthquakes in several California
communities found that temporary shelters were used disproportionately by low income citizens
who were more likely to live in older more easily damaged buildings and largely lacked the
financial resources to move. While this finding may seem intuitive, it is important that shelters
are located where they are needed most. Many Hispanic residents of a neighborhood affected by
the 1987 Whittier Narrow earthquake camped in city parks and yards as opposed to returning to
damaged but structurally sound buildings due to fear and a lack of Spanish-speaking building
inspectors. The Red Cross developed multi-lingual outreach programs to address these cultural
and language barriers, thus helping to ensure all residents were aware of the best sheltering

options.

Physical vulnerability also is an important factor to consider when locating shelters. After the
aforementioned Whittier Narrow earthquake, a Red Cross emergency shelter had to be evacuated
due to severe aftershocks. The powerful 1989 Loma Prieta earthquake left nearly 8000 people
homeless in Santa Cruz County thus an emergency shelter had to remain open for 66 days, nearly
3 times longer than emergency managers had planned as necessary for shelter operations. While
the location of physical vulnerabilities is more difficult to predict than social vulnerabilities, it is
essential that emergency shelter location plans take into account a multitude of potential

scenarios with varying physical site impacts.

In a review of emergency sheltering and temporary housing in the aftermath of hurricane
Katrina, Nigg (2006) concludes that advanced planning for large-scale multi-hazard disasters

across agency and political jurisdictions is essential to meet the needs of evacuated populations.
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In California, mutual aid agreements can help meet the needs of people requiring evacuation
assistance or medical care, but sheltering location is often left to individual city or county
departments. Cross-jurisdictional and interagency cooperation and communication in
determining the best sheltering options might be aided by geospatial analysis and modeling

techniques.

Agencies such as Caltrans may want to use a decision support system for disaster management
(DSS-DM) for flexible and robust prediction of earthquake damage and losses. One such system
allows emergency management planners to test specific earthquake intensity scenarios to
generate estimates of injuries sustained and infrastructure impairment and destruction to
determine the need for emergency shelters (Aleskerov 2005) What is missing from this particular
system is a determination of the optimal location of these shelters, and especially important
question given the widespread damage to buildings and the transportation network that can occur

in a large earthquake.

Kar (2008) used GIS to perform a site suitability analysis on existing and potential emergency
evacuation shelters in Florida, thus determining a discrete set of the best shelter locations.
Findings show that 48% of existing shelters and 57% of potential shelters are located in flood
prone areas, are too close to chemical storage facilities, or are located in other physically
unsuitable sites. A methodology was developed using a weighted linear combination of
qualitative and quantitative factors to determine if a site is suitable for an emergency shelter in
the event of a hurricane storm surge in several Florida counties. Proximity to existing evacuation
routes, health care facilities, hazardous materials and flood zones are among the factors that are
measured and weighted using GIS overlays. One limitation of this study is that the physical
characteristics of the shelters themselves are not incorporated into the site assessment
methodology. Building material, size, and accessibility all could be included for a more robust

suitability analysis.

Other modeling approaches can incorporate site suitability as well as decision making by both
emergency managers and evacuees under various scenarios to determine the best locations for
emergency shelters. Kongsomsaksakul (2005) proposes a location-allocation model for placing
shelters when planning for populations evacuated during a flood event. In this bi-level linear

programming problem a planning authority determines the number and locations of shelters with
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the objective of minimizing total evacuation time on a given transportation network while a
group of evacuees simultaneously decides which shelter to go to by which route given shelter
location and capacity. This model is tested through a simulated flood scenario in Logan, Utah
where a dam collapses with 21% out of a population base of approximately 5000 people live in
the flood inundation zone. Bi-level programming problems can be somewhat difficult to solve to
optimality, so a genetic algorithm was employed to solve the problem. This heuristic was used to
search for the best set of shelter locations. Perhaps the most important finding to emerge from
this research is the trade off between shelter capacity and the number of shelters selected.
Higher shelter capacity means fewer are needed to meet the demand of evacuees, thus total
evacuation time is lower. The major limitation of this modeling approach is the lack of ability to
account for irrational route choice or other complex evacuee behavior. This can be overcome by
adding a finer modeling scale to the larger problem such as a traffic microsimulation or cell

transmission model.

Another interesting modeling technique for locating emergency shelters is proposed by Yazici
and Ozbay (2007). Their cell transmission model takes into account disruptions to vital links in
the transportation network that may result from an event such as a hurricane or earthquake and
adjusts the locations and capacities of emergency shelters accordingly. Based on the results of
simulated evacuation scenarios for Cape May, New Jersey, they find that using a deterministic
approach that assumes a specific traffic capacity at vital nodes on the transportation network can
leave emergency shelters incapable of providing enough food, water, and medicine to evacuees.
This finding is eerily reminiscent of what happened at the Louisiana Superdome during
Hurricane Katrina, where unexpected floodwaters cut off essential supply routes resulting in
massive shortages of necessary supplies. The solution proposed by these researchers is to
calculate the probabilities of disruption for important transportation links, then incorporate these
into a stochastic simulation within the model to determine shelter locations and capabilities
under the uncertainties inherent in an evacuation. This approach is similar to an approach used to
preposition supplies that is discussed in a later section of this report that covers prepositioning

and storage of emergency resources.
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Schools and other public facilities are often enlisted to serve as emergency shelters due to easy
accessibility, sturdy construction, and the layout and floor space necessary to accommodate the
needs of large numbers of people. Usually such considerations such as centralized location
given the population distribution and multiple access routes via the existing transportation
network are taken into account when determining where to place schools, but vulnerability to
hazards is often largely overlooked. Doerner (2008) presents a model that can assist in the
decision of where to place a school or other public facility taking into account the flood
inundation risk from a tsunami, a hazard that threatens many areas of coastal California. This
multi-objective model first determines the shortest distance from each population center to the
nearest school within the bounds of a maximum acceptable distance, then takes into account the
risk of a tsunami, and finally seeks to minimize the costs associated with locating the facilities.
This type of multi-objective model is useful to decision makers in that it can take into account
many factors that help ultimately determine where a school or other public facility is located.
Also, this type of model can be easily reconfigured to account for the risk of other disasters such

as wildfires, earthquakes, or chemical spills.

Although few shelter location models have been developed to support evacuation events, perhaps
the one that is most appropriate in making advanced decisions for shelter location is the recently
developed model of Alcada-Almeida et al. (2009). This model is based upon designing a system
to serve a specific region. Each area or neighborhood of the region is identified as a customer or
demand. Potential sites for shelters are identified and routes between demand areas and shelters
are identified. Each route between a demand area and a shelter site is analyzed within the context
of travel time, risk in terms of the route being compromised by the hazard, a risk factor
associated with a shelter being overcome by the event, and the times to move injured patients
from shelters to the regional hospital. The model optimizes the location of a given number of
shelters by minimizing the sum of weighted distances that people would need to travel to their
closest shelter, the sum of the demand weighted risks of the assigned evacuation routes being
compromised by the event, the sum of the demand weighted risks that individual shelters may be
compromised by the events, and the sum of demand weighted distances that injured victims may

be transported from shelters to the regional hospitals.
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I =index used to a demand area or neighborhood where S is the number of areas.

J = the set of nodes i

C = an index referring the ¢ candidate path

d 5 = the distance of the ¢™ candidate path between i and j

ry = the risk associated with the ¢ candidate path between i and j.

P =the number of shelters being located
E =the number of potential sites which can be selected for a shelter

S = the number of demand areas

B {1, if site ] is selected for a shelter

0, otherwise

r; =the risk associated with shelter site j being compromised.

b= the transit time from shelter site j to the regional hospital

a, =the demand population at area |

k™ = the maximum number of evacuees a shelter at j can handle

k}“i“ = the minimum number of evacuees that is needed to justify opening a shelter at |

. {1, if demand ati isserved by a shelter at j accesses by candidate path ¢
i =

0, otherwise

367



Given the above notation we can structure the following integer-linear programming model,

which contains four separate objectives:

Min 33 Y adix

Min 222 25X,
Min sz“zc:airix

Min > > > at;x
i j c

Subject to:

1) Z ZXSZI foreachi=12,...,S
j c

2) Z Za XS < <kj™y foreach j=1,2,...,.E

iNij

3) Z Za xg <kMy, foreach j=1,2,...,.E

i Nij Yi

4 Dy, =p
j
5) y; € {0,1} foreach j=1,2,....E

6) X; e{O,l} foreachi=12....,S and j=1.2,...,E

The above contains four objectives: minimize the total distance involved in evacuating all people
to shelters, minimize the demand weighted risk of paths chosen, minimize the demand weighted
risk of a located shelter not being operable, and minimize the demand weighted distances to the
hospital for possible transit of injured people. The first objective ensures that each demand area
must assign to a shelter using some route or path alternative. The second constraint ensures that
people are assigned to only those locations selected for a shelter and that the total number of
people assigned to a shelter does not exceed the capacity of that shelter. The third constraint

maintains that at least a threshold level of demand is met at all selected shelter locations. The
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fourth constraint specifies that exactly p sites are selected for shelters, and the remaining
conditions represent the binary integer requirements on the decision variables. This model was
applied to the city of Coimbra, Portugal for the purposes of locating shelters to serve the area in
the event of a wildfire. Although this model does have some elements that could be enhanced or
improved, it is representative of the style of model that would be ideal for planning shelters and
storage locations for disaster recovery. It would be desirable to develop this style of model in
conjunction with a GIS in order to support advanced planning as well as guide event operations

(e.g. decide which shelters to open during an emergency).

7. Emergency Response

As can be surmised from the topics in the previous sections, there are elements of emergency
response and incident management that have been studied intensively. Emergency response is
one of those areas. This is especially true in what is called pre-hospital care, or emergency
medical services (EMS). At issue is the capability of responding to an emergency within a
desired period of time or standard. Quick response is a feature of most public safety services, like
police, fire, & EMS. Even though quick response is needed for transportation safety, such
services are often provided by local police departments, county sheriffs, the California Highway
Patrol, and local fire departments. Caltrans often responds in a role that supports the actions of
the CHP, etc. in installing changeable message signs, closing streets with barriers, and inspecting
damage. The traditional focus on modeling emergency response has been on fire and EMS, as
those services are oriented towards emergencies, rather than a mix of routine business (e.g.
patrolling a highway stretch and stopping unsafe vehicles) and emergency response (e.g.

responding to an accident or hazardous material spill).

Emergency response services require significant levels of personnel and vehicles. For example
cities like Toronto have nearly 120 ambulances operating around the clock. The City of Los
Angeles maintains 106 fire stations and has more than 3,900 personnel and serves an area of
approximately 471 square miles. This means that on the average one station serves an area of
approximately 4.4 square miles or an area with a service radius of approximately 1.2 to 1.5

miles. The Fire Department budget in Los Angeles totaled $814 million for the fiscal year 2008-
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2009. Because the costs of providing such services tends to be high, it is important to be as
efficient as possible in providing and allocating them. This has led to a relatively rich literature
on modeling the allocation of emergency services. The first attempt to optimize fire services and
emergency services in general was proposed by Toregas et al. (1971). Their approach was based
upon a rather simple assumption, that is, the cost of providing fire services was a function of the
number of stations that were located. Since labor is the highest single cost element of providing
fire service and since most stations are allocated a standard number of crew members, then total
costs is roughly a function of the number of stations that are located to serve a given area. Given

this basic, but powerful assumption, they defined the problem of allocating fire services as:

Minimize the number of stations needed to geographically cover all demand areas
and locate them so that each area has a station within a maximum pre-specified

response distance or time.

They called this problem the Location Set Covering Problem (LSCP). To solve this problem they

proposed the following set of notation:
i = index of fire demand zones or blocks

J =index of potential station locations or response positions
d;; =distance or travel time to fire demand zone ifrom potential station site ]
S, =the maximum allowable distance or travel time in serving a demand zone from a station

N, = {j |d; < Si} the set of sites that can serve demand zone i within the maximum time or

distance of response

X 1, if a station is located at site |
i 0, if not

The LSCP problem can then be formulated as the following optimization problem:
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Minimize Z =) X,
i

subject to :
1) Z X;21  foreach demand zone i

jeN;

2) X;e {0,1} for each site |

This model is an integer-linear programming problem, which can be solved by special purpose
algorithms and general-purpose optimization software. When this model was first proposed,
there was limited computer software and computational power to solve a model such as this. But,
with the advancement of personal computers and modeling software packages, models like the
one presented above can be applied to problems involving thousands of demand zones and sites,
providing the capability for easy application. Toregas worked with Public Technology, Inc. for
many years and helped to apply this model to more than 100 large cities (by the mid 1980’s) in
the US for the purposes of locating or relocating fire stations into efficient service patterns. It is
important to recognize that many types of applications of this model are possible, from the
location of fire stations to the location of road equipment, highway patrol offices, and emergency

shelters.

Given a standard of service, e.g. fire service within a mile and a half, it may take more stations to
cover an entire region than exists in a budget to provide such services. This is especially true if a
region contains both rural and urban areas. This has led to two different coping strategies: 1)
define a rural level of service (e.g. respond in 30 minutes) and an urban level of maximal service
(e.g. respond within 10 minutes), and 2) relax the assumption that everyone must be served
within the stated maximal time or distance standard. Actually, both strategies are used. First,
resources are usually not available to offer the same level of service to those that live in rural
areas as compared to those who live in denser communities. Thus, it is common to establish
different standards for rural and urban services. Second, many communities are not able to offer
services to everyone within a maximum time or distance standard. For example, for many
ambulance operations it is often stated as a goal to provide service within X minutes 90% of the
time. To structure a model that captures this type of objective we can define the following

emergency resource allocation problem:
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Minimize the needed number of stations or vehicles to provide service coverage
within S minutes (or distance) for « percentage of the total population and locate

them in such a manner as to accomplish this goal.

This problem statement is a form of the maximal covering location problem of Church and
ReVelle (1974). To structure this in a formal mathematical statement, consider the following

notation:

D
I

a measure of demand (e.g. population) at zone i

v 1, if demand at i is covered within S, minutes (or distance)
0, if not

Using the above notation along with the notation introduced earlier in this section, we can define

the following optimization model:

Minimize Z =) X,
j

subject to :
1) Z X; =Y,  foreachdemandi

jeN;
2) YaY,za) a
3) X;e {0,1} for eachssite ]
4) Y, e {O,l} for each demand i

This model contains two major types of constraints. The first constraint establishes whether a
given demand zone is covered by a station. If a station is selection from among the set of sites,

N,, then the sum on the left hand side of condition (1) is 1 or greater, which allows the variable
Y, to equal one in value, thus accounting for the fact that demand zone i is covered. If no
facilities are located within the set, N,, then the sum of selected facilities equals zero, forcing
Y, =0. Thus, constraints of type 1 are used to define if coverage has been provided to a given

demand zone. The second constraint states that the total coverage provided across all zones has

to equal or exceed « fraction of the total demand population. The other constraints are used to
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represent the restrictions on the decision variables, as they must be binary in value. The objective
of this model is set to minimize the sum of the vehicle/stations/units that are being located

subject to the constraints that establish that a high level of coverage must be provided.

This model is a form of the well-known maximal covering location problem, where the objective
is to provide coverage to at least a % of the total demand population while minimizing the
resources needed to accomplish this level of coverage. There are a number of variations of this
model that are based upon issues that are important in special types of applications. For example,
one variant optimizes the resources needed for several types of responding vehicles (e.g. pumper
and ladder trucks) where different service distances are set for each type of equipment. The idea
is that the above model is quite flexible and can be modified to fit a given problem setting. It is
has been applied in a number of resource settings, especially emergency response. For example,
it would make sense to apply this type of model to assess the costs of providing certain types of
response for incidents along major highway sections, or for inspection teams to survey a road
system after an earthquake. A related model has been used to locate salt and sand storage piles

for winter snow removal, in order to optimize the efficiency of snow and ice removal.

During the 1970’s the U.S. Government funded studies that were called Research Applied to
National Needs (RANN). These projects involved services such as solid waste management, fire
protection, police, and EMS. One of the centers for this work was the Rand Corporation
partnership with New York City. The New York City—Rand Fire Department study attempted to
integrate new computer planning models into fire services in order to make system delivery more
efficient. One of the most famous models developed in New York City was the square root law
of emergency response time. Essentially, Kolesar and Walker identified a relationship between
response time and distance, which was both intuitive and appeared to fit response time data
collected from the fire department. This model has been used to identify response patterns in a
number of cities. The square root law estimated response time as a function of distance by
segmenting the response into two different distance zones, a nearby distance zone with a
nonlinear response time function and a further zone with a linear response time function. This
two-part function was fitted to the response time means over a large number of small time
intervals. For the data used, the R-square value was unusually high in value, indicating that most

of the variance found in the travel time data was explained by the square root model. This model
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made it a relative simple task to estimate travel times by using distances, and this allowed either
distance standards or response time standards to be applied. The task of estimating response
times has been expanded with recent studies that have used large data sets representing 100’s of

thousands of emergency responses.

There are a number of problems associated with the allocation of resources for emergencies. For
example, one problem is to locate shelters so that people can be served away from a disaster site
(see the previous section). This can be done with a model such as the maximal covering location
problem or the location set covering problem. For example, let’s say that a major emergency has
impacted an area or region. Then it is necessary to decide which shelter locations to open and
operate. From a list of shelter options, a model can then be used to optimize the selection. In
Florida, there are a number of options as to which shelters may be open. Along with deciding
which shelters to operate it is also necessary to decide how such shelters are going to be provided
provisions. For some shelter locations, provisions are already stored for such an event. For other
locations, it will be necessary to truck them in from other locations. Even this storage provision
location problem can be thought of in terms of a covering model. That is, one can use one of the
above models to identify the set of storage provision sites such that any potential shelter site can
be provided adequate provisions within a set number of hours. This is an important problem, as it
is necessary to store provisions for a possible emergency. This type of provisioning problem
must be solved in advance and must be operational long before any emergency support can rely

on such a system.

One of the major issues in emergency response is that when a vehicle is being used or is
inoperable, it is unavailable to serve. For example, in ambulance services, vehicle crews can be
busy as much as 40% of the time on the average. This means that the closest vehicle may be busy
and something further away would need to respond. Thus, it is important to take possible vehicle
availability into account while allocating emergency vehicles in a region. The problem is that
vehicle availability is a function of where other vehicles are placed. For example, if an area of
relative high demand has only one allocated vehicle and is often busy 50% of the time, then
response times to a given call would be delayed on the average 50% of the time, as the closest
vehicle is already busy and something much further away must respond. While if that same area

has several allocated vehicles, the workload of each unit can be reduced, and the percentage of
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time that a call cannot be served by several local units is reduced. There are several ways in
which this type of problem has been addressed. For example, let’s assume for the sake of
analysis that most emergency calls take an hour to serve’. Given this assumption we can then

estimate average vehicle business, b, in the following manner:

2

b, =
24p
where:

f, = the average frequency of calls per day in demand zone i
p = the number of service vehicles in operation

Given a level of business of the average vehicle, it is then possible to calculate the probability of
whether a response can be made to a given call within the maximal response time standard. If we
assume that each vehicle’s busyness is independent of other vehicles, then the probability that k

independent vehicles are busy is: (bs )k. If k vehicles are positioned within a maximal coverage

distance or time of a demand zone, then the probability that it can be served by one of the k

vehicles without delay is:

Thus, we can calculate the probability of being served without delay for any number of allocated
vehicles, k. This means that if k vehicles are located within a coverage time of demand i, then

demand i is covered g, fraction of the time. To integrate this into the above covering model we

need the following variable:

_ | 1, demandi is covered by exactly k vehicles or units
"0, if not

® This is an assumption that is often taken in the allocation of ambulances. The 1 hour service time is an inherent
assumption of the system status management system of Jack Stout.
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We can now formulate an expected coverage model in the same form as the previous model as:

Minimize Z =) X,
i

subject to :
1) Z X;>kY,  foreach demandi

jeN;

2) Z:Yi’k <1 foreachdemandi
k

3) zz aq,Yi Zazai
ik i
4) X e {0,1} for eachsite |
5) Y € {0,1} for each demand i and each level k

This model minimizes the resources needed and allocates them so that coverage is provided «
fraction of the time. The main feature is that it accounts for the fact that vehicles are not always
available as they may be serving another demand. This formulation is an expanded version of the
previous model and can be thought of as a variant of the maximal expected coverage location
model of Daskin (1983). The first constraint in this model is used to define the number of
units/vehicles that have been located which are within the coverage time of a given zone. It

allows a given variable, Y,, to equal one in value if K units have been located in the vicinity of

demand i. The second constraint ensures that coverage for a given demand can be accounted for
at only one service level, k. Altogether, the objective forces coverage to be accounted for at
exactly the highest provided level. Constraint 3 specifies that at least a certain fraction of all
demand must be covered by vehicles that are available (and therefore not busy). Overall, this
model can help to allocate emergency response vehicles to provide high levels of service
coverage while accounting for the fact that some of the time each vehicle is busy and not

available to handle a simultaneous call.

The maximum expected coverage model is based upon an assumption that is not always met.
That is, vehicle busyness is not always equal across a system. This might be the case for a dense
but small city, but on the average, there can be differences between the busyness of individual
emergency units. This is an issue that has been modeled by a number of researchers during the

past decade. To address this there have been two principal approaches: the use of a queuing
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model like the hypercube model of Larson or the use of local busyness estimates developed by
ReVelle and Hogan (1989). The ReVelle and Hogan approach begins with an estimate of the
demand for emergency response within a neighborhood or coverage area of zone i. This can be

expressed as follows:

= z f,
heN;
Where r; is the local demand among the zones that are within the coverage standard of zone i.

Suppose that there are K vehicles or responding units within the neighborhood of i. Then the
demand within the local region can be spread among the k units. This means that the local

busyness estimate when there are K vehicles allocated locally can be calculated as:

r

b =i
HKT 4k

Given this local busyness estimate, we can then calculate the fraction of the time that an

emergency call in the neighborhood of i can be handled by one of the k local units as:
Qi =1- (bi,k)k

This estimate allows us to refine the above emergency response model so that it is more accurate

within the context of busyness estimates. This can be expressed as follows:

Minimize Z =) X,
i

subject to :
1) Z X;>kY;  foreach demandi

jeN;

2) Z:Yi’k <1 foreachdemandi

k
3) D0 a0k za) g
ik i
4) X, e {0.1} for each site j
5) Y € {0,1} for each demand i and each level k

377



The major difference between this model and the previous model statement is that the busyness
estimates that are used in constraints of type 3 are based upon the local busyness estimates rather
than global busyness estimates. The description of the objective function as well as the
constraints is exactly the same as what was given for the previous model. There are two issues
that should be stated here. The local busyness estimates are based upon an assumption that the
calls handled from the local region to other areas minus the calls of the local region handled by
other areas nets out to be zero. The second assumption is that the vehicles or units within the
local region are assumed to be independent. Neither one of these assumptions holds, but this
approach is an approximation which yields a tractable model for a problem that is quite difficult
to solve analytically. The form of the model given above is a variant of the Local Reliability
based Maximal Expected Coverage model developed by Sorensen and Church (2007). The
Sorensen and Church model has been tested for a number of problem data sets and has been
found to be relatively accurate at estimating expected coverage globally as a sum of local
expected coverage estimates, as well to as generate solutions that tend to outperform the original

MALP model of ReVelle and Hogan (1989).

Research on modeling emergency/incident response has been concentrated on the provision of
fire and EMS services. The difference between these two application areas boils down to the
level of individual unit busyness. In fire service provision, most crews are not busy very often
handling fire calls, and therefore are usually available to handle a call when received. For EMS
response, individual responding units can be quite busy as described above, and being busy
impacts potential service for the next emergency call. Good reference papers for this area of

modeling can be found in Swersey (1994) and Sorensen and Church (2007).

Few have applied such models to allocating incident management resources for traffic
management. In the state of Washington, a study demonstrated that responding very quickly to
simple issues like stalled vehicles and stranded motorists could translate to better traffic flow,
less congestion, and fuel savings. Providing this kind of incident management can be
accomplished by two approaches, roving/patrolling response vehicles along a corridor and
posting response vehicles at dispatch points. The second approach has been modeled by Zografos
et al. (2002). Their problem involved allocating incident response vehicles (e.g. tow trucks)

resources at dispatch locations in order to handle stranded cars, accidents, etc. along major
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roadways. They developed an incident response logistics decision support system and tested
several models, including the maximal covering location model, the location set covering model,
and the p-median model. They developed a special form of the p-median location model that
appeared to perform the best for the type of problem being solved. This is a unique paper in that
it appears to be the only paper in the literature devoted to optimizing resource allocation for
roadway incident response. Unfortunately, the main issue that was overlooked in their model is
that of vehicle busyness. Overall, it makes sense to fine tune the type of models described in this
section and apply them for roadway incident response. This is an important area for continued

research development and application for roadway incident response.

8. Prepositioning and Storage of Emergency Resources

One of the issues that has gained attention is the need to make a quick response with emergency
resources (€.g. water, food, and medical supplies) in the event of a major disaster. For example,
during hurricane Katrina, people stranded in New Orleans did not have adequate supplies of food
and water. It is also necessary to have a plan for shelters, should evacuation be necessary as well
as respond with necessary medical and emergency personnel. Prepositioning can be defined as
the storage of critical resources at specific locations in order to ensure that an area or region can

be served during or after a disaster with timely delivery of those needed resources.

Recent disasters (like that of the 2004 tsunami in Indonesia which resulted in the deaths of nearly
130,000 people, hurricane Katrina in 2005 which killed more than 1800 people, the cyclone in
Myanmar which killed 22,000 people, and the 2008 Chinese earthquake in Sichuan killed nearly
70,000 people) have focused attention on the ability to respond with to an emergency with
needed supplies. One of the first references associated with considering the option of supply
prepositioning involved an air force operations plan associated with the Berlin blockade after
World War II. Since that time, few if any papers have modeled the problem of prepositioning
supplies in order to mitigate the effects of an emergency. Our literature search identified only
three papers that optimized inventory or located storage facilities for emergency operations.
Granted, agencies like the American Red Cross store materials so that they can respond quickly

with supplies to support evacuees and house evacuees, but with the exception of these three
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papers, no one has modeled supply positions for emergency response using logistics models. The
three exceptions are the works of Akkihal (2006), Rawls and Turnquist (2006, and Yushimito
and Ukkusuri (2008). These three research papers address this problem using different but
related constructs. Akkihal (2006) appears to be the first to model the problem of prepositioning
for emergencies. Specifically, he addressed the problem of storing emergency supplies for

humanitarian relief.

The United Nations operates a global relief supply depot in southern Europe (Brindisi, Italy),
which is known as the UN Humanitarian Response Depot. This depot maintains an inventory of
virtually everything, from shelters and tools to food and drugs to help in the emergency relief
following a disaster. Akkihal stated that the time to respond was critical and that the UN’s
current location could respond within 24 to 48 hours to virtually anywhere in the world using
aircraft. Akkihal addressed only the time to load and fly, and not the time to seek approval and
other stages in the process of providing relief. He argued for the fact that, such a response was
possibly too long for some regions of the world. Thus, he proposed a model to locate additional
storage around the world. He reasoned that the objective should be to minimize the time to reach
expected events weighted by the population at risk. He developed an approach to estimate
population at risk for a number of regions throughout the world. His model can be explained by

the use of the following notation:

i = index used to refer to a demand area

J =index used to refer to a potential depot site
d;; =the distance between demand region i and depot site j, measured as the great circle

arc distance between the two locations

H,; =the mean annual homelessness as a result of natural hazards

0, otherwise

y - {1, if a depot is located at site j
i

" {1, if demand region i is to be served by a depot at |
ij

0, otherwise

p = the number of depots to be located
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Akkihal argued that it would be best to “minimize the delivery lead-time to those people who
would need it.” Thus he suggested that depots should be located in such a manner as to minimize
the average distance from warehouses to people who were likely to require humanitarian aid. He
calculated for each region an estimate of the annual average of homelessness that resulted from
natural disasters. He used these estimates as a proxy for the demand that such a system would be

called upon to respond with aid. With this he set up the following depot storage location model:

Minimize Z = ZZ Hidijwij
i

Subject to:

) Zwii =1 foreachregioni
i

2) w; <y; foreachregioni and each depotsite ]
3) DYi=p
i

4) y; e {O,l} for each depot site |

5) w; e {0,1} for each region i and depot site |

The above model minimizes the total average air distance in serving global disaster-caused
homelessness. It assumes that the closest depot will serve each region. This model specifies that
p facilities are to be located in the third constraint. Demand regions are forced to assign to one
depot site in the first constraint. The second constraint limits regional assignments to only those
sites that have been selected to house a storage depot. The objective forces regional assignments

to their closest open depot.
Even though this model is specially defined for the location of emergency relief storage depots, it

is an exact form of a classic location model called the p-median problem. The p-median model

was originally defined by Hakimi (1964,1965). The integer programming model given above is a
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model that was first formulated by ReVelle and Swain (1970) for the location of public facilities.
When applied for locating a global system of relief storage depots, Akkihal found that the best
location for one depot was in south central Asia and not Italy. The best two depot positions
would be in south central Asia and Shanghai. The best three-depot configuration is associated
with adding a depot in South America. It is surprising that Africa was not was not selected for a
site until a configuration of four or more depots were specified. Thus, optimal solutions to
problems that may seem particularly simple may differ from that of general intuition. This
underscores the value of using models to aid in analysis and decision-making. In fact, a site in
Europe (like that of the existing site) does not prove to be valuable until nine depots are located.
This means that the current depot location is not sited at a location that can provide as quick a

relief as it might be possible for many parts of the world.

At first it should be a bit surprising to discuss a global relief supply storage problem, when
focused on issues of emergency response for a state like California. Yet the same model can be
applied at a state rather than a global scale. It may be important to establish major storage depots
with adequate supplies for a major emergency along with a transport structure to supply the
needs of an emergency in any region of the state. Thus, the logistics model developed by Akkihal

could be redefined for a statewide system.

To be prepared for an emergency, it is important to have a plan for the distribution of emergency
supplies. Supplies could entail fuel for transport, food, medical supplies, water, and other needed
materials. To develop a plan, it is important to identify the region of interest, e.g. the State of
Florida. Then it is necessary to identify the towns and population centers of interest within the
region as well as specify the current road network. From this, we need to identify the demand for
resources of interest should a disaster strike a city or town. To do this, we can develop a set of
planning scenarios, and for each scenario we need to estimate the amount of resource demand for
each city. For example, say a city is impacted only in scenarios 1, 4, and 9. This means that
emergency supplies are needed for this city only under those specific scenarios. The overall plan
should involve the prepositioning/storage of supplies among the towns or cities. To store
supplies at a given location requires the location of an emergency storage facility. The major

goal would be to minimize the cost of meeting emergency resource requirements for each city or
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town over all scenarios, by locating emergency storage facilities, prepositioning a certain amount
of each resource at each supply site, and identifying the least cost logistics plan in distributing

supplies for each disaster scenario.

It is also necessary to realize that certain transportation links may not be available during a given
scenario, or that the capacity of a given link is reduced due to the event. For example, let us
assume that in scenario 5, the main highway to town A may be closed due to flooding. This
means that alternate routes may be necessary for transporting emergency supplies to town A
during that scenario, or that the emergency supply needs to be prepositioned at that town. It is
also possible that a scenario may involve the loss of a given storage facility. This means that in
some cases a given supply depot may not be available to supply its own population or nearby
towns. It is also possible that a supply or route may be partially compromised during an
event/scenario that results in either a reduced transport capacity or the loss of some of the

prepositioned supply/resource.

To formally define this problem within the context of a logistics planning model, consider the

following notation.

I, j =indices used to refer to given nodes or cities

N = the set of nodes i

S = an index referring to a given emergency scenario
S =the set of scenarios S

P, =the probability that a given scenario will occur

k =an index referring to a given resource type

K =the set of resource types k

| = an index used to refer to a given facility capacity level
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L =the set of possible capacity levels |

A= {(i, j)Inodei and node j are connected by a road }

_|1,if supply capacity level | is located at node i
" 0, otherwise

r* =the amount of resource K that is allocated to node i

q“ =is the unit cost of resource K

uﬁ = the capacity of arc (i, j) during scenario S

CES =the cost of shipping a unit of resource k during scenario S along arc (i, j)

v/® =the level of demand for commodity/resource k during scenario S at node i
Xi';s =the amount of resource of type k shipped through link (i, j) in scenario S

a; =the fraction of allocated supply at node i that is available during scenario S

F, =the cost to locate a facility of capacity level | at node i

Given the above notation we can structure the following integer-linear programming model:

Min Z:zz FaYi +qukﬁk +Z Z ZF’SCSSXSS

ieN leL keK iel seS (i,j)eAkeK

Subject to:

1) Zx?f+aisrik: in§5+vi‘“ foreachie N,k e K andse S

(J.hHeA (i,))eA

2) ZXES <uj; foreach (i, j)e A andse S

keK
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3) Zbkr-k SZMly“ foreachie N

keK leL

4) Zy” <1 foreach ieN

leL

5) y,e{.,1} foreachieNandlel

6) r*>0 foreachie Nandk e K

7) % >0 foreach(i,j)e AkeK and se$S
The above model minimizes the expected costs of distributing enough of each resource to places
of need over all planning scenarios by minimizing the cost of transporting quantities from points
of supply to places of need in each scenario. It also minimizes the cost of placing storage
facilities and prepositioning supply at those facilities. This is a strategic prepositioning model.
This particular formulation is based upon the work of Rawls and Turnquist (2006). It is a mixed
integer linear programming problem, which can be solved using off the shelf software for
medium sized logistics problems. Rawls and Turnquist did not address the issue of the time to
respond with supplies to a given town. Their objective was to identify a minimum cost logistics
plan. It may make sense to cast this problem in terms of making needed supply distributions
within a desired time frame. Without a focus on making a timely response, supplies may not

arrive when needed. This is a potential area for future work.

The other major model that has been developed for prepositioning of resources was developed by
Yushimito and Ukkusari (2008). They described prepositioning as the storage of inventory at or
near the disaster locations for seamless delivery of critical goods. Such a strategy is promoted in
order to reduce the lead time in responding to a disaster. Yushimito and Ukkusari build their
approach by modifying a form of the location vehicle routing problem (LVRP). The LVRP
model is associated with locating facilities and routing vehicles from each facility in order to
meet some level of predefined demand at each client location. Routes can be defined in two
ways: 1) demand is based upon full truckloads, and 2) demand is based upon less than full
truckloads. In the circumstance that demand is high enough that it is represented as full truck

loads, then supply trips to clients or needed demand locations are simple routes to and from
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client locations and the supply facilities. If demand is less than a full truck load, then deliveries
can be made as a set of routes, where each route supplies several clients at once and is
represented as a set of stops. There are several approaches that can be used to formulate the
LVRP, however, the simplest is a model that is based upon a set of predefined route alternatives
(LVRP_PR), where routes are selected simultaneously with the selection of facility locations.
This version of the LVRP is conceptually simpler than one in which route are determined
simultaneously with site selection, because predefining a series of possible route alternatives
eliminates the need to embed multiple travelling salesman sub-problems for each selected

facility. The LVRP PR can be formulated using the following notation:
| = the set f client locations

J = the set of candidate locations

i, ] =indices use to index client and candidate locations respectively

k = a index of routes for a given candidate facility

f, =the fixed cost of establishing a prepositioned storage facility at location ]
P, = the set of feasible routes for candidate facility ]
C; =the cost of route k associated with candidate facility j

1, if route k associated with facility j serves client location i
%10, if not

i

_ | L,if candidate J is selected for a facility
- 0, otherwise

1, if route k associated with facility | is selected
Yik = .
0, otherwise
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The LVRP_PR model can be defined as the problem of selecting sites for distribution/storage
facilities while simultaneously selecting routes associated with selected storage facilities to

supply clients in a manner that minimizes total prepositioning and routing/delivery costs:
Minimize Z= Z fx; + Zkzplcijkj
] ] KeF;

Subject to:

D > >ayy, =1 foreachclienti
TOx

2) Vi £X; foreach j andk e P,
3) x;€{0,l}  foreach j
4) Yy € {O,l} foreach j andk € P,

The objective involves minimizing costs of site selection/development and the costs of
distribution to all clients. The first constraint of this model involves the selection of a delivery
routes so that each client is served by a route. The second constraint maintains that the selection

of a specific route based at a facility site j cannot be selected unless site | has been chosen as a

location for supply prepositioning. This is an integer-linear programming model, which can be
solved by a variety of techniques employing a column generation approach associated with the

vehicle routes.

Yushimito and Ukkusuri modified the above type of problem for the prepositioning problem for
emergency supply. At issue in prepositioning is the fact that a system may be compromised in its
ability to supply a set of possible clients. Otherwise, the problem of prepositioning can be
approached in exactly the same manner as supply location and vehicle routing in classic logistics
problems. In such a case, the formulation above can be used without modification. But, in a
disaster certain road links may no longer be available as they may be flooded or ruined. This

would render certain routes from being usable. Also, a supply depot may also be unusable as it
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could be damaged or destroyed in the disaster. To address these types of possibilities, Yushimito
and Ukkusuri assumed that each road link could be assigned a probability of failure. They also
assumed that such failure events were independent. They defined the probability of a link

between i and k failing as p, . This means that the probability of a link (i, k) being usable is:

(= Pw)

Suppose that a path between i and j is comprised of two arcs, one from i to kand the other

from k to j.Then the probability of a path being usable from i and j can be calculated as:
(=P )= py)

This was defined as the reliability of the associated path. Such a calculation can be done when
the probabilities of edge failure are known a priori and are independent across all edges. For
every predefined route in the VRP_PR, we can calculate the reliability of the route. This can be

designated as R; . The second assumption made by Yushimito and Ukkusuri is that there are
known failure probabilities for each possible facility site, ¢; . Thus, the probability that a supply
facility is available is (1—-q;). Using these two elements together, Yushimito and Ukkusari

defined a probabilistic version of the LVRP PR for prepositioning supply as follows:

Maximize Z=) > R,y;(1-q;)

i keP;
Subject to:

1) Zzaiik yj =1  foreachclienti
ik
2) Vi $X, foreach j andk € P,

3) 2% <B
]
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4) X; € {0,1} for each j
5) Vi€ {0,1}  foreach j andk e P,

This prepositioning involves locating a set of supply facilities that costs no more than an
available budget, B. The objective involves maximizing the sum of service reliabilities, where
each reliability value is the product of route reliability and facility reliability. In essence, this
model maximizes an un-weighted reliability value of serving all demand. Yushimito and
Ukkusuri argue that the above model can be solved by identifying the most reliable path to a
given client from a storage site. They show that maximizing the reliability in serving every
demand can be achieved when the most reliable path is used to reach a given client. Thus, it is
necessary to find the most reliable path between a given storage site and all clients. They show
that the problem of finding the most reliable path between a facility and a client can be solved as
a form of the well-known shortest path algorithm between an origin and a destination. Thus, the
set of route alternatives for a given facility would be comprised of the most reliable routes
between a given site and each demand. When they overlap and are within capacity they can then
be combined. Thus, it is not necessary to use a column generation scheme in solving the
maximum reliability prepositioning problem. Unfortunately, the above model may strike a poor
balance between reliably serving small clients as compared to large clients. That is, it would not
make much sense to increase the reliability of a very small client demand at the expense of
reducing the reliability of a very large client demand. Thus, it would make sense to modify the

above model objective to:

Maximize ZzzzdijJ—ky,-k(l—qj)

j keP;

Where d equals the number of clients served by route alternative k from facility site j. This

objective could be used in place of the objective suggested by Yushimito and Ukkusuri without

changing the difficulty of solving the overall model.

Prepositioning of emergency resources is an important way to mitigate the effects of a hazard

and prevent it from becoming a full-fledged disaster. If a hazard spirals out of control and
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becomes a disaster despite our best efforts, having resources prepositioned at critical locations
can greatly improve the effectiveness of the response effort. Despite the obvious benefits of
prepositioning, this strategy has been the focus of very little research within the emergency
management academic community. The p-median problem can be solved to optimize the
location of global relief supply depots as well as supply depot location problem at the national,
state, or local scale and thus provides a solid mathematical foundation for addressing this
question. A strategic prepositioning model takes into account the cost of transport, storage, and
prepositioning of emergency supplies providing valuable information to decision makers given
limited budgets and resources. The location vehicle routing problem can be solved to locate
supply storage facilities and route delivery vehicles while taking into account the potential for
disruptions along the transportation network, and therefore is an effective way to account for the
uncertainty associated with the scale, intensity, and duration of many hazards. All of the
modeling approaches described above can greatly assist in decision making and planning under a
multitude of disaster scenarios, and can be modified to answer the specific questions an agency

such as Caltrans must ask to determine the best actions to take.

9. Infrastructure Fragility

Although emergency planning often addresses issues like that of backup power, there does not
appear to be a part of the modeling literature that is devoted to public vulnerability due to the
lack of backup power. For example, water supply districts often locate backup generators so that
water pressure can be maintained during times of power outages. In addition, sewer districts
often maintain backup generators for pumps at critical lift stations, in order to ensure the system
works during power outages. Similarly, telephone companies have maintained backup power for
landlines by keeping banks of batteries at switching facilities. Cell towers often do not have
long-term back-up supplies, so that some services are not guaranteed to operate. Maintaining
communication systems during emergencies is an emerging problem as more households are
increasingly relying on cell phones as their only form of communication. This trend may also be
exacerbated by the use of cable-internet connections, which are also vulnerable to power outages
and do not usually have backup power systems. Consequently, it is important to address the

fragility of infrastructure in emergency planning.
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There is, however, a growing interest in identifying vulnerabilities, especially with respect to
infrastructure. In terms of transportation, there are a number of vulnerability issues should
something fail or be intentionally taken out. For example, when a trestle fire destroyed a Union
Pacific railroad link in downtown Sacramento, CA in March of 2007, most trains had to be
rerouted about 125 miles in order to get to their destination. That is, the loss of a structure
approximately 300 feet long resulted in rail cars being detoured nearly 125 miles. The sudden
loss of infrastructure can result in a significant impact, either limiting transportation or requiring
detours that are quite long. In a recent study, Peterson and Church (2008) modeled all freight
flows destined for or originating from the State of Washington. This principally involved the
Class 1 railroads serving Washington, namely BNSF (Burlington Northern Santa Fe) and UP
(Union Pacific). Peterson and Church proposed a methodology for determining the impact of
losing a railroad bridge in terms of the needed rerouting of freight. For the State of Washington,
there are approximately 999 origin-destination route pairs involving the Washington as either an
origin or a destination in the Bureau of Transportation Statistics rail freight database. About a
third of these routes typically cross the BNSF bridge at Sandpoint, Idaho. If this bridge is lost
due to some type of accident or terrorist event, all traffic that would have used this bridge will
need to be rerouted. Without considering issues of track capacity, rerouted distances averaged
350 miles more than what would occur with the bridge. That is, the loss of a rail bridge in
Sandpoint, Idaho could have a significant impact on freight associated with the State of
Washington. Peterson and Church (2008) also suggest how capacity data could be used to model
routes after a possible bridge interdiction. They suggested that since some routes are already
operating close to capacity, it may be that detours could be even longer than what had been
estimated or that the capacity to handle such traffic along other routes does not exist and some

freight might need to be curtailed.

The Legislature of the State of Pennsylvania has considered requiring their Department of
Transportation to establish a contingency plan to reroute rail traffic due to a loss of railroad
infrastructure such as a bridge, tunnel, or yard. Approximately 30% of the nation’s freight uses
rail. This statistic is likely to increase with increasing fuel costs as rail is 4 times more fuel
efficient than truck. In terms of moving towards more sustainable activities (like that suggested

in California’s AB32), it is clear that rail will play a larger role in freight transport, especially for
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distances that exceed 800 miles. Since the Ports of Long Beach and Los Angeles combined
handle approximately 40% of all containers imported into or exported out of the U.S., it plays a
major role in global transport flows. Most container traffic heading into California through any
California port will be placed on rail if the trip exceeds 1000 miles. This means that rail
infrastructure within California as well as bridges and tunnels outside California could have a
detrimental impact on the ability to handle freight if they should be compromised. It is important
to develop an understanding of the major vulnerabilities in advance of a disaster as well as to

develop the best possible contingency plans for coping with such disruptions.

Infrastructure could be compromised by either a natural disaster or an intentional terrorist strike.
For example, a heavy storm in December 2007 resulted in the closure of a 20-mile section of
Interstate 5 near Chehalis, Washington for nearly a week. This would be considered “a piece of
cake” event as compared to the events that are possible should the levee system in the Central
Valley of California be compromised by a major storm or earthquake. It is imperative to
understand the risks and locations of such events and develop appropriate plans to handle such a
disaster. The road system in Central California could be compromised to the extent that traffic
for many communities could be entirely cut off, something that California has not experienced to
any great extent. The fact is that priorities for upgrading levees should be set not just in terms of
protecting property and safety, but also within the context of protecting supply routes and
evacuation routes for an area. This also means that Caltrans and other State agencies need to
coordinate with water resource agencies, flood and levee operations districts so that emergency

plans are coordinated with the state of such systems as levees, reservoir operations, etc.

The issue of intentional harm is not one to be taken lightly. The disruptions caused by the
terrorist acts of 9/11 are quite small to what could possible occur or what natural disasters might
do in harming infrastructure. There is a growing literature associated with identifying
infrastructure that is especially vulnerable or critical. If an element is critical but not very
vulnerable within the context of a natural disaster, then the only way in which that element might
be compromised is due to an intentional strike. Some of the research literature is directed at
identifying those elements that are particular important in system operation (facilities, networks,

& protocols). For example, Church et al. (2004) presented two models that can be used in supply
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logistics systems that are aimed at identifying the critical points of supply and the impacts of a
worst-case interdiction. Their presentation also gives a relatively complete list of research papers
associated with military interdiction of supply routes. Gubesic et al. (2008) discuss a number of
approaches that can be used to assess critical elements of a network system. The basis for much
of this work has been to analyze the range of possible outcomes, from worst-case to expected
case damages, should a system be compromised by the loss of certain components, €.g. a bridge

or a road.

The basic idea is that transport, communication systems, electrical transmission, and pipeline
networks should be analyzed in order to identify the range of possible outcomes in terms of the
loss of system operability as well as identify strategies in which to lessen those risks and
potential damages. For example, a highway may have one bridge that is especially vulnerable to
an earthquake or to flooding which might undermine the foundation. Whatever the risk is, it may
be that this one component is especially at risk. What if the entire route is useless if that element
is damaged? Then, it may be important to ensure that this one component is strengthened or
protected so that the risk of losing an important route is substantially reduced. The overall
strategy would be to identify the elements that if protected or reengineered could keep lifeline
support systems in operation, €.g. water transportation, food, supplies, and communications.
Each system needs to be analyzed within this perspective. The transportation system is a critical
element in securing many of the lifeline systems (food, medications, personnel) in the event of
an emergency so the transport infrastructure should be given a high priority for analysis as well
as strengthening. The problem of re-engineering or fortifying a system component in order to
minimize losses in the event of a disaster has been addressed only recently (see Church and

Scaparra (2007) as an example).

Designing a transportation system so that it can provide lifeline services, like food and
emergency services as well as support evacuation when needed was recently proposed by
Viswanath and Peeta (2003). Suppose that there exists a region with an existing road network.
The network represents roads or highways that connect towns or cities. The major cities
represent the origins and destinations of specific services or commodities. The idea is that routes

of commodities or services between all major towns should be supported if at all possible.
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Although a route between a given origin/destination pair should be efficient, the route cannot
traverse along a given road unless that road has been seismically upgraded to withstand a major
earthquake. Viswanath and Peeta optimized road improvements subject to a budget constraint so
that as many OD pairs are supported by a seismically safe route. The objectives were to
maximize the population that were covered by these major routes and hence served by a specific

commodity type as well as optimize the efficiency (distance) of each of the routes. Consider the

following notation:

I, j,m =indices used to represent towns and cities
A= {(i, J) |aroad connects towns or cities i and | }
E,= {(i, J) |area mis accessible to road link (i,j)}

k =index of commodity or type of service

O(k) = the origin node i for commodity route k
D(k) =the destination node i for commodity route k
C; = the unit cost of routing commodity or service along link (i, j) € A
f; =the cost of seismically upgrading road (i, j) € A
The Viswanath and Peeta model contains the following three decision variables:

S 1, if thereis a unit of flow of commodity k on link (i, j)
e 0, otherwise

—_—

| 1, if link (i, j) is used in a commodity flow path
Yo = 0, otherwise

—

, )b if demand m s accessible from a link on a flow path
™10, otherwise

The formal multi-objective optimization model can then be stated as follows:

Maximize z a,Z,
m

Minimize ) »(cix; +CjX;
K (e

Subject to:
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0, if i =0(k)
D 2% — 2 X =1-Lifi=Dk)  Vik
(LA (DeA 0, otherwise
2) Z, < Z Z(Xiljf + X'J-(i) for each area m
k (i,))eEn

3) x; <y; forall k and(i, j)eE

4) x% <y, forallk andall(i,j)e E

ji

5) z fij y; <B

(i,))eE

6) in'; <1 foralliandk

(,))eA

7) Y. xj <1 forallk and j = D(k)

(i,))eA
8) > x; <[Q|-1 forallk

(i, j)e Awhere
i,jeQ

9) Xi‘; € {0,1} and X:fi e{0,1} forallk and (i, )€ E
10) y; e {01} forallk and (i, j) € E

10) z, €{0,1} forallm

The above model can be used to identify which routes should be made safe so that services can
be transported to as many communities as possible and so that feasible evacuation routes exist
after an earthquake. The basic idea is to design the best “safe-routes” system within budget
limitations and serve as many communities as possible as well as make the hardened routes as
efficient as possible. Although it may be the object to upgrade all bridges over time, such a
model can be used to prioritize the upgrading process. Further, all bridges may be upgraded to
some standard that is deemed acceptable, however, it may be valuable to then use the above style
of model to consider which bridges or road links to upgrade to an even stricter standard, so that
should a particularly powerful earthquake hit, there still represents a backbone of roads that can

survive and be used in an emergency.

It should be pointed out that the model just described was cast within the context of providing

routes that would survive an earthquake. But there are other dangers that might be of great
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importance to consider within this context. One is potential flooding. A recent TRB report
discussed possible impacts of climate change on transportation infrastructure. The greatest such
impact is the possible flooding of low coastal areas due to storm surges and seal level rise. The
TRB report suggests that virtually all transportation planning adopt a new perspective of dealing
with possible climate change impacts. To do this requires a two step process: 1) identify possible
infrastructure risks due to climate change, and 2) mitigate possible risks by planning in light of
such risks. The model given above is an example of modeling to provide transportation services
given an earthquake, but it could be modified to handle issues like that of extreme weather

events, coastal flooding, etc.

Natural disasters such as earthquakes and flooding and human-caused disasters such as a terrorist
attack both pose substantial risks to the transportation network. Mitigating the potential impact
of these events requires careful identification of critical elements of transportation infrastructure
so that steps can be taken to protect them from the multitude of hazards they face. Infrastructure
can fail without warning, as demonstrated by the complete collapse of the [-35W freeway bridge
in Minneapolis in 2007. Modeling techniques can be used to assess infrastructure fragilities on
railways, freeways, levee systems, and any number of other important transportation features to

help agencies take necessary steps to mitigate the impact of a worst-case disaster scenario.

10. Findings

This report has covered a number of elements associated with planning, mitigating, and
managing events involving a disaster. To adequately serve a region with appropriate
transportation, shelter, and life supporting resources it is important to anticipate, plan, train, and
maintain an adequate mix of resources and personnel to respond appropriately. Thus far this
report has focused on the role of modeling in disaster management, including modeling possible
evacuations, prepositioning emergency supplies, designating shelter locations, modeling
infrastructure fragility, designing systems so that they operate during disasters, designing plans
for response, and designing interoperable communication systems. Yet even the most well
thought out models and system designs may suffer from flaws that can only be rectified through

careful design and real world validation. The first step in this process is to identify some of the
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major shortfalls in current practice involving agencies responsible for emergency disaster
response. To this end, the literature review above was complemented by a series of interviews

conducted with emergency management personnel from several agencies in California.

The subjects of these interviews included Caltrans personnel, geospatial information specialists,
and emergency management professionals from the campus to the county level. Interviews
followed a semi-structured format, which allowed us to expand upon interesting topics while
keeping focused on the subjects most relevant to the problem at hand. Santa Barbara County has
faced four major wildfires in the past three years, thus these events comprised one major focus,
along with earthquakes, chemical and nuclear accidents or attacks, tsunamis and other threats
specific to the central coast region. Interviews were often followed by impromptu tours of the
subject's workplace, including facilities like a Caltrans Traffic Management Center (TMC), an
Emergency Operations Center (EOC), several Geographic Information System (GIS) hardware
and software installations, and an emergency shelter utilized during the 2009 Jesusita Fire. In the
interest of candid and informational discussion, we choose to maintain the confidentiality of our
interview subjects’. The following findings are informed by both our literature review as well as

the series of interviews we conducted:

1) Itis important to identify areas within the State of California that face a significant
disaster risk and also face a significant risk in evacuating safely. This type of analysis
would require modeling evacuation vulnerability and mapping event risk, and should be
coordinated with data from OES, water resources agencies, MPO’s and other relevant
organizations to provide a comprehensive risk map. One such area that was previously
modeled (see section 3) is the Mission Canyon neighborhood in Santa Barbara. Due in
part to this research, Mission Canyon residents were particularly well organized and
actually evacuated before the official order came through during the May 2009 Jesusita
fire. Also during this event, an evacuation contingency plan that was developed during
the Zaca Fire was used to split most of the Santa Barbara area (Goleta, Santa Barbara,
Montecito) into zones that could be evacuated in 1.5 hours or less. These zones were used

to conduct a staged evacuation by identifying mandatory evacuation areas and evacuation

A complete list of interview subjects can be found in the references section of this report.
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2)

warning areas based on the latest fire and weather conditions assessed by fire officials
and CHP. It would be useful for emergency management purposes to have the entire
county broken into these 1.5-hour zones using population densities, road network
characteristics, and hazard probabilities. This method is not infallible however, as the
Jesusita fire was only 40 minutes from Montecito at one point but the threatened area was
not under mandatory evacuation. Wildfires remain a threat, as Montecito, Carpentaria,
and some areas west of State Highway 154 still have intact chaparral of considerable age
and vulnerability in the event of a wildfire. Flooding is now a major concern for the city
and county given the extensive fire damage in many watersheds and the El Nino
prediction for winter 2009-2010. Maps showing the areas of greatest concern could be
helpful for planning purposes, and evacuation procedures for flood-prone areas should be
determined well in advance of an event. Earthquakes and the tsunamis they may cause
remain a major concern, and the uncertainty of the timing and spatial extent of such
events presents a unique challenge in identifying and protecting areas at risk. Another
area of concern to central coast emergency managers and Caltrans traffic engineers is the
Diablo Canyon Nuclear Power Plant and the surrounding communities of Pismo Beach
and San Luis Obispo. A contraflow evacuation plan has been developed for this area but
might be improved through modeling and simulation. This topic is further discussed in

the third recommendation of this section.

For areas that face specific risks designate emergency evacuation routes and ensure
such routes will be as safe as possible based upon infrastructure design and
condition. The 2007 Zaca fire was a significant event but progressed at a speed, which
allowed for extensive evacuation contingency planning. Evacuation routes were
designated using major arteries as the primary routes out of fire-prone canyon
communities, with planned work-arounds should these primary routes be inaccessible.
Since the fire never reached highly populated areas, most of these evacuation plans were
not executed. Evacuation operations are legally a law enforcement function, with
Caltrans assisting with road closures, traffic direction, and signage. Collaboration and
data sharing between these two agencies could improve route designation and traffic

flow, in particular information on current road construction projects and closures. Other

398



3)

data used for evacuation routing includes cadastral parcels, Verizon point-of-presence
(POP) locations, as well as the locations of nursing homes, day care centers, and schools
to determine where assistance to vulnerable populations may be required. These data
should be shared amongst agencies as well. Several issues that arise frequently during
evacuation that may impede safety are that people will follow habitual routes rather than
the routes they are directed to use and often think they can outrun hazards such as

wildfires.

Test and refine evacuation simulation models across multiple scales covering options
such as contraflow, and develop the capability of analyzing evacuation flows on-the-
fly using transportation, census, cadastral and employment datasets in a
Geographic Information System (GIS). Caltrans personnel designed the Diablo
Canyon Nuclear Power Plant contraflow evacuation plan in December 2007. There seems
to be considerable doubt within the agency as to whether the plan could be successfully
implemented due to the considerable CHP and Caltrans manpower required to control
traffic. Currently there is not a contraflow plan for the City of Santa Barbara, as the
current staged evacuation method seems to work adequately given the relatively slow
spread of recent wildfire events. The major challenge in designing a Santa Barbara
contraflow plan is finding and allocating the manpower required to control the numerous
101 Freeway on/off ramps. Cities that have successfully implemented contraflow such as
New Orleans have more spacing between freeway access points thus reducing the
manpower required. There are two trends that have emerged in recent events requiring
evacuations: The first is encouraging voluntary early evacuation so that emergency
personnel have more time and resources to focus on vulnerable populations if/when the
mandatory evacuation order is made. The second is rethinking the necessity of ordering a
mandatory evacuation, with a greater focus on teaching people how to create defensible
space and to °‘stay-and-defend’ during wildfires. One important task is to develop
methods to estimate and model evacuation needs of special needs, like the elderly and
youth using public assets like transit buses. Santa Barbara Metropolitan Transit District
(MTD) bus drivers are required to pull over and immediately report any hazardous

situation (wildfires, floods, traffic accidents, etc) thus might provide a novel source of
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4)

5)

geoinformation as well as accessible transportation for vulnerable populations during a
disaster.  Especially vulnerable populations include transients, tourists, and recent
immigrants with limited English comprehension. Integration of real-time traffic flow data
from Caltrans into a GIS would be of great use to emergency managers during both the
planning and operational phases of emergency evacuations. Major issues include the
large percentage of the workforce that commutes to Santa Barbara from other parts of the

county, thus leading to major differences in on and off peak traffic flow.

Model shelter locations and supplies for ease of access, size, and capabilities in
supporting an emergency. According to emergency management personnel, sheltering
operations in response to the Jesusita fire went well. Wednesday, May 6, 2009 and
Thursday, May 7 were the days when the fire posed the biggest threat to the community,
and thus the number of evacuees needing shelter was greatest during these days as well.
Overall, the number of evacuees needing shelter was much less than the 20% of the
evacuated population that the Red Cross generally assumes. The ability to provide
adequate sheltering during this event was largely due to the short time of the mandatory
evacuation order. The longer an event and the subsequent evacuations persist, the more
difficult it becomes to provide shelter to evacuees. Although the Jesusita Fire emergency
shelter on the UCSB campus was well staffed and stocked with supplies, it is notable that
this was the third facility that had been used to house this shelter. The initial location
proved too small to accommodate the influx of evacuees, and the subsequent shelter
location was closed when threatened by the fire itself. This lack of suitable shelter
locations and on-the-fly relocation may become significant impedance to evacuee safety
during future events, especially those that strike without advanced warning such as

earthquakes or terrorist attacks.

Develop resource requirement models so that the need for resources to support
special needs like bridge inspections is understood, and plans for infrastructure
inspection after a disaster can be quickly carried out. One of the biggest concerns for
Caltrans in the event of a major earthquake is ensuring the structural integrity of bridges

and freeway on and off ramps. The large scale and chaotic nature of an earthquake makes
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6)

7)

it especially important to quickly assess freeway damage to provide access to rescue
teams and evacuees. Significant damage to freeway infrastructure occurred in the San
Francisco Bay Area during the 1989 Loma Prieta earthquake and more recently in the
Los Angeles Basin during the 1994 Northridge earthquake. There is a general concern
within the emergency management community that the central coast region is 'overdue'
for a major earthquake and may be unprepared to handle the immediate infrastructure
inspections necessary to facilitate rescue operations and ensure safety along major

transportation corridors.

Model emergency supply storage and placement in order to estimate what will be
needed statewide to respond adequately in a timely fashion, with a focus on locating
equipment in hot spot regions of the state. CMS boards are essential in notifying the
public of the road closures and designated evacuation routes when hazardous conditions
exist. The primary role of Caltrans during emergency events is to respond by closing
roads and controlling the placement of and messages on CMS boards. Once the lead
command (Fire Department or CHP) determines that a road closure is necessary, a
Caltrans maintenance crew places barricades, which are then usually staffed by CHP or
local police. These signs are often left in places where they are likely to be put to use:
one example is State Highway 192, a major transportation corridor and evacuation route
for the foothill neighborhoods of Santa Barbara. There are many factors that should be
taken into account when modeling placement of CMS signs, including visibility and the

extended traffic queuing that may occur during evacuations.

Develop models that route rapid response vehicles to incidents in areas with
significant congestion in order to maximize the value provided by such a service.
One type of event that agencies such as Caltrans may not be prepared for during
emergency operations is a secondary event that forces a road closure at a critical link
along the transportation network. An example of such an event is the trailer fire that
occurred next to the 101 Freeway during the Jesusita Fire evacuation that forced a
temporary closure of the freeway, causing massive traffic gridlock. Fortunately, motorists

stuck on the 101 and surrounding side streets were not directly threatened by the wildfire
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8)

itself, but the impact of such secondary events on evacuation safety should be modeled to

improve agency preparation and response time.

Analyze, test, and deploy communication systems that can provide geographic
information over a wide area to mobile units of different agencies. The flow of
geographic information between agencies and personnel during emergency operations is
often disjointed. During the Jesusita Fire, CalFire mappers uploaded fire perimeter GIS
layers based on information from personnel in the field to a State OES FTP site, which
was then accessed by mappers at the County EOC to create maps. These county mappers
were then responsible for creating operational maps incorporating utility, population, and
road closure data for use by emergency officials, as well as electronic and hard copy
maps for the general public. There were issues in maintaining sufficient mapping
personnel to keep up with map requests, as well as making sure that the latest and most
accurate geoinformation was used. City GIS personnel were unable to access the map
layers they needed and there was considerable redundancy in the maps that were
produced, resulting in a large degree of uncertainty regarding the latest and most accurate
geoinformation. During the 2008 Tea Fire, the demand for updated fire maps far
outpaced the city’s ability to produce them. Part of the problem was that there was no
data connection between city GIS server and Emergency Operations Center (EOC)
server. This lack of accurate geoinformation led to severe consequences: Several police
officers were burned by this fire because they were stationed too close to the active front.
Better coordination between the city and county is needed, and a mobile device-based or
Internet system that provides consistent reliable information could greatly assist
emergency managers in decision-making. The City of Anaheim has an Enterprise Virtual
Operations Center that integrates, synthesizes, and distributes real time data (GIS,
responder locations, communications) via the Internet for decision support. A tool that
incorporates real time traffic information and the latest event maps would be very useful
in developing and altering evacuation routes, especially if it could be used in conjunction
with the radios already used by emergency personnel. The ability to instantly locate
personnel and share information (pictures, text, etc) within defined user groups could also

be helpful, provided the system was reliable and easy to use.
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9) Establish a mechanism to use participatory/voluntary data provided by people with
cell phones, allowing them to send video and images along with descriptive text to a
central clearing house, thereby allowing people to provide data on an event as it
unfolds. Organized volunteer data gathering by people in the area of harm may aid in
their rescue and evacuation by providing valuable information. Since a 911 call center
may be overwhelmed by calls during an emergency, many calls providing information
cannot be handled. If an individual can send a text message with GPS coordinates (e.g.
from an iPhone) or an image, this data could be streamed directly to support personnel in
a mobile command center allowing for better information about an event. There is
considerable debate concerning the role of citizens in developing and accessing
emergency management information. Any disaster information provided by citizens
should be crosschecked for reliability, although sometimes the best disaster information
comes from the media or from outside of official sources. The Santa Barbara county GIS
department used a Google Map to display official evacuation zone and fire perimeter
information during the Jesusita fire, but it was difficult to ensure accuracy and maintain
this map with other more pressing duties such as providing maps to officials and decision
makers. A group of graduate students created a competing Google Map of evacuation
zones and fire perimeters relying on data from numerous sources, which one emergency
manager found to be more accurate and useful than the official county map. It is very
important to strike a balance between volunteered geographic information (VGI) and
official sources of geographic information during emergencies so that the public stays

informed but people are not overwhelmed and confused by conflicting information.

10) Develop formal emergency communication links and systems so that emergency
managers can quickly and effectively convey the most accurate and up-to-date
information to the public. Currently there are a multitude of systems used to alert
people living in the Santa Barbara area of potentially hazardous situations. As of
February 2009 more than 28,000 users had signed up for the UCSB campus alert system
with 9,345 wireless devices registered to receive automatic text message alerts. The Santa

Barbara City Reverse 911 system uses Verizon phone connection data and GIS to
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determine the size of polygons representing the areas to be notified. Goleta uses a
different notification system that had several notable mishaps during the 2008 Gap fire,
including instructing residents of the seaside community of Isla Vista to evacuate. The
best way to convey spatial information during an emergency and exactly what
information should be provided remain open-ended questions. For example, the danger in
making evacuation routes public is that evacuees may blindly follow them and ignore
instructions that route them around hazards such as spot fires that occur far in front of the
main flame front. Traditional sources such as television and radio remain important
communication outlets for emergency information, but are losing ground to the Internet
and mobile devices. The county is considering developing an ESRI ArcIMS site to help
disseminate spatial information quickly and coherently over the Internet, including
evacuation zones and road closures. Another option is to develop a mobile disaster
decision support system (MDDSS) which allows people to access emergency information
from official sources as well as volunteered information from other users within their
disaster support network (DSN). Such as system could also show the locations of all
members of the DSN, and provide a routing service that takes into account road closures

and hazard location, all on a mobile device such as an iPhone or Blackberry.

11) Model the fragility of infrastructure and its potential impact on public safety.
During the Jesusita Fire, the Santa Barbara county emergency operations center (EOC)
had to be relocated to the UCSB campus when the fire threatened its downtown location.
Computers and other equipment were moved because there is insufficient funding for two
fully operational EOCs, and there was an approximately one hour delay after the move
before the phone lines were connected, leaving a dangerous communication gap while the
new EOC was set up. Obviously, a non-operational emergency operations center poses a
major hazard to the public when a fast-moving wildfire is threatening property and lives.
One possible solution to such infrastructure vulnerabilities is development of portable
self-contained emergency management units such as the trailer used by CalFire for GIS
services. Models should be developed to locate new facilities in such as way that
minimizes risk from events such as wildfires, and ensures designs that can withstand the

shaking of an earthquake and the strong winds produced by storms.
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11. Conclusion

A devastating event such as Hurricane Katrina often leads both the public and the government
agencies charged with serving them to rethink disaster preparedness, mitigation, response, and
recovery and to ask the omnipresent question, “What would I do if the unthinkable happens?”
The power of this tragedy to spurn such questions is one reason why it is mentioned frequently
throughout this report. It is important to review the lessons learned from Hurricane Katrina and

other recent disasters when developing a research agenda for the hazards that affect California.

One of the few things that went right during Hurricane Katrina was the successful
implementation of a contraflow evacuation plan. As detailed in the evacuation section of this
report, everyone with access to private transportation who chose to evacuate the city was able to
do so and in less time than anticipated by planners. This success would not have been possible
without extensive research performed at academic institutions such as the Louisiana State
University Hurricane Center. A variety of modeling techniques were employed to determine the
best strategy, leading to “the most effective highway-based evacuation in the history of the Gulf
Coast and, perhaps, in the history of the entire United States.” (Wolshon, 2006, p.1) Of course
few would argue that the overall emergency management of Hurricane Katrina was a success.
The destruction and subsequent abandonment of large portions of the city and the death of nearly
one thousand city residents exemplifies the severe deficiencies that occurred in all four stages of
emergency management. Some might argue that the overwhelming and unexpected magnitude
of the storm lead to inevitable outcomes, but most hazards researchers agree that more could
have been done to accommodate the needs of vulnerable people who were disproportionately
affected by this event. It makes sense to expand the notation of the an “area at risk” to an “area at
risk with the potential for disproportionate impacts on specific demographic sectors.” The
majority of current emergency evacuation research is centered on people who own and drive
vehicles, not those who are old, infirm, young, poor, or those with disabilities such as the blind.
Emergency operations needs to be based upon good demographic data so that everyone can be

considered covered within the plan.
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The City of New Orleans was devastated by Hurricane Katrina, a natural event whose effects
were amplified by human decisions made over multiple time and spatial scales. Most disasters fit
this description: they are a function of the both the geographic characteristics of the hazard itself
and the vulnerabilities and actions of the people whom it affects. Although government and
citizens alike were aware of the destructive potential a direct hit from a strong hurricane posed to
New Orleans, they were woefully underprepared for this ‘worst case’ scenario. Many cities in
California face similar dire threats, whether from flooding, earthquakes, wildfires, tsunamis,
chemical spills, nuclear accidents, or the actions of a terrorist group or rouge state. Much like
New Orleans, the cities and the agencies responsible for protecting them are for the most part

unprepared for the potential impacts of a major hazard.

The Jesusita Fire nearly became a major disaster for the City of Santa Barbara. The original Red
Cross shelter was moved when it was threatened by the fire, thus reducing the number of
possible shelter sites increasing the risk of not being able to meet the needs of vulnerable
populations. Likewise, the EOC was moved when threatened by the fire, a contingency action
that was actually discussed during the Gap Fire, yet still resulted in ‘downtime’ making active
management difficult. Despite doubling the size of the sheriffs’ department via mutual aid an
event such as the 101 Freeway trailer fire would have pushed manpower requirements and
planning abilities to the limit had it persisted. Models should be designed that account for such
unexpected events to increase the odds of successful emergency management and reduce the
probability of destruction of property and loss of human life. We conclude this report with what
is perhaps our most important recommendation: We must assume that the ‘worst case’ disaster

scenario will occur and prepare our citizens and government agencies accordingly.
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Interoperable Communications: Interoperability between first response agencies had been enacted in California.
Nationally, the FCC has addressed the radio spectrum shortage and made available a vast frequency spectrum for the ITS

Dedicated Short Range Communications(DSRC) and public safety (PS) use at the 5.9 GHz and the 4.9 GHz bands,
respectively.

This report documents the research efforts at the FIRST Testbed that complemented the national standards

development activities (IEEE 802.11p, IEEE 1609, and SAE J2735). Additionally, it investigated the feasibility

of interoperable communications that may be applicable to both the ITS & PS bands. The report include the
following chapters:

e Chapter 1: Best Field Practices For Wireless Broadband Deployment
e Chapter 2: Multihop Networks: An Alternative Wireless Broadband Communications for ITS & PS

e Chapter 3: Broadband Channel Emulation: A Protocol Testing & Validation Tool for DSRC & Public
Safety Wireless Environment
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1 Introduction

The FiRST Testbed provides this report as an example of current best practices for wireless broadband
deployment. This effort started in support of Caltrans' needs to investigate the feasibility of installing wireless
broadband services at the Safety Roadside Rest Areas (SRRA) statewide.

The goal of this effort has been to develop and validate specifications, acceptance test, and pilot installation of
wireless broadband at the FiRST Testbed (UCSB -East Gate). The task investigated both commercially
available Wi-Fi services and specially designed infr  astructure. An earlier ve rsion of this re port was
delivered to Caltrans in 2008 to support the SRRA Engineering & Integrati on Work Group (Chair:
Ferdinand Milanes — Maintenance). Based on our work Caltrans developed and issued the SRRA request

for proposal (RFI # 010208). The research team also participated in evaluation the technical merits of the

RFI responses and provided input to the PATH resear chers. Service related issues and business m odels

(e.g. build and operate) have been out of Task 3-3 scope and were addressed and reported under a separate
contract with PATH (TO6100).

This report addresses the technical issues associated with wireless broadband in general. Chapter 2 (Backhaul
Analysis Results) and Chapter (Specification & Accep tance Template) provides more details than what

was developed for the Caltrans' SRRA RFI. Chapter 4 (Pilot Installation) discuss the pilot installation and the
observed best practices to be used for deploying W i-Fi traveler info rmation services at more than 80
SRRA's statewide. Appendices A and B reflect Caltran s input from the SRRA Engineering & Integration

Work Group input.
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2 Backhaul Analysis Results

A backhaul analysis was conducted to investigate the feasibility of servicing the 87 statewide SRRA’s by using the state-
owned microwave towers. The locations for both the towers and the SRRA have been provided by Caltrans-Office of Radio
Engineers and District 6 respectively. The study has been performed to identify if the RF path and link budget lend them to
a point-to-point or point-to-multipoint solution.

2.1 Approach & Assumptions

2.1.1 Requirements

The backhaul analysis used data provided by Caltrans for the rest area sites and microwave towers. We have assumed a
tower height of 45 ft. and a height at the rest-stop locations of 20 ft. We have utilized available GIS databases for terrain
and images. The terrain layer utilized is modeled as terrain samples at every 30m or 1 ArcSec and the layer for the state of
California is illustrated in Figures 1 and 2 below. The image layer utilized as background for plots and screen captures is
derived from 1:3,000,000 scale maps.

2.1.1 Analysis Methodology

We first needed to identify backhaul tower candidates for each SRRA, and then perform a PTP analysis for each of the
candidates for the specific SRRA, reviewing LOS from a terrain perspective. To qualify the links, we analyzed typical LOS
distances for WiFi-based PTP/PMP solutions with a 20MHz bandwidth channel operating at 4.9GHz. The following table
provides the radio performance levels for a typical WiFi (802.11a) based radio with its respective modulation and coding
schemes utilized on the analysis.
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Figure 1 802.11a WiFi Performance Parameters
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2.1.1.1 Antenna Specifications

The antenna pattern (Figure 4) was considered for both the SRRA and Microwave Tower locations in order to optimize the
available data rate for each potential link.

2.1.1.1Propagation Model

In order to analyze link feasibility, we have utilized the LOS propagation model using free space path loss attenuation
through every single path analyzed. The formula of free space path loss propagation model is described below as a
reference:

L =32444+200log,, fuy +20log,, d,.,

Figure 2 Free Space Propagation Model

Figure 3 Antenna Pattern (21dBi patch panel)

Figures 6 and 7 illustrate the terminal and environment configurations of the modeled microwave tower, and assuming an
environment fading margin of 8.3dB.

2.1 Results

After importing the SRRA locations, we obtained a network topology as illustrated in Figures 8 and 9.
In cooperation with advanced analysis tools provided as a service by Wi4Net, we were able to complete analysis of all

sites. Find below multiple figures to illustrate the SRRA’s connected to potential Microwave Towers throughout the state of
California in 5 zoom areas:
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Figure 4 SRRA Topology
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Figure 5 Microwave Tower Topology
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2.1.1 Profile Results

As an example, we have included examples of potential successful links (Figures 15 and 16), as well as links that were
rejected (Figures 17 and 18).
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3 Specifications & Acceptance Template

3.1 Introduction

The FIRST Testbed research ream has developed a template of specifications, installation guidelines, performance
measures, and acceptance test that can be used for a generic SRRA site. In collaboration with the ORC, Caltrans will apply
and secure statewide licenses for both the 4.9 GHz and 5.9 GHz bands. Initially, we will use the equipment procured under
the DHS-ITEP and that were transferred to the FIRST Testbed. These are Wi4Net radios (FR2003) that can be used for
WiFi Access (2.4 GHz), as well as the 4.9/5.9 GHz bands. Based on District 6 observations at the SRRA, It is safe to
assume an average of 20 simultaneous users at any given time, with mixed data rates. Support for Video Surveillance
Overlay specifications at the SRRA assumes using the 4.9 GHz.

Basically, we assume availability of some form of backhaul at each SRRA, with wireless backhaul as the main option.

Alternatives to Wireless Backhaul are considered outside of the scope of this project. In general, throughout this chapter,
reference is made to “Wireless Backhaul’ as means of backhaul to each SRRA.

3.2 Definitions

Annex A and Annex B include a list of acronyms and units referenced in this document.

3.3 Radio Specifications

Vendor shall provide for Wireless Access at each SRRA utilizing the 2.4 GHz band (WiFi based) for wireless access by
SRRA visitors, with optional overlay (in addition to 2.4 GHz) of 4.9 GHz and/or 5.9 GHz access (WiFi based) for
government purposes. Where feasible, Vendor will provide for Wireless Backhaul from the statewide (microwave) network
to the SRRA. Caltrans will provide optimum Microwave tower location for establishing the backhaul connection, with signal
interface point (Ethernet). Where such Wireless Backhaul is not available, Caltrans will provide an alternative form of
backhaul. Where applicable, Vendor will provide for a short haul wireless link that connects the Northbound / Southbound
SRRA’s or Westbound / Eastbound SRRA’s, so that one of SRRA’s leverages the backhaul of the other.

3.3.1 Wireless Access
Vendor shall meet the following specifications:

a) Transceiver type: Broadband, Time Division Duplex, ODFM, Non Line Of Site capable

b) Transceiver frequency (standard): 2400-2483.5 MHz

c) Transceiver frequency (optional): Public Safety 4940-4990 MHz; ITS 5850-5925 MHz

d) Channel Bandwidth: 5, 10, 20 MHz

e) Antenna type: Omni-directional, 6dBi gain or more, diversity (two antenna) implementation
f)  Power Output (from radio): +20dBm minimum, adjustable

g) Receiver sensitivity: Exceeding values in table below
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h) Data protocol: WiFi-based, 802.11 a/g -based

i) Security: AES, WPA, WPA2, TKIP

j) QoS: IEEE 802.1p /802.1q, WME

k) Remote Management: SNMP, TelNet

[) Digital connection type: RJ45

m) Environmental: Designed and rated for full weather exposure

n) Mounting provisions: Brackets and band clamps for attachment to pole (round aluminum, octagonal concrete,
round wood, and round steel)

3.3.2 Wireless Backhaul
Vendor shall meet the following specifications:

a) Transceiver type: Broadband, Time Division Duplex, ODFM, Non Line Of Site capable
b) Transceiver frequency (standard): Public Safety 4940-4990 MHz

¢) Channel Bandwidth: 5, 10, 20 MHz

d) Antenna type: Directional, 21dBi gain or more

e) Power Output (from radio): +20dbm minimum, adjustable

f)  Receiver sensitivity: Exceeding values in table below
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g) Data protocol: WiFi-based, Pre-WiMAX-based or WiMAX-based (Vendor shall specify recommendation)
h) Security: AES

i) QoS: IEEE 802.1p / 802.1q (Vendor shall specify other QoS features)

j)  Remote Management: SNMP, TelNet

k) Digital connection type: RJ45

[)  Environmental: Designed and rated for full weather exposure

m) Mounting provisions: Brackets and band clamps for attachment to pole (round aluminum, octagonal concrete,
round wood, and round steel)

3.4 Wireless Generic Implementation

3.4.1 Generic Implementation

As described in Section 3.3, the basic concept assumes a form of backhaul to each of SRRA, with wireless backhaul as the
main option. Alternatives to Wireless Backhaul are considered outside of the scope of this project. In general, reference is
made in this document to “Wireless Backhaul” as means of backhaul to each SRRA. It is assumed that a “Long haul
Wireless Backhaul” will connect either the Northbound/Westbound SRRA or the Southbound/Eastbound SRRA to the State
Backhaul network. It is assumed that the SRRA with backhaul connection (whether to the State Backhaul Network or an
alternative form of backhaul) will connect to the other SRRA (if applicable) through a “Short haul Wireless Backhaul”. The
following diagram depicts this concept in more detail. Wireless Access would be provided in 2.4 GHz as a standard, with
the option to also provide Wireless Access in the 4.9 GHz band and/or 5.9 GHz band. The radio specifications in the
previous section are written accordingly.

For the wireless backhaul connections, the licensed 4.9GHz band is assumed. Caltrans will comply with the rules
governing the use of this band, and its applicability to the SRRA application. Alternatively, unlicensed spectrum (in the 5.x
GHz bands) could be considered, and should yield similar results (assuming the unlicensed spectrum to have open
channels available) in terms of the analysis presented in Chapter 2.

447



FiRST Testbed SRRA Broadband Report
UCSB -6540257 4/22/2012

With regards to the number of simultaneous users, and throughput that may be expected, we are providing the following
diagrams, assuming various possible average frame sizes. The average frame size will depend on the application (and
particular mix of application at a given time), where, for example, a VolP application would have a small average frame

size, and a FTP application a large frame size. The following graphs assume a frame size of 1024 bytes, 512 bytes and
128 bytes, respectively.
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It should be realized that the graphs depict simultaneous sessions. Typically, many more users are in fact connected to
the same AP at the same time, but the actual number of users actually sending or receiving data is much smaller than the
number of people connected. This is because of the nature of typical applications of the users, such as e-mail and web-
browsing. The graphs reference the number of users actually sending and receiving information.

There are 8 modulation levels identified for each of the lines in each graph in accordance with the IEEE 802.11-2007
standard specifications. For a 20 MHz channel, under ideal conditions, an “Air Data Rate” of 54 Mbps applies, but under
reduced link conditions, this will drop to one of seven lower modulation levels, as depicted in the graphs. Based on the
above graphs, and assuming an average package size of 512 bytes (Figure 20), and an average modulation level 4, the
throughput with 5 users is about 5 Mbps. This means that each user on average experiences a throughput of 1 Mbps.
However, the actual number of connected people may be well over 20, since typically only few of the connected users are
actually transmitting or receiving data at the same time. Therefore, based on this example, the user experience of 20
connected users can be expected to result in a 1 Mbps connection rate. The above example assumes that the backhaul
will be able to support the aggregate 5 Mbps capacity, or possibly more than this if traffic from a Northbound/Westbound
and Southbound/Eastbound SRRA is combined over the backhaul.

3.5 Video Surveillance Overlay Design

Caltrans is planning to implement a video surveillance overlay implementation at the SRRA sites. It is assumed that the
central monitoring & control location shall be accommodated with server and viewing station, with a scalable, software
Digital Video Management Solution (DVMS). At selected SRRA locations, a PTZ camera shall be added, in combination
with a weatherized equipment enclosure to accommodate encoder (if not using an IP camera), power supply and local
storage capability. Local access shall be possible through the 4.9 GHz band, and remote access and viewing shall be
provided for utilizing the SRRA backhaul connection.

The PTZ camera shall either be co-located with the Wireless Access radio (using wired Ethernet connection), or, in case a
different location at the SRRA would provide for a better camera position, the camera shall be equipped with a 4.9 GHz
wireless connection to connect to the backhaul point at the SRRA.

3.5.1 System Requirements
Vendor shall propose a video overlay option with the following system requirements:

a) AtSRRA, the following equipment shall be offered:
i. PTZ Camera
i. Encoder (if PTZ camera is analog)
ii. Local Storage

iv. Optional Wireless Connection (if camera and Wireless Access physical location at SRRA are different,
based on optimum camera location, from field of view perspective)

V. Outdoor Equipment Enclosure
b) At central monitoring & control location, the following equipment shall be offered:
i. Server
ii. Storage capability
ii.  Viewing Station with monitors
iv. =~ DVMS

The following diagrams provide a schematic of the video overlay system implementation.
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3.5.2 Camera Requirements

Caltrans should select a preference with regards to optical zoom for the cameras. The standard industry options for
professional level PTZ cameras are 23X, 26X or 35X. The higher this number, the more expensive the camera (but better
quality video is achieved at further distances). We assumed 35X in this document for reference purposes only.
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Vendor as a minimum shall meet the following specifications:

a)
b)
c)
d)
e)

f)

Camera Type: Analog video camera, with PTZ capability and IP interface (IP Camera).
Pan Range: 360 degree continuous rotation range.
PTZ format: Pelco and Competitive Control Protocol or similar.
Format: NTSC color, with Black & White capability (auto switching)
Lighting Level: At %2 second shutter speed, 0.1 LUX (color), 0.02 LUX (Black & White)
Shutter Speed: %2 -1/30,000 second, automatic
Resolution: Up to 4CIF (user definable)
Lens zoom range: 35X optical (with an additional 12X of digital zoom)
White Balance and Gain Control: Automatic, with manual override/disable
Optical Zoom Speed: 3.0 seconds minimum
Window blanking: User defined rectangular shapes, 8 minimum, to mask camera view
Camera dome housing and mount requirements:
i. Environmental Requirements: -30°C to +60°C, full operation
. Environmental rating: NEMA 4X

ii. Mounting means: Arm attached to a pole, holds camera assembly approximately 2 feet from the pole.

iv. Pole attachment requirements: Arm shall attach to round aluminum, octagonal concrete, round wood, and
round steel utility poles. Mount shall not require holes to be drilled into utility poles. Also include building

mounting solution, where needed.
V. Maximum wind surface area: 1 square foot.

Vi. Housing heater: Thermostatically controlled, designed to maintain full camera operation down to —30°C

3.5.3 Encoder Requirements

Vendor shall meet the following specifications:

a)
b)
c)
d)
e)

f)

Basic purpose: Conversion of analog video signal from cameras to IP format
Input Signal: Standard 1.0 volt Peak to Peak, 75 ohms, NTSC format
Control Input Signal: RS232/422/485 Serial format

Output Signal: IP format, 10/100 Base T auto sensing

Digital Video Streams: 2 each, MPEG-4 standard

Frame Rate: Individual selectable, up to 30 per second (adjustable), 700 horizontal, 480 vertical

452



FiRST Testbed SRRA Broadband Report
UCSB -6540257 4/22/2012

g)

Output connection type: RJ45

3.5.4 Local Storage Requirements

The following table reflects the needed capacity for 4CIF resolution and based on average motion. A 250GB of local
storage capacity yields about 17 days of storage at 15 FPS. Typical field numbers may result in 17-30 days of actual
storage capacity (based on our experience).

Vendor shall meet the following specifications:

a)
b)

c)

d)

Video Storage Capacity: 250 GB minimum
System must be fully compatible and integrated with central DVMS system

System shall allow local access for configuration of all system parameters (frame rates, resolution, PTZ patterns,
motion detection, etc.)

Local Storage system shall allow for the system to work independently, with all features available at the Central
Monitor Station, even if no backhaul connection to the Central Monitor Station is available.

3.5.5 Enclosure Requirements

Battery back-up function shall be considered for each individual site. A sample requirement is referenced in the video
overlay portion of the requirements, but could be requested also for the Wireless Backhaul and Wireless Access radios.
Furthermore, equipment housing type should be based on Caltrans requirement. Stainless steel is suggested for reference
purposes only.

Vendor shall meet the following specifications:

a)

b)
c)

d)

e)
f)

9)

Equipment housing: All pole mounted equipment, with the exception of the camera and its associated camera
housing, shall be contained within an equipment housing

Housing type: stainless steel, hinged door, boltable, NEMA 3R minimum
Housing Size: 12” wide x 16” high x 7” deep, maximum

Housing Mounting: brackets and band clamps for attachment to pole (round aluminum, octagonal concrete, round
wood, and round steel)

Penetrations: All entry into this housing shall be weather rated
Required Input power: 120 Volts AC.

Power source attachment: Provide a weathertight power connection.
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h)

)

Transient protection: Provide suitable means to protect all pole-mounted equipment from electrical disturbances
and transients originating from electrical power source.

Brownout/ Blackout protection: Provide means to keep all pole mounted equipment full function during a power
source outage of up to 15 minutes.

Fusing: Overcurrent protection of all pole mounted equipment. Install internal to equipment housing. Provide
external pilot light (red, visible from ground level) that indicates overcurrent protection is open.

3.5.6 Central Monitoring & Control Requirements

Caltrans shall specify monitoring requirements for individual SRRA, as a starting point, two (2) 19 inch screen are
suggested. With regards to central storage, the required capacity depends on the number of cameras and storage policy.
The resolution and frame rate of the video to the central location will depend on the backhaul capacity. It is recommended
to request a scalable Direct Attached Storage (DAS) solution as a cost-effective starting point. This solution is
recommended to be expandable at least to 6TB of raw capacity. The following table allows for calculation of required
storage, based on the actual architecture.

Storage Requirement per day per camera (GB)

FPS 1 2 = B 8 10 15 30
QCIF 006 | 012 | 024 | 036 | 049 | 061 | 091 | 1.82
CIF 024 | 049 | 097 | 146 | 195 | 243 | 365 | 7.30

2CIF 049 | 097 | 195 | 292 | 389 | 487 | 730 | 1460
4CIF 097 195 | 389 | 584 | 779 | 973 [ 1460 | 29.20

Vendor shall meet the following specifications:

a)

b)

c)

d)

g)

h)

)

Vendor solution must include software that can control the pan, tilt and zoom (PTZ) capabilities of all cameras that
are part of the system.

Vendor solution must include color analog cameras that have the capability of monochrome night vision that is
automatically activated by built in sensors that detect light level or by use of motion detection.

Vendor solution must include software that has built in security functionality to control user account access and an
audit trail for all files accessed.

Must have three (2) 19” widescreen LCD displays with software that allows user definable views from one to 16
cameras per screen.

Central Monitoring Station must be able to control 50 cameras minimum.
All digital video signals from the cameras must be able to be recorded.

Central Monitoring Station must be equipped with Direct Attached Storage (DAS) solution, incorporated with the
server machine, with the capability to expand to 6 TB of raw capacity.

Video output can be used on analog and or DVI standard monitors.
Software must provide a logical map of cameras and associated equipment locations.

Software must have the capability to rename the cameras on the logical map.
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k) Preset PTZ locations must be selectable on the system software Central Monitoring Station.
[) Software must support an unlimited number of user accounts.

m) Vendor solution must include software that has built in security functionality to control user account access and an
audit trail for all files accessed.

n) Vendor solution must include a database (e.g. Microsoft SQL) that stores activity logs and audit trail information.

0) System must offer definable levels of system access and control including, but not limited to, specific cameras for
specific users.

p) Any network PC must be able to be used as an additional monitoring station and control the camera used.
q) Video (live or archived) can be made available for viewing over the WAN/network.

r)  Security and authorizations are required.

s) Logging of all such activity is required.

t) System must use MPEG-4 or h.264 video compression.

u) Vendor solution must have the ability to detect motion and activate camera recording upon detection of motion with
a pre-event buffer.

v) Must have browser based access control and management of cameras.
w) Joystick required for manual selectable remote control of the cameras at the Central Monitoring Station.
x) System must have the capability of accepting other video feeds (i.e., DOT cameras, IP based).

y) System must offer search and playback capabilities for each camera in the forward or reverse direction, frame by
frame, and from beginning to end.

z) Reviewed images can be zoomed in or out and be printed to a local or network printer.
aa) Stillimages must be exportable as a JPEG, TIFF or other acceptable equivalent file type.

bb) Must have/provide capability/equipment to transfer archived video onto removable digital media (CD/DVD) in a
secured format to maintain integrity of the video and maintain chain-of-custody evidence requirements.

cc) Videos transferred onto removable digital media (CD/DVD) must be able to be played back on any Windows
based PC.

dd) Provide all software and hardware to remotely monitor and control the cameras.
ee) Provide all necessary equipment for one complete workstation capable of viewing and controlling video images

and camera operations.

3.6 Training & Documentation Requirements Language

Vendor shall provide Training according to the following minimal requirements:

a) Vendor shall prepare, administer and conduct on-site training program designed for 10 designated personnel to
fully and efficiently operate and maintain the installed system. Training will be of sufficient scope and depth to
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b)

d)

ensure all designated personnel who complete the program shall be fully qualified, certified and capable of
operating the system and subsystems as installed, including system configuration. All training shall be completed
at least seven (7) days prior to scheduled start of the system.

Vendor shall provide a copy of all training aids and operational manuals to Caltrans

Vendor shall provide name and contact information of the person(s) or organization(s) that will assist the Caltrans
with any technical questions for a minimum of six (6) months starting from the date of acceptance.

Description of complete training program including:
i.  Duration of the training.
i. What are requirements for training facility (to be provided by Caltrans)

ii.  Any optional training that is not included in the price of the proposal, but available for additional fees that is
to be provided.

The Training Program is expected to address at a minimum:
i. Basic radio installation procedure
i. Radio configuration procedure (local and remote)
ii. Basics of radio planning (as relevant to deployment) and overview of i